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Abstract  

The media sector's credibility has been under significant 
scrutiny due to a rise in misinformation and the advent of 
generative AI (Artificial Intelligence) technologies, which 
pose a further threat to its credibility. Amid these challenges, 
transparency about the use of AI has been championed as a 
key solution to restore and promote credibility. Research re-
veals mixed reactions regarding the transparency of AI-gen-
erated content. While some studies indicate that AI-written 
news might be perceived as more credible than its human-
produced counterparts, others find that content labelled as 
AI impacts credibility negatively. This study clarifies the 
impact of AI labels on individuals' credibility perceptions by 
examining the influence of different news topics. Does the 
usage of AI transparency labels invoke more concern about 
news credibility in the context of political news compared 
to non-political news? The effectiveness of transparency 
cues may be different when it concerns more serious issues, 
such as political news, versus less important non-political 
news, such as culture. We conducted a 2x2 survey experi-
ment (N= 207) to investigate the impact of AI disclosures in 
the context of political news on individuals’ perceptions of 
source credibility, perceived manipulation, and sharing in-
tentions. Overall, AI as a news source is considered less 
credible, no matter the topic, yet the AI label does not in-
crease feelings of manipulation. When it comes to sharing 
intention, this is negatively affected by the AI label, but only 
in the case of political news. These findings can help news 
organisations and policymakers to develop meaningful 
transparency labels.  

Introduction 
After initial excitement and hype around generative artifi-
cial intelligence (AI) and its many possibilities for media 
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and journalism, the actual implementation of AI into jour-
nalistic products and services is riddled with concerns and 
1open ethical questions of how to do so responsibly (Dia-
kopoulos et al. 2024) and in a way that does not further un-
dermine the credibility of the media (Kreps and Kriner 2023; 
Kieslich, Diakopoulos, and Helberger 2024). One important 
factor in this context is transparency. Transparency is fre-
quently mentioned as a remedy for the public’s diminished 
trust in the media in general (Koliska 2022) and now, as the 
usage of algorithms and generative AI in the newsroom be-
comes more prevalent, transparency is also seen as a holy 
grail to maintain or even increase trust in the way the media 
embraces the technology (Diakopoulos and Koliska 2017). 
Even though the discussion around source labelling and per-
ceived source credibility is not new in the field of commu-
nication science, technological and macro-level conditions 
have severely changed. For instance, technologically, gen-
erative AI offers unprecedented opportunities and chal-
lenges for news organisations, which are yet to be thor-
oughly investigated. On an organisational level, numerous 
professional journalistic guidelines stress the importance of 
transparency towards the audience about the use of AI(de-
Lima-Santos and Ceron 2021; Diakopoulos et al. 2024). In 
a similar way, regulatory frameworks such as the recently 
adopted European AI Act position transparency as the front-
line defence against misleading uses of synthetic content. 
These developments underline the importance of revisiting 
the dynamics behind transparency labels and source credi-
bility.  
 In theory, transparency about generative AI can have dif-
ferent functions: informing users that and how generative AI 
is being used, instilling trust in the responsible use of gener-
ative AI, protecting users against manipulation, empowering 
them to identify synthetic content and act responsibly (e.g., 
by not sharing synthetic content), or simply being honest 
and avoiding that the audience feels manipulated (Piasecki 
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et al., 2024). In practice, research is still inconclusive on 
whether and how transparency labels work (Hofeditz et al. 
2021; Graefe and Bohlken 2020), or what kind of infor-
mation users need to be able to make informed decisions. It 
is possible that transparency will remain ineffective, or 
worse, that it will backfire, reducing rather than increasing 
trust in the responsible use of generative AI in the media, 
and reducing the credibility of AI generated news. While 
Hofeditz et al. (2021) found no evidence that transparency 
labels - text generated by AI - influenced the perceived cred-
ibility of news, other evidence suggests that disclosures 
backfire because individuals do not understand or misunder-
stand what the labels mean (Zier and Diakopoulos 2024). 
This, in turn, could further undermine trust in the media. 
 Other underlying factors may explain why transparency 
labels backfire in some cases and not in others. However, 
little is known about which such factors could influence the 
effect of transparency labels on individuals. This study con-
tributes to this emerging strand of research by investigating 
the role of different news issues when exposing individuals 
to disclosures of AI generated news content. Previous sur-
vey research observed that people tend to prefer journalists 
over AI in political news, but mind it less when AI is used 
to produce sports news (Sun, Hu, and Wu 2022). We there-
fore measure how individuals react to political news labelled 
as generated by AI compared to non-political news. Specif-
ically, we explore how transparency labels across different 
topics affect citizens' trust in the news source and feelings 
of manipulation. We expect that when an issue is deemed 
more important or impactful, such as in the case of political 
news, individuals may be less accepting of AI’s involve-
ment in writing an article and not trust AI as a competent 
and credible news source. However, when it comes to soft-
news topics such as sports or culture, individuals might not 
have a problem if AI is used to create the article because 
they perceive it as a less sensitive topic (Sun, Hu, and Wu 
2022). Hence, we believe that the topic has a moderating 
role when measuring the effects of transparency labels on 
individuals.   
 Another important aspect that might be impeded by using 
AI in journalism is citizens' engagement with information, 
which is an important part of public opinion formation and 
democratic processes (Habermas 1990). Hence, the use of 
AI might trigger severe news avoidance and entrenched dis-
trust in the media. However, while multiple studies have fo-
cused on trust and credibility perceptions of AI generated 
news (e.g., Hofeditz et al. 2021; Tandoc, Lim, and Ling 
2020), only little research has focused on the follow-up be-
haviour after individuals have been exposed to labelled 
news content (see Altay and Gilardi 2023). We fill this gap 
by measuring how labels affect citizens’ news sharing be-
haviour. Yet again, to what extent citizens engage with news 
that is generated by AI may depend on different news topics. 

