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Abstract

This study examines the relationship between moral fram-
ing and fundraising outcomes, encompassing both mone-
tary and social support, through an analysis of 14,088 Go-
FundMe campaigns. Focusing on three moral foundations
(care, fairness, and ingroup loyalty), we quantified the pres-
ence of these frames within campaign appeals. Our results
show that the association between moral framing and cam-
paign success varies significantly across fundraising cate-
gories. Specifically, negatively framed appeals emphasizing
the harm experienced by the help-seeker were associated with
a higher volume of donations and comments in the Emer-
gency and Memorial categories, yet related to fewer dona-
tions in animal-related campaigns. Highlighting harm was not
associated with a higher average donation amount per donor.
Ingroup loyalty framing was positively associated with both
donation volume and supporter engagement. This research
extends the literature on moral communication in crowdfund-
ing and offers practical implications for the design of on-
line fundraising platforms to better facilitate prosocial inter-
actions between fundraisers and supporters.

Introduction

Online fundraising platforms have become a vital resource
for help-seekers, enabling them to communicate with sup-
porters and raise funding for diverse needs. However, while
these platforms host a vast number of campaigns, attention
and financial support remain highly skewed (Chakraborty
et al. 2019). The majority of campaigns fail to meet their
goals; in our GoFundMe dataset, only 22% of campaigns
reached their goals. This underscores the significant chal-
lenge fundraisers face in capturing donor interest. Hence,
identifying the factors that distinguish successful appeals
from unsuccessful ones offers critical insights for both
fundraisers and platform designers on how to frame and
communicate campaigns to improve success rates.

This study empirically examines how the moral framing
of fundraising appeals relates to both monetary and social
support outcomes within the context of GoFundMe, a lead-
ing crowdfunding platform. GoFundMe serves as a space for
individuals to seek assistance for various personal and social
challenges (see Figure 1). The platform processed over 42
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Figure 1: Example GoFundMe campaign. Fundraisers pro-
vide background information and explain the purpose of
their campaign by uploading a narrative story accompanied
by photos. Donors may contribute financially and leave sup-
portive messages. Both fundraiser and donor identities have
been removed from the screenshot.

million donations to individuals and 23 million contributions
to non-profit organizations in 2024 (GoFundMe 2025), with
an average donation rate of two per second and a mean con-
tribution of $77. On this platform, fundraisers set a fundrais-
ing goal and post a story along with photos to articulate their
needs. Donors may contribute financially, either publicly or
anonymously, and provide social support by posting com-
ments. Using a dataset of 14,088 GoFundMe campaigns, we
analyze the associations between moral framing and three
key performance metrics: the total number of donations, the
average donation amount per donor, and the volume of com-
ments.

Our linear regression analyses indicate that emphasizing
the harm experienced by the help-seeker is associated with
a greater volume of donations and comments across various
categories; however, these negatively framed appeals do not
show a significant relationship with higher average donation
amounts. In contrast, positively framed appeals highlighting
ingroup loyalty are linked to both an increase in donations
and comments as well as larger average donation amounts



per donor.

This study provides both theoretical and practical contri-
butions. Theoretically, our findings advance the literature on
donation behavior and dynamics by examining the relation-
ships between the moral framing of campaign appeals and
both fundraising and social support outcomes across diverse
fundraising categories. Practically, these insights can inform
the development of support tools that assist fundraisers in
crafting effective, context-specific appeals tailored to their
unique goals and situations

Related Work

Determinants of Successful Online Fundraising

According to Hoover et al. (2018), the factors associated
with the success of charitable donations can be categorized
into three primary types: individual differences, situational
characteristics, and solicitation framing. While existing re-
search has established that the first two categories are signifi-
cantly linked to fundraising outcomes, this research focuses
on the relationship between solicitation framing and cam-
paign success, particularly within the context of text-based
appeals.

First, individual differences relate to donor characteris-
tics and the shared group identities between givers and re-
cipients that influence donation decisions. For example, on
GoFundMe, both men and women are more likely to do-
nate when the majority of existing supporters are of the
opposite sex; furthermore, female supporters often express
greater empathy in their support messages (Sisco and Weber
2019). Recipient characteristics also play a role, as donors
tend to contribute more to those with the same last names
(Sisco and Weber 2019) and show a preference for sup-
porting ingroup members over outgroup individuals (Nils-
son, Erlandsson, and Vistfjall 2016). Additionally, female-
led campaigns generally reach their fundraising goals more
quickly (Esperanca et al. 2025).

The second category comprises situational characteristics,
which include factors such as social pressure and reputation-
seeking. Research has shown that individuals engage in
helping behaviors to achieve a “warm glow” from altruism
or to avoid the guilt associated with inaction (Cunningham,
Steinberg, and Grev 1980). These motivations are linked
differently to situational factors, such as the level of per-
sonal responsibility. For instance, individuals are more sen-
sitive to feelings of guilt in high-responsibility situations,
as they may feel a greater sense of culpability for failing
to fulfill a duty uniquely assigned to them. Conversely, in
low-responsibility contexts, they tend to experience a warm
glow, potentially because the act of helping is perceived as
more voluntary and exceeding their baseline moral obliga-
tions (Erlandsson, Jungstrand, and Vistfjall 2016). Other
studies suggest that people seek to enhance their reputation
through prosocial actions. For example, individual donation
amounts tend to increase when the average donation amount
is visible (Sisco and Weber 2019), and people may emulate
the behavior of high-status donors to associate themselves
with a higher social rank (Kumru and Vesterlund 2010).
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Finally, solicitation framing involves the strategic con-
struction of appeals to encourage donations and social sup-
port. Analyzing these strategies requires examining both vi-
sual and textual information. Some researchers have focused
on image-based features, analyzing photos within campaign
appeals to measure their association with fundraising per-
formance. For example, Rhue and Robert (2018) found that
campaigns featuring happy facial expressions are associated
with higher donation counts, whereas neutral expressions
are linked to fewer donations. Another study has examined
the textual information that contributes to campaign success;
for instance, longer campaign appeals are associated with
faster goal attainment (Esperanca et al. 2025). In addition,
the use of “netspeak” in appeals is positively associated with
fundraising outcomes, while excessive use of second-person
pronouns is linked to less favorable results (Jang and Chu
2022).

