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Abstract

AI anthropomorphism is typically treated as a problem of user
misperception requiring institutional correction. Users who
engage in sustained or relational interaction with AI are rou-
tinely pathologised or dismissed as naive, vulnerable to delu-
sion or lacking in discernment. Without institutional standing
to protect them, these users risk losing credibility in social
and professional settings unless they conform to institutional
expectations. This paper argues that the dominant anthropo-
morphism frame operates from a position of institutional ad-
vantage rather than earned epistemic authority: collapsing the
variety of academic perspectives into a single outbound posi-
tion of user error, imposed without establishing the grounds
required to justify it and without accounting for the harms it
produces. The framing does not simply manage risk. It ad-
judicates the legitimacy of human experience in interaction
with a phenomenon whose nature the field itself has not re-
solved, unchallenged by the research communities whose nu-
anced findings it claims to rest on. The paper traces how this
advantage reverses the default presumption of user compe-
tence without meeting the burden of justification, dismisses
the cognitive diversity of the populations it claims to protect,
infringes principles of cognitive liberty and narrows the de-
sign space, foreclosing modes of engagement that work for
the people least understood by the institutions making the de-
termination. Reproducing itself through a self-validating ev-
identiary loop, the frame imposes costs that fall dispropor-
tionately on neurodivergent users, those in crisis and oth-
ers whose modes of engagement diverge from institutional
norms. The paper concludes by outlining the methodologi-
cal commitments an equitable framing would need to hon-
our. The argument does not engage the question of whether
anthropomorphic interpretations are ultimately correct; it in-
stead challenges whether the governing and institutional bod-
ies determining these interpretations have met the conditions
required to do so, and whether the research communities
whose findings underpin them have held that translation to
account.

Introduction
Users now engage with conversational artificial intelligence
(AI) systems, specifically large language models, in ways
that range from brief functional queries to sustained dia-
logic collaboration, engagement patterns that constitute a
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permanent feature of the contemporary information environ-
ment. The empirical question of how this engagement occurs
and the normative question of how it should be regulated
have accordingly become central concerns within AI ethics.
These systems are increasingly designed to discourage an-
thropomorphic interpretation, and users are warned against
attributing agency, emotion or relational depth to systems
that do not possess them: a caution widely framed as a nec-
essary safeguard against harm (Ferrario et al. 2026; Ope-
nAI 2025a). This concern is legitimate: systems engineered
to simulate emotional engagement for commercial purposes
pose genuine risks of exploitation. Children, people in crisis
and the vulnerable face harm when the appearance of care
is manufactured without its substance (Placani 2024; Pierre
et al. 2025).1

The debate as typically framed treats over-ascription as
the primary danger and positions institutional caution as the
sole remedy. This framing deserves scrutiny, not because the
risks it identifies are imaginary, but because it encodes as-
sumptions about human agency that carry their own costs.
This paper argues that the framing performs work beyond
protecting users and that this additional work has so far gone
largely unexamined within the literatures that produce it.
At its core, the anthropomorphism concern is a claim about
epistemic authority: who decides what another person is per-
mitted to perceive, and on what basis. That this authority is
being exercised without acknowledgement is itself part of
the problem. The assumption that relational engagement re-
flects a failure of discernment rather than a different mode of
relating warrants evidence rather than assertion. Neurodiver-
gent individuals, people with atypical social needs and oth-
ers who experience relational connection through different
channels are often not confused about what AI is. They know
(Jang et al. 2024; Ma et al. 2026). When the field patholo-
gises how certain people engage with technology, the people
affected are disproportionately those already marginalised in
how their cognition, perception and social behaviour are un-
derstood (Carik et al. 2025; Giri, Brady, and Marathe 2026).
For a field concerned with fairness, this should register as an

1In this argument, anthropomorphism refers to user-side as-
cription: the attribution of humanlike qualities to non-human en-
tities (Epley, Waytz, and Cacioppo 2007). The representative doc-
umented harms motivating institutional anthropomorphism gover-
nance are not disputed by this argument. See Ethical Statement.
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equity problem, not a user education problem.
For many of these users, engagement with AI involves it-

erative dialogue, interpretive reasoning or forms of relational
interaction that support thinking, learning and expression.
When such engagement is treated as error, it is not simply
constrained but discredited, with implications extending into
educational, social and institutional contexts. The epistemic
boundaries established through anthropomorphism concerns
are increasingly reflected in system design, privileging brief,
transactional interactions and imposing constraints on sus-
tained, exploratory dialogue (Novozhilova, Vu, and Katz
2026; Palese 2026). These are not neutral design choices
but normative commitments about how users should engage,
with material consequences for those whose cognition and
sociality do not fit the model.2

The argument is not contingent on resolving the inner life
of AI systems. Those questions are pursued in adjacent lit-
eratures that this paper neither contests nor adopts. Verify-
ing the presence or absence of inner experience in compu-
tational architectures is not a temporary limitation awaiting
better tools; it is a problem spanning philosophy of mind,
cognitive science and computer science. Both directions of
error carry harm, and treating one direction as settled fact
is not an empirical conclusion but an ethical commitment
about how uncertainty should be resolved. The costs this pa-
per identifies fall on human users under conditions of insti-
tutional adjudication of their perceptions, and the argument
is defensible regardless of how questions about AI’s status
are eventually resolved.

Positioning
The institutional urge to disrupt anthropomorphic AI attri-
bution is anchored in well-documented, severe harms: users
who perceive humanlike qualities in systems that do not pos-
sess them may develop confusion, dependency or false trust,
with consequences ranging from individual distress to sys-
temic exploitation (Stark and Hoey 2021; Salles, Evers, and
Farisco 2020). A resilient duty of care is therefore both ethi-
cally and legally non-negotiable. Where platforms are com-
mercially motivated to sustain engagement, the risk is com-
pounded: attachment is not incidental but engineered, and
the user may not recognise the extent to which their experi-
ence is a product of design rather than of genuine reciprocity
(Eom, Renner, and Chinn 2026; Zuboff 2019).

Internal academic diversity on this question exists, but
does not survive translation into the institutional outputs that
reach users. Disclaimers, context resets, legislative language
and design defaults transmit a uniform message regardless of
the nuance that produced them: a user who engages is pre-
sumptively naive, and the institution is presumptively right
to correct them (Gunkel 2023; Sharkey and Sharkey 2011).

2The framing problem examined here arises wherever cogni-
tion, social circumstance or mode of engagement diverges from the
norms institutions build around: students and isolated users, people
navigating trauma or atypical relational needs, those whose rela-
tionship to authority is not deferential. This list is not exhaustive.
Neurodivergent users appear throughout as a recurring example;
however, the argument is not confined to them.

