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Abstract
Local governments across the United States have quietly be-
come frontline regulators of artificial intelligence (AI), ad-
vancing governance efforts that both fill gaps in federal over-
sight and contest dominant national and industry imaginar-
ies. Drawing on 77 policies from 55 cities and counties, this
study uses qualitative content analysis to analyze policy doc-
uments for their targeted AI domains and the values and
priorities they articulate. Results identify three overarching
counter-imaginaries—democratic oversight, rights-oriented
governance, and place-based alignment—that structure how
local governments define problems, justify intervention, and
envision desirable AI-enabled futures. These findings high-
light local AI governance as a critical site of policy innova-
tion and democratic negotiation, with implications for how
federal frameworks, preemption debates, and industry prac-
tices might better account for situated harms, community pri-
orities, and the plural values that shape AI’s integration into
public life.

Datasets — https://osf.io/82b6h/overview?view only=
5a52427b8b544d48a37480554b37030b

Introduction
Over the past decade, city and county governments across
the United States have quietly become frontline regulators of
artificial intelligence (Marcucci, Kalkar, and Verhulst 2022).
Their proximity and insight to community needs and con-
cerns have enabled them to craft AI policies that harness
the technology’s benefits, while also exercising informed
caution regarding potential harms. In parallel, state govern-
ments have also moved quickly; in 2025, all 50 US States,
Puerto Rico, the Virgin Islands, and Washington, D.C. in-
troduced AI legislation, with over 100 pieces of legisla-
tion adopted across 38 states (National Conference of State
Legislatures 2025). In contrast, federal action around AI
has lagged and been largely non-existent. During the 118th
Congress, more than 150 AI-related bills were introduced
into federal government, but none were passed into law
(Brennan Center for Justice 2025), and as of early 2026, the
119th Congress has introduced 72 additional AI bills with-
out passing any comprehensive, stand-alone AI legislation
(American Action Forum 2026).
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In this absence of robust, unified federal regulation in the
US, local governments have taken it upon themselves to de-
velop ordinances and policies around how AI systems will
be acquired, monitored, and deployed. Many have created
internal AI-use guidelines for their employees, adopted bans
on facial recognition in policing, and experimented with pro-
curement rules, registries, and oversight bodies. AI local-
ism is defined as “actions taken by local decision-makers
to address the governance of AI within a city or commu-
nity” (Marcucci et al., 2022). This concept builds on Katz
and Nowak’s theory of “new localism,” which describes a
broader twenty-first-century shift in which local municipal-
ities, jurisdictions, and multisectoral networks step in to ad-
dress social, economic, and environmental challenges amid
federal inaction (Katz and Nowak 2018). Applied to AI gov-
ernance, localism highlights how cities are not merely wait-
ing for and adopting policies set by higher levels of govern-
ment, but rather they are actively creating their own regula-
tory approaches in response to locally specific risks, values,
and institutional capacities.

Despite the rapid expansion of local AI governance, only
a small number of public repositories have aggregated these
policies (ail 2026; Arnold et al. 2024), and there have been
limited efforts to systematically analyze their substantive
content. Thus, this study builds upon and extends these ef-
forts, as maintaining up-to-date analyses of local AI policies
is both analytically significant and theoretically generative.

AI policy documents can serve as meaningful sites for ex-
amining how city governments articulate priorities, define
risks, and imagine desirable futures shaped by AI systems.
Moreover, because local governments operate in a more im-
mediate democratic context (Katz and Bradley 2013; Stoker
1996), these policies support analysis into how direct stake-
holders interpret, negotiate, and institutionalize the role of
AI in everyday socio-political life.

This paper treats local AI policy documents as expres-
sions of desirable AI-enabled futures and the social orders
that accompany them via a sociotechnical lens. The ap-
proach is grounded in the concept of counter-imaginaries:
alternative visions that emerge outside dominant national
or corporate narratives and reflect localized concerns, con-
straints, and values (Kazansky and Milan 2021). Existing
scholarship uncovering sociotechnical imaginaries within
AI governance has largely focused on evaluating national
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policy and strategies, industry perspectives, or other insti-
tutionally mediated governance documents (Bakiner 2023;
Bareis and Katzenbach 2022; Hjaltalin and Sigurdarson
2024). While this work has yielded important insights, it
tends to overlook other less formalized, locally-situated, and
often non-elite perspectives around AI development and in-
tegration (Mager and Katzenbach 2021). Local governance
embodies imaginaries that differ, diverge, resist and subvert
national and industry technology narratives which have thus
far dominated both policy discourse and academic research
on AI governance.

The present study attends to the plurality of counter-
imaginaries embedded in local AI governance. By system-
atically coding local AI policy documents for both the AI
domains they target and the values and priorities they articu-
late, this analysis seeks to surface how municipalities define
problems, justify intervention, and imagine appropriate roles
for AI in public life. Results illuminate both the kinds of AI
systems local governments seek to regulate and also the nor-
mative commitments that underpin these regulatory efforts
in the absence of comprehensive federal oversight. More-
over, the values found may directly contest the interests and
priorities of industry actors and national government. Ac-
cordingly, this paper addresses the following research ques-
tions:

• RQ1: What domains and applications of artificial intelli-
gence are targeted by local government policies?

• RQ2: What values, priorities, and motivations are re-
flected in local government policies regulating artificial
intelligence?

