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Abstract

Recent years have seen a surge of interest in structured tools
and interventions for responsible data and technology devel-
opment and deployment. As part of this phenomenon, data
ethics frameworks have emerged as a basic tool that go be-
yond lists of ‘ethics principles’, aiming to guide the practi-
cal application of these ethical considerations. This study of-
fers an in-depth insight into how organisations are making
use of the Data Ethics Canvas - a popular, openly licensed
data ethics framework, developed by a non-profit, and used
across a diverse range of organisations. Through a reflexive
thematic analysis of 22 interviews with tool users, we draw
key reflections to understand its role in organisational set-
tings. We find that participants aim to use the tool for data
ethics assessment, literacy, and as a foundation or inspiration
for governance initiatives. We argue that the versatility of the
tool offers an opportunity for ‘brokering’ among stakeholders
who approach data practices from different perspectives. Still,
limited guidance and a need to overcome organisational bar-
riers leave significant responsibility on individuals to deliver
outcomes from interactions with the tool. We further discuss
how far these findings can be used to reflect on wider use,
re-design, re-framing and evaluation of interventions to gen-
erate responsible data practices. We offer recommendations
including the need for clear and robust guidance of users’ en-
gagements with tools, and for tools to account for a landscape
where responsibilities for data practices and their AI applica-
tions increasingly converge.

1 Introduction
Across different sectors and domains, organisations have
posed ubiquitous solutions focused on how to ‘opera-
tionalise’ data and artificial intelligence (AI) ethics. This is
complimented by a surge in academic literature focused on
the same objective. Such efforts aim to address concerns that
decision-makers struggle to interpret and effectively address
their responsibilities in their practices with data (Hirsch et al.
2024; Morley et al. 2020).

As part of this, data ethics frameworks (DEFs) have
emerged as a practice-oriented tool that “offer instructions
on how to identify and mitigate the ethical risks posed by
[data] systems across key normative values such as fair-
ness, transparency, and accountability” (Qiang, Rhim, and
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Moon 2024). DEFs have been developed in the context of
a wider range of similar tools, such as responsible or ethi-
cal AI and data playbooks, guidelines, checklists and codes,
that seek to achieve a similar function in guiding practi-
cal decision-making, with often overlapping design features
(Prem 2023). The landscape of data practices is rapidly
evolving with the changing landscape of computing tech-
nologies, and particularly the explosion of interest in use of
AI. Data practices play a foundational role in the systemic
challenges emerging from these applications of AI (Sam-
basivan et al. 2021). As such, the landscapes of data and
AI ethics and governance approaches are highly intertwined
(Khan 2025).

Data and AI ethics frameworks and other similar tools
have been published by academics (Franzke, Muis, and
Schäfer 2021), tech companies (Google 2023), (local) gov-
ernment departments (NSW Government 2024), non-profits
focused on technology (Nethope 2020), and even private
companies not focused on tech (Edquist et al. 2022). In-
vestment in such approaches is continuing. For example, the
UK government is currently in the process of updating their
Data Ethics Framework (GDS 2025), which they have ad-
vised public servants to apply in their work since 2018, to
help them to “use data appropriately and responsibly when
planning, implementing, and evaluating a new policy or ser-
vice” (GDS 2020).

Despite this continued investment in data and AI ethics
frameworks, there has been limited research investigating
how they are used and their impact in real world scenarios
(Berman, Goyal, and Madaio 2024; Figueras, Verhagen, and
Pargman 2022; Qiang, Rhim, and Moon 2024). Critical lit-
erature has offered valid concerns about about the potential
for simplistic artefacts or tools to distract from urgent needs
for systemic changes to data and AI ecosystems, by narrow-
ing the scope of consideration (Munn 2023; Wang and Blok
2025). Meanwhile, existing studies have demonstrated that
research can help to establish expectations for the role of
ethics tools, and differentiate tools from one another (Qiang,
Rhim, and Moon 2024; Yildirim et al. 2023). We consider
that further systematic investigation of the practical benefits
and challenges of engaging with tools is useful to build a
realistic assessment of their role in working towards more
responsible data practices, and informing this debate.
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In this study, we explore how the Data Ethics Canvas1

(‘the Canvas’), a popular data ethics framework published
by UK-based non-profit organisation the Open Data Insti-
tute, has been used in practice since June 2021. Previous
similar studies have explored the application of frameworks
focused specifically on AI applications (Qiang, Rhim, and
Moon 2024; Yildirim et al. 2023), or have been more nar-
rowly focused on singular, immediate outcomes like user
satisfaction or literacy from single interaction with tools
(Franzke, Muis, and Schäfer 2021; Vakkuri, Kemell, and
Abrahamsson 2019). This study offers a different perspec-
tive, exploring the role of a data-oriented tool, through an
in-depth case study based on 22 interviews with tool users.
We use our findings to explore how its specific design fea-
tures led to different types of interaction with the Canvas, de-
veloping a holistic understanding of participants’ objectives
in using the tool, the nature of their engagements, perceived
impact, and barriers to change.

This study contributes to an urgent agenda to better un-
derstand the practical role and impact of data and AI ethics
assessment tools. We make the following contributions: 1)
we identify key factors to consider in redesign of this and
similar tools, highlighting a need to navigate trade-offs be-
tween guidance and engagement of diverse stakeholders in
data ethics challenges; 2) we make recommendations for re-
framing such tools, proposing a need for designers to out-
line clearer instructions for tool users. We suggest that this
should be developed from research and evaluation of the
tools. This should aim to help users to engage in more mean-
ingful use with sustainable impact, and prevent overestima-
tion of the impact of ethical assessment activities.

2 Background
2.1 Understanding the Emergence of Data Ethics

Frameworks
For the development and deployment of a single data-driven
approach or technology, decision-making about data prac-
tices is diffused across many different actors, including
many mundane tasks (Leonelli 2016; Sadek et al. 2024;
Sambasivan et al. 2021). This includes various points across
dataset creation, governance, selection, analysis, and po-
tentially further model training tasks, evaluation, and ulti-
mately implementation (Longpre et al. 2024). Decisions that
may appear small can have major downstream impacts. For
example, over-reliance on poorly representative datasets in
modelling, which can emerge from a lack of domain ex-
pertise in those making “data decisions” (Sambasivan et al.
2021), can lead to model applications with real world im-
pacts, including harms like misdiagnosis of disease.