Therefore, we argue that it is essential to deepen and ad-
vance our understanding of how different topics and trans-
parency labels shape not only judgments but also behaviour 
among individuals. 
 To do so, we conducted a 2 (human journalist vs AI label) 
by 2 (political vs. non-political topic) survey experiment 
(N=207). The results revealed that simple AI labelling can 
indeed backfire as users will receive the so-labelled news 
less credible – irrespective of its actual content or the issue. 
At the same time, not labelling AI generated content risks 
users feeling manipulated, which can eventually negatively 
affect trust. These findings illustrate the critical importance 
of moving beyond simple transparency labels and finding 
more meaningful ways to convey whether or not AI-gener-
ated or assisted content is trustworthy. This could help 
strengthen the relationship individuals have with news, in-
crease trust in information and combat news avoidance. 

Conceptual Framework 

AI transparency labels in journalism: Aversion or 
appreciation 
In recent years, research has focused on the risks and conse-
quences of integrating algorithms into various journalistic 
practices. On one hand, algorithms represent technological 
innovations that help users access content more easily, gen-
erate content efficiently, gather information across plat-
forms, among other benefits (Monzer et al. 2020). On the 
other hand, there are concerns that algorithms can limit di-
versity and lead to discrimination (Helberger, Karppinen, 
and D’acunto 2018). In the newsroom, AI can serve news 
organisations to write, translate, and summarise information 
more efficiently (Stray 2019; de-Lima-Santos and Ceron 
2021). News writing, in particular, is a process where AI 
plays a critical role. However, as AI continues to evolve, 
challenges related to its use in journalism are becoming 
more apparent. For instance, Gherheș and colleagues (2025) 
highlight that AI-generated headlines, such as clickbait 
headlines, can often be indistinguishable from those written 
by humans, and that can affect the credibility of the source.  
 The growing use of AI in journalism raises additional 
concerns, including the absence of traditional journalistic 
values in AI-generated content, the potential for generating 
fake news and disinformation, and the need for more trans-
parency through labels such as "written by humans" or 
“written by AI” (Van Dalen 2024). Although transparency 
through labels such "written by AI" might seem like a solu-
tion to building trust in journalistic content, it also brings 
new challenges for journalism. Thus, there is a growing call 
for more research on the circumstances and conditions under 
which transparency information may benefit or harm jour-
nalists (R. Wang and Ophir 2024; Diakopoulos and Koliska 

1749



2017). Particularly, since such disclosures can shape audi-
ence perceptions in different ways, influencing whether they 
trust or reject AI-generated content.  
 One possible reaction is algorithmic aversion, where in-
dividuals favour human decision-making over algorithmic 
tools, even when the latter demonstrate superior perfor-
mance  (Dietvorst, Simmons, and Massey 2015). This aver-
sion may stem from a general scepticism towards technolog-
ical developments (O’Shaughnessy et al. 2023). On the con-
trary, there is a growing body of research suggesting the rise 
of algorithmic appreciation, with users increasingly favour-
ing AI-generated content over human-produced outputs 
(e.g., Logg, Minson, and Moore 2019). This shift can be at-
tributed to the perception that AI, void of human emotions, 
desires, and biases, produces more impartial, accurate, and 
objective content (e.g., Longoni et al. 2022; Sundar 2008). 
In line with this perspective, Chung et al. (2023) explained 
that content labelled as AI can decrease motivated reasoning 
as individuals might overestimate the accuracy and neutral-
ity of artificial intelligence content. To explain why individ-
uals either resist or embrace algorithmic decision-making a 
possible explanation is the usage of heuristics (e.g., Logg, 
Minson, and Moore 2019).  