Analysis identifies three overarching counter-imaginaries
embedded in local AI governance. The first counter-
imaginary foregrounds democratic oversight, envisioning AI
systems as legible, accountable, and ultimately governable
by the public institutions and communities they affect. This
challenges the widespread assumption that since AI systems
are inherently opaque “black boxes,” they are resistant to
meaningful public understanding or control (Von Eschen-
bach 2021; Gryz and Rojszczak 2021). The second counter-
imaginary advances a rights-oriented framework, grounding
AI governance in established legal and ethical traditions,
particularly civil, digital, and privacy rights, rather than
treating AI as an unprecedented rupture that requires entirely
new normative foundations. The third counter-imaginary re-
flects a commitment to place-based alignment, wherein AI
systems are expected to conform to locally defined needs,
values, and priorities, and are justified primarily through
their concrete, tangible benefits to the communities in which
they are deployed. This counter-imaginary pushes back
against the idea that AI adoption is inevitable and must pro-
ceed without hesitation or friction. It also resists notions of
generalized systems, such as artificial general intelligence,
in favor of localized, context-specific AI tailored to particu-
lar municipal problems.

These AI governance approaches vary from, diverge from,
and, at times, contest dominant national and industry imagi-
naries that often prioritize unhindered innovation, scale, and
economic competitiveness. In addition to these findings, this

paper contributes a database of 77 local AI governance docu-
ments alongside a structured codebook designed to facilitate
future comparative analyses of AI policy.

Background
AI Localism
Broadly speaking, local governments in the US have been
sites of innovation across multiple policy domains, and AI
governance is one prominent example of this shift. This
pattern can be understood through what Katz and Nowak
describe as “new localism” a 21st-century development in
which cities increasingly take it upon themselves to address
pressing social, economic, and technological challenges in
the context of federal inaction (Katz and Nowak 2018). In
this context, AI governance emerges as a particularly clear
illustration of new localism in practice. While the federal
government continues to debate comprehensive AI regula-
tory frameworks, cities and counties already confront im-
mediate questions related to surveillance, procurement, pub-
lic service delivery, and civil rights protections (Marcucci,
Kalkar, and Verhulst 2022; Verhulst and Sloane 2020).

AI localism captures the ways in which local actors ac-
tively shape how AI is understood, regulated, and contested
within their communities. Marcucci, Kalkar, and Verhulst
(2022) define it as “actions taken by local decision-makers
to address the governance of AI within a city or community.”
Importantly, AI localism is not confined to formal govern-
ment or legal regulation. It also includes public institutions,
such as school boards and libraries. This study, however, fo-
cuses specifically on AI policies and ordinances enacted by
local governments, enabling systematic comparison across
jurisdictions and treating these formal policy documents as
artifacts that reveal local priorities, risks, and values sur-
rounding AI. Throughout the paper, we use “city” as short-
hand for the range of local government types represented in
our corpus which includes cities, counties, and boroughs.

While AI localism highlights the growing role of local ac-
tors, it operates at a sub-national and sub-state level and has
bounded autonomy. Evans, Marsh, and Stoker (2013) refers
to localism as: “the devolution of power and/or functions
and/or resources away from central control and towards
front-line managers, local democratic structures, local insti-
tutions and local communities, within an agreed framework
of minimum standards” (p. 405). Local governance func-
tions within shared normative and institutional constraints
that establish baseline expectations. And within these expec-
tations, local actors retain discretion to design policies that
respond to local conditions. Thus, local governance is al-
ways relevant to state and federal government because it op-
erates within shared normative and institutional constraints.
It is therefore a valuable test case to understand how con-
textual needs and values can be incorporated into broader
policy frameworks, and how federal policymaking can bet-
ter account for on-the-ground variation.

Existing work on AI localism has often drawn on adja-
cent literatures, particularly privacy localism and smart city
governance. Rubinstein (2018), through studying city-level
privacy policies, has shown how cities adopt different reg-
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ulatory approaches to data collection and surveillance in
response to local political pressures. Similarly, smart city
scholarship has examined how municipalities experiment
with digital technologies to reshape urban services and in-
frastructure (Angelidou 2014). More recent discussions of
“urban AI” focus specifically on the integration of AI sys-
tems into city processes, such as transportation, housing, and
public safety (Luusua et al. 2023). While these literatures are
closely related, this study departs from them in two critical
ways. First, the analysis is not limited to large urban cities,
instead it examines local governance across a broader range
of municipality sizes. Second, rather than focusing on the
operational deployment of AI in city services, the analysis
centers on governance documents that shape a wide range
of AI uses, including informal and ad hoc applications.

Studying Imaginaries
Local governments’ AI policies, ordinances, and executive
orders can be approached as both regulatory documents and
a form of discourse. On the surface, these governance doc-
uments define the acceptable and restricted uses of AI tech-
nologies, and control how these technologies are integrated
into city services and civic life (Marcucci, Kalkar, and Ver-
hulst 2022). At the same time that they establish what one
might call “rules,” these documents also articulate the city’s
values, priorities, and visions with respect to AI technolo-
gies. From this perspective, governance and government ap-
plications of AI and associated technologies form a complex
and reciprocal socio-technical system, in the co-constructive
social informatics sense (Meyer 2014; Meyer et al. 2019). To
foreground these orientations and frame content analysis of
documentation around these relationships, this paper draws
on the framework of counter-imaginaries.

Imaginaries are broadly understood as collectively held
visions and background understandings that shape how so-
ciety perceives what is possible, desirable, and legitimate.
Taylor (2004) constructs social imaginaries as shared ways
of imagining social life, including the norms, expectations,
and practices through which social order is made sense
of. Imaginaries are tangible and inherently futuristic. They
shape how visions of the future are translated into gover-
nance and social arrangements today.