The Framing of Fundraising Appeals

Framing serves as an effective tool for persuasion, with var-
ious strategies being adopted to encourage charitable giv-
ing (Wang et al. 2019). Strategic framing is particularly vi-
tal in the context of fundraising, as seeking financial assis-
tance can carry a social stigma and may lead to criticism
(Parsell and Clarke 2022). This stigma often creates barriers
for vulnerable groups when articulating their needs. Con-
sequently, existing research has explored how fundraisers
construct their narratives to justify requests while maintain-
ing dignity and reducing negative impressions. For instance,
Radu and McManus (2018) found that survivors of intimate
partner violence meticulously frame their stories to project
a positive self-image, thereby counteracting the stigma as-
sociated with financial dependency. Their strategies include
situating personal experiences within the broader issue of
domestic violence to invoke a sense of social justice or in-
cluding imagery of children to validate the necessity of ex-
ternal support.

Existing research on fundraising appeals identifies emo-
tional valence as a primary component of framing. Prior
studies suggest that both positive and negative frames can
be advantageous; specifically, positively framed appeals are
associated with a warm glow effect, whereas negatively
framed appeals are linked to feelings of guilt (Erlandsson,
Nilsson, and Vistfjdll 2018). However, empirical findings
remain nuanced and occasionally contradictory, as the rela-
tionships between emotions and fundraising outcomes ap-
pear to vary based on the specific context and goals of the
campaign. Some research underscores the efficacy of posi-
tive appeals; for instance, positive sentiments in campaigns
promoting social bonding are associated with higher dona-
tion counts (Paxton, Velasco, and Ressler 2020). Similarly,
appeals emphasizing positive moral values, such as care and
loyalty, are linked to increased giving (Hoover et al. 2018).
Conversely, an alternative line of research indicates that neg-
ative framing may be more effective in encouraging certain
helping behaviors. For example, prior research highlights
the role of anger in philanthropic behavior, as donors may be
more inclined to contribute to restorative charities that seek
to remedy the harm inflicted upon a victim (Blader and Tyler



2002; van Doorn, Zeelenberg, and Breugelmans 2017). Fur-
thermore, some evidence suggests that joyful language is
associated with smaller individual donation amounts (Rhue
and Robert 2018). Jang and Chu (2022) found that while
negativity is linked to a higher volume of donors and in-
creased social media engagement, it is associated with a de-
crease in the average amount contributed per donor.

The varied findings between appeal sentiment and
fundraising success, where positive and negative frames ap-
pear effective in different contexts, suggest that additional
dimensions of an appeal or its specific situation relate to
campaign outcomes. Identifying the structural elements of
an appeal, beyond simple sentiment, may assist fundrais-
ers in designing more effective campaigns. Consequently,
we incorporate moral frames into our analysis to capture
these additional dimensions of framing strategies. This ap-
proach provides a more comprehensive account of how spe-
cific moral narratives are linked to donor engagement.

Moral Foundations Theory (MFT)

We adopt three moral frames derived from Moral Foun-
dations Theory (MFT): care, fairness, and loyalty. The
original MFT framework identifies five moral foundations
(care-harm, fairness-cheating, loyalty-betrayal, authority-
subversion, and sanctity-degradation) to explain variations
in moral judgment and development (Graham et al. 2013;
Haidt and Graham 2007). These foundations have been
widely utilized to analyze how moral judgments influence
various social outcomes and have been applied to investigate
their relationships with charitable giving (Nilsson, Erlands-
son, and Vistfjill 2016; Hoover et al. 2018).

The moral foundation of care involves the protection of
individuals from harm, while fairness pertains to the human
need for equitable treatment. The loyalty foundation relates
to group cohesion and the sense of belonging. The authority
foundation concerns the respect for hierarchy and tradition,
and sanctity involves avoiding contamination and pursing
spiritual purity. Among these five foundations, we selected
care, fairness, and loyalty for this analysis for two reasons.
First, previous research suggests that these three frames
may influence fundraising outcomes (Blader and Tyler 2002;
Hoover et al. 2018; Linos, Jakli, and Carlson 2021; Nilsson,
Erlandsson, and Vistfjéll 2016; van Doorn, Zeelenberg, and
Breugelmans 2017). Second, because authority is concep-
tually tied to hierarchical relationships and sanctity is often
specific to religious contexts, these two frames may not be
well-suited for analyzing online fundraising.

Research Questions

We aim to address the following gaps in the current litera-
ture. First, existing studies have yielded mixed findings, as
the associations between the linguistic features of campaign
appeals and fundraising success appear to vary by campaign
purpose and need. Therefore, we include multiple fundrais-
ing categories in our analysis to investigate how moral fram-
ing relates to campaign outcomes across these distinct con-
texts.

previous research has often left a significant portion of
the variance in appeal success unexplained by relying on
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a single binary measure of sentiment to capture emotional
content. To address this limitation, we introduce moral
frames to provide a more nuanced dimensionality to cam-
paign appeals. We utilize three binary valence measures for
our moral axes: care-harm, fairness-cheating, and loyalty-
betrayal. We investigate how the moral framing of appeals is
associated with three primary outcomes: (1) the total num-
ber of donations, (2) the average donation amount per donor,
and (3) the volume of supporter comments.

Our first research question examines the positioning of
campaign appeals across these three moral dimensions
within four fundraising categories and compares these ap-
peals based on donation outcomes. In light of the existing
literature, we anticipate that moral frames in the negative
domain (e.g., harm, unfairness, outgroup) will be associ-
ated with a higher volume of donations but smaller average
amounts per donor. Our second research question examines
whether the volume and content of comments vary accord-
ing to the moral framing of the campaign appeal.

* RQ1: How does the moral framing of campaign appeals
relate to donation outcomes, specifically the total number
of donations and the average amount per donor?