Agendas for ‘responsible AI’, ‘AI ethics’, and ‘data
ethics’, among others, all seek to address practitioners’ chal-
lenges in understanding and mitigating impacts from data
and AI applications (Hirsch et al. 2024; Morley et al. 2020).
These agendas are by no means new. However, industry,
government, the third sector and academia have all re-
sponded to public urgency related to the increasing impact of

1https://theodi.org/insights/tools/the-data-ethics-canvas-2021/

data-driven technologies, and particularly AI systems, with
a surge of proactive efforts in recent years. A 2019 article
by authors from non-profit Data and Society (Metcalf 2019)
quipped that “ethics is arguably hottest product in Silicon
Valley today” (p. 449). While this tech landscape continues
to evolve, a canon on responsible data and tech practices is
emerging.

As part of these efforts towards more ‘ethical’ practice,
organisations across all sectors have produced tools and in-
terventions that aim to support decision-makers across dif-
ferent points of the ‘lifecycle’ of an AI system or data project
(Lu et al. 2022; Morley et al. 2020). These include organisa-
tional approaches like committees or boards (Sorell 2024),
training courses (Franzke, Muis, and Schäfer 2021), but also
project or product level tools like frameworks (Hollanek
2024), toolkits (Holstein et al. 2019), audits (Schiff, Kelley,
and Camacho Ibáñez 2024), impact assessments (Bogucka
et al. 2024), and many more. There are also industry level
approaches that aim to standardise and improve practices
across many different organisations, like standardised data
and model documentation approaches (Micheli et al. 2023).
These different tools can be understood as interventions
which are “designed to influence the norms, decisions, and
daily practices of [decision makers working with data and
AI] to mitigate the potential for [data and AI] systems to in-
troduce or exacerbate societal inequities” (Berman, Goyal,
and Madaio 2024, p. 1).

Those assessing the implications of AI systems often
turn to to these tools as ‘solutions’ to the challenges of re-
sponsible technology development and deployment. For ex-
ample, in November 2023, the UK government launched
an official committee review in response to public survey
findings demonstrating “distinct distrust in the regulation
of advanced technology”, a key recommendation of which
was to develop a new guidance framework for “Ethics,
Transparency and Accountability Framework for Automated
Decision-Making” for use in the public sector (DSIT 2023).
This turn to such solutions has been termed a ‘toolification’
of ethics by some researchers (Hollanek 2024).

2.2 How Have Data Ethics Frameworks Been
Studied So Far

Critics of frameworks have argued that they can give a false
sense that data and AI ethics can be limited to a step-by-
step process or box ticking exercise (Hollanek 2024), which
is problematic given the subjective and contentious nature
of ethics claims. For example, Munn (2023) asked: “what
is fair and who gets to decide it?” (p. 873), further argu-
ing that “this is difficult work which requires engaging with
social and political questions and prototyping, testing, and
rejecting different designs: there are no shortcuts” (Munn
2023). Further, frameworks are often designed with an ide-
alised understanding of a ‘data project’ where responsibili-
ties can be encompassed under the remit of teams and em-
ployees, which does not tackle the need for infrastructural
and system change at the scale of organisations and ecosys-
tems (Sadek et al. 2024).

Still, there is responsibility that lies at the level of indi-
viduals and organisations, and as such it is important to ex-
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plore the role of interventions that address these responsi-
bilities. Despite their pervasiveness and ambitious claims,
there is limited research to understand the way that such
frameworks are used in practice and their impacts on data
work on decision-making (Figueras, Verhagen, and Pargman
2022; Vakkuri, Kemell, and Abrahamsson 2019; Yildirim
et al. 2023; Qiang, Rhim, and Moon 2024).

Although relatively little is known about the practical
adoption, use and impact of data and AI ethics frameworks,
various studies explore ethics frameworks as artefacts that
represent the current narratives and scope of the organisa-
tional ethics work they intend to instruct. They address lim-
itations such as the critiquing the scope of issues and prin-
ciples addressed (Greene, Hoffmann, and Stark 2019; Jobin,
Ienca, and Vayena 2019). For example, authors argue that
frameworks often fail to: prompt consideration of whether
a given project should be taking place in the first place
(Hollanek 2024); highlight systemic justice issues including
labour rights and environmental sustainability (Corrêa et al.
2024; Hollanek 2024); and address wider conceptions of
stakeholder engagement beyond involvement of expert pro-
fessionals (Greene, Hoffmann, and Stark 2019). Particularly
within academic domains, such insights have led to emer-
gence of redesigned frameworks such as those focused on
the ‘ethical demands’ of specific domains, addressing spe-
cific regulatory demands (Constantinides et al. 2024), are
more focused on justice or feminist principles (Varon and
Peña 2021), or look specifically to integrate sustainability
considerations (Samarawickrama 2022).

A relatively small number of studies have explored users’
experiences of implementing data and AI ethics frameworks,
following the wider trend across the landscape of data and
AI ethics tools of an absence of evaluation studies (Berman,
Goyal, and Madaio 2024). This means that few existing
frameworks are evaluated. Existing studies on their im-
plementation typically investigate the immediate subjective
outcomes such as ‘improvements to literacy’ from singular
experimental interactions with tools - as opposed to real-
world interactions of participants with specific tools (e.g.,
(Constantinides et al. 2024; Franzke, Muis, and Schäfer
2021; Qiang, Rhim, and Moon 2024; Vakkuri, Kemell, and
Abrahamsson 2019).