Sociotechnical imaginaries extend this broader frame-
work of imaginaries into the study of science, technol-
ogy, and governance, via a science and technology studies
lens. They are defined as: “collectively held, institutionally
stabilized, and publicly performed visions of desirable fu-
tures, animated by shared understandings of forms of so-
cial life and social order attainable through, and support-
ive of, advances in science and technology” (Jasanoff et al.
2015, p. 4). The framework been widely used in policy
and governance research to examine how future-oriented vi-
sions shape, and are shaped by, technological trajectories
and institutional decision-making (Hendriks, Karhunmaa,
and Delvenne 2025; Kuchler and Stigson 2024; Arboledas-
Lérida 2025; Cave, Dihal, and Dillon 2020).

However, applications of sociotechnical imaginaries to AI
governance have largely focused on national policy and in-
stitutional texts, foregrounding dominant state and industry

visions while giving less attention to non-state and localized
actors. For example, Bareis and Katzenbach (2022) analyze
national AI policy documents from four countries and show
how these strategies consistently frame AI as both inevitable
and disruptive. Similarly, Kao (2024) through an analy-
sis of Australian AI governance efforts, demonstrates how
economic priorities often supersede concerns surrounding
safety and responsibility. While Oldenburg and Papyshev
(2025) examine a broader range of sociotechnical imagi-
naries, their analysis similarly relied on formally published
texts produced within institutional and corporate actors.

Critique argues that the sociotechnical imaginaries frame-
work tends to foreground dominant or elite visions. Much
of the literature has examined imaginaries in highly institu-
tionalized settings, expert discourse, or pre-selected social
groups, thereby implicitly treating these perspectives as rep-
resentative of society as a whole (Kuchler and Stigson 2024;
Mager and Katzenbach 2021; Smallman 2020; Tidwell and
Tidwell 2018). Even studies that explicitly seek to account
for plural or non-dominant imaginaries remain constrained
by the settings in which these imaginaries are accessed. For
example, while Bakiner (2023) seeks to capture pluralis-
tic imaginaries through civil society responses to the Euro-
pean Union’s AI Act, the analysis remained situated within
a institutionalized setting, where imaginaries are already fil-
tered through dominant governance frameworks. This is re-
inforced by Smallman (2020) whose interview study of UK
policymakers shows that perspectives outside dominant elite
sociotechnical imaginaries are either excluded from policy
outcomes or rearticulated to fit prevailing frameworks.

In an effort to begin to address these limitations around
power, consistency, and constructivism, a related strand
of literature on counter-imaginaries in data-driven, surveil-
lance, and AI contexts has primarily focused on prac-
tices of resistance and activism among civil society ac-
tors and groups. Kazansky and Milan (2021) conceptual-
ize counter-imaginaries in their analysis through the open-
source software projects engineered by civil society and
grassroots activists resisting processes of datafication. Other
scholarship, while not explicitly using the term counter-
imaginaries, has similarly identified alternative or opposi-
tional imaginaries within data activism and open data ini-
tiatives. This work argues that open data, participation, and
democratic control of data function to challenge and sub-
vert the power of both state institutions and corporate ac-
tors (Baack 2015; Lehtiniemi and Ruckenstein 2018; Mi-
lan 2024). Importantly, counter-imaginaries are typically
located outside dominant government and industry frame-
works, emerging instead within smaller, more participa-
tory collectives (Gutierrez, Nguyen, and van Es 2025;
Laba 2025; Mager and Katzenbach 2021; van Es, van der
Weijden, and Bakker 2023). This literature conceptualizes
counter-imaginaries around technology as practices that: (1)
resist dominant imaginaries; (2) constitute forms of partici-
patory and democratic engagement; and (3) are oriented to-
ward addressing the needs of those most affected.

While counter-imaginaries have most often been exam-
ined through practices of activism and resistance, this frame-
work is also well suited to the study of AI localism. Lo-
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cal governance constitutes a particularly important site for
counter-imaginaries because it operates through compara-
tively proximate and participatory democratic processes, in
which residents, advocacy groups, and community organi-
zations can meaningfully influence policy outcomes (Katz
and Bradley 2013; Stoker 1996). Local AI policymaking fre-
quently emerges in direct response to concrete harms, risks,
and inequities experienced by communities, positioning res-
idents as both participants in policymaking and those most
directly affected by its consequences. As a result, local AI
policies can serve as sites where situated priorities, con-
cerns, and values are articulated, often diverging from dom-
inant national or industry imaginaries.

For this reason, this paper adopts counter-imaginaries as
its primary analytical framework. Rather than assuming con-
vergence around a dominant sociotechnical vision, it fore-
grounds how subnational governance sites articulate alter-
native, resistant, and community-oriented understandings of
AI. In the US context, local AI policy does not emerge in
a vacuum. Federal inaction does not signal the absence of a
dominant sociotechnical imaginary around AI; rather, such
an imaginary persists and continues to structure technologi-
cal development and governance priorities. Local imaginar-
ies therefore do not constitute dominant alternatives but in-
stead function as subnational articulations that may contest,
supplement, or push back against prevailing national trajec-
tories (Verhulst and Sloane 2020). Through this frame, we
understand that local AI governance is an active site of ne-
gotiation over technological futures rather than a derivative
reflection of higher-level policy regimes.

Method
Corpus Construction
Relevant AI policies were identified through a systematic
review of publicly available policies, directives, and execu-
tive orders enacted by local governments before October 1,
2025. The initial corpus was compiled from GovLab’s AI
Localism repository (ail 2026), Local Progress’ Algorith-
mic Rental Price Fixing report (rea 2025), and the Emerg-
ing Technology Observatory AI Governance and Regulatory
Archive (AGORA) (Arnold et al. 2024).

