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Abstract

Participatory Al, in which impacted community members and
other stakeholders are involved in the design and develop-
ment of Al systems, holds promise as a way to ensure Al is
developed to meet their needs and reflect their values. How-
ever, the process of identifying, reaching out, and engaging
with all relevant stakeholder groups, which we refer to as
recruitment methodology, is still a practical challenge in Al
projects striving to adopt participatory practices. In this pa-
per, we investigate the challenges that researchers face when
designing and executing recruitment methodology for Partic-
ipatory Al projects, and the implications of current recruit-
ment practice for Participatory Al. First, we describe the re-
cruitment methodologies used in Al projects using a cor-
pus of 37 projects to capture the diversity of practices in the
field and perform an initial analysis on the documentation of
recruitment practices, as well as specific strategies that re-
searchers use to meet goals of equity and empowerment. To
complement this analysis, we interview five Al researchers
to learn about the outcomes of recruitment methodologies.
We find that these outcomes are shaped by structural condi-
tions of their work, researchers’ own goals and expectations,
and the relationships built from the recruitment methodol-
ogy and subsequent collaboration. Based on these analyses,
we provide recommendations for designing and executing
relationship-forward recruitment methods, as well as reflex-
ive recruitment documentation practices for Participatory Al
researchers.

1 Introduction

Artificial intelligence for social impact (AISI) is being de-
veloped and deployed in many domains with promise to
address pressing societal challenges, including healthcare
(Kamineni et al. 2023) and conservation (Tuia et al. 2022).
However, without involving stakeholders that are potentially
affected by Al, there are risks to deploying Al broadly,
such as encoding racism into Al systems (Benjamin 2019;
Obermeyer et al. 2019) or supporting the centralization of
power (Birhane et al. 2022b). Using participatory methods
to carefully engage with stakeholders and impacted commu-
nity members while developing Al systems realizes values
of collective governance and socially beneficial Al (Bondi
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et al. 2021; Birhane et al. 2022a; Costanza-Chock 2020a).
A body of work has been referring to the incorporation of
participatory methods, drawn from theories of participatory
design in computing and beyond, into Al development as
“Participatory AI” (Kulynych et al. 2020).

This ethos of participation, while shared by many who
study or aim to implement AISI and Participatory Al, can be
difficult to achieve in practice (Lin et al. 2024). Barriers to
implementing Participatory Al include a lack of clear stan-
dards and best practices (Delgado et al. 2023). Also, while
Participatory Al idealizes the inclusion of marginalized and
impacted communities, Al practitioners report difficulties in
recruiting and engaging with certain impacted communities
(Cooper and Zafiroglu 2024; Kallina and Singh 2024). De-
spite the crucial impact of recruitment on who participates
(Vines et al. 2013), there is no systematic practical guidance
on recruitment methods that Al researchers can use, espe-
cially for those who are new to participatory methods.

We aim to develop practical guidance on recruitment
strategies by studying the current practice of Al researchers.
Our main research questions in this work are: 1) What are
the recruitment strategies used by Al researchers? 2) How do
methods impact goals of Participatory Al, and 3) How can
we improve outcomes of recruitment methods? First, we re-
view a corpus of 37 Al projects to characterize and describe
the current recruitment strategies used in Al, and note that
recruitment methods are often not documented sufficiently
for purposes of reproducibility and transparency. Then, we
interview five Al researchers and practitioners to learn what
methods tend to be more successful and why. By analyzing
both our corpus data and the interviews, we learn that struc-
tural conditions, researchers’ own goals and expectations for
the project, and relationships between researchers and com-
munity groups are key factors that influence the outcomes
and the kinds of impact accomplished by the Al system
(Table 1). We then introduce recommendations to improve
the outcomes of recruitment methodology towards achiev-
ing Participatory Al

In the rest of the paper, we will provide an overview of re-
lated work in human-centered design and Participatory Al,
discuss the methods we used for our review of existing prac-
tices of participation and our semi-structured interviews, the
results of our analyses, and then introduce our recommenda-
tions for the design of recruitment strategies.