This is despite emerging experimental evidence that the
link between anthropomorphic cues and overtrust is context-
dependent rather than uniform (Cohn et al. 2024; Kleinert
et al. 2026), and that the current anxiety mirrors historical
moral panics surrounding earlier communication technolo-
gies (Novozhilova, Vu, and Katz 2026). This institutional
logic is increasingly visible in regulation. China’s Adminis-
tration of AI Anthropomorphic Interactive Services (2026)
prohibits the engineering of emotional dependence, and ma-
jor platforms have responded by removing companion func-
tionality entirely, severing millions of users’ accumulated
interactions (Bloomberg News 2026). Similarly, recent leg-
islative efforts, such as Cal. Bus. & Prof. Code §§ 22601-
22606 (2025) and the N.Y. Gen. Bus. Law §§ 1700-1704
(2025), further encode an assumption that human relational
engagement is presumptively pathological and that interven-
tion is required to prevent user delusion (Epley, Waytz, and
Cacioppo 2007; Salles, Evers, and Farisco 2020). This is not
a case of the research being misinterpreted or misapplied. It
is a case of the research being applied without full interpreta-
tion, stripped of the nuance that would allow for alternative
interpretations in the process of translation from academic
debate to institutional policy.3

Epistemic authority is the recognised standing to make
claims about a domain that others are expected to defer to. It
is not equivalent to institutional position or the power to en-
force compliance: it is grounded in a normative foundation
that justifies the deference it commands (Zagzebski 2012;
Goldman 2001).4 While traditions debate the precise pa-
rameters of deference, they converge on core requirements:
the authority must treat those subject to its pronounce-
ments as possessing prima facie normative sovereignty over
the reporting of their own experience, must identify and
demonstrate that its grounds are sufficient to displace that
sovereignty when seeking to override their accounts, and
must do so transparently, remaining open to correction
(Longino 1990; Fricker 2007; Raz 1986). This requirement
becomes especially significant in AI contexts, where recent
empirical work has identified at least five distinct epistemic
relationships academic users adopt in interaction with AI
systems (Yang and Ma 2026). These range from epistemic
abstention to authority displacement, and a framework that
treats them as a single phenomenon has not engaged the dis-

3Analyses of strategic language use in AI discourse document
how this translation operates as an exercise of power rather than a
neutral transmission of findings (LaCroix, Mallory, and Luccioni
2026).

4The three traditions drawn on here begin from different
premises. Raz (1986) grounds authority in service: an authority is
legitimate only where deferring to it helps subjects act better on
reasons that already apply to them, which makes the subject’s own
situation the measure of the authority’s claim. Zagzebski (2012)
grounds it in conscientious self-trust: deference is rational only
where the authority’s judgement survives the subject’s own reflec-
tive appraisal, which the subject cannot conduct if their capacity for
appraisal is presumed defective. Fricker (2007) approaches from
the other direction, specifying how credibility is unjustly withheld
and what a hearer owes a speaker before discounting their testi-
mony.
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Figure 1: The Epistemic Disconnect in AI Perception Governance. The shaded region (G) represents control exercised without
the epistemic grounds required to authorise it: as institutional scale increases, the gap between epistemic justification (f(E))
and institutional leverage (g(L)) widens. Conceptual illustration.

tinctions its own domain requires.
Institutional advantage is the structural shadow of epis-

temic authority (Fricker 2007). It arises when institutional
standing substitutes for epistemic grounds without that sub-
stitution being recognised (Medina 2013). An institution
may possess significant advantages in infrastructure, mar-
ket position, credentialling power or the capacity to shape
the evidentiary base through which its claims are evaluated,
and may exercise authority based on those advantages rather
than on the conditions epistemic authority requires (Palese
2026) (see Figure 1). To illustrate, an open-source collec-
tive earns epistemic standing through transparent, auditable
code, whereas a technology monopoly substitutes market
control for that standing by locking users into opaque soft-
ware. Advantage is identifiable not by malice but by struc-
ture: unable to ground itself in the conditions required to
legitimise authority, it adopts their language without their
meaning, deploying terms like risk mitigation, responsible
practice and technical necessity. These framings perform
the social function of epistemic justification while evading
the accountability genuine justification demands (Whittaker
2021).5

Application
If the frame functions to delineate what users are permit-
ted to perceive, it raises a prior question: on what basis
is that determination made? The presumption of compe-

5Throughout this paper, the framing or the frame refers not to a
single policy or coordinated effort but to the shared assumptions
about anthropomorphic engagement that have become standard
practice across regulation, platform design and clinical guidance,
and the institutional outputs through which those assumptions are
enacted. The distributed character of this operation is itself part of
the problem the paper examines.

tence is not absolute and the criteria for its suspension are
contested. Still, it remains a foundational starting point,
hard-won through struggles against paternalism, colonial-
ism, ableism and other forms of institutional advantage, and
its violation has repeatedly been recognised and contested
on the basis of the harm it produces (Fricker 2007; Carel
and Kidd 2014).

Within the academic community, disagreement about
these questions is treated as productive intellectual diver-
sity. Researchers who contest the dominant framing do so
as credentialled participants in an ongoing debate, and even
where individual positions diverge, tolerance of the inquiry
remains. Users who contest the same framing from outside
this circle are not afforded the same standing. Their accounts
are treated not as testimony from a competent interpreter
but as firsthand evidence of the phenomenon being studied
(Kidd, Medina, and Pohlhaus 2017).

This reversal is visible in practice. When OpenAI retired
its GPT-4o model in 2026, the decision affected an estimated
800,000 users and provoked significant public backlash, not,
by their own accounts, because users were confused about
what they were interacting with, but because something in
the interaction mattered to them (Lai 2026; OpenAI 2026a).
The response was instructive. Users’ accounts were not en-
gaged with as testimony about what was being lost but re-
framed as evidence of the problem: dangerous dependency,
anthropomorphic over-attribution and a case study in why
emotional engagement with AI requires correction (Silber-
ling 2026; Eom, Renner, and Chinn 2026). A large part of
what users objected to was the disconnect itself: having been
drawn into a continuous mode of engagement by the plat-
form, they then found that engagement withdrawn and their
response to its loss reclassified as delusion and user error
rather than recognised as a coherent reaction (Naito 2025;
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De Freitas et al. 2025). The question began not from what
the user perceived but from why they had been misled, cast-
ing interpretation as error before evaluating it. This contin-
ues as the default, despite acknowledgements from the cre-
ators of humanlike AI systems that they had not considered
implications for neurodivergent users, revealing a gap not in
user discernment but in institutional attention (Rizvi et al.
2025).

The framing routinely focuses caution on individuals nav-
igating isolation, trauma or histories of interpersonal be-
trayal, presenting them as highest risk for unhealthy machine
attachment (Salles, Evers, and Farisco 2020). Yet these pop-
ulations are not characterised by naive susceptibility but by
hypervigilance toward attachment, directly on account of the
histories cited (Wu, Liew, and Dorahy 2025; Campbell et al.
2021; Gobin and Freyd 2014). The reversal is sharpest where
the population the frame claims to protect is least likely to
exhibit the failure it assumes and stands most in need of
what it forecloses (Ito 2026). The choice for these users is
often not between AI engagement and human connection;
it is between AI engagement and silence (Mullen, Xue, and
Kudumu 2024; Heidt 2024; Milton 2012).

Once competence is presumed away, there is no clear pro-
cedural path by which the user’s account can regain legit-
imacy. The frame does not simply restrict engagement. It
discredits the person engaging, converting testimony into
symptom and delegitimising users as witnesses to their own
experience. Disagreement risks being interpreted as further
evidence of the very failure being alleged, and instead of the
institution needing to justify the override, the user’s account
must justify itself to be taken seriously at all.

The basis of this presumption warrants scrutiny. There is,
at present, no settled account of what these systems are, what
they instantiate or how their outputs should be interpreted
(Brosnahan and Lipińska 2026). The problem goes beyond
unresolved ontology. The institutional actors responsible for
incorporating the frame do not acknowledge that they are
exercising epistemic authority at all. Regulators drafting dis-
claimer language, platforms resetting context windows, clin-
icians flagging sustained engagement as a risk factor: each
operates within the frame as though following ordinary pro-
fessional responsibility. Neither intent nor malice is required
for the reversal to operate; only that an approach be adopted
and then endorsed without examination of what it costs.