Since these repositories were incomplete, Google
searches using Boolean operators were conducted to identify
additional local AI policies.1 For New York and Los Ange-
les, more targeted search queries were used, as these large
municipal regions produced disproportionately high vol-
umes of irrelevant results under general search terms.2 These
searches were conducted semi-weekly from mid-September
2025 to mid-October 2025, with the first ten pages of results
systematically screened during each iteration. Links were

1The primary Google boolean search query was: “(‘City’ OR
‘County’) (‘just passed’ OR ‘adopted’ OR ‘approved’ OR ‘en-
acted’) (‘AI’ OR ‘artificial intelligence’ OR ‘facial recognition’ OR
‘biometric surveillance’) (‘policy’ OR ‘guideline’ OR ‘ordinance’
OR ‘ban’ OR ‘regulation” OR ‘law’).”

2The following targeted searches were conducted: “New York
City technology ordinance,”“New York City AI ordinance,” “New
York City borough AI,” and “Los Angeles County AI policy.”

Domain Count
General AI 24
Generative AI 18
Facial Recognition/Surveillance Technologies 18
Automated Decision Making 16
Data Privacy 1

Table 1: Total Counts of Domains

followed through government websites, news articles, and
blog posts to locate the policy documents. The query was re-
peated over multiple weeks because Google results can vary
by date, time, location, user profile, and various other algo-
rithmic factors (Hannak et al. 2013). The collection process
concluded when subsequent searches were no longer yield-
ing new ordinances or policies.

The resulting dataset includes local governments’ AI ordi-
nances, administrative guidelines, executive orders, depart-
mental policies, directives, roadmaps, and laws. While AI
localism extends beyond policies enacted by government of-
fices or officials (Evans, Marsh, and Stoker 2013; Marcucci,
Kalkar, and Verhulst 2022), other types of decision-making
entities, such as school boards, were excluded in order to
keep the qualitative analysis manageable and to establish a
clear analytical boundary.

The final corpus comprised 77 documents representing 55
local governments across 25 US states, Washington, D.C.,
and Guam. These sources were categorized according to
the primary object of regulation in the following domains:
AI (General), Generative AI (including Deepfakes), Facial
Recognition Technology (FRT) / Surveillance Technologies,
Automatic Decision Making, and Data Privacy.3 A reposi-
tory of the documents is provided with publication to enable
further analyses and research.

Qualitative Content Analysis
Qualitative content analysis with inductive coding was con-
ducted on the policy documents (Zhang, Wildemuth et al.
2009). An initial subsample of 20 documents was coded
by the first author at the sentence level, allowing codes
to emerge from the data rather than being defined a pri-
ori. Guided by the research questions, the coding focused
on identifying definitions, priorities, and values articulated
within the policies. This sentence-level approach enabled
each statement to be interpreted in terms of its functional
role. Definitions appearing in policy documents were also
coded to capture how technologies and related concepts
were defined and characterized, helping delineate the reg-
ulatory scope of each policy. Identifying which technologies
are explicitly named is central to the first research question.

Once a preliminary code list and accompanying code
definitions had been developed, a second coder indepen-
dently coded six documents (approximately 8% of the cor-
pus) using this codebook. Through approximately six cal-
ibration meetings, the coders reorganized codes, refined

3We included only city data privacy regulations that explicitly
address AI applications.
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Theme Explanation Sub-Codes
Responsible and Ethi-
cal Usage

Promotion of responsible, ethical,
and safe use of AI within city op-
erations.

Practice: Encouraging ethical, responsible, and diligent AI use. In-
cludes expectations for sound judgment, appropriate use, and avoiding
high-stakes decisions.
Risk: Requirements to recognize and mitigate the limitations, biases,
or potential harms of AI. Includes duties to avoid harms, document
risks, and report concerns.
Betterment: Places importance on AI being leveraged to tangibly im-
prove government services, societal well-being, or community out-
comes.
Education: Requirements or programming for training and educa-
tional resources to ensure employees understand how to use AI respon-
sibly and effectively.

Privacy and Security Protection of the privacy and se-
curity of individuals and systems.

Practice: Protecting the privacy and security of individuals and sys-
tems. Includes not entering sensitive information into AI models and
safeguarding sensitive data.
Unauthorized Access: Restricts AI use to gain unauthorized access
to devices, systems, or information, and prohibits sharing data with
unauthorized parties. Data should only be shared on a need-to-know
and right-to-know basis.

Public Rights Preserving or allocating individ-
ual, public, or community rights
in the face of city AI use.

Consent: Guarantees the public’s right to know when, how, and why
AI is used; the right to explanations; the ability to opt out; and the
ability to contest or audit AI systems.
Equality: Affirms equal treatment and ensures AI does not harm or
disadvantage marginalized or historically disenfranchised groups.
Privacy: Protection from unwanted surveillance, biometric tracking,
data exploitation, and other privacy intrusions.

Contextual Values Situating AI policy within
broader governance and local
community contexts.

Alignment: Aligns policy goals with community or public values, en-
couraging stakeholder participation in policy development.
Cross-Jurisdictional: References higher-level government rules or al-
lows sub-departments to establish additional rules.

Accountability Assigning responsibility for AI
outputs and establishing remedia-
tion processes.

Output Review: Assigns responsibility for AI outputs, mandates hu-
man review, limits verbatim use, or requires human-in-the-loop over-
sight.
Intervention: Establishes processes to address harmful or incorrect
AI outputs, including mechanisms to contest, reverse, or rectify AI-
generated decisions.