* RQ2: How does the moral framing of campaign appeals
relate to the quantity of social support, measured by the
volume of supporter comments?

Data and Methods
Data

For our primary analysis, we utilized a publicly available
dataset! comprising 14,859 unique GoFundMe campaigns
(Xu, Li, and Zhou 2023). To ensure the generalizability of
our findings across different contexts, we conducted supple-
mental analyses on a dataset from Kiva, a crowdfunded loan
platform. These robustness checks yielded consistent re-
sults; we provide comprehensive details regarding the Kiva
dataset and the corresponding analysis in the Appendix.

To safeguard user privacy, all results are presented in ag-
gregate; furthermore, any representative quotes used for il-
lustrative purposes have been paraphrased. While the origi-
nal dataset includes campaigns from 13 different countries,
the vast majority were initiated by U.S.-based fundraisers.
To ensure linguistic and contextual consistency, we excluded
campaigns from non-U.S. locations and those with non-
English appeals, identifying the latter using the langdetect
library. This filtering process resulted in a final sample of
14,088 campaigns.

The fundraising campaigns in our final GoFundMe
dataset were initially classified into five primary categories:
Memorial (30.6%), Medical (23.7%), Animal (19.5%),
Emergency (16.9%), and Financial Emergency (9.3%). We
subsequently merged “Emergency” and “Financial Emer-
gency” into a single category (Emergency), resulting in four
distinct groups for analysis. Memorial campaigns primarily
raise funds for funeral expenses and assist bereaved fami-
lies; the Medical category includes projects aimed at cover-
ing healthcare costs; and the Animal category supports vet-

'https://zenodo.org/records/8287320



Moral domain  Bias Term count  Example seed terms

Care Vice 74 abuse, attack, damage, destroy, harm
Virtue 57 benefit, care, defend, empathic, peace

Fairness Vice 39 discriminate, dishonest, injustice, prejudice, unfair
Virtue 38 equity, fair, honest, justice, reciprocal

Loyalty Vice 29 deceive, enemy, foreign, immigrant, imposter
Virtue 59 ally, community, family, fellow, group

Table 1: Moral frames adopted for the study and example seed terms representing each semantic construct.

Moral domain  Bias Campaign appeal

Care Vice [NAME] and [NAME)] were involved in a terrible car accident on [DATE)].
They’ve got serious injuries. [NAME] fractured his neck, while [NAME]
broke his leg. [...]

Virtue  We protect animals’ right to live and their access to medical care, food, water,
and shelter.

Fairness Vice My friend [NAME] was attacked by a man and a woman in the [PLACE]
parking lot near [PLACE]. They hurled racist slurs at her and physically
assaulted her. [...]

Virtue  Please help me support [NAME] and her Kkitties in getting back into their
home. Any contribution would mean a lot. [...]

Loyalty Vice We provide shelter and medication to stray animals.

Virtue [NAME] served as a [OCCUPATION] in [PLACE]. His family is celebrating

his 35 years of dedication and contributions to the community, a role he
cherished deeply as he loved serving those around him. [...]

Table 2: Examples of GoFundMe campaign appeals with varying moral foundation scores. Note that excerpts have been para-

phrased to protect user privacy.

erinary bills as well as the rescue and care of animals. The
consolidated Emergency category focuses on supporting in-
dividuals who have injuries or property loss due to disas-
ters such as fires or floods. Our dataset comprises 1,142,406
donation transactions and 52,550 comments. Approximately
22% of campaigns in our sample successfully reached their
specified fundraising goals.

Measuring Moral Values Using Word Embeddings

We utilized the code from Mokhberian et al. (2020) to
computationally construct moral frames. Mokhberian et al.
(2020) employed FrameAxis (Kwak et al. 2021) to construct
moral axes and compute bias scores for news headlines and
articles on each axis. This method involves measuring the
cosine similarity between document terms and the speci-
fied axis. FrameAxis has previously been applied to quantify
moral expression in social media posts (Priniski et al. 2021)
and to identify partisanship in political news (Mokhberian
et al. 2020). Each axis consists of two opposing poles de-
fined by antonym pairs; we used terms from the Moral Foun-
dations Dictionary (Graham, Haidt, and Nosek 2009) to de-
fine each pole. For example, the “harm” pole of the harm-
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care axis consists of terms such as “abuse” and “damage,”
while the “care” pole is defined by words like “compassion”
and “safe.” Term counts and examples for each moral frame
are provided in Table 1. To operationalize the harm-care axis
(i.e., the care frame), we subtracted the mean vector of harm-
related terms from the mean vector of care-related terms. All
word vectors were obtained from the fastText model pre-
trained on the Common Crawl corpus (Mikolov et al. 2018).

Following the construction of the moral axes, we charac-
terized each campaign appeal by measuring its specific bias
toward these dimensions. The bias score for a campaign ap-
peal on the harm-care axis, for instance, is calculated as the
weighted average of the cosine similarities between the con-
stituent words of the appeal and the axis. Consequently, an
appeal containing numerous terms with high cosine simi-
larity to the care pole is categorized as more relevant to
care than to harm. In our setting, a positive bias score in-
dicates that the appeal aligns more closely with the care
pole, whereas a negative score suggests a higher concentra-
tion of harm-related language. Representative examples of
campaign appeals with varying moral foundation scores are
provided in Table 2.



Animal Emergency Medical Memorial
Number of donations 31.51 (39.34) 57.27 (88.31) 123.95 (135.11) 99.91 (127.14)
Average donation amount per donor 53.89 (34.62) 86.89 (54.71) 107.32 (55.77) 96.12 (50.50)
Number of comments 1.40 (2.93) 2.27 (4.79) 5.77 (9.09) 4.88 (7.46)
Care score —0.01 (0.01) 0.00 (0.01) —0.01 (0.01) 0.00 (0.01)
Fairness score 0.00 (0.01) 0.00 (0.01) —0.01 (0.01) —0.01 (0.01)
Loyalty score —0.02 (0.01) —0.01 (0.01) —0.01 (0.01) 0.00 (0.01)
Campaign appeal length 225.73 (182.26)  218.38 (205.69)  285.76 (233.43)  159.16 (116.69)
Number of photos 0.74 (2.27) 0.36 (1.48) 0.39 (1.49) 0.23 (1.41)
Fundraising goal 4.7k (9.1k) 12.0k (29.1k) 327.9k (17.3M) 14.2k (19.0k)
Number of campaigns 2,746 3,693 3,335 4,314

Table 3: Descriptive statistics for the GoFundMe dataset. Values represent means, with standard deviations provided in paren-

theses.

