
Centering Civil Society Voices for Social Justice: Critical Reflections and Ways
Forward for AI Practitioners

Steven Vethman1, Marie Mirsch2, Louise Aupetit3, Emma Kallina4,
1Sciences Po Law School, Paris

2RWTH Aachen University
3Women in AI

4Women At The Table, Research Centre Trust (UA Ruhr), University of Cambridge
mail@stevenvethman.com, marie.mirsch@gdi.rwth-aachen.de, louise@womeninai.com, emma@womenatthetable.net

Abstract

Civil society organizations (CSOs) have played a central role
in defending human rights and advancing social justice—yet,
their perspectives remain underexplored in academic litera-
ture linking social justice to AI practice. Our study centers
CSO voices in a reflection on recent recommendations for
AI practitioners striving to work towards social justice. We
conducted a CSO community workshop and interviews with
CSO advocates. Participants critically reflected on the ex-
isting recommendations and collaboratively articulated con-
structive pathways for action. Our findings highlight the value
of CSOs as crucial and pragmatic allies towards social justice:
our participants acknowledged structural and organizational
barriers, without considering them a reason for inaction. In-
stead, they invited practitioners to take proactive steps within
their sphere of influence. Indeed, CSO priorities highlight
the key role of motivated practitioners, emphasizing practices
that can be exercised by everyone and everyday: humility, re-
spect for diverse voices and perspectives, and a willingness to
see and create openings for strategic, pragmatic actions.

1 Introduction
Technological interventions under the heading of artificial
intelligence (AI)1 have become embedded across services
and industries, often with the goal of increased automation,
cost savings, and efficiencies (Cobbe et al. 2020). How-
ever, such AI adoption has also led to various harmful out-
comes and infringements of human rights (for an overview
see McGregor 2021). Importantly, it has been shown that
such harms unduly affect already marginalized communi-
ties, exacerbating social injustices in our societies. Some il-
lustrative examples include cases in which black patients re-
ceived fewer medical treatments (Obermeyer et al. 2019),
black inmates fewer sentences including bail (Angwin et al.
2016), and benefit recipients with an immigration status,
lower income, or disabilities were overproportionately la-
beled as fraudulent (Amnesty International 2024b, 2021;
Booth 2024; Eubanks 2018).

Copyright © 2026, Association for the Advancement of Artificial
Intelligence (www.aaai.org). All rights reserved.

1Acknowledging the ambiguity of the term “artificial intelli-
gence” in limiting the critical reflection we aim for (Bender and
Hanna 2025; Monett and Lewis 2017), we have still chosen to use
the term as it aligns with the terminology used by our target audi-
ence and reaching them is our primary goal.

Whilst public bodies are in the process of establishing
regulatory frameworks, legislative acts, impact assessments,
and standards for these technological interventions (Euro-
pean Union 2024; Council of Europe 2024; Gerards et al.
2022), it was civil society organizations (CSOs) in the first
place who identified and emphasized these harms. Indeed,
numerous advocacy campaigns, litigation, and public out-
reach are led by non-profit and/or CSOs (Amnesty Inter-
national 2021; AlgorithmWatch and Bertelsmann Stiftung
2020; Meaker 2024; Angwin et al. 2016; Birhane et al.
2024). CSOs, by tradition, advocate for communities most
at-risk, stepping in where regulation is not yet established
or effective. As such, they play a leading role in defend-
ing the rights of marginalized communities and amplify their
voices to foster social justice. Despite this, the perspectives
from CSOs are currently underexplored in academic litera-
ture aimed at the very same goal, i.e. to prevent AI systems
that exacerbate or perpetuate social injustices (§2.2).

In order to close this gap—i.e. to learn from the estab-
lished practices from CSOs in advocating for the intersec-
tion of AI and social justice—this study explores CSO per-
spectives on recent recommendations for AI practition-
ers. The recommendations were derived from recent works
that identified key actions for motivated AI practitioners,
helping them to explore socio-technical questions and miti-
gate harmful outcomes beyond technical fixes (i.e. Vethman
et al. 2025; Mirsch et al. 2026) (§3.1). To move from a tech-
nical to a socio-technical lens, these recommendations are
grounded in intersectionality, i.e. the lens or collection of
movements for inquiry and action on structural social injus-
tices with eye for power relations and unique lived experi-
ences (all concepts explained in-depth in §2.1). Our stance
is in line with these previous works that consider inviting
practitioners towards applying a socio-technical lens as a
promising path towards social justice, i.e. of a complemen-
tary value to aforementioned CSO efforts such as litigation
and advocacy campaigns to combat structural injustices (see
also Ross 2025; Petterson et al. 2026). AI practitioners as
used in this work refer to people involved in the creation
of AI systems with a certain degree of decision power over
how the system manifests concretely, especially focusing
on technical practitioners but also expanding to e.g. prod-
uct managers, strategy consultants, research managers or in-
novation department leads. More specifically, this work fo-
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cuses on AI practitioners that are already working towards
more responsible AI systems or are planning to do so: if
we invite such motivated practitioners to expand their per-
ceived circle of influence and support first steps, allow for
mistakes, and make room for disagreement (à la Ross 2025;
Edmondson 2018), they can become fundamental partners
in taking action against structural injustices and intersec-
tional harms (details in Vethman et al. 2025; Mirsch et al.
2026). To ensure that the recommended practices are appli-
cable and reflect AI practitioners’ experiences, the major-
ity of the recommendations in focus have been co-designed
with motivated AI practitioners themselves. Our work ex-
pands these recommendations through the perspectives and
experiences of the community most proficient in the work
of social justice: CSOs. This ensures that recommendations
already aimed at motivated practitioners include CSO per-
spectives, increasing the likelihood that any changes to AI
practice have social impacts. This results in the following
research questions:
RQ1: Given CSOs longstanding experience with advocating
for social justice, what are their critical reflections on recent
recommendations for AI practitioners designed to promote
social justice?
RQ2: Based on these reflections from CSOs, which addi-
tional ways forward emerge for AI practitioners?

We address these questions through a collaborative civil
society community workshop, jointly hosted by CSOs and
critical scholars from academia. In this interactive workshop
(n=19), the participants were invited to critically reflect on
the recommendations by Vethman et al. (2025) and Mirsch
et al. (2026) (RQ1) as well as to propose additional ways for-
ward (RQ2). To dive deeper into proposed actions (RQ2),
we conducted semi-structured interviews with CSO advo-
cates or collaborators (n=10), all experienced in (1) directly
collaborating with or teaching (motivated) AI practitioners
and (2) experienced on social justice, human rights, or inclu-
sion. These selection criteria ensured that interviewees had
the necessary understandings and shared language to sup-
port moving critical CSO reflection towards concrete ways
forward that are understandable to AI practitioners.