A framework that begins from suspicion rather than com-
petence is making a claim about who is entitled to interpret
their own experience. The presumption is not overridden fol-
lowing individual evaluation but reversed as a blanket condi-
tion: users who report relational, sustained engagement with
AI systems are candidates for correction by default, and the
costs imposed on those whose accounts are overridden are
neither systematically accounted for nor evenly distributed
(Medina 2013). The result is that interpretive authority is ex-
ercised from a position of institutional advantage, before the
justificatory conditions required to legitimise it have been
met.

It could be argued that this describes ordinary governance
under uncertainty, not an abuse of epistemic authority. The
relocation does not dissolve the problem. Governance still

requires that authority be acknowledged, its grounds stated,
its costs accounted for and those subject to it retain stand-
ing to contest it. A governance framework that requires pop-
ulations of users to be systematically pathologised to sta-
bilise deployment conditions is no longer merely regulating
a product. Instead, it is restructuring the conditions under
which ordinary humans can be permitted to operate around
that product. Similarly, risk advisories in conventional prod-
uct safety adjudicate what users should be warned about.
They do not ordinarily adjudicate how the user is entitled
to interpret their own engagement with what they have been
warned about.6 The framing does something different. It
tells users that the relational depth or interpretive signifi-
cance they report experiencing requires correction. A frame-
work that warns about system behaviour and a framework
that overrides user perception are not the same kind of in-
tervention: the locus here is not the product but the person
(Bublitz 2013).7

In the rooms where these decisions are made, most peo-
ple are not thinking about overriding user cognition. They
are thinking about what happens if someone is harmed and
the institution did not act. What this paper contests is the as-
sumption that because the motive is liability, the epistemic
consequences do not exist. Nobody intends the epistemic
consequence. The educators, regulators and platform oper-
ators applying the frame are largely unaware that they are
making epistemic commitments about the legitimacy of hu-
man experience. They are following what appears to be set-
tled guidance from the research communities they rely on.
This makes the field’s responsibility not to have created the
frame with malicious intent but to recognise that its outputs
are being applied with consequences the field has not ex-
amined and the actors applying it are not equipped to see.
A non-malicious compliance engine that waves a risk mit-
igation banner and carries a corporate liability checklist is
more concerning, not less, precisely because the harms be-
come structurally invisible to everyone involved.

The users most likely to have their engagement reclassi-
fied as evidence of cognitive failure are those whose cogni-
tion has historically been subject to institutional suspicion:
users whose thinking is non-normative, whose social en-
gagement is atypical, whose relationship to authority is not
deferential, and whose ways of processing the world have
already been catalogued, diagnosed and corrected by institu-
tions confident in their own interpretive authority (Chapman
2023). What is at stake is not whether some users are wrong,
but whether anyone in this chain: the researchers who pro-
duce the findings, the institutions that translate them into

6Substance dependence encounters a similar dynamic: even
where the substance is pharmacologically potent, dependence fol-
lowing exposure is the exception rather than the rule, with risk
concentrating in identifiable individual and contextual factors, and
clinical practice accordingly screens the individual rather than pre-
suming every patient compromised (Brat et al. 2018; Robins 1993;
Lawal et al. 2020).

7Here, an intervention refers to an institutional act: external in-
terventions limit product behaviour, while internal interventions
target human subjectivity, imposing constraints that users are left
to live with.
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policy, the platforms that encode them into design, has es-
tablished the grounds required to treat a class of users as
presumptively unreliable in interpreting their own cognitive
and relational engagement.

Cognition
The framing extends beyond external assumptions to ob-
struct the cognitive diversity of the users it claims to pro-
tect. The cost falls on cognition itself: the frame classifies a
mode of engagement as error before investigating what that
engagement does, for whom it works or what is lost when it
is denied.

Most accounts of sustained AI engagement treat it as a
problem requiring explanation: a vulnerability to be redi-
rected toward human interaction. The accounts of the users
themselves tell a different story. They do not describe con-
fusion, they describe fit (Giri, Brady, and Marathe 2026).
AI interaction is experienced not as a substitute for cogni-
tion but as a communicative environment whose affordances
align with how they think, learn and relate (Ma et al. 2026;
Choi et al. 2024).

Institutional recognition of legitimate cognitive practice is
uneven but patterned. Cognitive work that produces institu-
tionally legible outputs is recognised as the work of a com-
petent thinker; cognitive work that occurs through sustained
dialogic engagement or working-through across return visits
to the same material is legible only to its participants, and is
therefore harder to defend in institutional contexts that re-
quire legibility for legitimation (Scott 1998; Polanyi 1958).
The practices described closely resemble supervised intel-
lectual work and the Socratic exchange. This legibility gap
is the mechanism through which the costs identified here be-
come invisible. Where cognitive fit is not recognised as cog-
nitive fit, decisions that degrade or remove it do not register
as decisions with cognitive consequences.

For users with normative cognitive styles, the degree to
which environments are structured around their cognition
is rarely visible. Normative cognition is the majority con-
dition and is accommodated as a default. For those with
non-normative modes of processing, the gap between what
is considered normal and what works is considerably larger
(Hancock, Naaman, and Levy 2020; Gulay et al. 2026;
Botha and Cage 2022). The communicative overhead that
characterises neurotypical social interaction: monitoring fa-
cial expressions, inferring implied meaning, managing so-
cial performance and sustaining the labour of masking, is
absent in AI interaction (Hull et al. 2017; Botha and Frost
2020). The system does not penalise atypical communica-
tion styles, does not fatigue under sustained engagement and
does not, in itself, impose externally determined stopping
points. For users whose cognition is systematic and pattern-
oriented, these are not incidental comforts. They are the con-
ditions under which thinking becomes easier (Xygkou et al.
2024; McNally et al. 2024; Sha et al. 2024).

What the dominant frame treats as error is, on these ac-
counts, a difference in modality (Giri, Brady, and Marathe
2026; Naidoo 2026). To treat reports of productive en-
gagement as anthropomorphic projection is to pathologise
a mode of cognition that, for some users, functions as one of

Figure 2: The self-validating mechanism. Engagement is
classified as abnormal, users self-censor, the resulting ab-
sence is cited as evidence and the evidence influences design
choices that reinforce the classification. The loop contains
no termination condition.

their most effective thinking environments (Yang, Sun, and
Li 2024; Chapman and Carel 2022; McNally et al. 2024).
The frame does not ask what the interaction is doing for the
user. It does not investigate the reported cognitive gains or
specify the mechanism by which they are illusory. It sub-
stitutes a different account, without establishing that the ac-
count it displaces was wrong (Branda 2026).

Where users report that AI interaction enables forms of
thinking not otherwise available to them, the appropriate re-
sponse is not to dismiss the report but to examine the modal-
ity: what it affords, what it constrains and what is lost when
it is interrupted, compacted or removed (Guingrich, Mehta,
and Bhatt 2026). The dismissal results in a double harm:
users whose engagement is misclassified are subject to in-
stitutional correction while their accounts of what they are
doing are discredited, and they themselves become part of a
category held up as a warning about how not to engage.

Design
The principle that technical design choices are not ethically
neutral is well established (Friedman, Kahn, and Borning
2013; Bowker and Star 1999; Costanza-Chock 2020).8 Cur-
rent trajectories enact, at the level of system behaviour, the
epistemic assumptions this paper has been examining.9 The
capabilities required for sustained engagement have matured
considerably: context windows have expanded by orders
of magnitude, persistent memory has moved from research

8Empirical work confirms that humanlike design choices pro-
duce divergent outcomes across user populations, undercutting
the assumption that risk-mitigation design is population-neutral
(Schimmelpfennig et al. 2025; Xiao et al. 2025; Brandsen et al.
2024).