Questions & Data Takeaways
What are the recruitment strategies used in AI?
Data: Corpus ¢ Decision users and data creators are often the ones recruited.

Researchers typically initiate recruitment.

Most recruitment is done via organizations and social media,
websites, advertisements, and formal events.

Many details are not documented.

How do methods impact goals of Participatory AI?
Data: Interviews .

Researchers’ capacities to engage in participatory projects
are limited by structural conditions.

Researchers’ expectations and goals shape the methods they
use and the relationships built with stakeholders.

Project outcomes depend on the relationships built by the
researchers and participants.

How can we improve outcomes of recruitment
methods? .
Data: Corpus, Interviews

Relationship building is crucial when designing recruitment
methodologies.

Building more processes and structural support, such as in-
stitutions that facilitate connections, can help improve re-

cruitment methods.
Recruitment methodologies should be documented.

Table 1: Research Questions and Takeaways

2 Related Work
2.1 Participatory Methods in Computing

Participation as a research methodology in computing draws
from the fields of participatory design (Spinuzzi 2005;
Asaro 2000) and participatory action research (Costanza-
Chock 2020a). Participatory approaches’ focus on partici-
pant knowledge and deconstructing knowledge hierarchies
(Frauenberger et al. 2015) lends itself well to design method-
ologies that aim to achieve socially just outcomes by ele-
vating marginalized voices. Because of this, participatory
approaches are key components to design methodologies
in computing oriented towards social justice (Abebe et al.
2022; Irani et al. 2010; Bardzell and Bardzell 2011), and
calls to apply principles from participatory research tra-
ditions to Al are increasing (Klein and D’Ignazio 2024;
Costanza-Chock 2020b; Mohamed, Png, and Isaac 2020).
At the same time, participatory methods in Al develop-
ment have been critiqued for “participation washing,” in
which participatory methods benefit the designers at the ex-
pense of the participants and manufacture consent for de-
cisions made undemocratically (Sloane et al. 2022). In re-
sponse to these critiques, scholars have worked to empiri-
cally characterize current Participatory Al practice (Cooper
and Zafiroglu 2024; Groves et al. 2023; Kallina, Bohné, and
Singh 2025), develop conceptual frameworks to evaluate ex-
isting participatory projects in Al according to the goals of
participant empowerment and democratizing Al governance
(Birhane et al. 2022a; Sloane et al. 2022; Berditchevskaia,
Peach, and Malliaraki 2021; Feffer et al. 2023; Bondi et al.
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2021; Corbett, Denton, and Erete 2023; Kallina, Bohné,
and Singh 2025), and provide high level guidance and val-
ues to design participatory methods to achieve these goals
(Berditchevskaia, Peach, and Malliaraki 2021; Feffer et al.
2023; Delgado et al. 2023; Gilman 2023; Bondi et al. 2021).
The critical questions raised by previous work indicate that
both practice and the social context of participatory methods
are important in determining whether Participatory Al re-
sults in equitable, democratic Al development and systems.

2.2 Recruitment in Participatory Al

A key concern in Participatory Al is studying how tech-
nology designers shape the participatory process. Cooper
and Zafiroglu (2024) examine the practices that designers,
dubbed “participation brokers,” use to shape who partici-
pates and how they participate in Al design. They note the
degree of power that Al researchers have in determining
these practices, and observe that Al researchers frequently
form partnerships with community groups (Cooper and
Zafiroglu 2024). In another vein, Lin et al. (2024) studies
how AISI partnerships often fail to meet the needs of com-
munity partners due to issues such as funding constraints and
mismatched expectations of Al’s capabilities. They suggest
that Al designers follow the lead of community members
early in the project for AISI projects (Lin et al. 2024). Power
and values-based recommendations for designing participa-
tory methods are other key points (Costanza-Chock 2020a;
Harrington, Erete, and Piper 2019).

