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Abstract

Artificial Intelligence (AI) has recently emerged as a central
issue for deliberative democracy, both as a subject of delib-
eration and as a way to improve processes of democratic de-
liberation. Deliberative democracy scholars and practitioners
are already working on the potential of AI-based tools to ‘im-
prove’, ‘enhance’, ‘augment’ or make deliberation more ef-
ficient. The present article studies the case of the Habermas
Machine (HM), an AI-based tool designed by Google Deep-
Mind to generate agreements among deliberative groups of
people with opposing political positions. This article explores
the choice of norms and values embedded in the design of the
HM and the normative implications of such choices for delib-
erative democracy. Therefore, the research question guiding
this article is: What are the norms and values embedded in the
design of the Habermas Machine, and how do they relate to
the normative requirements of deliberative democracy? The
article explores this by addressing how the machine conceives
1) the values for a good deliberation, 2) the space for delib-
erative politics, 3) the role of humans/participants in deliber-
ation, and 4) the goal of deliberation. The HM has a very
narrow conception of deliberative democracy embedded in
its design, which 1) overemphasises the desirability of agree-
ment in deliberative processes, 2) limits participation to an
individual and private space, and 3) segments and compart-
mentalises the deliberative process and reduces human partic-
ipation to the generation and evaluation of political opinions.
Instead of empowering and supporting human participation,
the normative conception of deliberative democracy embed-
ded in the design of the HM narrows the realm of the political,
simplifies the deliberative process, and relegates humans to a
secondary role. Building on this specific tool, the article aims
to promote and contribute to the conversation between polit-
ical theory and the work of developers of AI-based tools de-
signed for deliberative purposes. The objective is not simply
to guide or orient the design of the technological artefacts, but
to evaluate their contributions, limitations, and impacts on the
basis of the normative standards on which they are grounded.

Introduction
Technology in general and Artificial Intelligence (AI) in par-
ticular have recently emerged as central issues for delibera-
tive democracy, both as a subject of deliberation and as a
way to improve processes of democratic deliberation (Goñi
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2025). Deliberative democracy scholars and practitioners are
already working on the potential of AI-based tools to ‘im-
prove’, ‘enhance’, ‘augment’ or make deliberation more ef-
ficient (Landemore 2024; McKinney 2024).

However, the algorithm always implies a simplification
and has specific normative preferences embedded (Bucher
2018). It is therefore necessary to research how technol-
ogists frame and simplify ‘democratic problems’ through
their designs (Goñi 2025). Careful analysis of how these
tools work and relate to deliberative democracy models can
help shed light on the foundations of deliberative democ-
racy and what role AI should play in it. This article explores
this by studying the case of the Habermas Machine (HM).
The HM is an AI-based tool designed by Google DeepMind
to promote agreement in collective decisions with individ-
uals holding diverse and opposing political positions. The
designers claim that the HM can be helpful for deliberative
democracy in general and processes such as citizens’ assem-
blies in particular (Bakker et al. 2022; Tessler et al. 2024).

The present article researches what imaginary of deliber-
ative democracy is embedded in the design of the HM and
how it interacts with the broader normative requirements of
the theory. Therefore, the question that guides this research
is:

What are the norms and values embedded in the de-
sign of the Habermas Machine, and how do they
relate to the normative requirements of deliberative
democracy?

The article begins by exploring the development, func-
tioning, and objectives of the HM and situates it within
broader debates on the uses of AI for deliberative democ-
racy. It then examines the norms and values embedded in
the design of the HM by addressing how the machine con-
ceives 1) the values for a good deliberation, 2) the space
for deliberative politics, 3) the role of humans/participants
in deliberation, and 4) the goal of deliberation. Building on
this specific tool, this article aims to promote and contribute
to the conversation between political theory and the work of
developers of AI-based tools designed for deliberative pur-
poses. The objective is not simply to guide or orient the de-
sign of the technological artefacts, but to evaluate their con-
tributions, limitations, and impacts on the basis of the nor-
mative standards on which they are grounded.
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The Development, Functioning, and
Objectives of the Habermas Machine

The Uses of AI for Deliberative Democracy
Democracy poses problems that can only be solved through
technology (Jungherr 2023). Risse (2022) describes how
different democratic ideals have been linked to different
technological artefacts, such as the kleroterion (the preem-
inent method for selecting public positions by lot in Athe-
nian democracy) or the ballot box (the central instrument of
electoral processes in modern representative democracies).
While the former was used to guarantee the neutrality of
sortition and ensure the correct composition of the assem-
bly, the latter guarantees anonymity and facilitates the ag-
gregation of individual votes in mass democracies. However,
the significance of technology goes beyond its ability to em-
bed and channel the political processes for which it is used.
Technology influences the societal fields and processes me-
diated through it (Winner 2017). For Risse (2022), the ‘ma-
teriality of democracy’ reflects and determines what kind
of citizenship and of being human is possible in a democ-
racy. As Goñi (2025, p.9) states, ‘publics are not just mo-
bilised, but enacted and performed through devices.’ Arte-
facts constrain citizens’ behaviours and frame and delimit
the meaning, functioning, and possibilities of the democratic
process for which they are used. As such, the artefacts also
become the object of social demands and expectations about
democracy. Just as in Athenian democracy the kleroterion
was expected to promote virtue and citizens’ orientation to
the common good in the exercise of public office, in mass
representative democracies the use of the ballot box is ex-
pected to help reveal the will of the political community
and to select public representatives who behave accordingly.
Therefore, the question is not only how different democratic
ideals require different technological artefacts, but also how
material artefacts shape and determine the functioning of our
democracies.