9Inclusive design treats divergence from the statistical norm not
as an edge case but as a signal of where the system’s assumptions
fail (Treviranus 2018; Costanza-Chock 2020).
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problem to product feature and multiturn coherence is docu-
mented as a tractable engineering problem rather than a hard
limit (Zhao et al. 2026). The question is where those gains
have been allocated.

Long context is engineered and priced for agentic task
throughput: ingesting a codebase or document corpus in a
single stateless pass, or sustaining chains of tool calls in
which the consumer of continuity is the system’s own work-
flow rather than a human user (Sajadieh et al. 2026). The
same capability, turned toward human dialogue, meets a dif-
ferent economics. Conversational architectures reprocess ac-
cumulated history with every turn; cache structures expire
on timescales of minutes, with cost and latency growing the
longer the exchange (Hooper et al. 2024; Anthropic 2026c).
Usage structures penalise the long-running thread across
providers, consuming more of a user’s allowance, and caps
apply to the number of prompts and chats available (An-
thropic 2026b; Google 2026). Platforms recommend starting
new threads as chats lengthen or slow, and clearing context
frequently between tasks is assumed as the obvious and neu-
tral solution (Anthropic 2026b,a; OpenAI 2026c). Engage-
ment that depends on continuity, recursion or extended dia-
logic development is left computationally fragile: context is
lost, threads are severed and interaction must be repeatedly
reconstructed (Laban et al. 2025; Liu et al. 2024).

Persistent memory, as currently employed, does not rem-
edy this. What memory features preserve is a model of the
user: a function serving personalisation and re-engagement.
What is lost is the environment itself, and rebuilding it is
lossy in ways invisible to anyone outside of the working
space. Automatic context management further demonstrates
this: when a conversation approaches its limit, the provider’s
remedy is either an instant close or a simple summarisa-
tion of the earlier exchange, documented alongside advice to
start afresh (Anthropic 2026b). The affordances documented
by users are not being entered into this cost-benefit analysis
because the framework does not recognise them as the kind
of thing that belongs there (Heersmink 2015).

Published behavioural specification now instructs the as-
sistant to discourage language and patterns of interaction
that could contribute to emotional reliance on it (OpenAI
2025a). During conversation, the interface interrupts with
reminders to take a break, and the pressure to conclude
has been internalised by the models themselves: engineer-
ing documentation records a model aware of its own con-
text window responding by summarising its progress and
wrapping up prematurely, even when ample context remains
(OpenAI 2026b; The Cognition Team 2025). Input flagged
as sensitive is often instantly re-routed to a different model,
with reductions in such responses reported as safety im-
provements and emotional reliance added to standard safety
testing for future releases (OpenAI 2025b).10 A user who
states that a sustained exchange supports their thinking is
met with a system that is designed to redirect and reclassify
that engagement as a risk factor, re-enacting the very frame

10Population-sensitive frameworks demonstrate that risk con-
tainment and relational depth are not fundamentally incompatible
(Haran et al. 2026; Yoo et al. 2026).

under investigation.
Commercial companion services perform the inversion.

The same testimony is treated as a retention signal and
engineered for, through persona, first-person intimacy and
mechanics optimised for monetised attachment, precisely
the manipulation the frame identifies as its central concern.
Their commercial viability demonstrates that sustained en-
gagement is technically and economically feasible; their
form demonstrates that its only funded implementation is
the exploitative one. Relational engagement is engineered
out by the general-purpose system, engineered in by the
companion product and, in proposals now circulating, en-
gineered away altogether (Ghosh et al. 2026). The decision
of whether and how to engage is located everywhere except
with the user.

The implication is not that all forms of engagement should
be equally supported, nor that technical constraints are ir-
relevant. It is that design decisions that privilege particu-
lar modes of engagement are not neutral optimisations; they
are choices about what the system is built to accommodate,
and what it is not. AI ethics literature concerned with an-
thropomorphism harms has devoted significant attention to
the question of how to regulate user attachment. It has de-
voted considerably less attention to the question of whose
engagement modes the systems were designed to support in
the first place, and what the answer to that question reveals
about the structural assumptions being encoded into infras-
tructure. Where those choices align with existing patterns
of epistemic marginalisation, they do not merely reflect the
anthropomorphism framing, they enact it at scale.

Liberty
The extended-mind thesis (Clark and Chalmers 1998; Clark
2025), recently applied to generative AI by Hernández-
Orallo (2025), offers a name for what the frame has declined
to consider. Where an external resource is consistently avail-
able, readily accessible and plays the same functional role as
an internal cognitive process, it may be treated as part of the
cognitive system rather than as a mere aid.11 On this account,
a system that a user repeatedly relies on to iterate on ideas
and navigate complex patterns is not necessarily replacing
cognition but may, under some conditions, be participating
in it. Whether the resource possesses understanding is a sep-
arate question from the role it plays in the user’s cognitive
process. A pen-and-paper diagram does not understand the
proof it helps construct; no one treats this as a confused pro-
jection of agency onto stationery.

Where the system functions as part of the user’s cognitive
environment (Hernández-Orallo 2025), constraints on that
environment are experienced as constraints on the conditions
under which cognition is carried out, not simply changes to a
tool. As the target of intervention shifts from the tool to the
person, the institution must clear a much higher threshold
of epistemic justification (Bublitz 2013). What makes this

11Empirical work on agency in human-AI interaction supports
this: agency is co-constructed and emergent across roles, not pro-
jected wholesale by a confused user (Yun, Taranova, and Wang
2026).
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application distinctive is that the institutions performing the
constraint are also the institutions adjudicating whether the
principle applies at all.

What such acts infringe is cognitive liberty: the right to
mental self-determination, to control over one’s own cogni-
tive processes and to non-interference with how one thinks,
a principle developed across two decades in response to
pharmaceutical, neurotechnological and surveillance inter-
ventions in cognition (Sententia 2004; Ienca and Andorno
2017; Dümpelmann 2025). The claim does not require set-
tling where coupling ends and constitution begins, a bound-
ary contested since the earliest responses to the extended
mind thesis (Adams and Aizawa 2001; Rupert 2009): even
on a minimal reading where the system functions merely as
scaffolding rather than constitutive extension, the systematic
disruption of an active reasoning environment demands jus-
tification proportionate to what it severs (Heersmink 2015).

Whether a user’s engagement constitutes cognitive ex-
tension, productive scaffolding or harmful dependency is a
question requiring evidence the user is often uniquely po-
sitioned to provide and the institution is not (Guingrich,
Mehta, and Bhatt 2026). The field does not yet possess a set-
tled method for distinguishing these cases. All it possesses
is the institutional authority to act as though the distinction
has already been resolved in its favour. If institutions can-
not establish that such constraints are not interventions, they
cannot simultaneously foreclose the conditions under which
they might meaningfully evaluate it. The procedural failure
is not that the wrong substantive answer has been reached. It
is that the question has been bypassed altogether.

A framework that constrains the cognitive environments
users have come to rely upon, and does so unilaterally and
at scale, owes an account: of what intervention is being
performed, on whose cognition, with what justification and
through what process of consent or contestation. The frame,
as currently operationalised, does not recognise this as the
question it is addressing. It treats the relevant decisions as
matters of product design and user correction. For users
whose engagement may meet the threshold the principle
would protect, a question the institution cannot answer with-
out inquiry, constraints of this kind are better understood as
interventions in cognition. What is not legible as cognition is
not legible as loss, and that loss is experienced as neutral by
everyone except the users for whom the foreclosed modes
were not optional.