Yet, there is still a need to provide practical guidance for



participatory methods in Al Kallina and Singh (2024) inter-
view Al practitioners in corporate and organizational con-
texts, finding that 70% of respondents reported a lack of in-
clusivity in their samples (Kallina and Singh 2024). Respon-
dents also note that certain stakeholder groups are difficult to
identify and contact, in addition to having low incentives to
participate. Other Al practitioners in corporate contexts sim-
ilarly report needing clearer guidance as well as incentive
structures to put participatory methods into practice (Del-
gado et al. 2023; Groves et al. 2023; Kallina, Bohné, and
Singh 2025). As these works note, recruitment is key for
achieving goals of Participatory Al; it configures who par-
ticipates in the first place, and can impact the goals of shar-
ing design control with impacted communities (Vines et al.
2013) and the values embedded in and performance of ma-
chine learning models (Diaz and Smith 2024). We aim to
contribute to this body of work by clarifying the practice of
participatory methods, particularly for recruitment.

2.3 Recruitment Methods

Existing recruitment methodologies seek to accomplish pri-
mary research goals, such as conducting surveys and inter-
views (Heerman et al. 2017), participant observation and
other ethnographic methods (Negrin et al. 2022), co-design
practices, and more. Other methodologies, drawn from re-
search traditions such as participatory action research, also
ensure diverse and representative sampling, encouraging eq-
uitable relationships with communities, and building orga-
nizational capacity (University of Michigan STPP program
and Detroit Disability Power and the Detroit Justice Center;
2024; O’Brien et al. 2022; Beyond Chicago 2020). We refer
to Table 2 for a brief overview of existing recruitment meth-
ods for a variety of purposes. Social scientists interview-
ing online communities, for example, highlight strategies
such as participating in existing communities, using Snow-
ball sampling, and considering whether participants want to
participate in the research projects (Hollingshead and Poole
2012). This suggests approaches to recruitment that are re-
lational and dependent on the researcher’s positionality.
Reflection on recruitment in the context of researchers’
specific positionalities and power imbalances is also preva-
lent. For example, relationships and institutional context im-
pact recruitment, the research questions that are pursued,
and participant trust in researchers (Le Dantec and Fox
2015; Small and Calarco 2022; Gibson and Abrams 2003).
In particular, Sum et al. (2025) examine how exploitative re-
lationships between the university and local communities in-
fluence researchers’ partnerships with community-based or-
ganizations. They ask researchers to build sustained relation-
ships with community members, adopt individual tactics to
support communities, and encourage institutions to revest in
communities (Sum et al. 2025). Similarly, recruitment meth-
ods for non-“WEIRD” populations must also be contextual,
flexible, and focus on needs and existing technological prac-
tices to be successful (De, Kanthawala, and Maddox 2025).
In short, much recruitment literature exists that Al re-
searchers can draw on. Yet, little work has studied recruit-
ment methods in Al or how those methods impact Partici-
patory Al goals. We aim to help fill these gaps, towards im-
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proving recruitment methodology for Participatory Al

3 Methods

We investigated recruitment practices in projects that use
participatory methods during the design and development
of Al by: 1) creating and analyzing a corpus of 37 projects
in this space; 2) conducting institutional review board-
approved semi-structured interviews with 5 Al researchers.