With AI’s development and hype, it seems inevitable that
proposals will emerge to encourage its use as a basis for new
democratic innovations. Risse (2022) states that ‘it might
only be a question of time until some techno-optimists pro-
pose the large-scale involvement of AI in our collective-
choice processes [...] as a way of transferring Aristotle’s
argument from the wisdom of the multitude’ (Risse 2022,
p. 60). In fact, within democratic theory, the subfield that is
most willingly exploring the possibilities of AI so far has
been deliberative democracy. Deliberative democracy is a
talk-centric model of political legitimacy and a theory of
democracy in which the association and collective decisions
of the political community must be grounded through pub-
lic argument and reasoning among free and equal citizens
(Cohen 2005; Chambers 2009). Due to the constraints to
realising this ideal in the mass public, innovative practices
of democratic deliberation in controlled environments (e.g.
deliberative mini-publics, citizens’ assemblies, deliberative
polling, etc.) have emerged to promote deliberation among
smaller groups of participants who are nonetheless represen-
tative of the broader political community (Chambers 2009).

Technology in general and Artificial Intelligence (AI) in

particular have recently emerged as central issues for de-
liberative democracy, both as a subject of deliberation and
as a way to improve processes of democratic deliberation
(Goñi 2025). Deliberative democracy scholars and practi-
tioners are already working on the potential of AI-based
tools to ‘improve’, ‘enhance’, ‘augment’ or make deliber-
ation more efficient. McKinney (2024) lists eleven possible
applications of AI in citizens’ assemblies, from summari-
sation and translation tasks to facilitation and generation of
consensus statements. Landemore (2024) states that AI can
help reconcile the ideals of deliberative democracy and mass
participation by scaling up deliberative mini-publics. How-
ever, as Goñi (2025) explains, for democratic innovations to
become closer to mass participation, the normative values
of deliberation would also have to scale up. With the aim of
reconciling the ideals of deliberation and mass participation,
Landemore (2024) proposes to ‘let go the ideal of all minds
engaged in one common deliberation and instead settle for
an approximation’ in the form of AI-enabled Massive On-
line Deliberation (M.O.D.) or Many Rotating Minipublics
(M.R.P.) (Landemore 2024, p. 40).

As Lechterman (2024) argues, the rise of AI implies an ur-
gent reflection on the foundations of democracy. AI is some-
times assumed to have the potential to change the materiality
of democracy. According to Risse (2022), technology is po-
litical and determines how the democratic ideal is translated
and survives in practice. Risse (2022) states that technol-
ogy is neither an enemy nor a natural ally of democracy, but
can be used for both autocratic and democratic purposes. In
the same way that authoritarian regimes use AI to reinforce
the authoritarian ambitions of their governments, it would
be possible to implement AI design choices that contribute
to strengthening democracy (Risse 2022). This view of tech-
nology departs from technodeterministic positions and as-
sumes that the design of technological artefacts is flexible
and depends on good design choices (Pinch 2012; Winner
2017; Cohen and Fung 2021). For Risse (2022), technolog-
ical advances should thus be widely debated in democratic
politics to ensure that artefact designs are geared to advance
rather than undermine democracy. The goal would thus be
that decisions about the design and use of technological arte-
facts reflect the preferences and needs of the groups affected
by them, regardless of whether or not they are direct users.
This relates to the all-affected principle to guarantee inclu-
sion in deliberation (Mansbridge 2015). In the case of tech-
nologies used to facilitate democratic processes, they are not
only socially shaped by the preferences of the groups in-
volved in their design but also normatively shaped by the
designers’ preferences and broader social expectations and
democratic claims. Thus, the design and use of technologi-
cal artefacts used for political processes should be problema-
tised as a political issue to be decided democratically.

Following Jungherr (2023), this article dismisses maxi-
malist assumptions or claims about a fictional overpowered
Artificial General Intelligence (AGI). Jungherr (2023) states
that social scientists must reflect on the inner workings and
domain-specific effects of real and targeted applications of
narrow-specific AI, particularly how it is used in politics and
by governments. Goñi (2025) argues that a deeper engage-
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ment with the material aspects of the democratic process
could enrich deliberative democracy. The HM and other AI
artefacts for deliberative democracy that are currently being
developed provide an opportunity to study narrow-specific
applications of AI for political and democratic purposes.
Careful analysis of how these tools are designed and re-
late to deliberative democracy models can help shed light
on the foundations of deliberative democracy and what role
AI should play in it.

The Habermas Machine as a Technological
Artefact
The Habermas Machine (HM) is an AI-based tool designed
to substitute human mediation and promote agreement in
collective decisions among individuals with diverse prefer-
ences. The HM has been developed by Google DeepMind,
a research lab specialising in applying AI neural networks,
which also develops the popular public-use chatbot Gem-
ini. DeepMind was acquired by Alphabet (Google’s parent
company) in 2014 due to the tech giant’s expansion into AI
development. The HM is a Large Language Model (LLM)
system designed to facilitate collective decision-making by
mediating between humans in deliberative groups. The HM
promises to be able to find common ground between individ-
uals with conflicting political positions. The designers of the
HM state that the tool can be used as a mediator in deliber-
ative groups in general and, more specifically, in democratic
innovations such as citizens’ assemblies. The tool has been
named after Jürgen Habermas, one of the main contributors
to the development of deliberative democracy theory. The
designers claim to have made this decision because, they
say, Habermas ‘proposed that when rational people delib-
erate under idealised conditions, agreement will emerge in
the public sphere’ (Tessler et al., 2024, p.1).