Further, as Qiang, Rhim, and Moon (2024) concluded,
‘one size does not fit all’, meaning that different ‘ethics’
frameworks will provide different benefits and challenges
to their users. Given that most data and AI ethics frame-
works are not evaluated, and offer broad remits for their
use, Qiang, Rhim, and Moon (2024) further argue that the
“suitability and expected benefits of existing frameworks”
should be better clarified “for better adoption of [data and]
AI ethics in the industry” (p. 1976), through in depth in-
vestigation on the use of single tools. Therefore, research
investigating adoption and use of tools in practice, rather
than under controlled experimental settings, is important to
understand the nature of their role in real world settings.
This should include exploration of the types of users engag-
ing with ethics frameworks, applications they are applied
to, tasks that users aim to achieve and how far user needs
are met, and approaches to evaluation and iteration. These

qualitative investigations can develop the basis for more tar-
geted evaluations, through establishing aspects such as the
common ‘users’, ‘situations’, ‘objectives’ of a tool, needed
for more robust effectiveness studies (Berman, Goyal, and
Madaio 2024; Olsen 2007; Qiang, Rhim, and Moon 2024).
While a recent study (Yildirim et al. 2023) has offered case
study exploration into the use of a human-AI guideline pub-
lished by Google, we have not identified similar explorations
focused on the use of data ethics frameworks.

3 Methodology
We completed a retrospective qualitative study, conducting
22 semi-structured interviews with individuals who have
used the Data Ethics Canvas (the Canvas) in the period since
June 2021, when the framework was last updated. This re-
search approach was approved by the Research Ethics Com-
mittee at King’s College London.

3.1 Selected Case Study: The Data Ethics Canvas
The Data Ethics Canvas was published in 2017 by the Open
Data Institute (ODI), a UK-based non-profit organisation.
Over the past 8 years, the Canvas has undergone several mi-
nor updates but has remained similar in format and content.
The ODI recorded 3,525 downloads in 2024, with the major-
ity in English, and between 150 and 500 downloads in each
of French, Spanish, Italian, Dutch and German. The tool is
cited within many repositories of similar tools2, within pub-
lic sector governance guidelines and strategies (Met 2021;
LOTI 2022) and has been used by non-profits (ODI 2024)
and large private sector organisations including Barclays
Bank and Co-op (ODI 2021; Co-op 2019).

We selected the Data Ethics Canvas for study due to its
popularity across multiple sectors, its international orienta-
tion, and our specific access to study the tool.

The Canvas is a single page PDF segmented into four key
areas for ethical practice (while not explicitly named as such,
these could be entitled ‘data sources’, ‘people’, ‘understand-
ing impact’ and ‘identifying mitigations’), and containing
lists of questions, which act as prompts for organisations’
thinking, under each area of practice (see Figure 1).

The approach of ‘prompting’ considerations rather than
offering explicit instructions is a common practice within
data ethics frameworks (Häußler 2021). The Canvas’ Cre-
ative Commons license of the tool allows others to use,
adapt, and build upon the work, so long as the organisation
that designed the tool is referenced. Like many similar tools
(Qiang, Rhim, and Moon 2024), the Canvas gives minimal
instruction over the intended context its use, explicitly stat-
ing that it can be used by anyone involved in working with
data at any stage of their work, and across all different types
of work with data. While there is a user guide to support
organisations with the use of the tool, we chose to focus ex-
clusively on the Canvas itself as many of the known applica-
tions of the tool do not include the use of the guide.

We have outlined numerous aspects that vary among
different tools. Other differences include: whether they
are generic or specific to a certain application or context

2e.g., https://oecd.ai/en/catalogue/tools
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Figure 1: The Open Data Institute’s Data Ethics Canvas, updated version published in June 2021. In each circle there are
between 2-5 questions (see magnified image). The tool is designed to be viewed at a scale larger than A4 or digitally. Questions
listed within the Data Ethics Canvas and copyright information are available in Appendix.

(Solanki, Grundy, and Hussain 2023; Tirado, Mulholland,
and Fernandez 2024); the simplicity versus density of the
tools; the context of the organisation designing the tool; how
individualistic versus collective conceptions of responsibil-
ity are, among other facets. This means that while we study
the design features of this one particular tool, there is scope
to explore in further research how far these findings gener-
alise or differ across the wider landscape of tools, by com-
paring these findings to examinations of other tools.

3.2 Sampling
We identified participants via purposive and snowball sam-
pling (Parker, Scott, and Geddes 2019), aiming to generate a
diverse sample of participants from organisations across dif-
ferent sectors, sizes of organisations, application domains,
and uses of the tool. We first contacted staff members at the
ODI who were known users of the tool, who mostly used
it to support other organisations via functions such as train-
ing and consultancy. To identify further users, we asked each
participant to share recruitment information with other users
of the Data Ethics Canvas, and additionally conducted a
search on Google, Twitter, LinkedIn, and Google Scholar us-
ing the keyword “Data Ethics Canvas” to identify all online
publications or communications that mentioned the specific
tool. Authors of these online publications were contacted di-
rectly by the lead author with recruitment information.

To achieve this sampling approach, the Open Data Insti-

tute acted as a ‘gatekeeper’ organisation, sharing recruitment
information with potential participants. This role was impor-
tant because, as empirical research has demonstrated, gain-
ing insight into private organisations’ internal data practices
can be challenging (Scheuerman 2024; Collett 2024), and
this likely helped to generate sufficient trust for tool users to
share their experiences.

Participants were recent or present users of the tool, mean-
ing they had used tool as a basis for their own decision-
making or supporting decision-making of other organisa-
tions over the past four years. Each participant completed
their work at a different organisation, except for seven par-
ticipants who were employed at the ODI.

3.3 Interview Approach
Semi-structured interviews of 30-60 minutes were com-
pleted between January and April 2025. They addressed de-
scriptive elements (who, what, where, why, approaches to
iteration and evaluation) about their use of the tool, but also
qualitative elements (their perceptions of success and limita-
tions in their own work). We did not ask participants to speak
about specific project details, and we anonymised the names
of any specific projects or clients that were mentioned. Dis-
cussions instead focused on understanding the role that the
tool played in mediating this work. This was important as
organisations are at times reluctant to share specifics of their
decision-making within projects due to concern about repu-
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tational risk (Scheuerman 2024), yet the approach still al-
lowed participants to share rich insights on their experi-
ences.

3.4 Analysis
We used a reflexive thematic analysis method (Braun and
Clarke 2021). A single author coded the transcripts, which
were transcribed verbatim. 136 codes were generated induc-
tively, and grouped into themes and subthemes via further
analytic discussion with co-authors.