Technological Deter-
minism

Reflecting assumptions about
AI’s role and trajectory.

Industry: Language promoting private sector values and aligning pol-
icy with industry, capital, or third-party AI experts rather than commu-
nity needs.
Adoption: References promoting or advancing AI development, adop-
tion, and innovation within the city. Frames AI as beneficial or essential
to city services and as a technology that must be harnessed.

Table 2: Themes with Multiple Sub-Codes

code definitions, and resolved discrepancies until consen-
sus was reached. The final codebook consisted of 29 codes,
and intercoder reliability, assessed using Krippendorff’s al-
pha, ranged from the minimum threshold of 0.80, indicat-
ing excellent agreement, to 1.0, indicating perfect agreement
(Krippendorff 2018).

Using the validated codebook, the first author coded the
remaining documents. The resulting coded segments were
subsequently grouped into higher-level themes to both orga-
nize the presentation of results and support the interpretation
and delineation of codes. These themes are presented in the
next section.

Results

Given that the coding was structured around the research
questions, the resulting codes map directly onto them. In
total, 29 validated codes were organized into 12 broader
themes. Note that “Definition” functions more as a structural
one, capturing the explicit boundaries governments draw
around regulated technologies.

Table 2 presents the themes that contain multiple sub-
codes, while Table 3 presents themes consisting of a sin-
gle code. Table 4 describes the sub-codes included under the
structural theme of “Definitions.” These tables constitute the
complete codebook, which can be used to guide the coding
of additional AI governance documents.
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Theme Explanation
Oversight Establishes or delegates an oversight body or review process to approve AI usage, monitor compliance, and

audit AI tools.
Disclosure Requirements to document, report, or publicly disclose AI systems, including where AI is used, how it func-

tions, its capabilities, and its limitations.
Compliance Emphasizes adherence to policy, including requirements to follow rules, as well as the legal or disciplinary

consequences for non-compliance.
Voluntary Usage Explicitly states that AI adoption is not required, or discourages use in certain contexts.
Scope Defines who and what the policy covers, including acceptable uses, approved tools, exceptions, and provi-

sions for periodic review.

Table 3: Themes with a Single Code

Sub-Code Explanation
Human Defines AI in terms of human intelligence, its ability to mimic human behavior, or its performance of

tasks typically done by humans.
Produce Content Defines AI in terms of generating or producing content.
Automated Decision Defines automated decision making as a process in which decisions are generated using algorithms,

machine learning, predictive models, or other forms of data analysis.
Data Defines that AI models use, rely on, or process data.
Sensitive Information and
Privacy

Defines sensitive or personally identifiable information and/or scopes privacy practices.

Equity Defines fairness, equity, equality, discrimination, and unequal treatment.
Smart City Defines the use of technology or AI to manage city operations or public services.
Stewardship Defines the management, oversight, or handling of data.
Surveillance Defines monitoring, tracking, or surveillance activities. Includes facial recognition, biometric surveil-

lance, social scoring, emotion analysis, etc.

Table 4: Sub-Codes Under the Structural Theme “Definitions”

City Tier Categorization

Using the 77 coded documents, quantitative methods were
applied to visualize how codes are distributed across the
dataset. For each city, the population size, sourced from US
Census data, is defined as the number of residents governed
by the authority that produced the policy document.

Governments were categorized into tiers using an approx-
imate scheme loosely informed by United Nations classifi-
cations for lower population ranges (United Nations Statis-
tical Commission 2020), with higher tiers defined through
study-specific judgment. This classification is intentionally
approximate because the dataset includes cities, counties,
and boroughs with differing administrative boundaries and
population definitions. Although no formal statistical anal-
yses were conducted, these tiers provide descriptive context
for differences in code application across governments of
varying population sizes.

Rural areas are defined as those with fewer than
5,000 residents and towns as those with populations
between 5,000 and 50,000. Because only one document,
from Haines Borough, Alaska, fell into the rural cate-
gory, the rural and town categories were collapsed into
a single “Town” tier. The remaining tiers are defined
as follows: Large Town (50,000–300,000), Small City
(300,000–500,000), Medium City (500,000–1,000,000),
Large City (1,000,000–3,000,000), and Megacity
(3,000,000+). In total, the dataset comprises 7 docu-
ments in the Town tier, 20 in the Large Town tier, 7 in the

Small City tier, 20 in the Medium City tier, 12 in the Large
City tier, and 11 in the Megacity tier.

Thematic Differences Across Tiers
Thematic differences across these tiers are visualized using a
heatmap which shows the percentage share of codes associ-
ated with each theme in each tier category. The “Definition”
theme is presented in a separate heatmap because it serves
as a structural category rather than reflecting policy motiva-
tions or values. Figure 1 presents the resulting heatmap for
the non-definition themes, illustrating how the relative em-
phasis on different policy themes varies across government
size tiers. Similarly, Figure 2 illustrates the distribution of
the definition sub-codes across different government sizes.

The heatmap of non-definition codes reveals several pat-
terns across city sizes. Overall, the responsible and ethical
usage theme is the most popular for five out of the six city
tiers, highlighting the widespread emphasis on ethical AI
practices across all sizes of municipalities. Common state-
ments coded under this theme included language explicitly
framing the purpose of the policy as guiding the responsible
and ethical use of AI. Other examples included prohibitions
on employees relying on AI in high-stakes decisions and ex-
pectations that AI systems demonstrate tangible benefits to
the community. Policies also set requirements for employee
AI training and included language encouraging awareness
of AI-related risks, such as copyright issues, hallucinations,
bias, misinformation, and privacy harms.