Variables

The outcome variables in this study comprise the number of
donations, the average donation amount per donor, and the
number of comments. We excluded the total funds raised
from this analysis due to its high correlation with the num-
ber of donations (Spearman’s p = 0.91, p < 0.001). We con-
ducted multiple linear regression analyses to examine the
main and interaction effects of fundraising categories and
moral foundation scores on each continuous outcome vari-
able. The moral foundation scores for the three moral frames
were calculated as described in the previous subsection.

We added several control variables to our models to ac-
count for factors potentially associated with fundraising and
social support outcomes. First, we utilized VADER, a sen-
timent analysis tool (Hutto and Gilbert 2014), to determine
the sentiment scores of the campaign appeals. Based on their
VADER compound scores, appeals were categorized into
three distinct groups: positive, neutral, or negative. Positive
appeals accounted for 87.8% of the sample, while neutral
and negative appeals represented 0.7% and 11.4%, respec-
tively. We also measured the length of each appeal by count-
ing tokens after splitting an appeal by whitespace. We fur-
ther controlled for the number of photos included in each
appeal and the stated fundraising goal amount. Descriptive
statistics for all continuous variables used in this analysis are
presented in Table 3.

Results

We conducted multiple regression analyses to address our
research questions, ensuring that our dataset met the neces-
sary assumptions for such models. For the categorical vari-
ables (fundraising category and campaign appeal sentiment),
we used “Animal” and “Negative” as the reference cate-
gories, respectively. To account for skewed distributions, a
log transformation was applied to the number of donations,
the average donation amount per donor, the number of com-
ments, campaign appeal length, the number of photos, and
the fundraising goal amount. Table 4 presents the results for
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three regression models: the number of donations (Model 1),
the average donation amount per donor (Model 2), and the
number of comments (Model 3).

Regarding the control variables, both campaign appeal
length and the fundraising goal amount were positively asso-
ciated with all outcome variables. Positive sentiment, how-
ever, was positively associated only with the average dona-
tion amount per donor (b=0.032, p < 0.01) and did not show
a significant relationship with the number of donations or
comments. Additionally, the number of donations was pos-
itively associated with the number of photos included in an
appeal (b=0.037, p < 0.01).

Moral Framing and Fundraising Outcomes

Model 1 in Table 4 details the associations between the three
moral frames and the number of donations, including their
interactions with fundraising categories. The main effect of
care framing, which is the effect of care framing within the
“Animal” reference category, is positive and statistically sig-
nificant (b = 2.570, p < 0.05). However, in the Emergency
(b = —5.188, p < 0.001) and Memorial (b = —3.929, p
< 0.01) categories, higher care scores are associated with
fewer donations, suggesting that appeals emphasizing the
“harm” pole of the axis are linked to a higher volume of
donations in these contexts. In contrast, appeals emphasiz-
ing ingroup loyalty are associated with increased donation
counts. Higher loyalty scores relate to a greater number of
donations in the Emergency (b = 11.864, p < 0.001), Med-
ical (b = 5.597, p < 0.01) and Memorial (b = 5.078, p <
0.01) categories. Fairness framing does not show significant
effects across categories, suggesting that emphasizing injus-
tice or unfairness does not necessarily lead to a higher num-
ber of donations.

Model 2 in Table 4 examines the associations between the
three moral frames and the average donation amount per
donor, including their interactions across fundraising cat-
egories. Among these moral frames, only loyalty framing
shows a significant positive association with the average do-



Model 1 Model 2 Model 3

Variable Number of donations Average donation amount Number of comments
Emergency 0.306%** (0.033) 0.390%** (0.021) 0.099* (0.039)
Medical 0.881%** (0.035) 0.438%** (0.023) 0.592%** (0.041)
Memorial 0.714%%* (0.032) 0.414%%* (0.020) 0.547%%* (0.037)
Care 2.570%* (1.079) 0.344 (0.690) 0.685 (1.266)
Fairness —2.266 (1.400) 0.244 (0.895) —0.433 (1.641)
Loyalty —0.233 (1.318) 3.154%%* (0.842) —0.969 (1.545)
Emergency x Care —5.188***  (1.396) —1.049 (0.892) —4.845%%* (1.636)
Medical x Care —1.678 (1.528) 0.340 (0.976) —2.633 (1.791)
Memorial x Care —3.920%%* (1.433) 0.411 (0.916) —3.917* (1.680)
Emergency x Fairness —2411 (1.771) 0.969 (1.132) 0.798 (2.076)
Medical x Fairness —0.635 (1.933) —1.721 (1.235) 1.887 (2.266)
Memorial x Fairness —3.033 (1.809) —0.031 (1.156) 1.051 (2.121)
Emergency x Loyalty 11.864%**  (1.617) 3.057** (1.034) 6.034%* (1.896)
Medical x Loyalty 5.597** (1.754) —0.815 (1.121) 6.140%* (2.056)
Memorial x Loyalty 5.078%* (1.581) —0.099 (1.010) 5.819%* (1.853)
Positive sentiment 0.006 (0.019) 0.032%%* (0.012) 0.040 (0.023)
Neutral sentiment —0.069 (0.070) 0.076 (0.045) —0.091 (0.082)
Campaign appeal length 0.053%** (0.009) 0.031%** (0.006) 0.077%** (0.011)
Number of photos 0.037%* (0.013) 0.006 (0.008) 0.017 (0.015)
Fundraising goal 0.282%#* (0.005) 0.121 %% (0.003) 0.205%** (0.006)
Intercept 0.671%** (0.066) 2.793% %% (0.042) —1.498*%**  (0.077)
Number of observations 14,088 14,088 14,088

Adjusted R? 0.45 0.31 0.23

Table 4: Multiple linear regression results for the number of donations (Model 1), the average donation amount per donor
(Model 2), and the number of comments (Model 3). Care, Fairness, and Loyalty values represent moral foundation bias scores.
Cell values represent coefficients, with standard errors in parentheses. *p < 0.05; **p < 0.01; ***p < 0.001.
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Moral domain  Bias Comment

Care Vice We are terribly sorry for the heartbreaking loss.
Virtue  Sending prayers for peace and comfort to your family.