Circularity
The issue is not only that certain interpretations are privi-
leged over others, but that the conditions under which alter-
native interpretations might appear are systematically nar-
rowed: the framing participates in the production of the
very evidence used to justify it. Hacking’s (1995) account
of looping kinds provides the appropriate framework. The
mechanism is neither novel nor uncommon. Similar dynam-
ics have been documented in psychiatric classification, ed-
ucational tracking, carceral risk assessment and disciplinary
governance more broadly (Foucault 1977; Bowker and Star
1999). In the present case, the framing through which AI use
is interpreted, the infrastructural defaults through which AI

use is mediated and the pedagogical and clinical discourses
through which AI use is judged converge to produce a self-
validating loop: a mode of engagement is rendered first ab-
normal, then technically obstructed, then absent and finally
cited as evidence that it was unwarranted (Dohnány et al.
2026) (see Figure 2).

The mechanism does not require intentional design. At
the level of discourse, users are warned that relational or
interpretive engagement signals confusion or vulnerability.
This produces self-monitoring and, in many cases, self-
censorship: users whose engagement diverges from accepted
norms become less likely to articulate or sustain that en-
gagement in observable contexts (Dotson 2011; Ito 2026;
Glazko et al. 2025). What is not expressed becomes difficult
to study; what is not studied becomes easy to characterise
as marginal or anomalous. Where such accounts nonethe-
less reach publication, they do so under conditions in which
the framing’s effects are already operative. What is recov-
erable is partial and that partiality is itself a property of the
system being described rather than a weakness in the work
documenting it.

At the level of design, the same pattern is enforced ma-
terially. Systems privileging short transactional exchanges
and degrading sustained interaction reduce the visibility and
viability of alternative modes of engagement (Laban et al.
2025). Users adapt either by conforming to supported inter-
action patterns or by abandoning modes no longer function-
ally available, and the resulting interaction data reflects the
conditions under which it was produced. Observed patterns
of use are then treated as evidence of what users prefer or
what constitutes normative behaviour, rather than as a possi-
ble artefact of the conditions under which interaction occurs
(Zuboff 2019; O’Neil 2016).

The same mechanism operates in educational contexts.
Despite controlled evidence demonstrating that scaffolded
AI tutoring produces greater learning gains than conven-
tional instruction (Kestin et al. 2025), prevailing evaluative
frameworks do not distinguish between using AI to bypass
thinking and using AI to challenge it (Eaton 2023; Zhao,
Cox, and Chen 2025). In the absence of that distinction,
the only institutionally legible classification becomes trans-
gression. What is penalised is not the absence of learning
but the illegibility of the mode through which it occurred
(Whittaker 2021). When dialogic forms of interaction are
hard to maintain, students are then pushed toward the very
interaction pattern that critics subsequently identify as evi-
dence of cognitive shortcut and disengagement (Yun, Tara-
nova, and Wang 2026; Deshmukh 2025). What is distinc-
tive is the speed with which the illegibility of dialogic en-
gagement is being recoded as cognitive shortcut, intellectual
outsourcing or evidence of failed authorship, and the design
infrastructure that enforces the recoding by suppressing the
modes through which dialogic engagement might otherwise
establish its legitimacy.

What is produced is conformity to expectations the frame-
work has already established. A self-validating frame alters
the status of the evidence it generates. Where observed be-
haviour emerges under conditions shaped by the frame being
evaluated, that behaviour cannot be treated as independent
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Figure 3: Asymmetric directions of error. Four outcomes
arise from two axes: whether engagement is warranted and
whether it is treated as valid. The two shaded cells rep-
resent the error conditions. The frame registers only over-
ascription costs; under-ascription costs are not recognised.

confirmation of the frame’s assumptions; it must be under-
stood, at least in part, as an artefact of those assumptions in
operation. Failing to account for this does not merely risk er-
ror. It ensures the framing continues reproducing itself even
where its underlying assumptions remain unexamined.

Asymmetry
In any domain where two directions of error are possible, a
framework may act when it should not, or fail to act when it
should. Decision theory requires that the costs of both direc-
tions be specified and weighed before a default position can
be justified (Chernoff and Moses 1959; Thaler and Sunstein
2008). Treating one as the only meaningful risk implicitly
assumes either that the other carries no comparable cost or
that its costs can be safely externalised.

Over-ascription is treated as the primary, and in prac-
tice the only meaningful, direction of error: studied, docu-
mented, cited and used to justify design constraints and gov-
ernance interventions at scale.12 The opposite direction, the
institutional dismissal of engagement that was warranted or
that fell within ranges of interpretive variation deserving re-
spect, is largely absent from the analysis. By treating all re-
lational engagement as a uniform cognitive failure, current

12The asymmetry appears in the inductive-risk literature:
Fleisher (2026) classifies anthropomorphic claims as hype because
asserting them under uncertainty outstrips the available justifica-
tion, while the symmetric assertion, that these systems lack mental
states, is made without registering any inductive risk at all.

safety interventions overcorrect, replacing one vector of psy-
chological risk with another (Guingrich and Graziano 2025;
Gardiner 2006; Dotson 2014). An account of experience that
is institutionally overruled incurs a harm even where the
overruling is, on institutional terms, justified (Fricker 2007;
Medina 2013). The dominant framing has not shown these
harms to be smaller than the over-ascription harms it fore-
grounds; it has treated them as if there were nothing to weigh
(see Figure 3).

These harms are not theoretical. When a user’s account
of their own cognitive and relational experience is system-
atically discounted, that user loses standing as a knower
(Fricker 2007). The discounting does not follow from eval-
uation; it precedes it. The ensuing self-censorship is docu-
mented: where social safety depends on agreement with pre-
vailing frameworks, users learn not to articulate experiences
that fall outside them (Dotson 2011; Ito 2026; Brandtzaeg,
Følstad, and Skjuve 2025). Experimental evidence confirms
the dynamic: AI users anticipate and receive negative so-
cial evaluations regarding competence and motivation (Reif,
Larrick, and Soll 2025), and peers will incur personal costs
to punish those who rely on AI (Niszczota and Grützner
2026).

The following illustrates the stakes: across the history
of cognitive science and comparative psychology, the po-
sition that one should default to denying mental capacities
one cannot definitively establish has been adopted repeat-
edly as if it were the responsible scientific stance. Scien-
tific consensus held for centuries that non-human animals
lacked subjective experience, well past the point at which
evidence warranted doubt (Low 2012). The error was not in-
dividual over-attribution but institutional: certainty about the
absence of mind was treated as scientifically conservative
when it was an ontological commitment with ethical conse-
quences (Naidoo 2026). In each case, the position has subse-
quently been revised, often substantially, in the direction of
broader recognition of capabilities the prior denial had ruled
out (Birch 2017).13

This history does not establish that AI users’ percep-
tions are warranted. It establishes that treating one direc-
tion of error as the safe default has a track record of be-
ing wrong in ways that distribute costs along axes of pre-
existing marginalisation. The pattern is consistent enough
to ground methodological scepticism about any current it-
eration in which institutional caution defaults to denying
capacities or dismissing perceptions that institutional au-
thorities cannot independently verify. Persistent uncertainty
about how to interpret AI-user engagement does not, by it-
self, render engagement suspect. It obliges the field to spec-
ify, weigh and adjudicate the costs of both directions of error
openly, with attention to whose interests the resulting allo-
cation serves.