Additionally, the contextual alignment and privacy and se-
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Figure 1: Heatmap showing the proportional distribution of non-definition themes across municipality size tiers. Values repre-
sent the percentage share of coded segments within each city tier associated with a given theme.

Figure 2: Heatmap showing the proportional distribution of definition sub-codes across municipality size tiers. Values represent
the percentage share of coded segments within each city tier associated with a sub-code.

curity themes are also consistently present across the board,
however to a lesser extent. Contextual alignment is typi-
cally expressed through language aligning AI policy with
the needs and values of local communities, as well as fram-
ing the policy as a continuation of the city’s responsibil-

ity to its residents. For example, the Generative AI policy
from Hutto, Texas states: “This policy reflects the Texas AI
Code of Ethics as required under H.B. 3512 and S.B. 1964,
adopted by the Texas Department of Information Resources
(DIR), and aligns with our responsibilities to residents.” This
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frames the generative AI policy as a continuation of past
commitments, and an alignment with the agreed upon stan-
dards of the community. Similarly, privacy and security pro-
visions emphasize protection of resident data, including re-
strictions on sensitive inputs and unauthorized access. For
example, the San Jose AI Policy states that “Privacy is pre-
served in all AI systems by safeguarding personally identifi-
able information (PII) and sensitive data from unauthorized
access, disclosure, and manipulation in accordance with the
City Council’s Digital Privacy Policy.” This framing embeds
AI use within existing data protection frameworks.

The disclosure theme is particularly prominent in four of
the middle tiers: Large Town, Small City, Medium City, and
Large City. Sentences coded under this theme typically in-
clude transparency and reporting requirements regarding AI
use. For example, Alameda County’s Generative AI Policy
requires employees to “disclose when and how GenAI was
used in your output.” Other policies extend these expecta-
tions to documentation of review processes; for instance,
Woodburn’s AI policy states that “all attributions should
include the name of the AI system used plus a human-
in-the-loop assertion (which should include the department
or group who reviewed/edited the content).” Furthermore,
these provisions for transparency are often paired with au-
dit and review processes, and in some cases, mechanisms
for community input. In Berkeley’s Surveillance Policy, for
example, a “Surveillance Acquisition Report” is defined as
a “publicly-released written report produced prior to acqui-
sition or to proposed permanent use after use in Exigent
Circumstances pursuant to Section 2.99.040.” While this re-
port is intended to support transparency, it also enables for-
mal review prior to deployment. The policy further speci-
fies that, through this process, “decisions regarding whether
and how Surveillance Technologies should be funded, ac-
quired, or used should be governed by the City Council as
the elected representatives of the City.” This embeds disclo-
sure within a broader structure of democratic authorization,
linking transparency directly to institutional oversight and
decision-making authority.

Concerns over individual rights are reflected in the public
rights theme, which is emphasized in the Town to Medium
City tiers as well as the Megacity tier. Codes in this cate-
gory include language on the right to know about AI use
and explicit consent provisions, as well as references to dig-
ital, civil, and human rights frameworks that ground AI gov-
ernance in established rights-based traditions. For example,
New York City’s Local Law on automated decision sys-
tems requires the “development and implementation of a
process for making information publicly available that, for
each agency automated decision system, will allow the pub-
lic to meaningfully assess how such system functions and
is used by the city, including making technical information
about such system publicly available where appropriate.”
Similarly, San Francisco’s Surveillance Policy invokes civil
rights and civil liberties frameworks, stating that “when-
ever possible, decisions relating to surveillance technology
should occur with strong consideration given to the impact
such technologies may have on civil rights and civil liber-
ties, including those rights guaranteed by the First, Fourth,

and Fourteenth Amendments to the United States Constitu-
tion as well as Sections 1, 2, and 13 of Article I of the Cali-
fornia Constitution.” These provisions situate AI governance
within constitutional and rights-based legal traditions, fram-
ing public oversight and individual protections as central to
technological decision-making.

A different pattern emerges in the technological deter-
minism theme, which appears primarily in Large City and
Megacity policies. This suggests greater alignment with in-
dustry imaginaries in larger urban centers, likely reflecting
the higher concentration of technology firms and industry
stakeholders in cities such as New York City, Los Ange-
les, and King County. In these urban environments, AI is
more often framed in terms of system-wide transformation
and inevitability, consistent with industry-oriented imagi-
naries. In contrast, smaller municipalities place less em-
phasis on technological determinism, reflecting more cau-
tious and context-dependent approaches to AI governance.
This pattern points to a paradigmatic divergence across city
sizes, with larger cities exhibiting greater proximity to dom-
inant innovation-driven imaginaries, and smaller cities more
strongly foregrounding situated governance concerns. This
likely reflects differences in administrative responsibilities
and size, as well as exposure to technology-sector ecosys-
tems across urban scales.

The heatmap of definitions reveals systematic differences
by city size, as well as areas of shared concern. Larger
cities tend to define AI in terms of models that learn from
data, whereas smaller cities describe them as algorithms
performing human-like tasks, reflecting variation in con-
ceptual framing. Surveillance appears more prominently in
the Large Town, Small City, and Medium City tiers, indi-
cating heightened concern about monitoring and oversight
in these contexts. Generative AI—defined as AI that pro-
duces content—is a concern across five out of the six tiers,
suggesting widespread attention to emerging AI capabili-
ties. Automated decision-making is most concentrated in
the Megacity tier, likely reflecting the greater need for au-
tomated processes to manage complex and high-volume de-
cisions. These patterns suggest that while larger cities em-
phasize technological sophistication and operational scale,
smaller and medium cities are particularly attentive to over-
sight and the social implications of AI, with common values
of transparency, ethical responsibility, public rights, privacy
and security cutting across all municipality sizes.