4 Findings and Discussion
Of the 22 interviewees, seven were from the Open Data
Institute (non-profit), two were from other non-profit or-
ganisations, eight were from private organisations and four
were from public sector organisations. We identified more
prospective participants from private than non-profit organ-
isations, although four private sector participants used the
Canvas in training or consultancy roles to support public sec-
tor organisations using the tool.

As a result of the sampling approach, participants tended
to be champions of use of the tool within their organisations,
in that they were often those involved in procuring or leading
data ethics work and were thus typically in middle or senior
roles. Participants were largely consultants, ethics trainers,
project or product managers, leads working on the imple-
mentation of data projects or tools, or leads directing techni-
cal teams and projects.

Further, 12 participants shared their experiences of sup-
porting other organisations to use the tool, 10 participants
shared their experiences of using the tool for their own in-
ternal practices, and one had experience of both. We have
not specified which seven participants in the study used the
tool as part of their role at the Open Data Institute, to avoid
re-identification of individuals.

In this section, we outline and discuss three central find-
ings about how participants have made use of the Data
Ethics Canvas, sharing critical reflections about the impli-
cations of these findings. We found: (1) that a core function
of the tool appears to be in engaging users in the scope, prac-
tices, and terminologies associated with data ethics, (2) that
when applied within project settings, the tool primarily sup-
ports assessment and agreement of the ethical demands, to
different degrees depending on the circumstances in which
the tool is applied, and (3) that the tool is used beyond the
project level, as a mediator for building organisational data
ethics maturity, suggesting that this is primarily, but impor-
tantly not limited to the earlier stages of maturity.

4.1 Theme 1: Engaging With Data Ethics
Practices

The Open Data Institute’s website states that the Data Ethics
Canvas “can help you to identify and manage ethical issues”,
which is a broad and ambitious objective. We identify a more
specific function of the tool, in engaging people with data
ethics practices. By bringing people in to discussions and
activities focused on data ethics, the tool is then useful for a

set of wider activities at the project or organisational levels,
discussed in Sections 4.3 and 4.4.

Here, we describe two main ways the tool supports this
engagement, by: (1) helping to define the scope of data
ethics “concepts and practices” (P7), and (2) providing an
“artefact” (P19) to form the basis of this engagement.

A Basic Definition of Data Ethics Practices The Data
Ethics Canvas defines the scope of data ethics considera-
tion. Many participants described the tool as offering an
introduction to the broad ‘lens’ of data ethics. They high-
lighted decision-makers within their organisations, or within
client organisations “not knowing what data ethics is” (P5),
or needing support to make existing queries or discussions
about the possible implications of their work “concrete”
(P21, P22). For this, the tool provides shared, non-specialist
language (P14, P21) and “is there to guide you to ask the
relevant questions” (P21).

However, while many tools are more detailed, more spe-
cific to certain types of application, for example the Human-
AI Guidelines examined in a study by Yildirim et al. (2023),
or offer more specific structure for how they should be used,
the Data Ethics Canvas offers a relatively simple and ver-
satile framing. Participants describe seeing the tool as “ag-
nostic” (P5) or “basic” (P6) in its definition of data ethics
practices. This manifested in the understanding that it is non-
specific to different philosophical frameworks (P2, P7), cul-
tural values (P4), and motivations for engaging with data
ethics work (P5, P9): “I think what [the ODI] want the Data
Ethics Canvas to do is guide people through their own ethi-
cal framework. In the sense of ‘what is important to you, and
are you doing that thing that is important to you’. Without
telling them what’s right and wrong.” (P4).

Further, participants suggested that the format of ques-
tions rather than instructions within the Canvas was impor-
tant for avoiding “running the risk of imposing anything on
partners. So it’s not saying you definitely need to do this or
you definitely need to do that. By asking questions it still al-
lows people to find their own approach to it. But concrete”
(P19).

Still, even in setting this ‘basic’ scope of ethical consid-
eration, participants often alluded to the fact that they are
using this tool as a benchmark to set the standards for ap-
propriate practice. This included the role of the tool in cre-
ating legitimacy for addressing ethical considerations. For
example one participant mentioned the tool in conversation
with other stakeholders, saying: “when they are asking why
we are questioning things, we can point them to [the Data
Ethics Canvas]. We’re not just making this stuff up” (P18).
Other participants (external to the ODI) were more explicit
about the importance of the institution behind the tool in cre-
ating this legitimacy “the brand of ODI as a non profit helps
to reassure people, particularly in your smaller enterprises
and startup world” (P16). In all, participants suggested that
simple, adaptable, and, for some, reputable content of the
tool was important for its ability to form a basis for engage-
ment.

An Accessible Anchor for Engagement Participants
made clear that the utility of the tool went beyond the in-
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Sector Public sector, Private sector, Non-profit
Type of data project Data analytics, Data sharing or portability, AI/prediction applications, Synthetic data development
Domain Healthcare, Finance, Environment, Energy, Public infrastructure, Public services delivery

Table 1: Summary table on applications of the Data Ethics Canvas by interviewees - sectors, types of data project, domains.

formation provided in its contents. Instead, value was also
derived from the physical form of the tool as an “artefact”
(P2), “anchor” (P7) or “hook” (P7) to generate engagement
with the data ethics lens. The layout of the tool appears cen-
tral to its capacity to engage participants with data ethics,
and support consideration of its role within their contexts.

Multiple participants specified the importance of the Can-
vas being on a single page (P11, P14, P21). This was noted
as important for facilitating a lower investment for engage-
ment, as compared with other similar forms of tool: “[A]
playbook, just by virtue of being called a book, I’m already
put off because it’s a lot of reading and a lot of work. The
canvas is basically an off the shelf, one-page solution and
that is what makes it efficient” (P11). Other aspects of the
format that participants commented on were similarly ori-
ented around the tool as visually appealing due to its colour-
ful layout, and simple structure. As one participant noted:
“You’ve got the main concept, the main themes, it’s colour
coordinated, so it’s easy to follow” (P21).

The nature of structure in the tool was a further subject
of debate. Participants tended to acknowledge that the tool
offers structure, in the form of four colour-coded ‘subsec-
tions’ and 15 ‘bubbles’, each containing a heading and brief
set of questions. However, the Canvas does not give a clear
indication of which order to engage with the different com-
ponents, leaving this largely up to interpretation for the user.
This fact appears to contribute to its versatility: “you can
take as much or as little because of course not everything on
on here will be relevant to whatever you’re doing” (P21).