This study contributes to the ongoing effort to facilitate
socio-technical, social justice-oriented interventions in AI
practice. More specifically, we advance this effort through
the following key contributions. (1) By demonstrating the
valuable input that CSOs provide on recommendations that
have been built by academics and practitioners, we high-
light CSO perspectives as a crucial area for social justice-
oriented works. Importantly, CSO input was considerably
constructive in promising paths and strategies to inflict pos-
itive change. We hope that this motivates researchers and
regulators to engage more deeply with CSO voices going
forward. (2) By refining existing recommendations towards
social justice through the perspectives and lived experiences
of CSOs’, we generate a robust set of both critical reflections
and strategies for action that can orient motivated AI practi-
tioners’ practice. These can guide not only industry practice
towards a more equal AI future but also be the basis of reg-
ulatory efforts or organizational-internal interventions. We
outline first directions towards this in §5.4.

2 Key Concepts and Related Work
To ensure clarity, we take time here to create a shared un-
derstanding of foundational concepts of this work (that are
often brushed over) (§2.1). We then position the contribution
within related works on using the lens of intersectionality to
expand the algorithmic to the socio-technical frame as well
as the role of CSOs therein (§2.2).

2.1 Key Concepts
Social Justice & Intersectionality. There is broad agree-
ment that justice is desirable, even though its concrete in-
terpretation varies considerably across contexts (Campbell
and Mancilla 2012). Often the notion refers to a certain
(a)symmetry being (un)desirable, e.g. people having sim-
ilar freedoms or capabilities to exercise their rights (Sen
2008) or equal liberties for all unless this disadvantages
those systematically worse off (Rawls 1971). Social jus-
tice, in general, concerns questions of justice within social
structures. We focus in this paper on the specific interpre-
tation of social justice in the term of structural injustice
according to Young (2011), understood as injustice arising
from the normal functioning of social systems rather than
from intentional wrongdoing. Mechanisms through which
structural injustice manifests include persistent and group-
differentiated forms of disadvantage that are produced and
sustained by legal systems, markets, political institutions,
cultural norms, or technologies. A key implication is that
all who participate in these systems share a political respon-
sibility for social justice. Not because they directly cause
harm, but because they participate in and benefit from social
structures that produce unjust outcomes. Hence, to move to-
wards achieving social justice requires transforming those
structures, not merely compensating victims or correcting
individual failures (Young 2011). Historical fights against
structural injustices in the context of Black feminism (Com-
bahee River Collective 1978; Berger and Guidroz 2009)
have led to the rise of intersectionality as a lens for cen-
tering the harms, historical context, and lived experiences
of multiply marginalized people in addressing questions of
social justice (Crenshaw 1989; Collins and Bilge 2020). In-
tersectionality stresses the structural nature of social injus-
tices and the need for both critical analysis (inquiry) and
action (praxis). Intersectional approaches particularly eluci-
date how multiple social categories, such as race, gender,
or class, interact to shape lived experiences and how these
experiences position people differently within the world, es-
pecially within structural systems of power (Xenidis 2022;
Crenshaw 1991).

The Algorithmic Frame & The Socio-Technical Frame.
AI systems are embedded in these same social structures
(Kasirzadeh 2022; Browne et al. 2023; Naudts 2024). As
tools of analysis, they bear potential in revealing injustices
as a reflective mirror of our society (Vallor 2024), but in
many cases, they have introduced new harms that further ex-
acerbate them (Chan et al. 2023). To correct those, the bulk
of AI research focuses on correcting data, model, and out-
puts, i.e. focus on the technical system itself (called the algo-
rithmic frame) (e.g. Mehrabi et al. 2021; Ferrer et al. 2021).
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For instance, in the context of facial recognition systems that
have been demonstrated to be disproportionately erroneous
for Black women (Buolamwini and Gebru 2018), common
actions within the algorithmic frame would include adding
Black women’s faces to the training data or “debiasing” the
algorithm to achieve equal error rates for Black women and
other subgroups. However, situating the AI system in a so-
cial context and within power relations (what Selbst et al.
(2019) refer to as socio-technical frame) would demonstrate
that for example the dataset was trained under inhumane
working conditions (Kong 2022; Miceli, Posada, and Yang
2022), or that the use of facial recognition for racial profil-
ing in policing has been disproportionately harmful for black
women (Eubanks 2018). Thus, only taking action within the
algorithmic frame has been widely criticized for a limited
effectiveness in advancing social justice (Kasirzadeh 2022;
Bolte and van Wynsberghe 2025). In the specific context
of intersectionality, this is expressed by an over-reliance on
legally protected (sub-)groups that are detached from power
(see e.g. Mirsch et al. (2026) for an overview, also refer-
ring to Kong (2022); Ovalle et al. (2023); Hampton (2021);
Kalluri (2020)), not considering the societal impacts from
AI outcomes or the mere choice of using an algorithm at all
(Hoffmann 2019; Davis 2023; Bender and Hanna 2025).

2.2 Related Works
Using the Lens of Intersectionality to Expand the Al-
gorithmic to the Socio-Technical Frame. Multiple re-
cent studies suggest using an intersectional lens to extend
AI practice toward a socio-technical frame (D’Ignazio and
Klein 2020; Kong 2022; Ovalle et al. 2023; Mirsch et al.
2026; Vethman et al. 2025), some of which suggest con-
crete ways forward. Most notably, Vethman et al. (2025)
move beyond abstract statements (too high-level guidance
being a key barrier to action (Sadek et al. 2025)) and in-
volve the target audience of AI practitioners to co-design
concrete recommendations. Together with the recently pub-
lished after Mirsch et al. (2026) which has a similar aim,
these works provide a conceptual grounding for aligning AI
practitioner’s practice with the Black feminist ideas of inter-
sectionality beyond technical fixes. Their recommendations
form the base for our work (details in §3.1). As such, this
contribution extends previous work through direct represen-
tation of CSOs. This differentiation directly relates to an in-
tersectional lens, as it puts front and center the knowledge of
those directly affected by possible harms.