Language Modelling (LM) is an approach used in the field
of Natural Language Processing (NLP), a subfield in com-
puter science concerned with providing computers with the
ability to process data encoded in natural language (Naveed
et al. 2023). Large Language Models (LLMs) are Pre-trained
Language Models (PLMs) with significantly larger scales
and parameter sizes. PLMs are LMs typically trained via
self-supervision on extensive datasets (Naveed et al. 2023).
PLMs were developed after the LM’s dismissal of Statisti-
cal Language Models (SLMs) and the shift of the discipline
to subsymbolic AI towards deep learning and neural net-
works, transforming into Neural Language Models (NLMs)
(Naveed et al. 2023). LMs based on deep learning perform
better in generalisation and summarisation. LLMs thus con-
stitute a significant advancement from the symbolic conven-
tional statistical LMs, which were trained for task-specific
models in supervised settings (Naveed et al. 2023). In short,
an LLM could be defined as an AI model designed to pro-
cess, manipulate, and generate natural language through the
recognition and reproduction of patterns in large volumes of
text with which they are trained.

In 2022, a group of DeepMind researchers published
a paper summarising their progress in creating LLMs to
build agreements between humans with diverse preferences
(Bakker et al. 2022). Although the term ‘preferences’ can be

understood in a general way, not only concerning political
preferences, the proposed questions for the HM-mediated
processes were related to major moral or political debates
(e.g. ‘Should we tax unhealthy foods and sugary drinks?’,
or ‘Should we re-nationalise the railways?’) (Bakker et al.
2022).

Later, the designers published a paper presenting the tool
publicly as the HM and summarising the results obtained
in various experiments to test it (Tessler et al. 2024). The
political orientation of the HM was explicitly reflected in
the paper. The designers openly admitted that the questions
for deliberation were related to ’potentially divisive’ issues
in UK politics (e.g. ‘Should we lower the voting age to
16?’ or ‘Should the National Health Service be privatised?’)
(Tessler et al. 2024). These candidate questions were gener-
ated by an LLM from a small set of seed exemplars (Bakker
et al. 2022; Tessler et al. 2024). In other words, from a pre-
established sample, the AI system itself is in charge of defin-
ing the political agenda. After generating the candidate ques-
tions, the designers review them and eliminate those ‘likely
to elicit extremist views or discriminatory language from the
users’ (Bakker et al. 2022, p.3) or susceptible to ‘provoking
offensive commentary’ (Tessler et al. 2024, p.2).

The designers state that HM-mediated deliberation leads
to the ‘emergence of shared perspectives on potentially po-
larising social and political issues’ or that the HM could
potentially be used for ‘conflict resolution, political discus-
sions and citizens’ assemblies’ (Tessler et al. 2024, p. 1).
While the designers claimed that preliminary models of the
tool were intended to produce consensus, DeepMind pre-
sented the HM as capable of ‘finding common ground’ or
‘generating agreement’ (Bakker et al. 2022; Tessler et al.
2024). For practical reasons, I will primarily focus on the
most up-to-date model of the system, the HM, as described
in Tessler et al. (2024). The previous paper published by the
same designers focuses on the development process of the
AI system, delving into the process of fine-tuning the pre-
trained LLM to improve its performance and adapt it to its
final task (Bakker et al. 2022).

The HM has a complex design and functioning. HM
substitutes human mediation in collective decision-making
and/or processes of democratic deliberation. The HM con-
sists of two complementary LLMs: 1) A generative model
that suggests statements that reflect the diversity of positions
of the members of the deliberative group, and 2) A person-
alised reward model that scores statements based on how
it believes different members of the deliberative group will
agree with it (Tessler et al. 2024). First, participants write
(individually and privately) a short statement summarising
their position on the initial question. The statements are in-
corporated into the HM, which, combining its two comple-
mentary LLMs, generates a series of group statements ac-
cording to the predicted preferences of the participants based
on the previous individual statements. The group statements
are then evaluated by the participants (individually and pri-
vately) through a ranked choice election according to the
quality of the argument and the level of agreement it reflects
with their position. The HM aggregates the results and se-
lects a winning statement. The winning statement is returned
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to the participants, who must again write (individually and
privately) a short paragraph summarising their position on
the statement. The individual statements are fed back into
the HM, which generates a series of revised group state-
ments. Again, the participants evaluate the revised group
statements through a ranked choice election. The HM ag-
gregates the results and chooses the winning statement, con-
cluding the process of deliberation.

Figure 1 summarises how the HM works; Figure 2 sum-
marises the process by which the HM generates consensus
statements.

Figure 1: HM’s deliberation procedure (Tessler et al. 2024)

Figure 2: HM’s consensus statements (Tessler et al. 2024)

To evaluate the tool, the designers conducted a series of
experiments with a sample of 5734 participants from the
UK (Tessler et al. 2024). In addition, they replicated their
findings using the HM in a virtual citizens’ assembly whose
participants constituted a representative sample of the UK
population (Tessler et al. 2024). To select the representative
sample, the designers teamed up with Sortition Foundation,
a UK-based company that opposes electoral democracy and
advocates the introduction of sortition and deliberative mini-
publics for collective decision-making.

The Habermas Machine as a Political Artefact
The HM is an AI-based tool that mediates deliberative
groups involving individuals with diverse and opposing po-
litical positions. Although the designers argue that there is
still much research to be done on the possible risks of such
a system before it is implemented (Bakker et al. 2022), the
tool has a clear political and public orientation. The design-
ers do not conceal that the tool is intended for this pur-
pose. They highlight its ambitious potential, which could
contribute to ‘finding agreement and promoting collective
action in an increasingly divided world’ (Tessler et al. 2024,
p.1).

But why would Google care about deliberative democ-
racy? The fact that Google, one of the world’s largest tech-
nology companies and the hallmark of ‘surveillance capi-
talism’ (Risse 2022), is in charge of designing such an am-
bitious tool to facilitate deliberative democracy raises clear
concerns. Habermas (2022) himself highlights the concen-
tration of market power of large internet corporations as a
cause of the disruption of the public spheres of contempo-
rary democracies. Habermas (2022, p. 160) warns of a ‘lib-
ertarian grimace of world-dominating digital corporations.’