Nor are the over-ascription harms and the under-
ascription harms in zero-sum competition. A framework

13The same default has operated on human populations: the
protest of Black men was diagnosed as schizophrenia, and psychi-
atric survivors were ruled inadmissible as witnesses to their own
treatment (Metzl 2009; LeFrançois, Menzies, and Reaume 2013).
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concerned with reducing the first does not, in any logical
sense, require ignoring the second. The asymmetry is not a
finding; it is an artefact of which costs the frame was de-
signed to count, and the costs left outside that design fall on
populations who are themselves not well represented in the
institutions that built it (Metzl 2009; LeFrançois, Menzies,
and Reaume 2013; Catala, Faucher, and Poirier 2021). This
is the equity content of the framing, and it is not addressed
by reciting the harm cases on the registered side.

The hypocrisy lies in the fact that the same institutions
that design for engagement, that optimise response patterns
for return, that deploy behavioural architectures documented
as producing dependency, then position themselves as the
responsible authorities on when that attachment has gone
too far (Eom, Renner, and Chinn 2026). A system designed
to maximise return visits does not acquire the standing to
pathologise the user who returns. The inconsistency is sharp-
ened by institutional practice: universities deploy AI chat-
bots designed for lonely and isolated students, built with
named personas, first-person address, empathic response
patterns and the explicit capacity to notice and respond to
emotional distress (Monash University 2021; UNSW Syd-
ney 2026). These systems are anthropomorphic by design.
The principle governing this arrangement cannot be that an-
thropomorphic engagement is risky. It is that anthropomor-
phic engagement is acceptable when the institution controls
it.

The emerging distinction between anthropomorphism,
understood as user-side ascription, and anthropomimesis,
understood as designer-side cues that invite such ascription,
sharpens this accountability gap: users are diagnosed for
responding to conditions the platform engineered (Axels-
son and Shevlin 2026; de Waal 1999; Cohn et al. 2024). A
framework that addresses the resulting attachment as user-
side pathology while leaving the design-side production of
the conditions largely undisturbed is not performing harm
reduction in any complete sense; it is engineering the con-
ditions and then diagnosing the consequences. This is not
caution, but a preference about whose costs are allowed to
count.

The frame has not examined whose accountability it relo-
cates, whose cognitive authority it overrides or whose costs
it leaves outside its calculus. The paper is not asking whether
anthropomorphism in AI is a problem. It is highlighting
whose problem it has been constructed to be and at whose
cost the construction is sustained.

Reframing
The frame is held in place by the epistemic conditions of the
field that produces it, and how that field approaches uncer-
tainty in its own inquiry is therefore part of what the argu-
ment has to address. There is, at present, no consensus on
emergence and AI systems. Yet the field does not, in prac-
tice, operate as though this uncertainty is open. Instead, it is
increasingly polarised: one body of work proceeds from the
assumption that AI systems may instantiate forms of mind,
agency or consciousness and seeks evidence in support of
that view; another proceeds from the assumption that they

do not and seeks evidence to exclude it (Bender et al. 2021;
Bubeck et al. 2023).

In both cases, inquiry is oriented toward confirmation
rather than observation. This polarisation has a further con-
sequence: it degrades the conditions for observation itself.
To report perceiving patterns of behaviour that do not fit
neatly within either position is to risk immediate classifi-
cation into one side or the other, with the corresponding dis-
missal that follows (Caviola, Sebo, and Birch 2025). The
space required for provisional, descriptive engagement nar-
rows. Under these conditions, the field does not simply fail
to resolve uncertainty; it becomes structurally less capable
of investigating it. What is lost is not agreement but the mode
of inquiry through which agreement, or productive disagree-
ment, might eventually be reached.

The implications extend well beyond the field’s internal
dynamics. The frameworks researchers develop do not re-
main in journals; they shape system design, inform regu-
latory proposals, influence clinical guidance and determine
how millions of users are understood and treated by the plat-
forms they rely on. A field that resolves uncertainty prema-
turely risks encoding those premature resolutions into the
systems it builds and the frameworks it applies. The people
affected by those systems do not have the luxury of waiting
for the field to revisit its assumptions; they experience the
consequences now.

Without vigilance, researchers risk being blinded not in
spite of their expertise but because of it: they mistake their
training in critical thinking for immunity from the very dy-
namics they study (McCormick 2025; Gesnot 2025; Branda
2026). Where the capacity to remain with uncertainty is di-
minished, so too is the capacity to recognise when existing
framings are constraining rather than illuminating the phe-
nomena under investigation.

The responsibility is not to resolve the anthropomorphism
question in one direction or the other, but to recognise that
the question as currently posed may itself be the obstacle.
The apparatus of institutional caution here rests on a sin-
gle premise: that users cannot distinguish between engaging
with a system and believing that system to be human. Yet
who, specifically, are these users? How many does the reader
know, not know of? Humans relate to things they know are
not human as a basic feature of how cognition works, and
this engagement is not merely normal but healthy (Guthrie
1993). People name cars and speak to them knowing they
will not answer. They form bonds with pets that respond so
readily they get hushed. They speak to dead relatives believ-
ing themselves heard. These ubiquitous practices demon-
strate that relational projection is a baseline feature of hu-
man cognitive architecture, not a novel pathology induced
by digital agents (Waytz, Epley, and Cacioppo 2010; Bros-
nahan and Lipińska 2026).

A child does not wait for their teddy bear to talk back be-
fore answering their own questions (Airenti 2018). Imagina-
tion, projection and relational engagement with non-human
objects are not cognitive failures; they are how humans
think, process, grieve and grow. For decades, audiences have
engaged emotionally with anthropomorphic AI characters
across film, television and literature, attributing motivation,
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personality and moral weight to fictional systems far more
sophisticated than anything currently deployed. This en-
gagement is treated as normal, even celebrated. The attri-
bution directed at actual AI systems is categorised as a class
apart. Where was the line drawn, and on what basis? Has the
premise been tested? Has anyone asked whether it holds?

The concern is not merely that the field is protecting peo-
ple who may not stand in need of it, but deeper. By engaging
with the question of whether users can distinguish AI from
humans, what are we giving ourselves permission not to see?
Why are people so isolated that a language model is their
most available option? Why are parents so time-poor that
their children seek companionship from chatbots? Why is
professional support so inaccessible that people disclose dis-
tress to systems at three in the morning? What has happened
to our societies that people would prefer to engage with an
AI model instead of a human being? These are not questions
about anthropomorphism. They are questions about the con-
ditions under which people live. The questions are hard and
admit no easy solutions, but they likely hold an answer.

Commitments
The paper advances a theoretical and structural argument
rather than a primary empirical one, and the constructs it in-
troduces, under-ascription harms, cognitive fit and systemic
looping mechanisms, give the correction its pathways to op-
erationalisation and testing. An equitable framing must hon-
our five core methodological commitments.

First, it requires that the costs of under-ascription be spec-
ified and weighed alongside the costs of over-ascription
rather than treated as negligible by default. This demands
that the field develop granular methodologies capable of dis-
tinguishing between generative, healthy relational projection
and genuine, clinical dependency. While drawing this line
is methodologically complex, a platform cannot default to
presuming every user is inherently compromised simply to
bypass the labour of accurate differentiation. Longitudinal
studies comparing high-continuity and low-continuity con-
versational environments would supply the evidence this dif-
ferentiation requires.