Several participants also discussed design/visual draw-
backs of the tool, including small text making it less acces-
sible (P3, P21), and a desire for a digital format that makes
it easier to interact with the outputs of the tools (P3, P11,
P15). Both of these features offer challenges for designers to
tackle meanwhile maintaining its benefits for engagement.

Discussion of Theme 1 Findings The benefits that partic-
ipants highlighted for the tool’s role in engagement closely
align to barriers for data and AI ethics practices recognised
in wider literature. For example, previous research exam-
ining these barriers highlights a lack of understanding or
‘concreteness’ of ethical responsibilities in work with data
(Morley et al. 2020; Khan et al. 2023), a need for legiti-
macy in asking challenging questions about data or engaging
in ‘ethics assessment’ (Widder 2024), and a desire to intro-
duce these considerations in a way that is low-resource due
to low existing prioritisation of these factors (Schiff et al.
2021). These findings suggest a potential role for the tool in
mediating some known barriers to responsible practice, by
playing a role in brokering different perspectives and needs
on responsibilities in uses of data. We propose that various
design features of the tool appear to support its function in

engagement, and that if the Data Ethics Canvas was less aes-
thetic, more confrontational, or more complex, it may have
been less functional in achieving engagement among stake-
holders.

These demands suggest a potential trade-off between
guidance and engagement, that tool users and designers
should be aware of, where more prescriptive and compre-
hensive approaches may have gained less buy-in from users.
However, this trade-off also touches on contentious aspects
of such tools.

As discussed in Section 2, critics argue that ‘toolkitifica-
tion’ (Hollanek 2024), the reliance on simplified tools, sug-
gests ethics can be ‘solved’ on an organisational level. Given
the clear need for systemic changes that cannot, and will not,
be addressed at the scale of individuals and teams (Craw-
ford 2021; Wang and Blok 2025), such approaches must
not drive attention away from the need for mandating re-
sponsible practices on greater scale. ‘Basic’ tools such as
the Data Ethics Canvas will, critics point out, determine and
limit the scope of ethical consideration by pointing atten-
tion towards or away from certain values or facets of what
is ‘ethical’(Hollanek 2024). In practice, it appears more ap-
propriate for such tools to be used as a starting point for
interpreting the scope of responsibility, rather than an en-
compassing guide, which would require far greater care and
deliberation.

We explore further in Sections 4.2 and 4.3 the role for this
‘engagement’ when the tool is used at project and organi-
sational levels, and the further scope for guidance of tool
users.

4.2 Theme 2: Project Level Uses - Assessment
The Data Ethics Canvas is intended to be used within
‘projects’. This is outlined on the website page hosting the
tool3. The tool is structured around prompts for both “iden-
tifying and managing” the “adverse impacts on people and
society” from “projects that use data”. The majority of par-
ticipants we spoke to had used the tool within their own
projects, or supported other organisations to do so.

Broadly, participants reported that engagement with the
Canvas tended to support an improved understanding, or ‘as-
sessment’ of the ethical demands of the project. However,
the extent of this understanding, and the follow up actions
to address these demands, varied significantly with the role
of mediators such as expert facilitators and organisational
champions, as well as other factors including the domain of
the application. Their role was pivotal since: “organisations
are way more nuanced than you can see from the outside,
and so the approach needs to be tailored, ideally by some-
one who works within the organisation” (P2).

3https://theodi.org/insights/tools/the-data-ethics-canvas-2021/
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Identification and Agreement of Ethical Demands Par-
ticipants all suggested that the tool had helped to identify
at least some ethical demands associated with projects, and
actions to mitigate these. For example: “with four or five
different questions [in each section of the Canvas] we may
have considered one or two aspects, but not the rest” (P13).

A few participants use the tool in ad hoc and light-touch
ways, and not in collaboration with others, for project as-
sessment work: “really as a reference point to plug any
gaps at provoking questions” (P16). However, the majority
of participants use the tool in more structured, collaborative
and in-depth ways, frequently in a workshop format. De-
liberation of the prompts among different stakeholders was
crucial to their sense of success in this ethical assessment.

We identified two reasons for the importance of this de-
liberation: firstly, due to the need for diverse input to un-
derstand the challenges and likely solutions; and secondly
due to a need for agreement of the issues and next steps:
“we want everybody going out the room to feel like they’ve
made a consensual recognition of some of the challenges
and that they all agree that these are the good ways to go.”
(P1). Participant 14 explained the importance of including
“the quiet people on the front line”, who may be able to
identify different challenges than other team members. The
vast majority of participants described using the tool only
with individuals internal to the organisation undertaking the
project, although in a couple of cases participants had exam-
ples where some external stakeholders were included (P3,
P5). Some participants suggested that the tool changed per-
spectives of those otherwise not engaged with ‘ethics’: “we
had very technical people that were there who are only in-
terested in the data and building the tools. They were not
interested in ethics at all. And so with the exposure to the
Canvas, they were like, OK, these are things we need to start
thinking about when we’re doing the data analysis and pre-
senting and visualising the data, et cetera” (P13).

Multiple participants suggested that 1-3 hour workshops
had been insufficient to build a suitable assessment of a
project - and particularly to be able to identify the neces-
sary follow up actions (P3, P10). Participant 7 specified that
it “depends how much time you spend with it as to whether
you get any granular detail or action off the back of it”. Fur-
ther still, many identified the importance of specific efforts
made on the part of organisational ‘champions’ of the tool,
or by external facilitators, for generating an effective assess-
ment. This included contextualisation of the tool for the sit-
uation. For example participant 7, who had multiple years
of experience deploying the tool, highlighted that they: “got
rid of [sections] or incorporated them in different ways, or
held them in my back pocket for a discussion piece” - while
others adapted the questions for the domain, including in-
troducing specific case studies and context specific language
(e.g., P2, P8, P11).

In all, while the versatility of the tool may support the
engagement of diverse users, there is also ambiguity over
how to engage with it. Notably, responsibility for ensuring
in depth and effective engagement formats tends to fall to
those facilitating and championing interaction with the tool.