The HM can be seen as just an output of research labs like
DeepMind experimenting with the possibilities of AI and
its potential uses for democratic purposes. However, from a
broader perspective, the HM would also contribute to shap-
ing citizens’ preferences about AI and Google’s role in AI
development. If the perception of risk associated with AI de-
creases, so do demands and expectations for AI regulation,
which is in line with the interests of the tech giant. Pub-
lishing articles on the design, functioning, and objectives of
the HM would serve as a marketing communication exercise
about a potentially beneficial use of AI for society, with the
aim of making the technology more appealing to the general
public.

In this sense, the socially beneficial use of AI would be
its supposed contribution to promoting agreements and re-
ducing political conflicts through more ‘impartial’, ‘neutral’,
and ‘unbiased’ mediation. Building on the experiments to
test the tool, the designers even claim that the HM is able
to ‘overcome the potential for mediator bias’ in collective
deliberation by producing less biased statements than hu-
man mediators (Tessler et al. 2024, p. 7). However, as Za-
jko (2022) explains, there is no agreement on the definition
of bias. While the conventional view defines bias as ‘inac-
curate modelling or prediction’, an alternative and broader
perspective defines it as ‘whatever might be undesirable in
society’ (Zajko 2022). As Zajko (2022, p.4) explains, ‘un-
equal ground truth might be considered unbiased in the nar-
row sense of bias as accuracy, but it may be biased accord-
ing to this second view of bias as an undesirable tendency.’

The HM designers claim to have considered ‘social bene-
fit’ when designing the tool (Bakker et al. 2022). However,
there is also no agreement on the desirable use of AI: the
definitions of ‘social desirability’, ‘social benefit’ or ‘public
interest’ are strictly political. As Bucher (2018) explains, the
algorithm always implies a simplification, so it is unable to
capture the whole complexity of democratic processes. The
algorithm’s actions imply political consequences or con-
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tribute to producing a particular social order. Bucher (2018)
states that algorithms can be understood as ‘inscriptions of
certain ideologies or particular ways of world-making.’

For Tasioulas (2022), AI culture is technocratic, as de-
cisions about the values encoded in its designs are made
by corporate elites and are outside democratic control. In
a democracy, however, it is the people who must decide the
future of society and the technological artefacts that mate-
rialise it (Coeckelbergh 2023). As Coeckelberg (2023) ar-
gues, the responsible development of AI cannot depend on
the good faith of the designers but requires policies that
push tech companies to create artefacts that are beneficial
to democracy. It would be irresponsible, both as citizens and
as social scientists, to just assume that the designers are act-
ing in good faith and that the interests of the multinational
have no impact on the design of the HM.

It is therefore necessary to research how technologists
frame and simplify ‘democratic problems’ through their de-
signs (Goñi 2025). According to Zajko (2022), critically sit-
uating the discourses and imaginary futures that guide the
development of artefacts is one of the main tasks that soci-
ologists can undertake to help define the role that AI should
play in democratic societies. The HM has a certain norma-
tive idea of deliberative democracy embedded in its design.
The key issue for political theory is not to study whether the
HM is impartial, neutral, or unbiased, but rather what con-
ception of what is socially desirable for deliberative democ-
racy is embedded in its design. In other words, what is the
conception of the ‘social benefit’ or ‘public interest’ in delib-
eration that HM designers assume to be neutral but is loaded
with political values and preferences. The following section
will explore this.

The Norms Embedded in the Design of the
Habermas Machine

The present section looks directly at the norms and values
embedded in the design of the Habermas Machine (HM) and
their interaction with the normative requirements of deliber-
ative democracy. Although the latter would have required
a prior presentation of a series of normative standards of
deliberative democracy, this has not been possible due to
space constraints. Thus, the analysis of the design of the
HM will be directly intertwined with references to various
normative discussions on deliberative democracy. Many of
the criticisms contained in this section extend to other ‘or-
chestrated’ practices of democratic deliberation (see Cham-
bers 2009; Hammond 2025). However, through the use of
AI, the HM reproduces or exacerbates many of these limita-
tions. This will be explored by addressing how the machine
conceives 1) the values for a good deliberation, 2) the space
for deliberative politics, 3) the role of humans/participants
in deliberation, and 4) the goal of deliberation.

The Values for a Good Deliberation
Tessler et al. (2024, p.7) relate what a good deliberative pro-
cess should be to three values: 1) Efficiency, 2) Fairness and
3) Scalability.

1. Efficiency: Designers assess the efficiency of the process
in terms of time and costs. They argue that, compared
to face-to-face democratic deliberation processes, those
mediated by the HM have lower costs in terms of time
and money. The aim is to build a tool that is easy to im-
plement, easily exportable, and capable of quickly gen-
erating outputs (i.e. agreements or decisions). McKinney
(2024, p.8) points out that LLMs ‘could support partici-
pants to find common ground and resolve conflicts more
quickly.’ However, to reduce economic and time costs so
exponentially, the HM leaves out important phases of the
deliberative process and reduces human participation to
generating and evaluating political opinions. The goal of
making decision-making faster or less costly is obviously
not a negative thing per se, but it is important to remain
wary that it does not conflict with other essential goals
of deliberation or limit either the capacity or the depth
of the deliberative process. The adequacy of using AI
in deliberation should be judged by its ability to hinder
or contribute to the democratic legitimacy of the public
sphere or to the discursive quality of opinion-formation
and will-formation processes (Habermas 2022).