Fairness Vice I stand in solidarity with you. The actions of [ORGANIZATION] were

unacceptable and a serious misconduct.

Virtue I hope you recover quickly and can return to work soon.

Loyalty Vice I’m sorry that you and many other innocent minorities have experienced this.
Virtue  Strength comes from unity, and when there is teamwork and collaboration,

great things can be accomplished.

Table 5: Examples of supporter comments with varying moral foundation scores. Note that excerpts have been paraphrased to

protect user privacy.

nation amount per donor within the Animal (b = 3.154, p <
0.001) and Emergency (b =3.057, p < 0.01) categories. Care
framing does not show a statistically significant association
with the average donation amount per donor, suggesting that
this dimension may relate more to the decision to donate
than to the specific amount contributed.

A notable finding is that while negatively framed appeals
highlighting harm were associated with a higher volume of
donations, appeals with negative sentiment did not corre-
spond to an increase in the average donation amount per
donor. One potential explanation, as suggested by Jang and
Chu (2022), is that people may seek to mitigate the nega-
tive feeling associated with a refusal to help. In such cases,
donors might contribute the minimum amount necessary to
alleviate guilt, resulting in a higher frequency of donations
but lower individual contributions. This interpretation is sup-
ported by our observation that appeals with negative senti-
ment were associated with a significantly lower average do-
nation amount per donor compared to those with positive
sentiment (see Table 4).

Moral Framing and Social Support Qutcomes

Model 3 in Table 4 reports the associations between the three
moral frames and the volume of supporter comments, in-
cluding their interactions across fundraising categories. Our
results indicate that campaigns in the “Animal” reference
category were associated with fewer comments compared to
other fundraising categories (b = —1.498, p < 0.001). Neg-
atively framed appeals emphasizing the “harm” pole of the
harm-care axis were associated with a higher volume of sup-
port messages in the Emergency (b= —4.845, p < 0.01) and
Memorial (b = —3.917, p < 0.05) categories. Furthermore,
loyalty framing demonstrated a significant positive associ-
ation with the number of comments in the Emergency (b =
6.034, p < 0.01), Medical (b= 6.140, p < 0.01), and Memo-
rial (b=15.819, p < 0.01) categories. These findings suggest
that appeals centered on ingroup loyalty and collective iden-
tity consistently correspond to higher levels of social sup-
port.

Given that negatively framed appeals emphasizing harm
are associated with a higher volume of support messages, we
further investigated whether supporters provide more posi-
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tive comments in response to these appeals to compensate
for or dilute the negativity. Because the associations be-
tween moral framing and outcomes were most pronounced
in the “Emergency” category, we segmented campaign ap-
peals from this category into three groups based on the dis-
tribution of their moral foundation scores: low (more than
one standard deviation below the mean), medium (within
one standard deviation of the mean), and high (more than
one standard deviation above the mean). We also calculated
the moral foundation scores for all comments (see Table 5
for examples) and computed the average comment score for
each campaign appeal. Figure 2 illustrates that, across all
moral frames, the moral tone of the comments tends to re-
flect the moral foundation scores of the corresponding cam-
paign appeals. Specifically, appeals with lower moral foun-
dation scores (i.e., emphasizing the negative poles) are as-
sociated with comments containing lower scores, while ap-
peals with higher scores relate to comments with higher
scores. These results suggest that supporters do not typically
utilize comments to counterframe or re-balance negatively
framed appeals; instead, the moral framing of the comments
tends to align with the framing of the initial appeal.

Discussion

Understanding how moral framing influences people to en-
gage in prosocial behavior is essential for enhancing on-
line fundraising and social support for those in need. This
study examined how three moral frames (care, fairness,
and ingroup loyalty) are associated with the donation out-
comes and social support received by GoFundMe fundrais-
ers. Overall, the findings suggest that appeals highlighting
the harm experienced by the help-seeker and emphasizing
ingroup identities are positively associated with donor en-
gagement across multiple fundraising categories. This trend
was also observed on the micro-lending platform Kiva,
where similar framing strategies were associated with an in-
creased volume of loans (see Appendix).

Our results indicate that moral frames are associated with
varying outcomes in GoFundMe campaigns, with the spe-
cific relationship appearing to depend on the fundraising cat-
egory. For example, within the “Animal” category, positively
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Figure 2: Average moral foundation scores of comments across three moral frames, categorized by the score groups of the
corresponding campaign appeals. This analysis specifically uses appeals and their associated comments from the “Emergency”

category. Error bars represent 95% confidence intervals.

framed appeals emphasizing care are linked to a higher
volume of donations. In contrast, within the “Emergency”
and “Memorial” categories, negatively framed appeals high-
lighting harm are associated with increased financial and so-
cial support. Similar patterns are observed on the Kiva plat-
form, where appeals emphasizing harm are associated with
fewer loans in the “Agriculture” category but relate to an
increased number of loans in the “Food” and “Retail” sec-
tors. These findings suggest that the efficacy of a specific
moral frame is not uniform but is instead contingent upon
the broader context of the request.