Transparency labels as a cue: heuristics 
An important concept explaining the user's evaluation of AI 
disclosures is the usage of heuristics, as disclosing the usage 
of AI can serve as a “symbolic cue” for users (Sundar and 
Kim 2019). Heuristics can be understood ‘as simple proce-
dure that helps find adequate, though often imperfect, an-
swers to difficult questions’ (Kahneman 2011). In the con-
text of AI, one common heuristic are machine heuristics. 
Machine heuristics refers to “mental shortcut wherein we at-
tribute machine characteristics or machine-like operation 
when making judgments about the outcome of an interac-
tion” (Sundar and Kim 2019, 2). Depending on the appro-
priateness of applying these machine attributes, this shortcut 
can have both positive and negative effects (Yang and 
Sundar 2024). For example, an individual may have a posi-
tive perception of AI (i.e., algorithmic appreciation) if they 
associate algorithms with impartiality, but this could also 
lead to overreliance or uncritical acceptance of algorithmic 
outputs, especially in situations that require careful evalua-
tion. 
 Importantly, these types of perceptions (i.e., algorithmic 
aversion – appreciation) can influence the credibility of the 
source of a piece of information (Sundar and Nass 2001). 
More generally, “credibility is classically ascertained by 
considering the source of information. If the attributed 
source of a piece of information is a credible person or or-
ganisation, then, according to conventional wisdom, that in-
formation is probably reliable” (Sundar 2008, 73). Source 
credibility has been linked to several factors, including trust, 

experience, honesty and impartiality (McGinnies and Ward 
1980). Thus, source credibility can be measured through 
multiple descriptions of the source: whether the source can 
be considered accurate, believable, trustworthy, biased, un-
fair, and comprehensive (Tandoc, Lim, and Ling 2020). In 
this study, we follow this rationale and measure source cred-
ibility by considering these different elements. In a way, the 
communication of the source provides a cue for users to un-
derstand what produces the information given. 
 Existing evidence is mixed. For instance, there are studies 
that did not find that transparency about the source influ-
enced trust in AI-written articles or human-written articles 
(Hofeditz et al. 2021). On the contrary, Graefe et al. (2018) 
suggest that individuals exposed to news labelled as gener-
ated by a machine perceived the news as more credible and 
with higher journalistic expertise than human-written news. 
The authors suggest that AI-written news can be perceived 
positively due to machine heuristics, where AI-generated 
text can be perceived without bias. However, other scholars 
suggest that news labelled as written by AI is perceived as 
less credible than content written by human journalists. It is 
argued that individuals have a general tendency to reject al-
gorithms, and thus AI-generated decisions or news-making, 
even if they know that algorithms can outperform humans 
(Dietvorst, Simmons, and Massey 2015; Mahmud et al. 
2022). It is argued that individuals may be concerned about 
AI since it tends to operate as a ‘black box’ and, therefore, 
lacks important journalistic values such as transparency or 
accountability (Komatsu et al. 2020). There is also empirical 
evidence to support this claim. Recent studies indicate that 
political news written by AI, and disclosed as such, is per-
ceived as less credible than human-written news(Hong, 
Chang, and Tewksbury 2024; S. Wang and Huang 2024). 
Wang and Huang (2024) argue that AI-written news can 
lead citizens to form negative evaluations of the information 
due to prior negative experiences with the technology. Un-
der this scenario, transparency about the fact that news was 
written by or with the help of AI could have a negative effect 
on the credibility of this piece of news. Hence, transparency 
labels about the use of AI in the news production might also 
backfire and erode trust in the media instead of fostering it. 
Overall, we observe a trend in more recent studies, which 
suggests that news labelled as AI are generally evaluated 
more negatively. Therefore, we hypothesise: 
 
H1a: News content labelled as generated by AI has a nega-
tive effect on perceived source credibility compared to news 
labelled as written by a human journalist. 