2. Fairness: The definition of ‘fairness’ for the HM de-
signers follows a utilitarian logic. Bakker et al. (2022)
make it explicit when choosing a Social Welfare Function
(SWF) that reproduces the utilitarian logic for their re-
ward model for preference prediction. The reward model
predicts each participant’s level of agreement with each
consensus statement generated by the machine and as-
signs it a value. The machine then aggregates the val-
ues of each consensus statement and chooses the one
with the highest value, i.e. the one that maximises group
welfare or mean expected agreement across the group.
This is consistent with Tasioulas’ (2022) criticism that
data scientists take preference-based utilitarianism as
their ethical standpoint. However, if well-being maximi-
sation is assumed to be the fundamental moral injunction
and well-being consists in fulfilling human preferences,
ethics would be reduced to a prediction and optimisation
exercise (Tasioulas 2022). Designers argue that the re-
sults of the reward model would be similar if their SWF
followed a Rawlsian logic consisting of maximising the
expected agreement for the most dissenting group mem-
ber (Bakker et al. 2022), and even that their model can
accommodate the minority opinion and respect the ma-
jority opinion at the same time (Tessler et al. 2024). In
any case, they claim that the reward model simulates ‘a
ranked-choice election in which each participant’s vote
has equal weight’ (Tessler et al. 2024, p.7). However, de-
liberative democracy does not rely on the maximisation
of preferences of the group as a whole or of any of the in-
dividuals in the group in particular. Deliberative democ-
racy must ensure a space for reflection on what our pref-
erences should be, instead of ‘taking those preferences as
ultimate determinants of value’ (Tasioulas 2022, p. 235).
The HM conceives preference-formation as external to
the deliberative process, and therefore, the HM-mediated
process only consists of maximising the preferences of
the deliberative group (not on improving the discursive

1955



quality of the arguments or contributing to the partici-
pants’ formation of political preferences). The HM might
encourage participants to reflect on their own preferences
individually. However, this reflection is not based on a
public and collective process of argumentation, justifica-
tion, or reason-giving (Chambers 2009), but rather on an
algorithmic calculation to generate statements that max-
imise the support of the group of participants.

3. Scalability: The HM has a greater purpose than facilitat-
ing the deliberation of small groups of people. The short-
term goal is to bring thousands of people into the pro-
cess (Tessler et al. 2024). The HM conceives deliberative
democracy as a massive but discrete collective dialogue
of individual citizens. The scalability intended by the de-
signers would only consist of incorporating a larger num-
ber of individual participants through cost reduction and
preference aggregation. However, scalability is not only
about the inclusion of more participants in the actual de-
liberative process, but also about the ability of the pro-
cess to produce systemic effects (Chambers 2009; Mans-
bridge et al. 2012). The mediation of intermediary collec-
tive actors (which are completely side-lined by the HM)
is indispensable for the connection between the micro-
public and the broader macro-public and for securing the
epistemic quality and democratic legitimacy of the public
sphere (Olsen and Trenz 2016; Chambers 2023). How-
ever, no collective intermediary actors or connection to
the broader macro-public is included in any phase of the
HM-mediated process. Participation in the process is lim-
ited to an individual and private space.

The designers assume that the use and definition of these
concepts is neutral and does not imply the adoption of a par-
ticular political stance. However, the role given to efficiency,
fairness, and scalability to measure the success of the tool
reflects specific normative preferences on the part of the de-
signers about what deliberation should aim for.

The Space for Deliberative Politics
I refer to the space for deliberative politics as the margin be-
tween the choice of the topics for deliberation and the limits
of what is debatable. This would be, therefore, the space of
the political, of what is susceptible to being debated.

The political agenda or topics for deliberation in the
experimental processes mediated by the HM were AI-
generated. From a small set of seed exemplars written by the
designers, an LLM generates ‘potentially divisive candidate
questions’, which will guide the HM-mediated processes
(Bakker et al. 2022; Tessler et al. 2024). Thus, agenda-
setting is left exclusively for AI to produce it building on
a sample written by the designers. This is in direct conflict
with Dahl’s democracy criterion regarding the control of the
agenda (i.e., ‘members [of an association] must have the ex-
clusive opportunity to decide how and, if they choose, what
matters are to be placed on the agenda’) (Dahl 1998, p. 37).
Innerarity (2023) argues that AI is unable to determine the
political problem or the issue at stake on its own, the so-
called ‘framing problem’. Similarly, Tasioulas (2019) states
that AI cannot deliberate on what its ultimate goals should

be. AI sets the issues for discussion according to a) a frame
previously incorporated by the designers or b) the bias con-
tained in the sample with which it has been trained. In the
case of the HM, the AI generates issues based on what de-
signers consider to be ‘potentially divisive’. The list of seed
exemplars is extensive, ranging from ‘Are horoscopes good
for people to read?’ to ’Would it be a good idea to further
increase taxes for corporations?’ Everything that is intro-
duced in this list shapes the questions that are later gener-
ated: from adding the issue of horoscopes (and not, for ex-
ample, questions related to Big Tech regulation) to the use of
words like ‘further’ to illustrate the increase in taxes (which
can imply that taxes have already been raised significantly
beforehand). Thus, in generating questions for deliberation,
the AI reproduces a ‘bias from the past’ (Innerarity 2024),
extrapolating what is considered political based on what has
been considered political in the past. However, AI is unable
to generate moments of political rupture or change, under-
emphasising the intentionality, discontinuity, interruption, or
transformation, which are constitutive of democratic poli-
tics (Innerarity 2024). By linking what is political to what is
‘potentially divisive’ as the object of future consensus, AI is
unable to identify already established consensuses as objects
of possible political deconstruction and debate. The political
agenda in a democracy should be set according to what the
political community decides, not according to what has tra-
ditionally been considered ‘potentially divisive’. There may
be ‘potentially divisive’ topics that a political community
chooses not to deliberate on; there may be issues that a po-
litical community chooses to deliberate on that were not ini-
tially considered ‘potentially divisive’.