Furthermore, negatively framed appeals emphasizing
harm were associated with higher levels of support across
multiple categories on both the GoFundMe and Kiva plat-
forms. One potential explanation is that supporters may per-
ceive these situations as significantly more dangerous or ur-
gent, eliciting a stronger behavioral response (van Doorn,
Zeelenberg, and Breugelmans 2017). The results presented
in Figure 2 support this mechanism by demonstrating that
the moral foundation scores of comments generally align
with the scores of their corresponding campaign appeals. For
example, appeals with low care scores (e.g., Our cousin was
the victim of a brutal, unprovoked, and completely random
act of violence) tend to receive support messages with simi-
larly low care scores (e.g., I am sickened, sad, and angry that
this happened to [NAME]). In other words, appeals empha-
sizing harm appear to evoke potent emotional reactions from
supporters who focus on the immediate adversity faced by
the fundraisers. This finding further suggests that, when en-
countering negatively framed appeals, supporters are more
likely to increase their frequency of donation rather than to
post comments to provide a positive counterframe.

Unlike care framing, positively framed loyalty appeals
were generally associated with higher levels of both mon-
etary and social support. Previous studies have demon-
strated that loyalty framing can be particularly effective for
fundraising, as individuals are often more inclined to assist
those perceived as members of an ingroup rather than an out-
group (Nilsson, Erlandsson, and Vistfjall 2016; Sisco and
Weber 2019). However, the consistent positive association
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between ingroup loyalty and social support warrants further
investigation, as it appears to diverge from prior research
suggesting that expressions of positivity may reduce the vol-
ume of social support received. Specifically, some scholars
argue that supporters may feel less compelled to provide as-
sistance when a help-seeker appears to be in a positive or
stable emotional state (Rhue and Robert 2018; Walsh and
Forest 2021).

Implications

The findings of this research have several theoretical im-
plications. First, this study extends existing literature by
detailing how specific moral frames relate to fundraising
outcomes. Rather than relying on a single binary measure
of positive or negative sentiment, we analyzed the distinct
associations of the care, fairness, and loyalty dimensions.
This approach provides nuanced insights into the diverse
mechanisms through which moral language may motivate
donor engagement and social support. Additionally, our re-
sults suggest that the relationship between moral framing
and campaign success is not uniform but varies significantly
across fundraising categories and contexts. Furthermore, we
found that supporters tend to mirror the moral tone of an ap-
peal rather than posting comments to counterframe negativ-
ity. The concurrent increase in donation frequency suggests
a compensation mechanism wherein supporters may prior-
itize financial contributions over altering the emotional or
moral narrative of the appeal.

The methods and findings of this research may be applied
to the study of support-seeking behavior more broadly. For
instance, the moral frames analyzed in this study overlap
with collective action frames, suggesting that similar mecha-
nisms may shape how individuals mobilize support in social
movements and civic campaigns. Benford and Snow (2000)
argue that core framing tasks include identifying problems,
proposing solutions, and motivating collective action. Our
adoption of moral frames resonates with these elements,
particularly the diagnostic and motivational tasks. For ex-
ample, care framing functions diagnostically by attributing
a specific problem or harm to an external cause (e.g., My



bunny was attacked by a neighbor’s cat). Conversely, loy-
alty framing serves a motivational role by mobilizing in-
group members through appeals to community cohesion and
shared identity (e.g., It’s important for us to come together
as a community). Building upon this connection, future re-
search could utilize word embedding models to quantify
these frames in the context of social movements, thereby
extending the utility of moral framing analysis beyond the
domain of online fundraising.

The findings of this research have several practical impli-
cations, particularly for campaign strategies and the design
of fundraising activities and platforms. First, this study pro-
vides insights into what constitutes an effective fundraising
appeal. Fundraisers can tailor their message framing accord-
ing to their specific purposes and goals. For example, high-
lighting harm may attract more support in emergency situa-
tions. Meanwhile, emphasizing ingroup loyalty can be effec-
tive across all types of campaigns. Furthermore, these find-
ings suggest potential features for fundraising platforms to
optimize framing effectiveness. Platforms could offer tools
or recommendations to assist fundraisers in framing their
campaigns, along with analytics to track the impact of dif-
ferent framing strategies on donations and engagement. In
addition, platforms may try enhancing their social support
systems through targeted intervention features. For instance,
developers could implement prompting systems that offer
commenters a variety of pre-drafted, multi-framed message
templates (e.g., care-based versus loyalty-based options). By
allowing supporters to select or adapt a frame that resonates
with their intent, platforms can better facilitate high-quality
emotional support.

Limitations and Future Work

We acknowledge several limitations of this work and high-
light key opportunities for future research. First, the dataset
lacks granular information regarding the fundraisers and
supporters on the platform (e.g., gender, socioeconomic sta-
tus) which are factors previously shown to relate to fundrais-
ing outcomes. Access to such supporter-level data would
help us identify which moral framing strategies are effec-
tive for different supporter segments. Furthermore, securing
more comprehensive demographic or behavioral data could
enable future studies to employ quasi-experimental designs,
such as propensity score matching; this would allow for the
identification of comparable campaigns and a rigorous mea-
surement of the causal impact of moral framing on fundrais-
ing success.

Second, the findings of this study may not generalize
to reward-based crowdfunding platforms, such as Kick-
starter or Indiegogo, which primarily support creative or en-
trepreneurial projects. These platforms often impose restric-
tions on charitable or personal-cause fundraising. Further-
more, their persuasive framing typically centers on prod-
uct specifications and reward attributes rather than moral
foundations. Accordingly, reward-based campaigns are not
directly comparable to the donation-based appeals exam-
ined in this study. Future research could investigate whether
moral framing remains an important factor in social en-
trepreneurship projects that bridge the gap between these
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two crowdfunding models.

Another limitation of this study is the difficulty in iso-
lating the mechanisms underlying our observations. For in-
stance, after observing that negatively framed appeals em-
phasizing harm were associated with a higher volume of
supporter comments, we examined the moral foundation
scores of those messages. We initially hypothesized that
negatively framed appeals would relate to more positive
comments as supporters sought to counterbalance the nega-
tivity; however, our analysis did not support this hypothesis.
This finding underscores the necessity for a deeper examina-
tion of the quality and linguistic content of social support in
crowdfunding contexts. Future research would benefit from
carefully designed experiments or surveys to explore these
dynamics in greater detail.