The Role of Civil Society Organizations. Indeed, there
are many efforts, both with and without academic involve-
ment, that have showcased the necessity and power of cen-
tering relevant subgroups of civil society, often under the
umbrella term of “Participatory AI” (Bondi et al. 2021). For
example, Allhutter et al. (2020) collaborated with CSOs to
hold public bodies discriminating against job seekers ac-
countable, and Gadiraju et al. (2023) centered the commu-
nity facing harms from ableism to formulate what they re-
quire from large language models. Still, there is also in-
creasing critique on shallow participatory AI practice (e.g.
the exploitative nature of mere consultation, with little to no

influence to decisions, tokenism and cooptation) and vari-
ous open challenges in centering civil society remain for it
to be meaningful in the eyes of civil society (Birhane et al.
2022; Bondi et al. 2021; Katell et al. 2020; Dennler et al.
2023; Queerinai et al. 2023; Erete, Rankin, and Thomas
2023). In line with these related works, we carefully con-
sidered the role of civil society within this research effort
(to avoid blindly reproducing structural injustices embed-
ded in scientific research practice), primarily through involv-
ing CSOs as equal partners (next to academic partners). We
consciously center their experiences in working towards so-
cial justice across projects and organisations in our research
methodology (see §3.2). This differs from previous works
that centered CSOs for detailed reflections on specific ap-
plications, community participation, or organizational struc-
ture. Through our focus across contexts and communities,
we distill more general CSO priorities from those emerging
in specific applied experiences, and then transform these in-
sights in reflections and suggestions for AI practitioners. Not
to claim that through AI practitioners is the only or most im-
portant pathway to social justice, rather, it is to embolden
motivated AI practitioners to align with and complement
CSOs’ experienced practices in achieving success for social
justice.

3 Methodological Approaches to Center
Civil Society Voices

To gather CSO perspectives, we conducted a CSO commu-
nity workshop (§3.2) and deep-dive interviews (§3.4), both
analyzed through thematic analyses (§3.3 & §3.5).

3.1 Baseline Actionable Recommendations
We first introduce the actionable recommendations that
serve as the baseline for our study. Using a set of recom-
mendations or toolkits facilitates nuance and depth and this
has proven promising in advocating for social justice work in
companies (Petterson et al. 2026). As established in §2, we
follow the recent recommendations by Vethman et al. (2025)
since they include concrete recommendations of prominent
earlier social justice-oriented and intersectional works and
directly involved the target audience of AI practitioners to
ensure applicability. We expanded these recommendations
through insights from Mirsch et al. (2026). Published shortly
after, they proposed concrete desiderata to align AI practi-
tioners’ practices with the socio-technical frame, focusing
especially on intersectional Black feminist literature. While
being largely consistent in the results, Mirsch et al. (2026)
proposed three additional ways forward that we added to
recommendations of Vethman et al. (2025). Figure 1 illus-
trates the final list of recommendations that were discussed
during our workshops and interviews.

3.2 CSO Community Workshop
To gather critical CSO reflections on this set of recommen-
dations (RQ1), we conducted an online workshop in Novem-
ber 2025 with 19 CSO participants, lasting 120 minutes. All
participants held current or previous work experience at the
intersection of data/AI and social justice, discrimination, or
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Figure 1: Overview of the actionable recommendations from
Vethman et al. (2025). Recommendations with an ∗ are
slightly altered based on Mirsch et al. (2026).

human rights. Ensuring privacy was of utmost importance.
All participants consented to the publication of their contri-
butions in a de-identifiable manner. Several voiced concerns
that association with terms such as social justice or intersec-
tionality could jeopardize important funding. Thus, we in-
troduced the Chatham House rules, refrained from recording
the meeting, and will disclose only minimal demographic
details. Participants were recruited through public outreach
via LinkedIn, through individual and through professional
networks (Women in AI, Women At The Table and AI &
Equality Hub). We made a conscious effort to invite poten-
tial participants with experience outside Europe and North
America. Five participants have work experience in CSOs
in Africa, two in Asia, fourteen in Europe, three in North
America, and two in South America (multiple experiences
per participant possible). To provide a psychologically safe
environment, we explicitly laid out ground rules for psycho-
logical safety based on (Edmondson 1999, 2018). To address
agency and collaboration, we designed the workshop so that
participants would have an active speaking/writing role for
most of the online meeting.

The workshop design comprised three parts. The first
aimed to facilitate a shared understanding, activate collabo-
ration, and set the scene. By inviting participants to recount
success stories on defending human rights in the context of
AI, we created the opportunity to network while emphasiz-
ing both the sense of urgency and celebration. In the sec-
ond part, we presented a fictional, yet realistic high-stakes
use case in the context of social justice issues within AI-
supported fraud detection of social welfare. This use case
demonstrates urgency with (financial) livelihood at stake and
has documented adverse impacts around the globe (OECD
2025; Amnesty International 2024a, 2021, 2023). For the
main part, participants collaboratively reflected on the ac-
tionable recommendations along the following questions:
Do you think the proposed actions are useful? Is something
missing? In sets of three recommendations, we connected
the proposed actions to the use case, and highlighted the an-
ticipated change. Participants gathered ideas on sticky notes
on a whiteboard and held an extensive discussion afterwards.
The workshop concluded with a dialogue on shared ideas

beyond the structured interactive exercises.

3.3 Thematic Analysis for RQ1
A thematic analysis (TA) is a qualitative research method
to identify, analyze, and report on patterns in written text or
speech which we applied to analyze the sticky notes as well
as context given by our notes. We opted for the inductive
reflexive TA (Braun and Clarke 2006, 2024, 2022), as it al-
lows to structure the findings based on our interpretations of
the input from CSOs rather than relying on predefined the-
oretical frameworks. The variant also considers the diver-
gent backgrounds of the analyzers (us, authors) as an asset,
as the method supports multiple interpretations per partici-
pant contribution. The analysis was supported by the soft-
ware ATLAS.ti (v9.12.1), an interface and dashboard that
simplifies coding and analysis, whilst we emphasize that all
analysis was still performed manually.

We followed the six rigorous steps by Braun and Clarke
(2024). (1) Familiarizing ourselves with the data entailed
reading and discussing the workshop sticky notes. To (2)
generate initial codes, we interpreted and paraphrased the
core of the sticky notes, resulting in 57 unique codes for 65
sticky notes. A key categorization concerned whether a note
was a critical reflection, a way forward (proposed action),
or both. Following that, we grouped the codes into bundles
to (3) search for themes. We focused here on the critical re-
flections and identified six key reflections as central themes,
along with ten sub-themes. When (4) reviewing the themes,
we slightly adjusted the theme on the costs of positionality
after feedback from two workshop participants that we con-
tacted to ensure correct interpretation. Subsequently, we (5)
defined and named the themes and performed the final anal-
ysis by the (6) act of writing them in this paper.