Ad Hoc Implementation of Follow Up Actions Although
participants mostly presented optimism over the role of the
Data Ethics Canvas in supporting assessment of ethical de-
mands within projects, many were concerned about whether
these would be addressed: “it’s valuable to give you a list
of things to think about at specific stages within a project.
But beyond that, it’s very difficult to then understand what
you need to do to action that if you’re not someone who
has the specific knowledge of how to do that thing” (P2).
Those facilitating workshops with the tool were often un-
clear over whether actions had been taken following the ses-
sions or even whether the workshops had succeeded in estab-
lishing what these follow up actions should look like. Fur-
ther, across participants there was a lack of formal evaluation
of how far use of the tool had led to change.

However, some participants described different ways that
the use of the tool had influenced projects. These included:

• Preventing projects going ahead - demonstrating why a
certain project is too risky (P18, P22)

• Allowing projects to go ahead - allowing participants to
recognise that there are means to mitigate their concerns
(P1, P2, P6, P11, P12)

• Adding elements to a risk register as a project progressed
(P8)

• Generating an assessment of the project to inform senior
decision makers (P21)

• Generating a written set of challenges that are then refer-
enced throughout project decision-making (P20, P21)

• Building a set of recommendations from a consultant
about how to progress with a project (P1, P3, P5).

Developing these actions does fall under the remit of the
Canvas, which includes questions such as “Are you routinely
building in thoughts, ideas and considerations of people af-
fected by your project?” and “How will data ethics issues be
monitored, discussed and actioned?” However, as one par-
ticipant put it: “it tells you what is a potential risk or harm
[but] it doesn’t link to the enforcement work” (P11). Ensur-
ing that action is taken requires deep organisational exper-
tise, and decision-making authority. As such, engagement
needs to reach those who have such authority.

Applying Data Ethics Practices for AI Applications
The tool was used across diverse application domains
(see Table 1). Across these domains, participants discussed
whether aspects of the Data Ethics Canvas were ‘relevant’
for their specific project - often suggesting that this led them
to ‘pick and choose’ those that they saw as more relevant:
“a lot of the work we do is around [a specific form of] en-
vironmental data. So all of the stuff involving personal pri-
vacy isn’t relevant“ (P16). At times, as already discussed,
participants also spoke about adding further context to help
participants relate the tool to language or case studies they
are familiar with.

However, the applicability of the tool appeared to gen-
erate particular challenges for participants who were look-
ing to use the tool for AI use cases (including P4, P8, P10,
P11 P12, P19, P20, P21). Participants typically identified
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their uses of data in AI applications as being within the
broad remit of the Canvas, and commonly discussed how
their roles had transitioned from primarily overseeing data
analysis or stewardship to more emphasis on AI applications
within the same role (e.g., P12, P19, P21). Multiple partic-
ipants expressed uncertainty over how far the tool would
cover their data-related concerns within AI contexts. This
included highlighting specific data-oriented ethical concerns
that were missing from the tool: “there’s nothing around en-
vironment, for example [...] which is a big ethical concern
at the moment, particularly around AI models” (P8).

Some participants (e.g., P10, P16, P19) recognised that
they “would also need some other other tools in in the dur-
ing the AI life cycle” (P10). However, a focus specifically
on data ethics is also important for organisations steward-
ing datasets that may be used within AI applications, or for
those completing “the constant activities people need to be
doing to have a good pipeline of high quality accurate data
that can inform the AI models that people want to design
and build” (P16). This raises questions over how far exist-
ing AI ethics tools support data-centric considerations, in-
cluding data stewardship for AI applications.

Discussion of Theme 2 Findings While participants were
largely positive about their engagements with the tool, they
described variable outcomes, in terms of the depth of ethical
assessment and how far this led to follow-up actions. Their
outcomes appeared to be highly dependent on factors includ-
ing the time teams spent with the tool, stakeholders involved,
and the level of adaptation of the tool and approach to its
use, as well as other organisational factors. Wider discourse
on the role of data and AI ethics tools highlights pressures
placed on specific organisational actors for carrying the bur-
den of driving responsible practice (Widder 2024; Gambelin
2021). Our findings corroborate this, and demonstrate the
requirement for decision-makers to have authority and ex-
pertise to support effective engagement.

We support the proposal made by (Qiang, Rhim, and
Moon 2024), that clarifying expectations of different tools
is of key importance for their ongoing design and use.
This should include highlighting the role of mediators and
experts in tool use, and outlining expected outcomes from
different types of interaction with the tool, to support users
in allocating appropriate resources. Setting the expectation
to produce clear, evidenced guidance to accompany tools
may also go some way towards preventing their use in in-
effectual efforts towards responsible practice, where such
tools can act as ‘false solutions’ (Munn 2023).

The findings also demonstrate that there is a need for
tools to be adapted or adaptable to contextual demands
and to keep up with changes in the data and AI land-
scape. While individuals often put in great efforts to make
adaptations themselves, exploring design options that bet-
ter support updates and adaptations would help to formalise
this process. Further, we identify ambiguities in how ‘data
ethics’ and ‘AI ethics’ converge with one another in the prac-
tical settings that participants encounter. Those overseeing
the use and sharing of data increasingly need to be aware
of possible uses in AI applications, as these are increasingly

common. On the other side, those primarily responsible for
AI deployment are increasingly challenged to address their
responsibilities to incorporate appropriate, high quality and
well-governed datasets. Widespread concerns that data prac-
tices are often overlooked in the context of AI development
and deployment (Aroyo et al. 2022; Sambasivan et al. 2021)
give cause for further consideration of how far guidance over
data ethics and governance is prioritised within AI ethics or
RAI tools, and how specific data oriented tools are needed
to complement these.

4.3 Theme 3: Organisation Level Uses -
Improving Data Ethics Maturity

A notion echoed by many participants was that data ethics
needs to be integrated into standard organisational decision-
making. For example, participant 2 argued: “For organisa-
tions to sustainably think about data ethics, it needs to really
be built into the way that you work and the way that you op-
erate, and it needs to sit within broader functions like data
governance, for example, because otherwise it gets lost or it
will end up being de-prioritised or de-funded” (P2).