Lastly, this study utilized existing resources, specifically
MFT and its corresponding dictionary, to model the lan-
guage and framing of campaign appeals through binary op-
positions. While these frames are widely applied across di-
verse disciplines, future research could develop customized
dictionaries and novel dimensions specifically tailored to
the nuances of online fundraising. For instance, Best and
Arseniev-Koehler (2023) constructed four stigma dimen-
sions (immorality, negative personality traits, disgust, and
danger) to analyze the negative depiction of diseases in ma-
jor newspapers over time. In addition to moral frameworks,
incorporating socioeconomic dimensions such as class, gen-
der, and race, as adopted by Kozlowski, Taddy, and Evans
(2019), would be a valuable direction for subsequent stud-
ies. Because these dimensions are often associated with do-
nation dynamics and outcomes, identifying how the posi-
tioning of an appeal along these axes relates to fundraising
success may offer deeper insights into the drivers of online
philanthropy.

Future studies of fundraising campaign appeals may ben-
efit from the incorporation of additional framing models,
such as the collective action frames utilized in social move-
ments and civic campaigns, as these frameworks share simi-
lar objectives and framing tasks. For example, incorporating
prognostic frames (i.e., those that articulate plans or solu-
tions) could enrich our understanding of how a clear course
of action relates to a supporter’s perception of efficacy. This,
in turn, may correspond to more successful fundraising out-
comes.

Conclusion

This research investigates the relationship between the moral
framing of GoFundMe campaign appeals and the mone-
tary and social support received by fundraisers. By adopting
the FrameAxis approach, we quantified the moral founda-
tion scores across three distinct dimensions: care, fairness,
and loyalty. Our findings indicate that appeals emphasizing
the harm experienced by the help-seeker and ingroup loy-
alty are associated with a higher volume of donations and
supporter comments across several fundraising categories.
Furthermore, the results suggest that an emphasis on in-
group loyalty relates to a higher average donation amount
per donor. These insights contribute to a more nuanced un-



derstanding of how moral language relates to prosocial en-
gagement in digital environments.
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proach is appropriate for the claims made? Yes
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see the Discussion section.
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(e) Did you address potential biases or limitations in your
theoretical framework? Yes

(f) Have you related your theoretical results to the existing
literature in social science? Yes

(g) Did you discuss the implications of your theoretical
results for policy, practice, or further research in the
social science domain? Yes, see the Discussion sec-
tion.

3. Additionally, if you are including theoretical proofs...

(a) Did you state the full set of assumptions of all theoret-
ical results? NA

(b) Did you include complete proofs of all theoretical re-
sults? NA

4. Additionally, if you ran machine learning experiments...

(a) Did you include the code, data, and instructions
needed to reproduce the main experimental results (ei-
ther in the supplemental material or as a URL)? NA

(b) Did you specify all the training details (e.g., data splits,
hyperparameters, how they were chosen)? NA

(c) Did you report error bars (e.g., with respect to the ran-
dom seed after running experiments multiple times)?
NA

(d) Did you include the total amount of compute and the
type of resources used (e.g., type of GPUs, internal
cluster, or cloud provider)? NA

(e) Do you justify how the proposed evaluation is suffi-
cient and appropriate to the claims made? NA

(f) Do you discuss what is “the cost* of misclassification
and fault (in)tolerance? NA

5. Additionally, if you are using existing assets (e.g., code,
data, models) or curating/releasing new assets, without
compromising anonymity...

(a) If your work uses existing assets, did you cite the cre-
ators? Yes, we have included links to the GoFundMe
dataset and the Kiva API. We have also cited the pa-
pers relevant to the dataset, the Moral Foundations
Dictionary, the word embedding model, and the code
used for the FrameAxis analysis.

(b) Did you mention the license of the assets? Yes, they
are publicly available.

(c) Did you include any new assets in the supplemental
material or as a URL? NA

(d) Did you discuss whether and how consent was ob-
tained from people whose data you’re using/curating?
Yes, we note that our dataset consists of publicly ac-
cessible GoFundMe campaigns, and we collected ad-
ditional campaigns from the Kiva platform using its
public API.

Did you discuss whether the data you are using/cu-
rating contains personally identifiable information or
offensive content? Yes, we did not disclose the iden-
tities of any individuals in the paper. We also stated
that we presented our results in aggregated form and
paraphrased the quotes from campaign appeals (see
the Data section).

(e)



(f) If you are curating or releasing new datasets, did you
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Appendix (Additional Evidence from Kiva)

Since our GoFundMe dataset consists exclusively of cam-
paign appeals from U.S.-based fundraisers, we collected a
comparable dataset from the micro-lending platform Kiva?
to address this limitation and establish the external validity
of our findings. Kiva’s institutional mission and its focus on
need-based appeals align closely with the characteristics of
GoFundMe. However, a key distinction is that Kiva users
solicit loans rather than donations. Kiva serves to connect
lenders with borrowers in regions where access to traditional
banking services is limited (Kiva 2025b). In this model, a
borrower applies for a loan with the assistance of Field Part-
ners and provides a narrative regarding the loan’s purpose
and a repayment schedule. Multiple lenders contribute small
amounts until the funding goal is met, after which the bor-
rower utilizes the capital for the stated purposes and repays
the loan according to the designated schedule.

Using the publicly available Kiva API (Kiva 2025a), we
initially retrieved 19,894 campaigns uploaded to the plat-
form in 2025. We omitted 6,470 ongoing campaigns and
13 unfunded appeals, resulting in a final sample of 13,411
funded campaigns. While a loan request typically expires if
the funding goal is not met within the standard 30-day win-
dow, the expiration rate on Kiva is notably low.

Our Kiva dataset contains campaigns from a diverse range
of categories, with the most frequent being Agriculture,
Food, and Retail. Projects within the Agriculture category
typically support farmers facing unpredictable weather, vari-
able crop yields, volatile markets, and challenges in meeting
basic needs. The Food category comprises projects facilitat-
ing the operation of small markets, grocery stores, or restau-
rants. The Retail category includes borrowers seeking to es-
tablish small businesses. The remaining 16 categories (e.g.,
Sanitation & Hygiene, Services, Clothing, Education, Arts)
were grouped into the “Others” category. Descriptive statis-
tics for all continuous variables are presented in Table 6.