3.4 Interviews
To dive deeper into proposed actions (RQ2), we conducted
semi-structured interviews with CSO advocates or collab-
orators. We presented them the critical reflections that
emerged from the workshop to reflect on promising paths
forward. Our participants were experienced in (1) directly
collaborating with or teaching (motivated) AI practitioners
and (2) experienced on social justice, human rights, or inclu-
sion. These selection criteria ensured that interviewees had
the necessary understandings and shared language to move
the critical CSO reflections towards concrete ways forward
that were applicable and understandable to AI practitioners.
As such, the interviews provide additional depth to our find-
ings through longer nuanced discussions on a few concrete
suggestions, based on their particular expertise and experi-
ence rooted in practitioners’ contexts. We performed ten in-
terviews between 40 and 120 minutes in November and De-
cember 2025 through video conferences in Google Meets.
Their professional roles ranged from advisor, workshop fa-
cilitator, researcher, teacher, and ethnographer to activist in
AI, Human Rights, Intersectionality, Governance, Psycho-
logical Safety, and diversity, equity, and inclusion. Six of the
ten interviewees work or have worked in CSOs. Informed
consent was given freely for the optional audio recording,
which was only kept for two weeks to verify transcription,
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deleted thereafter. After the analysis, the transcripts were
kept pseudonymous without personal information until sub-
mission. Only the anonymous relevant snippets were kept
until publication.

Interview design: Each interview began with a brief
overview of the research context, recommended actions, and
the findings of the CSO community workshop. Then, each
interviewee was asked to choose which of the critical reflec-
tions they would like to discuss alongside the questions: Do
you recognize or have experiences related to the critical re-
flection or proposed action from the workshop? and What
would be your proposed action for the critical reflection?
Within the time frame, each interviewee was able to reflect
on three to five aspects. At the end of the interview, each par-
ticipant was asked to provide a free-form reflection on ways
forward, i.e. how to support the implementation of the pro-
posed recommendations. After conducting five interviews,
we observed some degree of repetition, but certain topics re-
mained under-discussed. Therefore, we conducted five addi-
tional interviews. During the last two, we observed sufficient
saturation, as we judged to have a substantial amount of sug-
gestions per critical reflection, and only few comments were
new relative to previously collected input.

3.5 Thematic Analysis for RQ2
The thematic analysis for RQ2 was conducted similarly to
the first one (see §3.3), but on the proposed actions from the
workshop and interviews. Interview transcripts were gen-
erated by the Google Meet application and checked and
adjusted where needed. We again started by (1) familiar-
izing ourselves with the data; i.e. the interview transcripts
and workshop sticky notes. (2) Generating initial codes for
the interview transcripts resulted in 52 unique codes for
169 snippets. We then grouped the workshop and interview
codes on ways forward into bundles to (3) search for themes.
Multiple whiteboard discussions led to five central themes,
each representing a direction for the motivated AI practi-
tioner: the self, the team, the organization, the public, and
the project manager. While (4) reviewing the themes, we de-
cided to link the ways forward directly to the six key criti-
cal reflections derived in §3.3, since this aligns better with
our aim to center the civil society voices. This resulted in
16 ways forward linked to the critical reflections. (5) Defin-
ing and naming the themes led to our final results, which
are summarized in Fig 2. In the final iteration, each overar-
ching theme name represents both the associated critical re-
flections and ways forward. We finished the analysis through
the (6) act of writing this paper.

4 Critical Reflections and Ways Forward
This section presents the results from our thematic analyses,
i.e. insights on critical reflections of CSOs on recent rec-
ommendations for AI practitioners designed to promote so-
cial justice (RQ1) as well as additional ways forward (RQ2).
As illustrated in Figure 2, §4.1 to §4.6 will present criti-
cal reflections and ways forward jointly across our two data
collection activities (workshop and interviews). Anonymous
quotes from the workshop are tagged with [W] and those
from the interviewees with [I1] to [I10].

4.1 Humility and Safety as Preconditions for
Valuable Interdisciplinary Collaboration

Critical Reflection Workshop participants agreed that pro-
moting interdisciplinary and safe collaboration is crucial, yet
identified three challenges in practice. First, it might not be
straightforward to “identify which disciplines or expertise
should be invited”[W], since this is likely to be context-
dependent. Second, even interdisciplinary teams might
be homogeneous demographically, and still not include
people from communities disproportionately harmed by AI.
Participants highlighted the challenge to incentivize an in-
terdisciplinary “team consisting of people from different
communities”[W]. Third, even in interdisciplinary teams,
there might be a “hierarchical relationship between disci-
plines”[W] where technical or quantitative efforts are valued
more than social science or qualitative efforts.

Ways Forward Firstly, although the precise composition
of an interdisciplinary team is likely to be contingent on con-
textual factors, the workshop participants suggested a poten-
tial establishment of a minimum baseline, informed by suc-
cessful experiences. One interviewee stated that, based on
their experiences with the public sector, minimum require-
ments would be: two technical experts, the project manager,
a legal expert and at least one or two domain experts, e.g.
“a person currently at the core of the process in which AI
is to be introduced or with known experiences with citizens
on the receiving end of the public service in question.”[I1]
Interviewees emphasized that introducing additional disci-
plines may have a limit, and argued to only invite those will-
ing to “actually spend the time and money to engage”[I5]
to prevent “a chaotic conversation where not everyone is as
involved.” [I1] Multiple interviewees shared the observation
that setting overly high requirements may result in the com-
plete disregard of interdisciplinarity.

Secondly, interviewees emphasized that, in addition to the
interdisciplinarity itself, “it’s all about the quality of the
conversation” [I8], meaning “possibly it matters who is in
the room but it matters more how you are in the room to-
gether”[I8]. One interviewee asserted that “safe brave delib-
eration processes stand above the need for more and more
voices”[I5], and referred to the concrete forms of Arao
and Clemens (2023). Workshop participants had similarly
voiced that in the absence of a safe space for deliberation
and reflection, “the assessment can quickly become a tick-
ing exercise.”[W] Especially for voicing resistance against
the deployment of an AI system, as “people feel uncomfort-
able about the idea of refusing”[I5], a safe space for deliber-
ation was considered non-negotiable.

Thirdly, to circumvent hierarchical relationships between
different disciplines, one interviewee made reference to the
concept of “epistemological humility”, which they defined
as follows: “humbleness that leads to legitimation of every-
body having a say”[I3]. This was positioned as vital to rec-
ognize the value of other (non-technical or non-quantitative)
expertise, methodologies, and sources of knowledge. It was
suggested that a period of reflection be allocated to each dis-
cipline in order to recount the value, limitations, and key
assumptions of the proposed methodologies. This would not
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Figure 2: Key themes derived from CSO workshops and interviews, each with critical reflections and ways forward.

imply an expectation that all individuals become experts in
all other disciplines; rather, it would enable the recogni-
tion of the fundamental principles of collaborators’ expertise
and foster effective communication. One interviewee con-
cretized this in group projects with diverse roles where stu-
dents realize that the “soft skills to communicate with some-
one who doesn’t have the same background as you”[I5] are
crucial to achieving success in their field.