AI transparency labels and the role of political is-
sues  
To disentangle the complex effects of transparency labels on 
individuals’ perceptions of news labelled as written by AI, 
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it is interesting to investigate the role of the specific news 
topics covered. Different topics may explain when news la-
belled as written by AI is deemed credible and when it is 
not. Thus, considering that some topics are viewed through 
a partisan lens (Chung, Moon, and Jones-Jang 2023), it is 
crucial to assess how the influence of transparency labels 
might vary across different issues. Individuals may find AI-
written news less credible when covering a politicised topic, 
such as migration, compared to a non-political topic. In line 
with this, findings from Sun, Hu, and Wu (2022) suggest 
that 73.7% of their respondents prefer human journalists' re-
ports on current affairs and politics, compared to 31.2% for 
sports coverage. Recent studies further show similar trends. 
For instance, Hong et al. (2024) found that citizens in the 
United States perceived human journalists as more credible 
than AI journalists when reporting on politically sensitive 
topics, even though AI journalists were seen as less biased. 
Similarly, Wang and Huang (2024) showed that news au-
thored by machines triggered lower credibility perceptions 
on socio-political topics, suggesting that a negative machine 
heuristic is more likely to be activated when such topics are 
involved. This difference suggests that, in addition to the 
transparency label, the type of topic might impact individu-
als’ perceptions and the acceptance of the use of AI in jour-
nalism in connection with source credibility, too. Therefore, 
we propose the following hypotheses: 
 
H1b: This effect is stronger for political news issues com-
pared to non-political news topics. 

Perceived Manipulation  
In an era of AI-generated (political) misinformation and 
deepfakes, the trust relationship between media companies 
and citizens is under increased pressure. In this context, in-
dividuals may not only lack trust but may perceive the media 
as trying to manipulate audiences. We understand manipu-
lation as the process in which media undermine citizens’ 
ability to consciously make decisions and take actions that 
align with their personal values and boundaries (Aïmeur and 
Sahnoune 2020). Previous literature on artificial intelligence 
and manipulation has mostly focused on the overall ability 
of artificial intelligence to manipulate individuals (i.e. Car-
roll et al. 2023; Stahl, Schroeder, and Rodrigues 2023). For 
instance, Stahl and colleagues (2023) argue from an ethical 
perspective that AI could be used to extort sensitive data 
from individuals (privacy infringements) and to manipulate 
voters. Hence, the authors see the manipulation of individu-
als through artificial intelligence linked to privacy and data 
protection. However, research is still scarce on how artificial 
intelligence’s involvement in the news production process 
might trigger feelings of manipulation in individuals. As AI 
is increasingly used to generate misleading information and 
synthetic images, concerns about manipulation intensify 

(Wortel, Vanwesenbeeck, and Tomas 2024). Although AI 
itself is not inherently deceptive, its capabilities can amplify 
individuals’ perception of manipulation when encountering 
AI-generated content, particularly when it mimics human 
journalism (Piasecki et al. 2024). Without clear disclosures 
on AI's role, distinguishing AI content from human content 
becomes nearly impossible, fuelling this perceived manipu-
lation (Wortel, Vanwesenbeeck, and Tomas 2024).  
 To better understand the possible relationship between AI 
disclosures and perceived manipulation, we have to take a 
step back and look once again at source credibility in an 
online environment. We know that source credibility plays 
a crucial role when investigating manipulation. For instance, 
in a study on credibility and manipulation in online relation-
ships, Aïmeur and Sahnoune (2020) explain that for manip-
ulation to take place, manipulators rely on individuals’ trust 
in the source to hinder them from making conscious, rational 
decisions. To put it simply, if individuals believe in a source, 
they are more likely to be manipulated because they are 
‘blinded’ and are less likely to think rationally. Related to 
this, Araujo (2023) found that individuals who display 
higher levels of institutional trust perceive AI as less manip-
ulative than individuals with lower levels of trust. Rui 
(2018) adds the perception of manipulation derives from the 
relationship between individuals and the source. The less 
trust in a source, the more individuals can perceive an inten-
tion of manipulation towards them. Furthermore, recent 
findings suggest that individuals cannot distinguish AI-gen-
erated from human-generated news content, which makes 
generative AI a dangerous tool for spreading more distrust 
in the media (Kreps, McCain, and Brundage 2022). This in-
ability to distinguish and the possibility of broken ‘blind’ 
trust might leave individuals with feelings of manipulation, 
which can be detrimental to their information consumption 
and engagement – even if the information is labelled as writ-
ten by AI. These feelings of manipulation, however, might 
be more pronounced when it comes to AI transparency la-
bels linked to political news topics, such as migration, than 
softer news topics. We believe that if artificial intelligence 
is disclosed to be involved in generating news on political 
topics, individuals might be more suspicious because they 
think that AI could be deceiving and should not be used to 
write about these delicate issues. Furthermore, individuals 
might be aware of the pitfall of AI producing false or biased 
information, which might be considered more problematic 
in the context of political issues – even if AI is used by a 
news outlet they trust. Against this backdrop, we propose 
the following assumptions:  
 