Discussion
Addressing RQ1, the analysis shows that local AI gover-
nance targets a consistent set of technological domains, most
prominently general AI, generative AI, surveillance tech-
nologies, and automated decision-making systems. Across
city tiers, the heatmap of definitions also reveals variation in
how AI is conceptualized and delimited as a regulatory ob-
ject, particularly in relation to surveillance, automation, and
generative systems. These patterns suggest that while certain
domains are widely shared, the framing of AI differs across
municipal contexts and scales.

These patterns establish both the substantive scope of AI
governance across municipalities and the ways in which dif-
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ferent jurisdictions frame and delineate AI as a regulatory
object. This descriptive foundation provides the basis for the
interpretive analysis that follows, in which RQ2 is addressed
through an examination of the counter-imaginaries embed-
ded within these policy frameworks.

Democratic Oversight
Many local policies foreground democratic oversight as a
key mechanism within AI governance. Across the corpus,
formalized approval processes, procedural requirements for
review prior to adoption, and the establishment of oversight
bodies were identified. These mechanisms are designed to
ensure institutional accountability and public visibility into
how AI systems are procured, deployed, and monitored.
This orientation also reflects an implicit rejection of tech-
nological determinism. Rather than treating AI adoption as
inevitable or governance as secondary to innovation, these
policies position AI systems as subject to deliberate autho-
rization, evaluation, and constraint.

The disclosure theme recurred across AI policies in all
city tiers, emerging as the most prevalent theme in the Small
City tier and the second most prevalent theme in the Large
Town tier. Local policies frequently specified a requirement
for detailed reporting on the purpose, scope, and function-
ality of AI systems, including surveillance applications, au-
tomated decision-making tools, and usage of generative AI.
In cases involving surveillance technologies, disclosure typ-
ically extended to specifying deployment locations, oper-
ational practices, financial expenditures, and vendor rela-
tionships. Some localities mandated public-facing reports,
while others required internal audits or regular updates to
city councils or ethics committees.

Alongside disclosure requirements, many policies empha-
size accountability by specifying that harms arising from
AI use are attributable to responsible individuals or depart-
ments rather than the technology itself. This framing pre-
vents harm from being obscured onto the AI systems and
reinforces identifiable lines of responsibility. This is rein-
forced through oversight provisions, including designated
review bodies, compliance monitoring structures, and de-
fined consequences for non-compliance. In addition, many
policies establish avenues for contestation, including mech-
anisms for residents to challenge algorithmic decisions or
request review of specific AI applications. These provisions
suggest a broader commitment to participatory governance
within local AI policymaking.

With disclosure, accountability, and contestation, these
policies do not simply accommodate the acceleration of
AI without friction; rather, they establish conditions under
which AI can be contested and must be contestable through
democratic processes. This orientation contrasts with dom-
inant sociotechnical imaginaries, where deregulatory ap-
proaches often frame AI development in terms of accelera-
tion and innovation (Oldenburg and Papyshev 2025). More-
over, by explicitly incorporating mechanisms of contesta-
tion, these policies establish AI as inherently challengeable
rather than something to be adopted uncritically (Campolo
and Crawford 2020). Overall, municipalities position demo-
cratic oversight as both a procedural safeguard and an ethical

commitment that mediates power among government insti-
tutions, technology vendors, and affected communities.

Rights-Oriented Framework
Many local AI policies begin by asserting a commitment
to ethical, responsible, and safe AI use. These statements
framed the purpose of policy intervention as guiding adop-
tion and deployment of AI in ways that protect public rights,
ensure equity, maintain institutional integrity and respect
privacy. In practice, such policies translated these goals into
concrete expectations, including guidelines and training for
employees on responsible conduct, emphasis on data stew-
ardship, and guardrails to ensure ethical decision-making.

Beyond procedural ethics, these commitments were often
rooted in broader rights-based frameworks. Many policies
invoked digital, civil, human, and privacy rights as foun-
dational principles. They frame responsible AI use through
the lens of equality, fairness, and nondiscrimination. This
rights-oriented stance moved ethical governance from ab-
stract aspiration toward enforceable obligation, linking local
policy decisions to long-standing democratic ideals. This ap-
proach diverges from national AI policy, where, as Bareis
and Katzenbach (2022) note, AI is often framed as a his-
torical rupture—a technology unlike anything seen before.
Such framing can distance governance from precedent, po-
sitioning AI as exceptional. In contrast, local AI governance
treats AI as a technology with measurable risks, governed
through existing ethical and rights-based frameworks. AI is
thus framed not as exceptional, but as a familiar governance
challenge addressed through institutionalized values.

A recurring emphasis in these documents is that respon-
sible AI use should demonstrably improve, rather than de-
grade, the quality of civic life. AI is framed as a tool to
enhance city services, strengthen public trust, and support
residents’ well-being, while avoiding harm or exacerbating
inequality. This establishes a standard of conditional de-
ployment, where technologies are adopted only when they
clearly produce public benefit. This differs from dominant
sociotechnical imaginaries, in which AI is often uncritically
accepted and innovation is prioritized as inherently benefi-
cial, with limited space for contestation (Oldenburg and Pa-
pyshev 2025; Campolo and Crawford 2020).