4.2 Evaluating AI’s Desirability to Tackle a
Problem (vs. Non-AI Alternatives)

Critical Reflection Workshop participants agreed that AI
systems can be a promising means of tackling a problem,
but should never be a goal in themselves. This is “incredibly
important and often lost in these evaluations and community
engagement discussions”[W]. Seeing AI as a means, how-
ever, entails reflecting on whether to use AI systems rather
than how to use them in the first place. This, in turn, might
be at odds with a techno-solutionist view, where technol-
ogy is seen as a viable solution to most problems. With in-
centives of profit, efficiency, AI hype, or the fear of falling
behind, bringing the option to “not deploy at all” might be
unpopular. One participant raised the doubt whether projects
can be funded if they are positioned to question whether AI
will be used rather than how. To examine whether the use of
AI systems is desirable requires undertaking a comprehen-
sive examination of the prevailing circumstances and to eval-
uate the viability of alternative solution strategies. For ex-
ample, in the context of high-stake algorithms employed for
welfare fraud detection or immigration services, this entails

a thorough interrogation of the advantages and disadvan-
tages of the prevailing public service arrangements. Work-
shop participants expressed concerns whether they “have the
capacity to critically reflect on how currently public services
are run.”[W] Consequently, a potential challenge may be the
lack of processes to compare AI to alternatives and to
scrutinize the status quo.

Ways Forward Two approaches were proposed to address
the aforementioned challenges. Firstly, interviewees pro-
posed initiating a reflection process to achieve awareness
and an explicit definition of the AI system’s objectives in
their entirety, and to establish the meaning of success in
terms of a problem-first approach. Consequently, a refor-
mulation of success would entail examining the AI sys-
tem’s specific contributions to resolving the prevailing
problem, rather than a narrow focus on technical objec-
tives such as accuracy, efficiency, or productivity. One in-
terviewee shared specific strategic questions that had helped
in their collaborations with tech professionals and students.
These questions were used to assess the need for a new prod-
uct, reflect on potential harms, and determine whether one
would be comfortable using the product while knowing how
it works and whether one would recommend it to someone
who does not know how it works. Such a strategy could be
useful “to get technical developers to spell out what bene-
fits they think they’re bringing to the particular problem that
they’re trying to solve”[I4]. Questions could include: “1. Do
products or solutions already exist for which we consider
AI? If yes, are they good or bad solutions? (...) 2. Does
our proposed solution potentially cause harm? And if so,
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how are the harms relative to alternatives? (...) 3. Could and
would you use it yourself? And would you recommend the
product to someone else?”[I5].

Secondly, interviewees stressed the importance of “valu-
ing non-acting as a successful output of one of those pro-
cesses”[I3]. To successfully do so, a desirability check can
be included into the project already at the proposal stage:
rewriting the project as “a two-stage exploration, is one way
to do it. Having a first phase to validate the project, to fo-
cus on desirability before even feasibility.”[I3] Participants
stated that this preliminary period on desirability is ideal
to “foster open communication between different depart-
ments and exchange information on the suitability of us-
ing AI”[W]. Ideally, this desirability is monitored in “reg-
ular compliance checks, regularly after introduction, keep-
ing track of the system”[W]. Although costly at first glance,
this reformulation of success with a desirability check might
offer an alternative means of achieving project success. It
could lead to the selection of an alternative solution to a
problem and prevent spending on feasible yet undesirable
AI projects, ultimately resulting in cost savings.

4.3 Transparency as Insufficient yet Necessary
Condition for Accountability

Critical Reflection Workshop participants reflected on
widely spread transparency efforts for documentation and
public disclosure. On the one hand, these were considered
essential and a basic right, especially for algorithms in pub-
lic services: “Affected persons have the right to be informed
that a system was used, an explanation for any decision and
the ability to contest the decision”[W]. On the other hand,
participants criticized their experience with overstated and
insufficient efforts: publicly available documented efforts
(e.g., on websites) for transparency were shallow and/or lim-
ited to technical documentation. Why an algorithm was used
in the first place, is often left obscure. Many mechanisms
for transparency, such as algorithm registers, would fall un-
der the trust but verify paradigm, meaning that the burden of
responsibility is shifted to journalists or CSOs to review the
information and, potentially, hold parties using AI account-
able. Thus, although transparency efforts are important
in themselves, they would not usually be sufficient to en-
able accountability.

Ways Forward Firstly, the interviewees agreed that, based
on their experience, efforts to increase transparency are of-
ten mistakenly considered sufficient for accountability pur-
poses. Using the example of a national algorithm register,
one interviewee explained: “it is clear that an algorithm is
used. There is some level of information available about the
why and who”[I1]. However, especially when part of the in-
novation is developed in-house, frequent hand-overs of re-
sponsibility between IT/AI development departments to ex-
ecutive departments tend to muddy overall accountability.
Thus, workshop participants asked for more detailed public
information on “who is accountable and how they can be
held accountable”[W].

However, the interviewees emphasized that responsibility
is not just about taking accountability when things go wrong.
Instead, democratic deliberation is also a crucial part of ac-

countability. Transparency can therefore be an important
means of fostering deliberation and public scrutiny, which
may “ultimately lead to democratic governance”[I7]. This
would require clear accessible channels for feedback, con-
testation, and redress. Interviewees particularly urged that
these channels have empowerment as a guiding principle in
their design to inspire collective action for social justice. For
example, a “self-reporting mechanism where the users them-
selves could actually report issues”[I2] needs to go beyond
having easy ways to report if some harm occurs and include
“how many reports have been filed already. Then you can
see you’re part of a bigger community of users that actually
take the extra step and report harm”[I2].

As an important prerequisite for stepping into honest de-
liberation, interviewees addressed the opportunity for practi-
tioners in their communication strategies, particularly within
the light of dispelling the AI myth. Even though the tech
industry is interested in powerful metaphors about AI fix-
ing all societal problems, there are “plenty of figures say-
ing that a lot of organizations are investing massively in AI
and seeing little to no return on investment”[I3]. Intervie-
wees described taking accountability as being clear about
what AI is and is not, and what it can and cannot do. This
was sketched as a matter of will, but also in terms of com-
petence to prevent your message being “trapped in this echo
chamber”[I2] of people already critical of AI and to make
it reach investors, citizens, and users of these tools. Inter-
viewees also urged for communication that challenges the
inevitability of AI, as we “need to understand it, but you
definitely shouldn’t evangelize it”[I5]. Proposed strategies
were to elucidate the inner workings of AI (e.g. that chat-
bots do not have the human cognitive abilities to think or
reason, as they are alluded to) and to introduce “counter-
metaphors”[I2] for demystification, with ideas ranging from
AI not being a magical floating brain or a cloud, “but rather
made of data centers that consume the water in communities
that already face droughts”[I2].