H2a: News content labelled as generated by AI has a nega-
tive effect on the feeling of manipulation compared to news 
labelled as written by a human journalist. 
H2b: This effect is stronger for political news issues com-
pared to non-political news topics. 
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Sharing AI generated Content  
Sharing information online or offline can be considered an 
important part of (public) opinion formation and is therefore 
crucial for society. Individuals share and spread information 
they deem, among other things, trustworthy and accurate, 
stemming from credible sources (Sterrett et al. 2019). But 
what happens to individuals’ willingness to share news 
when news is labelled as written by AI (AI as the news 
source)? And how much is this sharing intention dependent 
on the news topic? Only recently, scholarly attention has 
grown to better understand whether or how AI disclosures 
influence citizens' sharing intentions of regular news. Previ-
ous research rather investigated the effect of labelling of AI 
on other engagement measures (i.e., continue reading AI 
news) in the context of misinformation (Bashardoust, Feuer-
riegel, and Shrestha 2024; Epstein et al. 2023). These studies 
focusing on misinformation can provide some first insights. 
For instance, Bashardoust, Feuerriegel, and Shrestha (2024) 
compared the willingness to share AI-generated misinfor-
mation vs. human-generated misinformation and found evi-
dence that both were being disseminated equally often by 
participants. In this case, participants were not directly in-
formed that the piece of misinformation they read was AI 
generated. More recently, scholars have specifically focused 
on the direct influence of AI disclosures on citizens’ news 
sharing intentions or engagement with AI generated news 
(Altay and Gilardi 2023). Altay and Gilardi (2023) asked 
participants of an online survey experiment how likely it is 
that they would share an online post of a news headline. In 
a nutshell, the results revealed that AI labels reduced partic-
ipants’ sharing intention (Altay and Gilardi 2023). How-
ever, the measurement of sharing intention used by Altay 
and Gilardi (2023) is one-dimensional and quite vague, and 
we believe that sharing can take on multiple forms. In this 
study, we not only measure sharing intention online on so-
cial media but also offline (talking about it) and the willing-
ness to share news headers with peers. This measurement 
gives more detailed insights into how AI disclosures impact 
individuals’ news consumption and follow-up behaviour. 
Furthermore, we believe that this concept of sharing inten-
tion will be influenced by the presented news topic. The 
willingness to share political news labelled as written by AI 
might be lower than the sharing intention of non-political 
issues. A possible explanation for this might be that individ-
uals’ reputation is at stake when they share news online and 
with peers (Altay, Hacquin, and Mercier 2022). The fear of 
sharing false information and the anticipated ‘punishment’ 
by their network will hinder individuals from engaging with 
news labelled as written by AI and the punishment might be 
considered bigger when it concerns political or more serious 
issues. We therefore hypothesise:  

H3a: News content labelled as generated by AI has a nega-
tive effect on the sharing intention compared to news la-
belled as written by a human journalist. 
H3b: This effect is stronger for political news issues com-
pared to non-political news topics. 

Method & Measurements  
Design: This study investigates the impact of AI disclosures 
on individuals’ perceptions of information. By means of a 
pre-registered 2 (Transparency label as headline source at-
tribution: AI vs. Human) x 2 (News Topic: Political vs. Non-
Political) between-subject survey experiment, we presented 
the participants with different news headlines with images 
which were created for the purpose of this study. One head-
line concerned a private donation made to the national mu-
seum (non-political) and one concerned an increase in im-
migrants in the Netherlands, especially because of the war 
in Ukraine (politicised). Next to the news issue, we manip-
ulated the news source and presented the respondents with 
the name of a human journalist or AI as the writer of the 
respective article. Respondents were randomly assigned to 
the experimental conditions. We chose a layout that resem-
bles a generic news website without any source indication 
to avoid priming. 
 Sample: In total 286 respondents participated in the ex-
periment and were recruited by a panel company based in 
the Netherlands (Bilendi). The experiment was part of a 
larger survey (N = 1478), where 286 of the 1478 participants 
took part in the additional experiment after completing the 
survey. The polling company Bilendi recruited the sample 
based on country-specific census data and specific quotas on 
age, gender, and education. This resulted in a representative 
sample of the Dutch population regarding age (M = 50.46, 
SD = 17.38), gender (female = 52.9%, male = 47.1%), and 
education (lower = 22.1%, moderate = 50.2%, higher = 
27.7%).  
 Procedure: Respondents accessed the survey experiment 
via an online link and had to give their informed consent 
before participating. The individuals were randomly as-
signed to one of the four experimental conditions and pre-
sented with a news header including an image. After that, 
participants answered questions measuring demographics 
and control variables. After reading the news headers, par-
ticipants were forwarded to the post-test survey. This part 
included measures for the dependent variables and the ma-
nipulation checks. The average response time was 8 
minutes. After completing the survey, participants were di-
rected to the panel company where they received the incen-
tives.  
 Independent Variables and Stimuli: Our independent 
variables are twofold: (1) we manipulated the source of a 
news header, and (2) we manipulated the news issue. The 
transparency label condition was manipulated by exposing 
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the participants to news headers, where the author of the ar-
ticle was adjusted. The label either stated that the headline 
was written by a human journalist or written by artificial in-
telligence. The labels were highlighted to make sure partic-
ipants paid attention to them. The topic variation was ma-
nipulated by presenting the participants with two different 
topics. A non-political topic, where the national museum re-
ceived a private donation and a heavily politicised topic cov-
ering the increase of immigrants, especially because of the 
war in Ukraine (see Figure 1). We purposely chose factual 
wording for the political issue, which does not imply a side 
of the political spectrum. In this study, we are interested in 
two different sources and issues and therefore refrained 
from designing stimuli catering to specific political atti-
tudes. This would have introduced another factor in the de-
sign.  