Beyond the use of the Canvas at a project level (Theme
2), many used the tool to generate improved data ethics lit-
eracy or skills - and as a means to inspire or provide an argu-
ment for stronger data governance initiatives. Multiple par-
ticipants alluded to or directly described these organisational
uses of the tool as attempts to improve the maturity of the or-
ganisation in their data ethics practices.

Some participants (P15, P16) spoke about this maturity as
a spectrum, with introductory engagement at one side, which
this tool was better designed to support, and a strong suite of
governance controls at the other. Other participants from the
Open Data Institute referenced their Data Ethics Maturity
Model (ODI 2022), highlighting that the organisation incor-
porates the tool within this model: “The data ethics maturity
exercise [...] [is] about looking at organisationally how you
are fit for applying data ethics, and the Data Ethics Canvas
is simply one of the tools you can plug into that organisa-
tional process” (P1).

Improving Organisational Literacy Some engaged with
the tool for capacity building, to support future (potential)
engagements with the tool, or to generate a culture change.

Multiple participants spoke about engaging with the Can-
vas as a means to understand how it can be used in future
work (e.g., P10, P8), with two participants mentioning their
informal efforts to build an “arsenal” (P16, P21) of different
tools that can help to build robust data governance, including
the Data Ethics Canvas.

Participants spoke about using the tool in combination
with a wider range of other complementary tools, some of
which are also delivered by the ODI and offered different
benefits, for example ‘ecosystem mapping’, ‘maturity as-
sessment’, ‘risk assessment’, ‘consequence scanning’, gov-
ernance boards, and more. These each offer different bene-
fits in terms of offering more detailed guidance, determining
which stakeholders you need to involve, more emphasis on
governance, and project auditing, among others. For exam-
ple, some (P10, P12, P19) mentioned the role of ecosystem
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mapping, using the ODI’s Data Ecosystem Mapping tool, to
first identify project stakeholders, before engaging these in-
dividuals in a data ethics workshop using the Canvas.

Many participants engaged with the tool as a learning de-
vice for understanding the data ethics ‘lens’. For example,
one participant spoke about using newspaper articles within
training based on the tool, to help partipants understand how
ethical problems arise. They used the tool to demonstrate,
about one government use of an algorithm, that “where they
were going wrong is really in the transparency area because
their process sounds like it’s good” (P4). Some participants
emphasised its role in differentiating between the need for
legal compliance and ‘ethics’ (P7, P21), with participant 11
saying that they found that there could be misconceptions
over how far working within the law would prevent harms.

These types of literacy-oriented practices are appropriate
for earlier stages of maturity. By contrast, participant 16 de-
scribed how the emphasis within their role was increasingly
focused on creating formalised risk assessment, controls and
procedure, and suggesting that they are at a higher level of
maturity. As such, they argued, they were no longer in need
of emphasising the “fun discovery kind of activities” (refer-
ring to the Data Ethics Canvas as an example), although they
indeed still used them as a light-touch reference point.

Inspiring Data Governance Approaches Two partici-
pants used the tool as inspiration for their own adapted
frameworks that included mandated follow up stages. For
example, “we created a workshop that uses the individual
canvases that we’ve created and that the product manager
can use them to check on how have people thought through
all of this stuff” (P20). Another participant (P22) used the
tool in a workshop format to demonstrate to senior mem-
bers of the organisation the value of introducing a data ethics
lens, and more formalised data ethics activities, to comple-
ment existing governance interventions. This then inspired
a range of mandated ‘ethics’ activities across the team, with
stringent requirements to act upon identified concerns.

Participants also mentioned how these types of embedded
governance approaches rested on the existing resources and
motivations of the organisation: “it was always a case of,
public sector and nonprofits were more engaged, less likely
to embed. If you got a highly engaged private organisation,
they were more likely to embed” (P5).

Discussion of Theme 3 Findings Concerns about the abil-
ity of the tool to support long-term change to organisa-
tional decision-making were in some cases tackled through
building use of the tool into organisational governance pro-
cesses. Such an approach could be seen as analogous to
the use of impact assessment inscribed into policy-making,
like the requirements for use of Data Protection Impact As-
sessments under the General Data Protection Regulation
(GDPR). Building ethics assessment into mandated or-
ganisational processes offers more scope for sustainable
practices, and tool designers can explore avenues for guid-
ing organisations to do so. Further, requirements to engage
with ethical deliberation increases the importance of ad-
dressing the core limitations of tools to support this.

Identifying which ethics interventions should be used and

when is increasingly the subject of research attention (Long-
pre et al. 2024), and there is scope for development of fur-
ther robust evidence on how different tools support dif-
ferent forms of change (Berman, Goyal, and Madaio 2024),
including methodologies similar to this study. From the find-
ings in this study, it is evident that factors including existing
organisational ‘maturity’ in data governance, motivation for
responsible practice, the involvement of ‘experts’ or cham-
pions mediating tool use, and extent of resources available
all influence the nature of engagement with the tool. Such
factors may therefore be considered when deliberating best
practice for data ethics assessment and governance practices.

5 Recommendations
Our findings offer insights on how organisations have used
ODI’s Data Ethics Canvas in practice. Overall, we have iden-
tified organisations’ use of the tool as a means for broker-
ing and aligning different stakeholders on their ethical re-
sponsibilities with data. We further outlined three ways that
this manifested: its use for legitimising and creating an entry
point for discussions about data ethics (Theme 1); its use in
consensus-building about ethical concerns and feeding into
project recommendations and decisions, to varying degrees
(Theme 2); and its use for influencing the standard prac-
tices within organisations through literacy and governance
(Theme 3). However, we also discussed concerns associated
with tool use, including: its potential to over-simplify com-
plex ethical challenges; the reliance of successful ethical as-
sessment and follow-up on organisational factors and efforts
of specific individuals; and the need for clearer pathways to
sustainable change from tool use. We share key recommen-
dations for translating these insights to research and practice.

Recommendation 1: Tool designers should hack inter-
vention design using critiques of existing tools and lever-
aging features for engagement This research has demon-
strated opportunities in the positive response to the tool.
Some participants reported using the tool to motivate and
align team members on data ethics challenges, due to its
simple and versatile contents and form. Enthusiasm can be
used as a lever, and tool design considerations should aim to
address engagement of users. Such opportunities should not
be underestimated, but need to be balanced with a critical
approach to intervention development.