4.4 Meaningful Participation Requires
Long-Term CSO Partnerships and Direct
Community Engagement

Critical Reflection Workshop participants agreed on the
importance of co-ownership, renumeration, and “long-term
sustainable structures and safe and transparent decision
pathways”[W] in the context of community engagement.
Most workshop participants had extensive expertise in this
and reported two key challenges: Firstly, they mentioned
trust as a challenging but required precondition for
participation and that effective trust-building activities are
heavily context dependent. Secondly, workshop participants
stressed that CSO involvement cannot replace direct en-
gagements with affected communities. While CSOs can
play a key role in participatory processes due to their ex-
pertise and close connection to affected communities, CSO
representatives in the workshops were reserved in their own
role being spokespersons of affected communities. “It’s im-
portant to open the space to as many communities as possi-
ble to ensure there’s full representation of lived experiences,
as direct representation”[W].
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Ways Forward Participants highlighted that humility
and openness were paramount in order to build trustwor-
thy collaborations. This requires very clear communication
strategies as well as multiple channels through which peo-
ple can (dis)agree, voice concerns, or seek redress: “it should
be clear what happens if the safe process is rendered unsafe
by a player. This may reduce the rejection and convey the
commitment”[W]. Next to these channels, workshop partic-
ipants considered it a substantial signal when (public) par-
ties already plan to include the option (for citizens) to opt
out of using a system, signaling that possible adverse im-
pacts of AI systems were taken seriously. Meaningful partic-
ipation was argued to necessitate long-term “relationship-
building with communities”[W], especially “since situa-
tions change and communities should be allowed to change
their mind”[W]. Inviting CSOs from the start with long-
term intentions, stimulates asking “their motivation or goals
beforehand”[I9] rather than just being asked for feedback
when “established ideas have hit a wall”[I6].

Finally, interviewees agreed that collaboration with CSOs
is still vital: “Taking some random people might not en-
counter empowered active people. Participants need to re-
gard themselves as a relevant group for the study. When col-
laborating with or through a CSO then their specific interests
are already reflected on”[I9]. On the other hand, they also
stressed complementing CSO involvement with direct en-
gagement with people at the receiving end of AI. This en-
tails capacity building, i.e. empowerment so that communi-
ties in subsequent cases can contest without or with less sup-
port: “They didn’t know about this harm at all until we told
them and we [pointed] them to literature and they started to
reflect and host their own community assembly.”[I4]

4.5 Extending Positionality Statements to Foster
Action by Including Costs on Unequal burden

Critical Reflection Our workshop participants reflected on
the recommendation to explicitly declare the positions of the
team developing the AI system, e.g. through so-called po-
sitionality statements. These are free-form reflections that
situate the practitioners’ standing in the context of their
work and make their perspectives, blindspots, and assump-
tions transparent. Although appreciated, participants noted
that such statements rarely incentivize action: “Positional-
ity alone is not enough, we need actions and investments
to rebalance positionality”[W]. By rebalancing positional-
ity, they referred to course-correcting measures that would
integrate the perspectives of people within society who are
affected by the AI system, thus bearing the costs if harm
occurs: “It is not enough to recognize that disenfranchised
people are not at the table, course-correcting investments
are needed to alleviate these positionality imbalances”[W].
These harms, as well as course-correcting measures to pre-
vent them, are costly; for example, to involve more people
of a variety of disciplines, engage with communities, and
take time to allow teams to reflect on their own position.
Since economic incentives are a common driver of action,
workshop participants critically reflected on the lack of
associated costs in current positionality statements to in-
centivize the associated action.

Ways Forward To promote more active conversation around
taken or required investments to improve the diversity of
team perspectives, one participant proposed addressing the
associated costs of positionality in a so-called “positional-
ity cost statement”[W]. This resonated with other partici-
pants who suggested that such statement could contain the
costs of the following three different interpretations: Firstly,
the costs of investments already made towards achieving
a diversity of perspectives: e.g. additional hires, psycho-
logical safety trainings, or expenses from successful/failed
attempts for community engagement. Secondly, the par-
ticipants highlighted that not only investments made but
also further investments required should be reported, i.e.
costs or estimates (e.g. for including people from disenfran-
chised communities) that are considered necessary but did
not fit in the current budget. The third concerns extending
the positionality considerations of the team to those affected
by AI initiatives, i.e. to also include which positions in so-
ciety bear the cost (harms) of the AI in practice.

Interviewees appreciated the plurality of these interpre-
tations. They additionally proposed environmental costs to
be included within the third interpretation, to map out
who faces the “environmental impact of the whole life-
cycle, from mining to energy use to maintain, as well as
disposal”[I7]. Another interviewee added that “the emo-
tional, health and psychological costs”[I10] could be in-
cluded within the first interpretation. Although often unrec-
ognized, they play a large role in bringing critical reflection
to AI research and practice. “Being in an environment where
the majority is comfortable in not pushing back, those folks
deviating from that norm are punished. They are often peo-
ple in black and brown bodies, and may leave the space en-
tirely”[I10].