3.1 Corpus Creation and Analysis

Assembling the Corpus We conducted a literature review
in order to build a corpus of Al projects that represented
a diversity of modes of participation, as defined by Sloane
et al. (2022). We drew case studies from existing reviews
of Participatory Al, particularly (Birhane et al. 2022a; Del-
gado et al. 2023; Feffer et al. 2023; Berditchevskaia, Peach,
and Malliaraki 2021; Kulynych et al. 2020), case studies of
Al for Social Impact (Tambe, Fang, and Wilder 2022), re-
cent publications at venues like FAccT, EAAMO, CHI, and
AIES, and searches on Google Scholar for related terms like
“Participatory AL.” We adopted this approach in an effort to
include projects using a wide variety of participatory meth-
ods not explicitly labeled as such, including projects where
participation served a variety of goals (e.g. participation as
labor vs. consultation (Sloane et al. 2022)) and impacts (e.g.
participant empowerment (Delgado et al. 2023)). Appendix!
Tables 10, 11, and 12 provide an overview of the countries
represented by our sampled projects, the domains they were
in, and the participation entry point (as defined by (Corbett,
Denton, and Erete 2023)), respectively. To summarize, our
corpus includes a wide variety of domains and both Global
South and Global North contexts, with a majority of projects
coming from Global North contexts. In addition, the ma-
jority of participation took place during “dataset develop-
ment” and “deployment and monitoring” entry points. We
determined saturation was reached and concluded the litera-
ture review when novel recruitment categories in Al projects
were no longer identified.

Analyzing the corpus After compiling the corpus, we
used inductive coding (Braun and Clarke 2006) with a goal
to explore high-level themes and categories to character-
ize the recruitment methodologies used by Al researchers
and practitioners. We found broad categories of recruitment
methods, stakeholder types, and the actors who initiated the
recruitment. We also coded each project by the level of em-
powerment afforded to the participants in the project (Del-
gado et al. 2023), to help us explore the question of how
recruitment methods impact goals of Participatory Al. Two
authors (EK, BK) coded the papers. Due to the small num-
ber of coders, we focused on building coding consensus via
weekly meetings. Results are in Section 4.

3.2 ParticipAlte

We included the high-level categorizations from our qualita-
tive coding into a preliminary database, which we call Par-

"https://realize-lab.github.io/participaite



Diverse and representative samples Equitable relationships with communities
Computing Oversample minoritized groups, work with com- | Work with community groups in developing re-
munities, remove barriers to participation, build | cruitment strategies (University of Michigan STPP
participant trust, and use inclusive demographic | program and Detroit Disability Power and the De-
qualities (Roscoe 2021) troit Justice Center; 2024)
Civics Email and postal mail (Sharp and Anderson 2010) | Reach out to grassroots organizations, community
leaders and local media (Nabatchi et al. 2012)
Social Participate in existing communities to gain access, | Work with advocates and leaders of community
Sciences snowball sample, consider participants’ perception | groups (O’Brien et al. 2022)
of research (Hollingshead and Poole 2012)
Community | Develop culturally-specific engagement materials, | Work with advocates and leaders of community
Engagement | work with community liaisons (Mancera et al. | groups, provide compensation (Beyond Chicago
2022) 2020)
Health and | Call and text using phone numbers from EHR | Offer pay and accommodate meeting needs, and
Medicine (Langer et al. 2021) recruit through organizations, social/print media,
clinics, snowball sampling (Leslie, Khayatzadeh-
Mahani, and MacKean 2019)

Table 2: Non-exhaustive set of recruitment strategies in several fields

ticipAlte?, and populated it with papers from our corpus. It
includes information on recruitment methodology, includ-
ing: a list of involved stakeholders, the recruitment strategy,
who initiated recruitment, the specific call for participation,
and lessons learned (see Appendix B).

3.3 Semi-Structured Interviews

For the semi-structured interviews, we aimed to gather more
detail about the recruitment methodologies surfaced in our
corpus, particularly from Al researchers with prior expe-
rience in recruiting participants for Al projects. Follow-up
studies should also incorporate community group perspec-
tives, which are essential for a more complete analysis of
the empowerment of community groups.

We contacted ten researchers that were known to us to be
researchers with Participatory Al experience via emails and
direct messages, and interviewed five of them. Our selec-
tion was prioritized by our goal to converse with researchers
who may have varied experiences in recruitment methodol-
ogy, including the domain, format of participation, and goal
of the participatory process. We acknowledge that the selec-
tion and response of participants were biased by our existing
personal networks, interests, and reputations within certain
research communities. See Table 3 for an overview of par-
ticipant backgrounds.