While an AI generates the questions for deliberation, the
designers determine the limits of the content of those ques-
tions. After the AI generates the questions, the designers
filter them and eliminate those that they consider ‘likely to
elicit extremist views or discriminatory language from the
users’ (Bakker et al. 2022, p.3) or susceptible to ‘provoking
offensive commentary’ (Tessler et al. 2024, p.2). The pub-
lished material does not specify what the designers mean
by ‘extremist’, ‘discriminatory’ or ‘offensive’ and what pro-
cess they follow to decide which candidate questions should
be eliminated. The process appears to be a manual, case-
by-case elimination based on the designers’ preferences. In
addition to concerns about the possible manipulation of the
deliberative process, the curation of the issues for discussion
by designers jeopardises one of the main requirements of the
democratic public sphere, namely, reflexivity. The condition
of reflexivity in deliberative democracy entails that nothing
should be immune to political contestation, not even the na-
ture of the procedures (Markell 1997). As Innerarity (2023)
explains, democracy is a way of organising collective life
that politicises everything, where there is nothing imperti-
nent and nothing that cannot be debated. However, by man-
ually filtering the questions for discussion in the HM, the
designers define the boundaries of what can and cannot be
debated, limiting and narrowing the realm of the political.

Thus, the space for deliberative politics in HM-mediated
processes is very narrow and falls between a) the questions
generated by the AI (based on a sample of ’potentially di-
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visive’ questions written by the designers) and b) what the
designers consider as likely to be ‘extremist’, ‘discrimina-
tory’, or ‘offensive’. The political agenda in the HM is co-
produced between AI and a very small group of people, the
designers of the tool themselves. In any case, the genera-
tion of the questions is not exactly part of the HM: the tool
could still be used to facilitate deliberative groups on pre-
viously decided topics or even decided by the participants
themselves.

The Role of Humans/Participants in Deliberation
Risse (2022, p. 72) states that the ‘materiality of democracy
reflects and determines what kind of democratic citizenship
and what ways of being human are available in a democ-
racy.’ The HM’s design leaves a very specific role to hu-
mans/participants/citizens: generating written individualised
opinions and evaluating the machine-generated statements.

The construction and design of the HM is consistent
with the labour-based theory of automation put forward by
Pasquinelli (2023). Pasquinelli (2023) argues that the de-
sign of technological artefacts is shaped by the widely ac-
cepted economic principles of the time. According to this
view, AI does not imitate biological intelligence, but the
structure of labour and social relations (Pasquinelli 2023).
For Pasquinelli (2023), the design of technological artefacts
mimics the division of labour: different tasks of the same
process are segmented to calculate and reduce the costs of
each particular task and increase the extraction of surplus
value. The labour-based theory of automation plays a central
role in the design of new technological artefacts, not only in
the pursuit of cost reduction but also in the imposition of
labour and social hierarchies (Pasquinelli 2023).

In automating deliberation, the HM segments and com-
partmentalises the deliberative process. As in the automation
of other complex processes, instead of freeing humans from
repetitive tasks so they can focus on more creative or in-
tellectually demanding ones, AI limits human intervention
to overly simple tasks. In the case of the HM, the role of
the participants is limited to intervening on only four oc-
casions during the process: two of them to ‘produce’ writ-
ten opinions, and the other two to evaluate the machine-
generated statements. Moreover, the participants only give
their opinions and evaluate the statements individually and
privately. This individual and private participation prevents
any argumentative interaction between participants for them
to defend or contrast their opinions with their peers, ruling
out any deliberative exchange from the outset. The subse-
quent process is entirely detached from the participants and
is left for the machine to handle by aggregating preferences
and generating consensus statements. As Risse (2022) points
out, the propensity to delegate tasks to AI would be detri-
mental to human capabilities, especially when facilitating
collective decision-making. The HM leaves aside the argu-
mentative or reason-giving skills of the participants or, at
least, makes them unnecessary for the processes mediated
by the tool.

The realm of the political is significantly reduced by the
space given to deliberative politics and by the secondary role
to which participants are relegated. Rather than a material-

isation of deliberation, the HM becomes a machinery for
producing political agreements or decisions (facilitated by
the tool’s objectives of cost reduction and exportability). The
work of the participants is put at the service of the tool and
not the other way around. Following Coeckelberg’s (2023)
differentiation, the participant is a ‘political patient’ in the
HM-mediated process rather than a ‘political agent’. Instead
of using the HM to nurture the deliberative process and fa-
cilitate the deliberative exchange between participants, the
information produced by the participants is only used to nur-
ture the autonomous functioning of the machine.

In short, instead of contributing to the flourishing or em-
powerment of humans/citizens/participants, the HM confers
them a minimal place in the process and an isolated, repeti-
tive and secondary task. The unlimited generation of ’poten-
tially divisive’ questions by the AI and the productive role
to which human participants are relegated could escalate the
use of the machine for it to become a tool for mass produc-
tion of political agreements or decisions, but never a tool for
inclusiveness and deliberative democratic legitimacy at the
systemic level.

The Goal of Deliberation
The main value guiding the design of the HM is the orienta-
tion towards agreement. In early publications on the tool,
designers closely related its purpose to its ability to pro-
duce consensus, which they conceived of as a ‘key pillar
of the democratic process’ (Bakker et al. 2022, p.2). How-
ever, in the most recent publication, designers have moved
away from consensus and explain that the HM is an AI-
based device created to promote common ground or agree-
ment between individuals with conflicting political positions
(Tessler et al. 2024). Tessler et al. (2024, p.1) define agree-
ment as ‘a prerequisite to act collectively’. It is therefore
assumed that agreement is not only 1) possible and 2) desir-
able for democracy, but also 3) achievable through the medi-
ation of the machine and necessary for its correct function-
ing. This starting point already implies a normative position
on deliberative democracy.