Figure 1. Political experimental stimulus with AI label 

 Dependent Variable: This study focuses on three core 
concepts: (1) source credibility, (2) perceived manipulation, 
and (3) sharing intention. Source credibility focuses on the 
trustworthiness and expertise of a source (Gaziano and 
McGrath 1986; Hanimann et al. 2023) and was measured 
through six items on a 7-point scale (1 = strongly disagree, 
7 = strongly agree). The construct includes items such as: “I 
believe I can trust the source behind the article”, “I believe 
the source of the news article is accurate”, and “I believe the 
source of the news article is objective” (Cronbach’s α = .93, 
M = 4.02, SD = .89). The concept of perceived manipulation 
was measured through three items on a seven-point Likert 
scale (1 = strongly disagree, 7 = strongly agree) (Campbell 
1995). Participants were presented with statements such as 
“I believe the source of the news article is able to persuade 
me” or “I believe the source of the news article is able to 
mislead me” (Cronbach’s α = .65, M = 3.88, SD = .76). To 

establish possible follow-up behaviour after being exposed 
to news headlines generated by AI or a human journalist, we 
measured sharing intention with the help of three items. Par-
ticipants indicated on a 7-point Likert scale to what extent 
they agree with the following statements (1 = strongly agree; 
7 = strongly disagree): (1) I would share the article on social 
media; (2) I would share the article with my friends; (3) I 
would talk about it with my friends and family, Cronbach’s 
α = .83, M = 2.48, SD = 1.57. 
Controls: As we test political vs neutral news headers, it is 
important to control for political orientation to eliminate that 
this variable is the driving factor of the results. Political ori-
entation was measured on a 10-point scale (0 = left, 10 = 
right) by asking the participants where they would place 
themselves (M = 5.59, SD = .58). A second control variable, 
which we measured was the acceptance of AI generated con-
tent connected to different news issues (e.g., sports, politics, 
scientific discoveries. We recorded the measure into a 
dummy variable where 0 = soft news topics (sport, arts and 
culture) and missing values and 1 = hard news (politics, in-
ternational politics, medicine, scientific discoveries), M = 
.56, SD = .03.  
 Manipulation Check. For the manipulation check, we 
asked respondents whether the article they saw was written 
by a human We presented them with three answer catego-
ries: yes, no, and do not know. We find that the manipulation 
was successful (χ2 (2) = 27.22, p<0.001). Participants ex-
posed to a news headline labelled as written by a human 
journalist were significantly more likely to indicate that the 
article they just saw was written by a human (17.87%) com-
pared to participants who received news headlines labelled 
as written by AI (13.51%). The same applied to the gener-
ated by AI condition: Individuals who were exposed to a 
news headline labelled as written by AI, correctly identified 
that the article was not written by a human journalist 
(22.71%) compared to the human condition (5.80%). The 
experimental conditions also differed from each other when 
looking at individuals who answered that they did not know 
who wrote the article. Individuals who were exposed to the 
articles written by AI were significantly more certain about 
their answer (14.98%) than individuals in the human jour-
nalist condition (25.12%).  
 Analysis. We removed straighteners and other outliers 
based on age limit, response time, and from each construct 
based on the cut-off value of +/3 SDs from the mean. This 
resulted in a final sample of 207 individuals. To assess our 
hypotheses and to answer the overarching research question, 
we performed a series of two-way analyses of variance 
(ANOVA). We performed a post hoc power analysis to test 
whether our sample size was sufficient. Based on prior re-
search, we expect a small to moderate effect sizes (f = 0.25) 
(Hofeditz et al., 2021; Molina & Sundar, 2022; Ozanne et 
al., 2022). Results indicated the required sample size to 
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achieve 95% power for detecting a medium effect, at a sig-
nificance criterion of α = 0.05, was N = 203 for an ANOVA. 
Hence, the results confirmed that our samples are sufficient 
in size.  