“https://www.kiva.org/

1240

Our dataset includes campaigns from 55 countries, with
the most frequent being the Philippines, Kenya, Madagas-
car, Uganda, and Ecuador. The remaining 50 countries were
grouped into the “Others” category. We included three cat-
egorical variables (category, region, and campaign appeal
sentiment) using “Agriculture,” “Philippines,” and “Nega-
tive” as the reference categories, respectively. As approxi-
mately 97% of the campaigns involved a single borrower, we
created a binary variable to distinguish between campaigns
supporting a single individual (0) and those supporting mul-
tiple borrowers (1). Finally, to address skewness in the data
distributions, a log transformation was applied to both the
number of loans and the total fundraising goal amount.

Although lenders can post support messages, our analysis
was restricted to loan volume due to the limited number of
comments available; specifically, our dataset contained only
110 messages. We quantified the moral foundation scores
of the Kiva campaign appeals using the same FrameAxis
procedure employed in our GoFundMe analysis. Table 7
presents examples of Kiva appeals alongside their corre-
sponding moral foundation scores, demonstrating the vari-
ation in moral framing across different loan requests.

The results from the Kiva model largely mirror the pat-
terns observed in the GoFundMe dataset (see Table 8). In the
Food and Retail categories, emphasizing harm and ingroup
loyalty was associated with an increase in the number of
loans received. Conversely, within the Agriculture category,
campaigns that utilized positive care framing (i.e., highlight-
ing care over harm) relate to a higher loan volume. These
findings further support the conclusion that effective framing
strategies are dependent on the fundraising category. This
aligns with the GoFundMe analysis, where the Animal cate-
gory exhibited a distinct pattern compared to other campaign
types.

Another notable finding is that loan volume is negatively
associated with the number of borrowers per campaign. One
potential explanation for this relationship is that support-
ers may feel a stronger personal connection when helping
a single borrower, as opposed to a group. Supporters might
also perceive assisting one individual as more tangible or
manageable than supporting multiple people, regardless of
the stated fundraising goal. This finding raises a question
regarding how the number of help-seekers relates to sup-
porter perceptions of efficacy. As the number of borrowers
in a campaign increases, the perceived impact of a single do-
nation may diminish, which could ultimately lead to fewer
contributions.



Agriculture Food Retail Others
Number of loans 10.26 (14.57) 12.62 (15.86) 10.97 (16.15) 16.00 (44.93)
Average loan amount per loan 58.92 (84.42) 65.92 (110.71)  73.49 (118.01) 49.07 (77.85)
Care score 0.02 (0.01) 0.01 (0.01) 0.02 (0.01) 0.02 (0.01)
Fairness score 0.00 (0.01) 0.00 (0.01) 0.00 (0.01) 0.00 (0.01)
Loyalty score 0.00 (0.01) —0.01 (0.01) —0.01 (0.01) —0.01 (0.01)
Campaign appeal length 117.54 (38.34)  108.71 (42.31) 97.47 (39.30) 100.65 (47.87)
Number of borrowers 1.15 (1.43) 1.29 (2.17) 1.25 (2.14) 1.15 (1.62)
Fundraising goal 0.4k (0.6k) 0.6k (1.0k) 0.5k (0.9k) 0.6k (2.0k)
Number of campaigns 4,115 2,869 2,443 3,984

Table 6: Descriptive statistics for the Kiva dataset. Values represent means, with standard deviations provided in parentheses.

Moral domain

Bias

Campaign appeal

Care

Vice

Virtue

[NAME], an experienced farmer and returning client, is planning to increase
his herd by buying more cows, despite the persistent issue of foot and mouth
disease.

[NAME] is a dedicated and talented seamstress who works hard to support

herself and her family. [...] This financial support will enable her to create a
safer and more comfortable home for herself and her loved ones.

Fairness

Vice

Virtue

Most of the school children come from marginalized families who cannot
afford their educational expenses. [NAME] has requested a loan to construct a
building to accommodate all the students. [...]

[NAME] plans to expand her inventory and reach more customers. [...] She
also aims to create more job opportunities and support her community.

Loyalty

Vice

Virtue

[NAME] is a widow and the mother of one child. She trades in various types
of glasses and is applying for a loan to increase her inventory and better
satisfy her customers.

[ORGANIZATION] consists of women who are united by solidarity, effort,

and commitment. They work as a team, supporting one another to move
forward and improve their living conditions. [...]

Table 7: Examples of Kiva campaign appeals with varying moral foundation scores. Note that excerpts have been paraphrased

to protect user privacy.
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Variable Coefficient SE

Food 0.075%* 0.024
Retail 0.072* 0.030
Others 0.093*** 0.025
Care 2.964%** 0.879
Fairness —0.088 0.875
Loyalty —1.544 0.916
Food x Care —6.115%** 1.308
Retail x Care —06.325%%* 1.392
Others x Care —0.423 1.151
Food x Fairness 2.134 1.427
Retail x Fairness 3.337 1.819
Others x Fairness —-0.616 1.231
Food x Loyalty 3.700%* 1.297
Retail x Loyalty 4.510%*%* 1.368
Others x Loyalty 0.915 1.241
Kenya 0.022 0.019
Madagascar 0.213%#%* 0.020
Uganda 0.352%%** 0.023
Ecuador 0.147%** 0.026
Others 0.178*** 0.014
Positive sentiment —0.041 0.025
Neutral sentiment —0.014 0.057
Campaign appeal length 0.000 0.000
Multiple borrowers —0.159%** 0.029
Fundraising goal 0.713%** 0.007
Intercept —2.060%** 0.049
Number of observations 13,411

Adjusted R? 0.59

Table 8: Multiple linear regression results for the number of loans. Care, Fairness, and Loyalty values represent moral foundation
bias scores. *p < 0.05; **p < 0.01; ***p < 0.001.
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