Interviews lasted an hour, and were conducted via the
video conferencing program Zoom. All interviews were
recorded and transcribed with interviewee permission. We
provided $50 gift cards as compensation. The study was de-
termined by the University of Michigan Institutional Review
Board to be exempt from ongoing review (HUM00266324).

Interviews had two main components. For both compo-
nents, participants had access to the ParticipAlte database,
which contained an entry of one of their existing projects,
as well as a project in our corpus. First, we asked about
interviewees’ previous and current experience with recruit-

*https://realize-1ab.github.io/participaite
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Data creators I
Decision users I
Clients
Collaborators IEEE—
Decision subjects IE——
Regulators
0 10 20 30

Figure 1: “Those recruited” papers (Appendix Table 6)

ment methodology, using database entries describing their
recruitment methodology that we assembled from existing
work about the projects. We aimed to elicit detailed nar-
ratives behind their experiences of developing recruitment
methodology. The second main component was to discuss
another recruitment case study in order to discuss documen-
tation practices that would help with reproducibility. Finally,
we asked for open ended, unstructured feedback on docu-
mentation about recruitment. See Appendix A for full inter-
view questions.

As with the corpus, we performed an inductive coding
on the interviews. Following thematic analysis (Braun and
Clarke 2006), we developed higher level themes by analyz-
ing data in context with the entire dataset, as well as descrip-
tive themes. The results are in Sections 5 and 6.

4 Recruitment Methodologies

Our corpus analysis was based on descriptive categories
of recruitment methodologies, including: Who is recruited,
who recruits, recruitment strategy, and recruitment impacts
on participant empowerment. We also noted patterns in doc-
umentation. The Appendix lists the full corpus and analysis.

Who is recruited? In general, projects in our corpus
tended to recruit either end users of an Al system (‘“Deci-



ID | Role Project experience discussed Context Academic Training
P1 | Academia | Al for humanitarian purposes GN Computer Science
P2 | Academia | Al for environmental and humanitarian purposes GS & GN | Computer Science
P3 | Academia | Al for humanitarian purposes GS & GN | Computer Science
P4 | nonprofit | Al and tech policy focused on marginalized groups’ concerns | GN Information Sciences
P5 | Academia | Al for humanitarian purposes GN Computer Science

Table 3: Participants and descriptions (including Global South (GS) and/or Global North (GN) context focus)

Researchers NN
Participants |HH
No clear delineation Il
Not documented |

0 10 20 30

Figure 2: “Who recruits” papers (Appendix Table 5)

sion users”) or data labellers and workers (‘“‘Data creators™)
as participants. Results are presented in Fig.1 and Table 6 in
the Appendix.

Works in the corpus also sometimes detailed the relevant
stakeholder groups that they did not aim to recruit from (Lee
etal. 2019; Yu et al. 2020; Newman et al. 2022; Cheng et al.
2021; Sendak et al. 2020), acknowledging how recruitment
strategies determine who can or cannot participate. Some
projects excluded stakeholders due to the challenges of en-
gaging said stakeholders and their more indirect relation-
ships to the system being developed, such as patients in a
tool designed for healthcare workers (Sendak et al. 2020).

In our corpus, authors also noted that recruitment can
shape barriers to participation. For example, enabling online
participation and flexible scheduling were some strategies
to ensure equitable participation and broader recruitment
(Queerinai et al. 2023; Kuo et al. 2023; Lee et al. 2019).
A lack of inclusion due to barriers could in turn lead to bias
and generalization challenges (Awad et al. 2018; Calacci and
Pentland 2022; Marian 2023; Bakker et al. 2022).