Results 
To test the effect of news content labelled as generated by 
AI and political issues on source credibility (H1), we ran a 
two-way ANOVA. We observe a significant main effect of 
the AI label on source credibility (F (1, 206) = 6.98, p = .01, 
partial η2 = .035). Thus, this indicates that the news labelled 
as AI-generated was perceived as less credible. There is no 
statistically significant interaction effect between news la-
belled as generated by AI and the different news issues (F 
(1, 206) = 0.42 p = .52). Hence, there is no difference be-
tween the news topics, instead, source credibility is nega-
tively affected when labelled as AI regardless of the issue. 
 Further, we were interested in whether news content la-
belled as generated by AI increases the feeling of manipula-
tion triggered by the label compared to news labelled as 
written by a human journalist and whether this effect is 
stronger for news covering a political issue (H2). The results 
reveal no statistically significant differences between the 
two experimental groups (generated by AI vs human jour-
nalist), F(1, 206) = 0.75, p = .38. The interaction effect be-
tween news labelled as generated by AI and the different 
news issues was not significant either (F(1, 206) = 0.03, p = 
.96). This finding points to the fact that an AI label might 
impact individuals’ source credibility, but it does not reach 
as far as triggering feelings of manipulation.  

Lastly, we measured if news content labelled as generated 
by AI has a negative effect on individuals’ sharing intention 
compared to news labelled as written by a human journalist 
and whether this effect is stronger for political news com-
pared to soft news (H3). The analysis shows no significant 
main effect (F(1, 206) = 0.08, p = .78). Thus, the AI label 
does not influence individuals sharing intention across both 
issues. In this case, however, we find a significant interac-
tion effect between news labelled as generated by AI and the 
political news issue (F(1, 206) = 4.54, p = .03). The sharing 
intention of individuals is negatively affected by the AI la-
bel, but this is only the case for the political news issue (see 
Figure 2).  

Discussion  
Transparency is often regarded as the holy grail for main-
taining or even increasing trust in the media (Diakopoulos 
and Koliska 2017). Yet today, research is still inconclusive 
on the effectiveness of transparency labels: some suggest 
that labelling improves the credibility of the source (Graefe 
et al. 2018), whereas others find that it backlashes, and peo-
ple lose trust in the source (Zier and Diakopoulos 2024).  

Figure 2. Interaction effect between news labelled as gen-
erated by AI and topic 

 To address these inconclusive findings, we investigated 
whether the effect of the transparency labels on individuals’ 
perceptions and behaviour may depend on the news topic at 
hand. First and foremost, our results show that news content 
labelled as generated by AI is perceived as less credible 
compared to human-written news, no matter the issue. 
Hence, the AI label affected the source credibility nega-
tively. While we expected that the AI label would instil less 
credibility in the source, specifically in the context of polit-
ical news, we find that respondents do not trust AI as a news 
source regardless of the topic. Similar to relying on mental 
shortcuts such as the outlet or content, individuals may rely 
on the label as a heuristic cue to determine whether some-
thing is accurate (Altay and Gilardi 2023). Given media and 
public debates surrounding the accuracy of AI and its in-
volvement in spreading misinformation, it is perhaps not 
surprising to find that people perceive AI as an unreliable 
new source. These findings also align with existing litera-
ture indicating that individuals are generally averse to the 
usage of AI in the news production process (Dietvorst, Sim-
mons, and Massey 2015; Mahmud et al. 2022). Second, we 
find that individuals do not experience an increased sense of 
manipulation when encountering AI-labelled news content. 
Even with politically related news topics, citizens do not 
perceive AI as a threat to their ability to interpret and act on 
information in a self-determined manner. In other words, 
although AI-generated news might influence the extent to 
which individuals perceive a news item as credible, this does 
not escalate into a fear of having their autonomy compro-
mised (Aïmeur and Sahnoune 2020). Third, our results show 
that AI labelling does not have an overall influence on shar-
ing intentions, but it does discourage individuals from shar-
ing political news content online or with their friends and 
family. A potential explanation for this effect could be found 
in the literature on reputation management (e.g. Altay et al., 
2022). Individuals may hesitate to share politically charged 
content generated by AI due to the risk of disseminating 
false information, which could have negative consequences 
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for their reputation within their network(s). Political beliefs 
are often deeply ingrained and connected to one’s political 
identity and are therefore something individuals treat with 
caution (Van Bavel and Pereira 2018). Especially sharing 
false information when it concerns these deeply held beliefs 
may be considered risky and individuals could fear reper-
cussions. However, our experimental set-up did not allow us 
to test this mechanism, and we encourage future research to 
consider to what extent accuracy concerns and social repu-
tation explain reluctance to sharing AI-labelled news.  
 These findings prompt further reflection. On the one 
hand, one could argue that scepticism towards news content, 
whether produced by human journalists or AI, is healthy and 
needed in democratic societies that face challenges like dis-
information (Kyriakidou et al. 2023). This critical attitude is 
a key aspect of media literacy (McDougall 2019) and en-
courages citizens to, for instance, consult multiple sources 
to fact-check the information they encounter (Tsfati and 
Barnoy 2025). It may also be promising that we find that 
individuals are reluctant to share AI political news, as this 
means that labelling may serve as an effective strategy for 
limiting the spread of synthetic information. On the other 
hand, it also increases worries that the labelling of news as 
AI-generated may have a backfire effect and contribute to 
media distrust. The simple act of labelling something could 
signal to individuals that a piece of information is deceptive 
and dangerous content, even if this is not the case, and cause 
news users to reject this information. It could also contribute 
to increasing news avoidance (Toff and Kalogeropoulos 
2020) and exposure to alternative news-outlets that embrace 
anti-establishment worldviews (Hameleers, Harff, and 
Schmuck 2023). Furthermore, leaning on the truth default 
theory (Levine 2014), where individuals generally assume 
something is real and true when they come across new in-
formation, the absence of labels could also signal to news 
users that certain unreliable information is truthful.  A sim-
ple label stating ‘generated by AI’ might backfire in the 
sense that individuals think they cannot trust this piece of 
information, and that everything not labelled as such is cre-
ated without the involvement of AI (which often is not the 
case anymore) and is inherently more reliable.  
 Overall, even when AI is employed responsibly, and eth-
ical safeguards are in place to ensure the integrity of jour-
nalism the act of labelling content as AI-generated can, in 
some instances, result in a decline in perceived credibility 
and we believe it is crucial e. that media organizations there-
fore carefully consider how to disclose information about 
the role of AI in the news production process. They could 
do so, for instance, by clarifying the specific role AI had, 
that humans are still involved, and outlining how AI can be 
beneficial in producing reliable news content. Moreover, 
news organisations should be forthcoming with information 
about what measures have been taken to ensure that the con-
tent is still trustworthy. This way AI labels can encourage 