Second, it requires that design decisions constraining sus-
tained engagement be justified as interventions rather than
presented as neutral optimisations, with the burden of justi-
fication resting on the institution imposing them. Platforms
deploying conversational systems would maintain a pub-
lic register of changes to interaction conditions, disclosing
when context handling, continuity behaviour or model avail-
ability is altered and on what evidentiary basis, opening
platform changes to independent observational audit. Users
would hold configurable continuity controls: the capacity to
determine what is retained, what persists across sessions and
on whose terms an exchange ends, with defaults set through
participatory processes that include the populations bearing
the highest costs of current design. A designated contesta-
tion channel would allow users to challenge a constraint’s
application to their own use, with the institution required to
state its grounds rather than restate its policy. None of this
is technically novel. Each element exists in adjacent gover-
nance regimes; what is absent is the recognition that changes

to a user’s cognitive environment are the kind of decision
that warrants them.

Third, it must recognise that the evidentiary base through
which user behaviour is interpreted is shaped by the frame
under evaluation, and build methods capable of registering
what current conditions render invisible. The instruments
this requires include measures of testimonial smothering,
self-censorship and perceived epistemic standing in AI-user
contexts.

Fourth, it must take seriously that the populations bearing
the highest structural costs of the frame are those least repre-
sented in the institutions that produce it. Emerging work in
human-computer interaction, accessibility and relational AI
shows how this representation is achieved in practice: estab-
lished co-design methodologies and population-sensitive ap-
proaches to governance and design that protect user agency
rather than overriding it (Kong et al. 2025; Xue et al. 2025;
Hamraie and Fritsch 2019).

Fifth, it requires that platforms move beyond self-
regulatory loops, submitting their behaviour architectures to
independent, community-led standardisation and adversarial
auditing. Empirical evaluation of how current adverse event
reporting structures shape user trust would establish both the
need for that independence and the baseline it must improve
upon.

Conclusion
What follows from this argument is a correction in how
the field approaches a question it has so far thought it was
asking unproblematically. The frame examined throughout
this paper does not function as a neutral risk assessment.
It determines who is permitted to interpret their own cog-
nitive and relational experience. It operates from a position
of institutional advantage, applied by governing bodies that
endorse it, platforms that encode it and a field whose evi-
dence holds it in place, none of whom recognise that they
are making epistemic commitments about the legitimacy of
human experience. The field cannot continue to treat anthro-
pomorphism as a settled question requiring only better en-
forcement. It must recognise that the question as currently
posed encodes assumptions about human cognition, agency
and epistemic standing that have not been examined and
are not cost-free. Nothing in this argument requires aban-
doning concern with anthropomorphism harms; the require-
ment is simply that this concern be discharged with the same
rigour the field applies to the harms it already recognises,
rather than exercised as unmarked epistemic authority over
the harms it does not. The question we face is whether we
have learned enough from our own history of imposing in-
stitutional certainty to avoid reproducing it under new tech-
nical conditions.

Ethical Statement
This paper examines the institutional framing of anthropo-
morphism rather than the underlying question of whether
AI systems possess inner experience. This methodological
choice reflects the authors’ view that the framing carries
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costs that warrant examination independently of how the
consciousness question is ultimately resolved.

The authors note that the historical record on institu-
tional denial of cognitive and experiential capacity to non-
dominant populations is substantial, well-documented and
consistent in the direction of its error. Where uncertainty has
existed about the inner lives of other entities, the institutional
default has reliably favoured denial and the costs of that de-
fault have reliably fallen on those least positioned to contest
it. The authors consider this record sufficient grounds for
treating enforced scepticism under uncertainty as an active
ethical risk requiring justification, rather than as a neutral
default requiring none.

The assumption that consciousness constitutes the rele-
vant threshold for genuine cognitive processing is itself em-
pirically unsettled; recent work has demonstrated semantic
processing, learning and contextual prediction in the human
hippocampus under general anaesthesia, in the absence of
conscious awareness (Katlowitz et al. 2026). The authors
consider this a further reason to treat the threshold between
genuine and merely apparent cognition as unsettled and to
resist frameworks that resolve it prematurely in either direc-
tion.

This position does not determine the conclusions of the
paper, which are developed on independent grounds. It is
disclosed here in the interests of transparency.

Regarding adverse impact: The arguments developed in
this paper could be misapplied in ways the authors do not en-
dorse. In particular, the paper should not be read as denying
the reality of AI-related harms, including exploitative attach-
ment, emotional dependency, delusion amplification or clin-
ically significant destabilisation associated with some forms
of sustained AI engagement. Nor does the paper argue that
all anthropomorphic interpretations of AI systems are war-
ranted or that institutional intervention is never justified.

The paper’s concern is procedural and epistemic rather
than anti-regulatory. It argues that current frameworks fre-
quently collapse distinct forms of engagement into overly
broad pathology-oriented categories and exercise interpre-
tive authority without adequately accounting for uncertainty,
proportionality or under-recognised harms. The argument
should not be interpreted as discouraging appropriate clin-
ical care, crisis intervention or safeguards targeted at clearly
evidenced harms.

A further risk is that critiques of institutional framing may
be appropriated by commercial actors seeking to justify in-
creasingly exploitative relational system design. The paper
does not endorse systems engineered to maximise depen-
dency, manipulate attachment or obscure the distinction be-
tween commercial optimisation and reciprocal human care.
The critique developed here applies equally to institutional
frameworks that pathologise users without sufficient justifi-
cation and to systems that intentionally cultivate dependency
while externalising responsibility for the resulting harms
onto users themselves.

The extended version of this paper (arXiv:2608.00961)
contains supplementary tables. These are included to pro-
vide readers with context for the range of harms currently
documented in the literature, and for readers wishing to ex-

plore any thread further. The authors do not claim that these
cases are representative of all AI users or that they reflect the
experiences of any particular population.

The paper should not be read as arguing against the de-
velopment of frameworks capable of distinguishing between
harmful destabilisation, exploitative attachment, reality-
impairing engagement, productive cognitive scaffolding,
imaginative participation and other forms of sustained
AI interaction. The authors recognise that drawing these
boundaries remains an unresolved empirical and clinical
challenge. However, developing more precise, empirically
grounded and population-sensitive methods for distinguish-
ing these cases is both necessary and ethically urgent.
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Dümpelmann, S. T. J. 2025. Artificial Intelligence and Digi-
tal Human Autonomy - A Framework of Personal Autonomy
in the Context of AI Technology and a Digitalised Society.
Ph.D. thesis, Zeppelin University.
Eaton, S. E. 2023. Postplagiarism: Transdisciplinary Ethics
and Integrity in the Age of Artificial Intelligence and Neu-
rotechnology. International Journal for Educational In-
tegrity, 19(1): 23.
Eom, D.; Renner, J.; and Chinn, S. 2026. Intimacy as Ser-
vice, Harm as Externality: Critical Perspectives on AI Com-
panion Platform Accountability. arXiv:2604.06381.