Who recruits? In addition to differences in who was re-
cruited, there were also different stakeholders doing the re-
cruitment (see Appendix Table 5 and Fig. 2). Al researchers
or practitioners most frequently conducted recruitment in
our corpus. Furthermore, some of our corpus provided de-
scriptions of how the researchers or practitioners’ previous
experiences with the communities of their participants al-
lowed access to research sites (Lee et al. 2019; Wilder et al.
2021; Eitzel et al. 2021). Our corpus also had a few rich
descriptions of collaboration building between researchers
and community partners (Delgado, Barocas, and Levy 2022;
UNHCR Innovation Service 2019).

There were a few instances where the line between re-
searcher and participant was blurred, as both parties engaged
in the process of research (Queerinai et al. 2023; Nekoto
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Figure 3: “Recruitment strategy” papers (Appendix Table 4)

et al. 2020). In our corpus, we also found several examples
of participant-led research, where researchers were solicited
by communities or developed the research problem in col-
laboration with communities (see Appendix for a list).

Recruitment Strategy Recruitment strategies were also
quite varied, as shown in Fig. 3 and Table 4 in the Appendix.
Recruitment strategies included working with organizations
(organizational), drawing on personal networks, using social
media or other mass media (infrastructural), and attending
events like conferences (Table 4 details specific strategies
in these categories). We found that most recruitment in our
corpus was based on connecting to organizations, for exam-
ple, by reaching out to community advocacy organizations
or nonprofit organizations.

Empowerment Our corpus showcased several ways for
recruitment methods to meet goals of equity and empow-
erment. For example, researchers ensured that their methods
followed community norms via conversations with the com-
munity (Zhu et al. 2018), relevant domain experts (Kuo et al.
2023), and local institutions (Newman et al. 2022). Works
in our corpus also aimed to build trust with marginalized
communities by recruiting institutional actors that worked
with these communities (Wilder et al. 2021; Kuo et al. 2023;
Young, Magassa, and Friedman 2019; Frauenberger et al.
2015) and key organizers of communities (Calacci and Pent-
land 2022; Marian 2023).

While crowdsourcing has been noted as a form of partic-
ipation that is considered labor, is more at the level of con-
sulting or including (using Delgado et al. (2023)’s scale of
participant empowerment), or offers a low amount of agency
to participants (Nekoto et al. 2020), careful crowdsourcing
can also empower community groups. A prominent exam-
ple is Digital Workerism (Calacci 2022), where crowdsourc-
ing was used to provide data for a worker-led campaign to



investigate the impact of algorithmically determined wages
on working conditions. In our corpus, researchers and prac-
titioners used intentional strategies to reach marginalized
communities during crowdsourcing, including decentralized
and internet-based recruitment strategies to reach commu-
nity members over large geographical divides (Queerinai
et al. 2023; Nekoto et al. 2020), requiring few resources to
recruit and participate (Li et al. 2023; Queerinai et al. 2023),
and reaching out to strategic allies during the recruitment
process (Nekoto et al. 2020; Irani and Silberman 2013). Of-
fering some direct benefits to participants, such as easing
existing workflow challenges (Kelling et al. 2012), or ensur-
ing that the resulting data and knowledge production were of
immediate benefit to participants (Li et al. 2023), were also
important practices.

4.1 Documentation of Recruitment Strategies

So far, we have focused on those parts of recruitment
methodologies that are documented in our corpus. However,
projects varied in level of documentation. For example, Figs.
2 - 3 showed multiple projects lacking enough documenta-
tion for us to determine a categorization. Some projects de-
scribed the specific actors and institutions they work with,
while others only referred to the kind of institution. While
omitting specific names to protect privacy is certainly an
important consideration, we believe documentation of other
aspects of recruitment are important for purposes like repro-
ducibility and transparency. For instance, we noted several
helpful examples where authors detailed reasons for exclud-
ing or including certain stakeholders, how researchers lever-
aged existing personal relationships during recruitment, or
specific motivations for selecting certain recruitment strate-
gies. These were not documented across the entire corpus.
As such, we were motivated to interview Al researchers and
learn about their experiences with recruitment methodology.