4.6 Meta-Reflection: The Responsibility of AI
Practitioners and Organizational Dynamics

In addition to the content of the recommendations, partici-
pants reflected on the process and approach of bringing rec-
ommendations to motivated AI practitioners more broadly.
Critical Reflections Workshop participants agreed with the
generally underlying assumption of “treating AI as part of
existing power relations, not as a neutral apolitical tool”[W],
making it necessary to examine the structural dimensions
of who can decide, who can contest, and who is on the re-
ceiving end of AI interventions. They stated that “develop-
ers should assess the amount of power they have to influ-
ence the project they’re working on”[W], but acknowledged
that their actual influence might be limited due to “power
differentials existing inside the organizations that deploy
systems”[W]. Often, this is used to defer ethical responsi-
bilities: multiple interviewees shared that critical reflection
on the adverse impacts of AI is currently rarely practiced by
AI practitioners. Instead, they noted structural delegation to
legal teams, management, or a designated AI ethics advisor,
a practice they criticized as being “deeply problematic be-
cause we all have points of intervention where we can make
ethical choices and we should make them and this shouldn’t
just be outsourced to one person in charge”[I2].
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Ways Forward Interviewees shared the workshop partic-
ipants’ concern that the influence of AI practitioners may
be limited by organizational structures, but saw no contra-
diction in holding both organizations and AI practition-
ers accountable for taking efforts for social justice. In-
terviewees underlined frequent observations around prac-
titioners’ limited critical reflective skills and language, a
likely barrier to taking action for social justice. They at-
tributed this partly to their education—i.e. that engineers
might not be confronted with the extent of their individ-
ual responsibility—and partly to the environment they en-
counter every day, where AI is seen as desirable, neutral,
and apolitical. One interview conveyed this as an “exten-
sion of techno-solutionism that we label sometimes techno-
exceptionalism”[I3], i.e. “that tech innovation is an excep-
tion to any forms of demands”[I3] which leads to the com-
mon view that “the people that pursue it are not accountable
for the consequences of their technology”[I3]. To overcome
this, they encourage AI practitioners to engage in meta-
reflection to recognize how the education system and their
work environment might have limited their ability to be crit-
ical and to actively avoid the outsourcing of such tasks de-
scribed above. However, the organization’s (political) strat-
egy does still play a crucial role: One interviewee recounted
experiences of multiple professionals in STEM jobs that
were structurally asked to avoid the social context of the in-
novation in question or even “policed in doing anything that
deviated from the social context agnostic work, as there is
an unspoken norm of decontextualizing”[I10].

For organizations motivated to move towards social jus-
tice, however, our participants suggested several practices
with which organizations can support AI practition-
ers. “As the demand for AI innovation often is pressured
from above”[I6], lasting change requires support at the
“higher management who decided in the first place that
the innovation was necessary”[W] and is ideally “mandated
through corporate governance”[I8]. To facilitate interdisci-
plinary collaboration on the team-level, organizations can
additionally provide a moderator: on the level of “the inter-
disciplinary team, we need someone, a moderator, to over-
see how we do it together”[I8]. Such a moderator should
“know the profession content-wise, and know the struggles,
and able to pinpoint them”[I8]. Concretely, they can e.g. pro-
pose a code of conduct to foster individual responsibility in
the employees, as a shared commitment “that they can and
should refuse any tasks they believe are not in favor of the
social well-being”[I8]. As “the link between the levels” [I9],
understanding both management and bottom-up drives, the
moderator can signal what to start with, “the low-hanging
fruit that would work to build relationships and trust before
you try to reconfigure their actual practices as opposed to
just kind of making small changes at first”[I5]. In addition
to these formal support structures, two interviewees empha-
sized the importance of having allies to combat power dif-
ferentials in organizations: “An internal support system is
essential, it may come in many forms, sort of like informal
ethical working groups that are under the radar in which they
can internally in a safe way discuss issues such as a manager
dismissing ethical concerns”[I1].

5 Discussion
This study was designed to align recommendations towards
social justice for AI practitioners with the priorities of those
actively fighting for it: civil society organizations. CSOs
supported existing recommendations, yet had clear priori-
ties and necessary additions to bring practice closer to their
experiences when working towards social justice (§4). We
summarize key findings before outlining limitations, future
work, and promising recommendations towards practice.

5.1 CSOs as Experts in Structural Issues
The insights from our CSO participants improve the initial
recommendations by adding nuance and ways forward. This
positions the CSO community as an extremely valuable, yet
often overlooked source of experience and expertise regard-
ing social justice-oriented AI practice. While our baseline
recommendations (§3.1) were grounded in socio-technical
and intersectionality-related literature as well as AI practi-
tioner experiences, our CSO participants identified key con-
siderations around structural challenges and injustices, for
example, that techno-solutionism and the hierarchy between
disciplines impedes mutual respect and learning (in line with
e.g. Raji, Scheuerman, and Amironesei 2021; Bates et al.
2020). Whilst the contextual nature of socio-technical con-
siderations are often emphasized, participants recognized
each others’ structural challenges that occurred across their
diverse projects. CSOs underlined a critical mindset, humil-
ity, and adaptivity (embodied by e.g. a desirability check,
dispelling AI myths, or adding concrete costs to reflexiv-
ity) as vital for enacting change towards social justice—
independently from the concrete use case.

5.2 Distinguishing Spheres of Influence: Start
Small and Expand Outwards

Previous works have found that AI practitioners often re-
frain from taking actions towards social justice since they
either fear that “being critical does not fit the work environ-
ment” or “to never do it good enough” (Vethman et al. 2025)
(see also Sadek et al. 2025; Rakova et al. 2021; Schiff et al.
2020). Our findings address both concerns since our CSO
participants explicitly acknowledged structural barriers and
power imbalances within organizations that restrict possi-
ble spheres of influence or action (§4.6). In fact, they did
not expect AI practitioners to completely overturn or contra-
dict their organization’s operations but to start within their
sphere of influence (§4.6). This reflects Young’s view of so-
cial justice, i.e. the notion that we all have a responsibility
to endure some discomfort to recognize structural injustices
and effect lasting change as we are all part of and benefit
from the structures that make our society (Young 2011). In
other words, we found that CSO experts express grace and
understanding towards pragmatic and imperfect approaches,
however, do not see structural challenges as an excuse for
inaction. Indeed, our participants reported various ways for-
ward that practitioners can immediately apply to their every-
day work, e.g. to practice epistemological humility (§4.1),
clearly communicating expectations, feedback, and values
(§4.4), or to consider the value of AI (vs. other solutions) in
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a problem-first approach (§4.2, (see also Bender and Hanna
2025; Katell et al. 2020; Gerards et al. 2022)). Finding mo-
mentum in a practitioner’s current sphere of influence with
the potential to slowly expand outwards. Indeed, we hope
that the recommendations resulting from our study further
this goal: while designed to provide a roadmap of social
justice-oriented actions they may also help to communicate
and legitimize such actions to colleagues (as in Petterson
et al. 2026). This may in turn support inviting more AI prac-
titioners to affect social change, i.e. to create organization-
internal allyship (Ross 2025; Abebe et al. 2020).

It may appear paradoxical at first to advocate for struc-
tural changes yet targeting recommendations for motivated,
individual practitioners. However, our findings emphasize
that AI practitioners’ choices are part of larger structures and
have the potential to cause a ripple effect within their orga-
nization and beyond. Importantly, practitioners’ recognition
and action should be seen as a powerful complementary ap-
proach for social justice rather than a replacement for CSO
initiatives (e.g. advocacy and litigation) tackling structural
challenges that cross organizational boundaries.