Local policies, which frequently reflect this rights-based
orientation, require that benefits be demonstrated prior to
adoption, reflecting a precautionary, values-driven stance
that ties technology use directly to the public good. This
finding is consistent with Wernick (2024), who, through
analysis of GDPR and EU regulatory frameworks, shows
that while existing regimes often treat innovation as self-
justifying, rights-based approaches more effectively embed
accountability, oversight, and fundamental rights protections
into technological design and deployment.

These rights-oriented approaches also carry particular
weight in addressing the disproportionate risks faced by
marginalized communities. Some municipalities explicitly
identify potential biases and unequal impacts as central gov-
ernance concerns and articulate protective measures to miti-
gate and redress these harms. By linking ethical and respon-
sible AI use to both civic benefit and civil rights, local gov-
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ernments position themselves as stewards of justice, equity,
and accountability in the digital age.

These commitments ground AI governance in established
legal and democratic frameworks, framing AI not as an ex-
ceptional or self-regulating technology, but as one that must
be governed through existing principles of rights, responsi-
bility, and public accountability.

Place-Based Alignment
Local policies often emphasized the importance of ensuring
that AI governance aligns with each city’s distinct values,
priorities, and identity. These municipalities framed their AI
regulation as a continuation of their broader civic commit-
ments. Policies frequently referenced community values and
development goals, seeking to integrate emerging technolo-
gies in ways that reflect local needs and aspirations. This
contrasts with dominant imaginaries that have been criti-
cized for framing AI as a general-purpose, solutionist tech-
nology applicable across diverse social and institutional con-
texts (Mager and Katzenbach 2021; Oldenburg and Papy-
shev 2025).

Several municipalities describe consulting residents, ad-
vocacy groups, or advisory boards in shaping AI-related
rules and guidelines. This public input played an important
role in shaping the policies themselves, aligning governance
approaches with the contextual values and concerns of the
communities affected by these technologies. This dynamic
contrasts with findings from studies of national policymak-
ing. For example, Smallman (2020) notes that in national-
level policymaking, public input that does not align with
dominant national priorities is often ignored or reframed to
fit prevailing imaginaries. In contrast, much local AI poli-
cymaking incorporates community needs and local priori-
ties from the outset, with policies continuing to evolve in
response to local concerns.

Industry perspectives and motivations sometimes ap-
peared as well, particularly in policies from large metropoli-
tan areas like Los Angeles, New York, and Miami. This
likely reflects both the presence of technology companies in
those regions and the scale of their potential applications for
urban management and service delivery. In many cases, es-
pecially with smaller cities, policy documents typically bal-
anced optimism about AI’s potential with caution regarding
its risks. This cautious optimism reflected a broader hesi-
tancy toward uncritical or large-scale adoption and empha-
sized that technological innovation should not override the
fundamental values or social priorities of the cities and its
residents.

Finally, many policies situate themselves within a broader
regulatory ecosystem, referencing existing municipal, state,
or federal frameworks that inform or constrain their ap-
proach. This positioning underscores that while AI gov-
ernance is locally articulated, it remains embedded within
multi-level institutional structures that shape its scope and
implementation.

Limitations
The corpus is limited to policy documents that were publicly
available during the study period—a common limitation in

document analysis (Bowen 2009). As a result, it does not
represent an exhaustive inventory of local AI governance.
Additionally, the corpus may be biased toward jurisdictions
with greater digital visibility and administrative capacity, as
document discoverability depends on factors such as search
engine indexing and search terminology. Jurisdictions using
alternative terminology for AI technologies or maintaining
policies that were not publicly accessible may therefore be
underrepresented. Thus, the geographic distribution of the
corpus reflects where eligible policies were identified rather
than the absence of AI governance in other jurisdictions.

Conclusion
Local AI governance is a site where distinct, localized
counter-imaginaries of AI are articulated and institutional-
ized. Drawing on 77 policies from 55 local governments,
the analysis identifies how municipalities target specific AI
domains while advancing counter-imaginaries centered on
democratic oversight, rights-oriented governance, and place-
based alignment. Thus, it contributes to AI localism scholar-
ship by clarifying how local governments define the scope of
AI governance and the values motivating regulatory action.

These local imaginaries stand in contrast to dominant na-
tional and industry narratives that emphasize innovation,
scale, accelerated deployment and competitiveness. Instead,
local governments frame AI as a technology that must re-
main accountable to affected communities, constrained by
established rights frameworks, and justified through demon-
strable public benefit and context-specific purpose. This dis-
tinction is particularly important within the United States’
federal system, where state and local governments have his-
torically functioned as sites of regulatory experimentation
and policy learning (Oates 1999).

Recent federal developments in AI policy, however, sug-
gest a shift away from this traditional dynamic. The Trump
administration’s 2026 national AI framework places strong
emphasis on economic growth and global technological
leadership, while also signaling support for forms of federal
preemption (White House 2026). Although national govern-
ments inevitably operate with broader priorities, including
military and economic concerns that shape their governance
approaches differently from local governments, this orien-
tation risks narrowing the institutional space available for
subnational experimentation and localized governance. The
findings of this study suggest that local efforts offer valuable
insight into how communities understand the acceptable in-
tegration of AI into civic life, particularly in relation to ac-
countability, public participation, rights protections, and so-
cial impact.

As debates over federal AI regulation continue, preserv-
ing space for local variation and experimentation remains
critical. It is within these local governance settings that situ-
ated harms, community priorities, and context-specific con-
cerns are most clearly surfaced. Local AI governance there-
fore provides not only an alternative regulatory approach,
but also a distinct vision of how technological systems
should be governed in relation to democratic accountability
and the public good.
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