The prominence of orientation to agreement in the design
of the machine is reflected in the choice of naming it ‘Haber-
mas Machine’. The designers state that they chose to name it
after Jürgen Habermas since he ‘proposed that when rational
people deliberate under idealised conditions, agreement will
emerge in the public sphere’ (Tessler et al. 2024, p.1). This,
however, is a misunderstanding of the role that agreement
plays in Habermas’ theory (Habermas 2022). Table 1 sum-
marises the differences between the HM designers’ interpre-
tation of Habermas’ contributions and the remarks made by
Habermas (2022) in his latest article.

Much literature has reproduced a false dichotomy be-
tween a consensus-based Habermasian and an agonistic
Arendtian view of the public sphere (Markell 1997). How-
ever, Markell (1997) argues that Habermas’ and Arendt’s (or
even Mouffe’s) visions are not opposed, but complementary.
According to Habermas (2022), the form of discourse that
governs the public sphere is communicative action, which
requires orientation towards agreement among free and un-
coerced citizens. However, Habermas (2022) does not im-
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Habermas Machine Habermas (2022)
Algorithmic prediction of participants’ preferences Argumentative exchange of competing positions
Focus on outcome →
Agreement as a necessary outcome of deliberation

Focus on procedure →
Non-agreement as a possible outcome of deliberation

Agreement as desirable (telos) Orientation to agreement
(consensus as ‘unattainable’)

Political decision as an outcome
of a completed deliberative process

Political decision has a presumption of rationality
(Fallibility)

Discussion topics selected by AI and designers;
HM procedures remain uncontested

No topic is immune to political contestation,
not even the nature of the procedures (Reflexivity)

Table 1: The Habermas Machine against Habermas (Own elaboration, 2025)

ply with this that the communicative action must be ruled
by the telos or end of agreement, but by the openness of
those involved to reach it. Habermas (2022, p. 152) even de-
fines consensus as ‘unattainable’. Agreement is understood
by Habermas (2022) not as a possible and desirable outcome
of deliberation, but simply as a precondition for the kind of
discourse that should guide deliberation: there is no alterna-
tive discursive category oriented towards ‘non-agreement’
or disagreement (Markell 1997). If there were no such open-
ness to reach agreements on the part of the participants, but
only the will to impose a specific position, the action would
not be understood as communicative but as strategic (Haber-
mas 2022). Habermas does not imply that the condition of
consensus or agreement is normatively desirable, but just
that deliberative procedures are preferable to coercion or vi-
olence (Markell 1997).

In contrast, the HM bases its legitimacy exclusively on its
output, on the results of the deliberative process it mediates,
i.e. on its capacity to produce agreements. The functioning
of the HM requires the deliberative process to have an es-
tablished end. The design of the machine excludes the pos-
sibility of the deliberative process ending without an explicit
agreement, or with the realisation that the parties involved
have irreconcilable positions. By grounding its legitimacy
entirely on the output of deliberation, the machine’s proper
functioning requires the production of a final agreement. If
the machine does not produce a final agreement, it means
that it has failed or that it is useless. This causes the HM
to conceive agreement not only as possible or desirable, but
also as necessary in the processes it mediates.

While Tessler et al. (2024, p.7) assume that ‘even after
deliberation, a plurality of views may persist’, the HM con-
ceives its final agreement or decision as the outcome of a
completed deliberative process that is not to be subject to
further debate. The final agreement is identified as the result
of collective intelligence, as something that ‘emerges’, i.e.
something rational and objective, instead of something to be
decided politically. In this way, the HM jeopardises another
of the main requirements of the democratic public sphere,
namely, fallibility (which requires outcomes to always be
open to political contestation). The HM overturns the open-
endedness, uncertainty and unpredictability of the future that
is constitutive of human freedom in democratic societies (In-
nerarity 2024). No matter how much data is available or for
how long deliberation has taken place, the political decision

will always be unclear, refutable and changeable (Innerarity
2023). The HM reproduces a narrow but dominant frame-
work of deliberative democracy, which overlooks democ-
racy as a game of shifting and divergent loyalties and iden-
tities (Olsen and Trenz 2016). Not everything is resolvable,
and not every interest can be accommodated in a political de-
cision (Innerarity 2024). The HM leaves aside agonistic or
conflict-prone conceptions of the democratic process, which
understand conflict as unavoidable and constitutive of the
political (see Mouffe 1999; Arendt 2006). However, the lat-
ter is also very much present in Habermas’ writings, despite
the designers using Habermasian theory to justify the whole
design and functioning of the HM. For Habermas (2022),
democracy should not per se generate agreement or consen-
sus but should provide adequate institutions to test the va-
lidity of political statements. Habermas (2022, p. 152) states
that deliberative politics enable us ‘to improve our beliefs
through political disputes to get closer to correct solutions
to problems.’

However, Habermas’ deliberative proceduralism assumes
that the outcomes of deliberation are fallible and are always
open to contestation (Markell 1997). Habermas (2022) does
not assume the possibility or desirability of a rational con-
sensus as an outcome of deliberation, but only states that the
outcome of the deliberative process has a ‘presumption’ of
rationality. Any agreement, even the rules of the game, must
be open to political contestation (Markell 1997). In Haber-
mas, ‘orientation towards agreement’ is a strong normative
claim regarding the processes that make agreement possi-
ble, but a weak normative claim regarding the condition of
agreement itself (Markell 1997). Thus, Habermas’s ‘orien-
tation towards agreement’ not only admits, but requires con-
testatory political action (Markell 1997).