critical verification skills from citizens rather than increase 
their overall media distrust.  
 While our study provides insights into the role of AI as a 
news source connected to political news, our study does not 
come without limitations. First, this study was conducted 
exclusively in the Netherlands, which limits the generaliza-
bility of our findings. News consumption habits and trust in 
news sources can vary significantly between countries, thus 
the results may not fully apply elsewhere (Newman et al. 
2023). Expanding future research to include participants 
from a wider range of political and geographic backgrounds 
could help determine whether these findings hold across dif-
ferent media and political environments. The experiment’s 
one-shot design presents another limitation, as it restricts the 
ability to observe how participants' attitudes or behaviours 
may change over time. Media effects often accumulate with 
repeated exposure and future research should consider a lon-
gitudinal approach because it could offer deeper insights 
into how source credibility and engagement evolve. A nota-
ble portion of participants also expressed uncertainty in the 
manipulation check, suggesting that the manipulation may 
have been too subtle or that participants were not fully en-
gaged. Refining manipulation techniques in future studies 
would help ensure clearer results. Additionally, this study 
focused solely on the news source, leaving out the important 
role of content in shaping audience reactions. Future re-
search should explore the interaction between news sources 
and content to provide a more comprehensive understanding 
of how both factors influence news perception and credibil-
ity. 
 This study highlights the complexity surrounding the use 
of transparency labels in addressing public concerns about 
AI involvement in news production. Previous research 
shows that individuals are in favour of labelling AI gener-
ated news as such (Altay and Gilardi 2023), hence there 
seems to be a strong need for transparency when it comes to 
the involvement of AI in the news production process. For 
individuals, understanding that AI is used in journalism is 
crucial, yet we find that labelling news content as generated 
by AI could potentially intensify distrust, even when it con-
cerns non-political issues. Hence, we believe that it is im-
portant to consider individuals’ preferences and needs for 
transparency when deciding when to apply and how to de-
sign AI disclosures. This involvement helps to ensure that 
the citizens feel heard, informed, and in control, which can 
strengthen trust in both news sources and the use of AI in 
journalism. For policymakers, these findings suggest the 
need to carefully consider how to use labels and reconsider 
the assumption that AI disclosures are unnecessary when ed-
itorial oversight is in place. Therefore, policies should re-
flect the desire for transparency by mandating clear but care-
ful disclosure of AI involvement in news production at all 
times, even when editorial review is a fact. Transparency la-
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bels should be designed in a meaningful way to avoid back-
fire effects. This would align with public expectations and 
contribute to greater credibility in both AI technologies and 
media institutions.  
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