Academic literature offers useful perspectives on the lim-
itations of data and AI ethics frameworks and other similar
tools that must be accounted for in best practices for tool de-
sign. For example, authors observe (Kawakami, Wilkinson,
and Chouldechova 2024) that these frameworks and other
similar tools emphasise organisational perceptions of ethi-
cal practice over perspectives of end users and other stake-
holders. More work should be done on assessment of best
practices to bring meaningful stakeholder engagement into
typical data decision-making contexts (Kallina, Bohné, and
Singh 2025). Our findings identify additional limitations in-
cluding the need for frameworks to better navigate the con-
verging fields of data and AI ethics.

Recommendation 2: Tool designers should focus on guid-
ing realistic expectations of tool use We highlight that
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the goals described for the Data Ethics Canvas, in the guid-
ance accompanying the tool, are too broad. We agree with
Qiang, Rhim, and Moon (2024) that creating more specific
expectations of outcomes from interactions with tools is es-
sential, and further argue that this should form the basis of
improved guidance accompanying the tools. This is for two
key reasons: to guide pathways for meaningful use and eval-
uation of existing interventions; and to prevent such tools
distracting from systemic changes that are needed. For ex-
ample, guidance could include specific insights on ‘success
metrics’ and how to assess these, formats for engagement
with the tool and resources required for these, and examples
of how organisations have generated sustainable change.

Additionally, we outline a need to explicitly reframe
ethics artefacts as limited tools in need of adaptation and
contextualisation, conferring responsibility back onto users
and designers to build on the frameworks continuously. Such
guidance can address warnings about misinterpretations of
such tools as more comprehensive ‘solutions’ to complex
challenges in data ethics and governance (Sadek et al. 2024;
Wang and Blok 2025). Exploring design features that make
it easier for users to adapt tools to their contextual demands
may be of use for supporting this re-framing.

Encouraging simultaneous use of diverse tools may also
prevent dangers in creating narrowed perspectives and com-
peting schools of thought on the scope of ‘ethical practice’.
While some did interpret the Data Ethics Canvas as a ‘basic’
tool, to be adapted to their own organisational context, valid
concerns remain about the ability of single organisations to
set even the basic terms of ethical consideration.

Recommendation 3: Researchers should proactively aim
to support the development of better guidance through
building robust evidence of tools’ impacts Within the
emerging field on evaluation of tools for responsible data
and AI practices, authors highlight that identifying specific
objectives for tool use can underpin experimental studies to
understand their effectiveness (Berman, Goyal, and Madaio
2024). These studies can also explore impacts across differ-
ent types of users and contexts. Such research should seek
to contribute towards best practices for intervention devel-
opment and use (Kazim and Koshiyama 2021). This present
study has offered specific objectives for users of the Data
Ethics Canvas, including the use of the tool in motivat-
ing or engaging unmotivated stakeholders, generating for-
malised ‘ethical assessments’ that are incorporated into of-
ficial project recommendations and governance processes,
and the creation of repeatable or mandated requirements for
ethical consideration. Further research should continue to in-
vestigate the real world impact of such data and AI ethics
interventions. This should seek to include further qualitative
and in-depth investigation to understand the nuances of prac-
tice, in addition to wider effectiveness studies. Future work
should also include qualitative assessment of how far ethical
deliberation among project teams matches the concerns of
wider stakeholder and advocacy groups, which will further
add value in understanding the impact of tool use and the de-
mand for stakeholder deliberation (Kawakami, Wilkinson,
and Chouldechova 2024; Zilka et al. 2023).

6 Limitations
Two of the authors of this study are employed part-time at
the non-profit organisation deploying the Data Ethics Can-
vas. However, they have not been directly involved in the
design or deployment of the tool examined in this study, and
their roles at the organisation were relevant in reducing bar-
riers to data collection, as described in section 3.2. The se-
lected analytical approach (reflexive thematic analysis) re-
flected the authors’ recognition of their position in relation
to the interviewees and the data collected, where participants
likely have pre-existing trust of the organisation, but may
also withhold some level of critique of the tool. Specifically,
the interpretive nature of the analysis allowed the authors
to critically consider the context in which reflections were
shared and the resultant findings, broadly interpreting the
participants as ‘champions’ of the tool.

Findings regarding its usefulness in motivating partici-
pants were in this study reported second hand by single
study participants from each organisation. Thus, future re-
search to investigate perspectives of (initially) less motivated
team members may offer a greater insight into its utility for
motivating and aligning different types of stakeholders.

Further, the study explores use of a single tool, and is
therefore intended to offer exploratory findings to inform fu-
ture research approaches and tool design considerations, as
opposed to robust generalisable findings to be extrapolated
directly across other tools and approaches. The participant
sample is a low number of the wider population of tool users,
and is intended to represent diversity among types of or-
ganisations by including participants from organisations of
different sizes, from different sectors, and covering diverse
types of interactions with the tool. As such, the approach
aimed to develop a rich understanding of diverse ways the
tool can be used and its potential, through in depth interview
findings, rather than a representative perspective on the tool.
This would be difficult to achieve due to the open nature of
the tool, where adoption is not easily traceable.

Finally, study findings were based on recall by study par-
ticipants, and emphasises the use of the tool over its impact.
A longitudinal study approach may offer more robust find-
ings on the experiences and practices of users, as well as for
understanding effectiveness.

7 Conclusions
In this study, we have explored the use of the Data Ethics
Canvas over the past four years, to demonstrate how it is
being applied in real world organisational settings. We have
found that the tool’s versatility forms the basis of its wide
use across diverse contexts, and its role in brokering per-
spectives on ethical challenges. However, there is a need to
better guide interactions with the tool, and for redesign of
this and similar tools to navigate trade-offs between engage-
ment and guidance of users. Our findings highlight the value
of rich, qualitative insights for understanding their impact on
decision-making. We join calls for further research inves-
tigating the real-world impact of data and AI ethics tools,
which we argue can feed into robust evidence to support
their design and use.
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