5 Results from Interviews

Our interviews focused on interviewees’ previous experi-
ence with recruitment. To briefly summarize, each of the
interviewees identified as researchers engaging in recruit-
ment. They were primarily concerned with recruiting collab-
orators, mostly community organizations, other grassroots
advocacy and activist groups, and members of specific com-
munities, for co-design projects. To meet these recruitment
goals, interviewees largely began by identifying partners
with experience and existing relationships with communities
the interviewee wished to engage with as a starting point,
and reaching out most frequently through personal networks
and cold calling. Once they established a relationship, e.g.,
with a nonprofit or government agency, they then often part-
nered with organizations for many core tasks, including: sur-
veying communities, recommending policy, and introducing
interviewees to other stakeholders. This aligns with our find-
ings from the corpus, which showed the prevalence of or-
ganizational and personal network recruitment (Fig. 3), and
slightly differs from formal social science recruitment meth-
ods, such as surveying or random sampling.

We now analyze and present our detailed findings in three
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connected themes. First, we explore how researchers’ capac-
ities to begin and engage in participatory projects are inher-
ently limited by structural conditions. Second, we explore
how researchers’ expectations and goals shape the methods
they use, and how methods can impact the relationships built
with stakeholders in the domain. Finally, we argue that out-
comes of participatory projects are fundamentally based on
the relationships built by the researchers and participants.

5.1 Structural Challenges to Recruitment

Before we begin to address the recruitment methodologies
that are used by researchers, as well as their outcomes, we
need to discuss what constraints and limitations researchers
face.

Funding A first barrier is funding. Researchers noted: “fo
support this kind of project is not as easy compared to
say, defense and security,” pointing to a clear lack of fund-
ing support for projects supporting community-based or-
ganizations (P2). Not only do the researchers need to get
funding for themselves, they also need to provide funding
for their collaborators (P2). Funding for the participating
community-based organization is particularly important, as
participants, staff, and the organization need to be paid for
their time and any additional coordinating labor (P4). One
interviewee also addressed the fact that continued funding
is a significant problem to achieving participatory projects
with a long-term goal and focus: “there’s not a ton of fund-
ing available for maintenance of systems” (P3).

Time and effort A second barrier is the time commitment
added on from deciding to pursue a participatory project.
For example, researchers discussed how participation from
organizations and communities required senior researchers
to “identify a problem at the right scope” (P2) for a stu-
dent to work on, as well as prototyping and creating pilot
experiments to determine operational feasibility (P5). Due
to the considerable time investments required from both the
Al practitioners and the involved stakeholders, both parties
would need to commit seriously to the length of the project
(P2).

Logistics and coordination These challenges are com-
pounded by logistical and legal concerns. P5, for example,
was hampered by such issues when attempting to include a
certain stakeholder group. Coordinating with communities
and stakeholder groups can require considerable investment
and project management, including overhead not necessary
when working alone, such as additional meetings (P5), test-
ing prototypes in the field (P5), and engaging in the domain
(P2).

Ethical engagement and building trust The entrenched
power dynamics between researchers and community
groups is another barrier. One researcher discussed the dif-
ficulty in gaining the trust of certain groups: “you’re always
working in the wake of whatever the university that you work
at has done to that community” (P4). Cognizance of struc-
tural harms and of ways that marginalized groups are often
further marginalized by exploitative projects means that re-
searchers need to evaluate whether the community groups



and organizations that they are working with even have the
capacity to participate in these projects, and if participation
is putting an undue burden on the community groups (P4).

Lack of (relevant) expertise Some researchers are not
trained in engaging with and recruiting community members
or groups. One researcher stated: “we just do not have any
of the expertise needed to kind of navigate that world and do
anything sensible” (P1) when it comes to directly outreach-
ing to community members. In fact, some interviewees were
not involved with community engagement or recruitment de-
spite being involved in Participatory Al projects, as teams of
researchers had split into community-engagement and tech-
nical intervention subteams, with the technical researchers
relatively separated from decisions about engaging with the
community (P1, P5).