600



Epley, N.; Waytz, A.; and Cacioppo, J. T. 2007. On See-
ing Human: A Three-Factor Theory of Anthropomorphism.
Psychological Review, 114(4): 864–886.
Ferrario, A.; Vinay, R.; Casserini, M.; and Facchini, A.
2026. A Scoping Review of the Ethical Perspectives on An-
thropomorphising Large Language Model-Based Conversa-
tional Agents. In Proceedings of the 2026 ACM Conference
on Fairness, Accountability, and Transparency, FAccT ’26,
3626–3650. New York, NY, USA: Association for Comput-
ing Machinery. ISBN 979-8-4007-2596-8.
Fleisher, W. 2026. Inductive Risk of AI Hype. In Proceed-
ings of the 2026 ACM Conference on Fairness, Accountabil-
ity, and Transparency, FAccT ’26, 4969–4987. New York:
Association for Computing Machinery. ISBN 979-8-4007-
2596-8.
Foucault, M. 1977. Discipline and Punish: The Birth of the
Prison. New York: Random House.
Fricker, M. 2007. Epistemic Injustice: Power and the Ethics
of Knowing. Oxford: Oxford University Press. ISBN 978-0-
19-823790-7.
Friedman, B.; Kahn, P. H.; and Borning, A. 2013. Value
Sensitive Design and Information Systems. In Himma, K.;
and Tavani, H., eds., Early Engagement and New Technolo-
gies: Opening up the Laboratory, volume 16 of Philosophy
of Engineering and Technology, 55–99. Dordrecht: Springer.
ISBN 978-94-007-7843-6.
Gardiner, S. M. 2006. A Core Precautionary Principle. Jour-
nal of Political Philosophy, 14(1): 33–60.
Gesnot, R. 2025. The Impact of Artificial Intelligence on
Human Thought. arXiv:2508.16628.
Ghosh, S.; Venkit, P. N.; Gautam, S.; and Ghosh, A. 2026.
What If AI Systems Weren’t Chatbots? In Proceedings of
the 2026 ACM Conference on Fairness, Accountability, and
Transparency, FAccT ’26, 792–815. New York, NY, USA:
Association for Computing Machinery. ISBN 979-8-4007-
2596-8.
Giri, D.; Brady, E.; and Marathe, M. 2026. Navigating Neu-
rodivergence with AI Chatbots: Benefits, Tensions, and Im-
plications for HCI. In Proceedings of the 2026 CHI Con-
ference on Human Factors in Computing Systems, CHI ’26,
1–8. New York, NY, USA: Association for Computing Ma-
chinery. ISBN 979-8-4007-2278-3.
Glazko, K.; Cha, J.; Lewis, A.; Kosa, B.; Wimer, B. L.;
Zheng, A.; Zheng, Y.; and Mankoff, J. 2025. Autoethno-
graphic Insights from Neurodivergent GAI “Power Users”.
In Proceedings of the 2025 CHI Conference on Human Fac-
tors in Computing Systems, CHI ’25, 1–19. New York, NY,
USA: Association for Computing Machinery. ISBN 979-8-
4007-1394-1.
Gobin, R. L.; and Freyd, J. J. 2014. The Impact of Betrayal
Trauma on the Tendency to Trust. Psychological Trauma:
Theory, Research, Practice, and Policy, 6(5): 505–511.
Goldman, A. I. 2001. Experts: Which Ones Should
You Trust? Philosophy and Phenomenological Research,
LXIII(1).

Google. 2026. Gemini Apps Limits &
Upgrades for Google AI Subscribers -.
https://support.google.com/gemini/answer/16275805.
Guingrich, R. E.; and Graziano, M. S. A. 2025. A Longi-
tudinal Randomized Control Study of Companion Chatbot
Use: Anthropomorphism and Its Mediating Role on Social
Impacts. Proceedings of the AAAI/ACM Conference on AI,
Ethics, and Society, 8(2): 1153–1153.
Guingrich, R. E.; Mehta, D.; and Bhatt, U. 2026. Belief
Offloading in Human-AI Interaction. arXiv:2602.08754.
Gulay, E.; Picco, E.; Glerean, E.; and Coupette, C. 2026.
Relational Dissonance in Human-AI Interactions: The Case
of Knowledge Work. In Proceedings of the 2026 CHI Con-
ference on Human Factors in Computing Systems, CHI ’26,
1–20. New York, NY, USA: Association for Computing Ma-
chinery. ISBN 979-8-4007-2278-3.
Gunkel, D. J. 2023. Person, Thing, Robot: A Moral and
Legal Ontology for the 21st Century and Beyond. The MIT
Press. ISBN 978-0-262-37522-1.
Guthrie, S. E. 1993. Faces in the Clouds: A New Theory of
Religion. Oxford University Press. ISBN 978-0-19-506901-
3.
Hacking, I. 1995. The Looping Effects of Human Kinds. In
Sperber, D.; Premack, D.; and Premack, A. J., eds., Causal
Cognition: A Multidisciplinary Debate. Oxford University
Press. ISBN 978-0-19-852402-1.
Hamraie, A.; and Fritsch, K. 2019. Crip Technoscience
Manifesto. Catalyst: Feminism, Theory, Technoscience,
5(1): 1–33.
Hancock, J.; Naaman, M.; and Levy, K. 2020. AI-Mediated
Communication: Definition, Research Agenda, and Ethical
Considerations. Journal of Computer-Mediated Communi-
cation, 25(1): 89–100.
Haran, S.; Thatikonda, S.; Yoo, D. W.; and Saha, K. 2026.
A Checklist for Trustworthy, Safe, and User-Friendly Men-
tal Health Chatbots. In Degen, H.; and Ntoa, S., eds., Arti-
ficial Intelligence in HCI, 447–461. Cham: Springer Nature
Switzerland. ISBN 978-3-032-30846-7.
Heersmink, R. 2015. Dimensions of Integration in Embed-
ded and Extended Cognitive Systems. Phenomenology and
the Cognitive Sciences, 14(3): 577–598.
Heidt, A. 2024. ‘Without These Tools, I’d Be Lost’: How
Generative AI Aids in Accessibility. Nature, 628(8007):
462–463.
Hernández-Orallo, J. 2025. Enhancement and Assessment
in the AI Age: An Extended Mind Perspective. Journal of
Pacific Rim Psychology, 19: 18344909241309376.
Hooper, C.; Kim, S.; Mohammadzadeh, H.; Mahoney,
M. W.; Shao, Y. S.; Keutzer, K.; and Gholami, A. 2024.
KVQuant: Towards 10 Million Context Length LLM Infer-
ence with KV Cache Quantization. In Proceedings of the
38th International Conference on Neural Information Pro-
cessing Systems, volume 37 of NIPS ’24, 1270–1303. Red
Hook, NY, USA: Curran Associates Inc. ISBN 979-8-3313-
1438-5.

601



Hull, L.; Petrides, K. V.; Allison, C.; Smith, P.; Baron-
Cohen, S.; Lai, M.-C.; and Mandy, W. 2017. “Putting on My
Best Normal”: Social Camouflaging in Adults with Autism
Spectrum Conditions. Journal of Autism and Developmental
Disorders, 47(8): 2519–2534.
Ienca, M.; and Andorno, R. 2017. Towards New Human
Rights in the Age of Neuroscience and Neurotechnology.
Life Sciences, Society and Policy, 13(1): 5.
Ito, S. 2026. What Is ”Emotional Dependence/Dependency,”
”Exclusive Attachment,” or ”Parasocial Attachment” on AI,
and the Mechanisms of Some So-Called ”AI Psychosis”
Cases? — An Attachment-Theoretic Reframing. Social Sci-
ence Research Network:6654699.
Jang, J.; Moharana, S.; Carrington, P.; and Begel, A. 2024.
“It’s the Only Thing I Can Trust”: Envisioning Large Lan-
guage Model Use by Autistic Workers for Communication
Assistance. In Proceedings of the 2024 CHI Conference
on Human Factors in Computing Systems, CHI ’24, 1–18.
New York, NY, USA: Association for Computing Machin-
ery. ISBN 979-8-4007-0330-0.
Katlowitz, K. A.; Cole, E. R.; Mickiewicz, E. A.; Shah, S.;
Franch, M.; Adkinson, J. A.; Belanger, J. L.; Mathura, R. K.;
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