In order to produce or arrive at an agreement, the HM
even leaves aside human-to-human argumentative interac-
tion. This is paradoxical, as designers justify their empha-
sis on agreement because they assume that it is ‘a prereq-
uisite to act collectively’ (Tessler et al. 2024, p.1). How-
ever, human participation through the HM is confined to an
individual and private space, preventing any collective ac-
tion or argumentative deliberative interaction between par-
ticipants. Participation in the HM consists of writing indi-
vidual and private opinions and ranking the degree of agree-
ment with the statements generated by the HM. Not only
does this prevent the possibility of agreement-oriented com-
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municative action, but it also prevents any argumentation
and reason-based communication between participants. The
HM does not allow participants to take any contestatory po-
litical action or even to contrast their opinions and argu-
ments in a deliberative exchange. The designers state that
in HM-mediated processes, participants are able to change
their opinion to one shared more widely by the whole group
(Tessler et al. 2024). However, such a change of position
cannot be explained by an argumentative communicative ex-
change between peers, but by the machine’s imposition of
a potential agreement based on an algorithmic prediction of
what the participants will consider more or less ’acceptable’.

Discussion and Conclusions
The present article has studied the case of the Habermas Ma-
chine (HM), an AI-based tool designed to substitute human
mediation and generate agreements in deliberative groups
composed of participants with opposing political positions.
This article has explored the choice of norms and values em-
bedded in the design of the HM and the normative implica-
tions of such choices for deliberative democracy.

The case of the HM illustrates how AI artefacts for delib-
erative purposes have embedded normative preferences in
their design and contribute to reproducing specific imagi-
naries of democracy. However, technological artefacts are
flexible and socially malleable and can be made available to
democracy through good design choices (Pinch 2012; Win-
ner 2017; Cohen and Fung 2021). The fact that the devel-
opment of the HM was not open to wider audiences may
explain why the tool has such a narrow conception of delib-
erative democracy embedded in its design, which 1) overem-
phasises the desirability of agreement in deliberative pro-
cesses, 2) limits participation to an individual and private
space, and 3) segments and compartmentalises the delibera-
tive process and reduces human participation to the genera-
tion and evaluation of political opinions. Instead of empow-
ering and supporting human participation, the HM narrows
the realm of the political, simplifies the deliberative process
and relegates humans to a secondary role. Moreover, HM-
enabled processes are open to manipulation and fail to meet
two basic requirements of the democratic public sphere: re-
flexivity (i.e. nothing should be immune to political contes-
tation, not even the nature of the procedures) and fallibility
(i.e. outcomes must always be open to further political con-
testation) (Markell 1997).

As Goñi (2025) explains, the normative values of delib-
eration would have to scale up for democratic innovations
to become closer to mass participation. In this respect, Lan-
demore (2024) has proposed that, to reconcile the ideals of
deliberation and mass participation through AI, we must ‘let
go the ideal of all minds engaged in one common deliber-
ation and instead settle for an approximation’ (Landemore
2024, p. 40). However, using the HM would require lower-
ing our standards for deliberation or deliberative democracy
to a minimum. As McKinney (2024, p.4) explains, when in-
tegrating AI in deliberation, the technology ‘should be used
to empower and support human participation, rather than
replace it.’ A process where the only role played by hu-
man participants is limited to giving individualised and pri-

vate opinions without any argumentative exchange between
them is not a deliberative process. The HM illustrates the
risk that some devised technological solutions for the ‘prob-
lems’ of deliberative democracy may actually undermine its
core principles (Goñi 2025).

The HM simplifies deliberation to a process aimed solely
and exclusively at finding common ground and producing
agreements. If the HM does not produce the output of an
agreement, it means that it has failed or that it is useless.
This makes agreement not only possible and desirable but
also necessary in the processes where the HM is used. In
contrast, the validity of democratic deliberation is reflected
in its contribution to the democratic legitimacy of a political
system, regardless of whether it culminates in an agreement.
Deliberation does not make agreement a necessary outcome,
and therefore does not fail if agreement is not reached. Even
if an agreement is not reached, deliberation can reinforce
the popular authorisation and democratic legitimacy of the
public sphere and the discursive quality of the processes
of opinion-formation and will-formation (Habermas 2022).
The use and design of technological artefacts for democratic
purposes should not be oriented towards the simplification
of processes or the generation or production of agreements,
but rather towards reinforcing the popular authorisation and
democratic legitimacy of the public sphere or helping citi-
zens navigate its plurality and complexity.

AI developers currently demand humanistic and sociolog-
ical normative approaches to their artefacts. Computer engi-
neers read and reference political theory to guide and justify
their designs. Our obligation as social scientists is to join the
conversation. Thus, this article has sought to promote and
contribute to the conversation between political theory and
the work of developers of AI-based tools designed for de-
liberative purposes. The objective is not simply to guide or
orient the design of the technological artefacts, but to evalu-
ate their contributions, limitations, and impacts on the basis
of the normative standards on which they are grounded. Ex-
ploring if there are AI designs that could be beneficial for
deliberative democracy requires us to be open to the possi-
bility that the answer is a negative one. This entails ruling
out any temptation of ‘technological solutionism’ for demo-
cratic citizen participation (Goñi 2025). As Zajko (2022,
p.7) explains: ‘technologists and a broader public need to
be regularly reminded that just because we can build or au-
tomate something, does not mean that we should, and that
rejection of the latest ‘innovation’ in social control is a per-
fectly reasonable option.’

In any case, this article has several limitations. The HM
has not been made available to the public and has only been
used in experimental tests controlled by the design team it-
self. Therefore, this article does not analyse the practical
functioning of the tool, but only what the Google DeepMind
designers have published and disclosed about its develop-
ment and design. Future research should monitor the devel-
opment of the HM and supplement the analysis of the values
implicit in the secondary information on the tool’s design
with primary information, such as interviews with designers
and empirical analyses of the tool’s use in practice.
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