5.3 Limitations & Future Work
This study has three limitations, each of which open up av-
enues for future research. First, we aimed to include di-
verse and underrepresented voices and achieved participa-
tion from at least two organizations from five continents for
the workshop (§3.2). Still, dominant voices from Europe
remained overrepresented and future work could explore
how reflections differ when CSOs of other continents or re-
gions are deliberately centered. Second, our findings might
be affected by the specific use case the workshop focused
on, i.e. fraud detection in public social welfare recipients.
This was a deliberate methodological choice to gather in-
sights anchored in a concrete case with documented cases of
manifested harm around the globe (OECD 2025; Amnesty
International 2024a, 2021, 2023). However, this anchoring
may have skewed our findings towards automated decision-
making algorithms in the public sector. To mitigate this, we
explicitly raised this concern during the workshop, prompt-
ing participants to also share ways forward based on their
own experiences, evoking responses that covered a broad
range of high-stakes AI use cases. Nevertheless, we recom-
mend future works to test the applicability of the recommen-
dations to other domains. Third, during the workshop, CSO
reflections were stimulated by existing, practitioner-oriented
recommendations (§3.1) before moving to more open reflec-
tions. While we chose this format to provide nuance and
depth to existing recommendations, this is likely to have
guided reflections. We invite future works to apply these rec-
ommendations to specific local projects or take a more-open
ended approach, which may confirm structural commonali-
ties raised in our study or signal new aspects.

5.4 Recommendations Towards Practice
We now discuss how our findings can inform concrete ac-
tions towards social justice. First, we urge for actions that
increase the number of motivated AI practitioners that are
aware of our CSO-informed recommendations. Here, we see

a concrete role for practitioner-focused educators to inte-
grate our recommendations into their educational resources
such as those from AI & Equality Community (2023), Tur-
ing College (2025), The Alan Turing Institute (2023) or UN-
ESCO (2026). Aligned with studies that advocate for reflec-
tive exercises (Bates et al. 2020; Boyd and Shilton 2021;
Lindberg, Karlström, and Männikkö Barbutiu 2021), train-
ings for critical competencies (see §4.6) should also cover
the value and methods of reflexivity.

Second, our findings show that the CSO community holds
extremely valuable experiences and expertise on how those
outside civil society can work towards social justice (§5.1).
Thus, we urge to make this community, still too often
overlooked in research contexts, a fundamental partner in
discussions around social justice-oriented AI development.
This could include future research efforts (see §5.3) as well
as in concrete cases in public services, preferably where
CSOs have already identified and addressed structural is-
sues (building on §5.2) (see e.g. Coders Beyond Borders
2026). Additionally, while it is not new to invite CSO voices
into policy discussions, our findings suggest that this could
go beyond the typical role of “skeptics” (p.3 in Barakat
2024) critiquing suggestions. Instead, CSOs could be an in-
tegral part from the outset, i.e. co-author guidance on social
justice-oriented AI in a more foundational role. This is es-
sential given the dominant role of large technology corpora-
tions in the AI governance discourse (Birhane et al. 2026)
as well as gaps in socio-technical understandings in policy
perspectives (Migineishvili et al. 2026).

Third, towards putting these recommendations into prac-
tice and following the “spheres of influence” approach
(§4.6), it seems promising to look for application areas with
incentive to focus on social justice. Here, the public sector
seems especially suitable: it is (i) under obligations to work
in line with public interests (Cobbe et al. 2020) (vs. com-
mercial interests alone) and (ii) increasingly adopting AI in
its services (Valle-Cruz, Gil-Garcia, and Sandoval-Almazan
2024) (key reasons for our case study, §3.2). Here, AI often
disadvantages the same communities that are the most re-
liant on public services, making it crucial to consider AI de-
ployment with great care and focus on social justice (Hudig,
Kallina, and Singh 2026). Driven by these motivations, the
public sector could become an early adopter of our CSO-
informed recommendations, e.g. by integrating them into
processes of in-house development or making them procure-
ment requirements (Hudig, Kallina, and Singh 2026).

6 Conclusion
The civil society actors, who have advocated and litigated
against AI harms that exacerbate structural injustices, can
also be fundamental allies to AI practitioners that are moti-
vated to prevent the harms from happening in the first place.
In this work, civil society insights sharpened recently for-
mulated recommendations for practitioners into pragmatic
actions that acknowledge, yet are not impeded by, structural
and organizational barriers. We urgently invite practitioners
to join us to complement civil society in fostering social jus-
tice through humble and strategic actions everyday.
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Positionality Statement

As in the central aim of our contribution, we are grateful to
reflect which positions are represented in the research design
and writing of this paper, which voices are missed and which
actions were taken to face our blind spots.

This research effort is conducted by a team based and with
most experiences in Europe. As such, we actively faced our
blind spots toward non-European experiences through dis-
cussions with colleagues in other continents and deliberate
effort to invite participants from other regions in the world.
Next to that, the team consists of a 50%-50% collaboration
between critical academic actors and actors from civil soci-
ety organizations. Both civil society partners, Women in AI
and Women At The Table, are working on a global scale,
with chapters and initiatives specifically targeting diverse
non-Western perspectives. This position made us aware of
how research can be extractive and exhausting for civil so-
ciety. As such, we adjusted for example the format of the
workshop (see §3.2) and proposed to give dedicated time
back to participants for their initiatives, which some actors
have acted upon.

Aware that not every relevant experience of oppression or
compounded forms of oppression could be included in the
team, we practiced what is eventually preached in this paper
and in efforts before (i.e. Vethman et al. (2025) and Mirsch
et al. (2026)): a humble, adaptive stance that aims to respect
diverse opinions. We consciously reflected on people’s di-
verse and unique realities and respected and welcomed any
disagreement, discomfort or critical feedback between and
within participants and authors. To illustrate this: during the
workshop, a participant was critical of the notion that CSOs
were considered as suitable representatives of harmed com-
munities in the use case of welfare fraud detection. The par-
ticipant wrote this on a sticky note and chose not to speak up
when the author/facilitator invited them to elaborate. We re-
spected this and instead asked all participants to share their
arguments or experiences about civil society organizations
being an unsuitable representative. That is, we acknowl-
edged their voice, respected their reasons for not speaking
up, and shared the burden of reflecting on this question with
all participants to gather their nuance within the discussion.

We are aware of our position as actively learning actors
within this domain of social justice and technology. Our cho-
sen way of working, guided by the calling-in approach of
Ross (2025), drives us to be very grateful for all the feed-
back received before, during, and after the research activi-
ties and makes us also welcome any constructive feedback
or comments that interested readers of this article would like
to share. As our commitment and initiative do not end with
this research article, we are happy to take any thoughts with
us in the continued effort to come.

Generative AI Usage Statement

No use of generative AI is used with respect to the preparing,
generating or proofreading of this manuscript.
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