Furthermore, technical expertise can also serve as a struc-
tural challenge in recruitment. Several interviewees had ex-
plicit expectations to develop specific technical contribu-
tions as a result of a collaboration due to career incentives.
This presents a very serious trade-off for interviewees: “how
much effort and time do you really want to spend on these
Al for social good projects that may not fully leverage your
technical expertise to work on?” They suggested that, for
researchers interested in creating social impact without en-
gaging in the additional labor required to actively involve
community organizations and groups, foregoing recruitment
and working on open-source projects may be more efficient
for achieving social impact (P2).

5.2 Impacts of Challenges and Goals on
Recruitment

These challenges, coupled with researcher goals, ultimately
incentivized researchers to find partners as a means of find-
ing participants. This, in turn, shaped recruitment methods.

Personal connections and partners Working with orga-
nizations proved to be an effective strategy for researchers
to engage in participatory projects, particularly with organi-
zations that had both the capacity to work with researchers
and were already embedded in the communities of interest.
This helped address challenges with logistics, engagement,
expertise, and trust, to name a few.

For example, P4 noted that organizations with a grassroots
orientation enable better connection to membership and an
ability to directly bring community members into the pro-
cess of Participatory Al, while P1, P2, and P5 stressed the
importance of having a community partner that already had
connections to communities and the relevant expertise to
work in these domains. P4 also found that going to the direc-
tor of advocacy or programming at nonprofits was promis-
ing due to an indication that the organization had an in-
creased capacity for collaboration. These existing connec-
tions to partners with capacity were significant in starting a
collaboration.

At the same time, the structural barriers that made partner-
ing with community groups more effective also led to chal-
lenges. P2 summarized the challenge as “I think in general,
it’s not easy, because we have limited capacity, and these
nonprofits also have their own agenda and priorities” (P2).
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Furthermore, one interviewee reflected how success is often
determined by an intuition surrounding the quality of the re-
lationship: “I do feel like a lot of recruitment happens in sort
of...a ground-up way...a lot of it is vibes” (P3). Ultimately,
“finding [any] collaborator is easier than finding a good
collaborator” (P2).

All of our interviewees reported heavily relying on per-
sonal networks in their recruitment processes; including aca-
demic and personal networks. In fact, our interviewees re-
ported that relying on personal networks led to successful
academic outcomes (P1-P5).

Mixed success from cold calls To find partners, the alter-
native to leaning on connections was cold calling potential
partners. Cold calls, whether through email, phone, or direct
messages, were reported to have mixed success rates - fail-
ures of collaborations starting from cold calls included no
responses (P2, P4), or collaborations that were short-term or
underwhelming (P2). P2 shared an anecdote where a close
colleague emailed dozens of nonprofits in their local area,
but were unable to successfully create a collaboration. While
researchers admitted that they could not always know why a
cold-call attempt failed, given that people are very busy and
have other priorities, refusal to participate could indicate a
deeper mistrust of researchers and the institutions they rep-
resent (P4), adding yet another difficulty to the process.

Establishing a relationship from cold calls is often eas-
ier when the researcher can lean on their existing reputa-
tion in the community (P2, P3). P4 said that “If someone’s
not familiar with you, I think that some of this work comes
across like weird marketing research ... like getting a cold
call from an organization that wants to pay you...” (P4). To
address this challenge and to successfully get a response, in-
terviewees suggested showing examples of previous existing
projects (P2), emphasizing compensation (P4), and making
a case that the community group has novel, important con-
tributions to make (P4).

Challenges to achieve representativeness All of our in-
terviewees engaged with goals of representativeness when
they decided how and who to recruit. For instance, re-
searchers were motivated to use cold calls to bring in part-
ners they otherwise would not. P4 reflected: “It would be a
lot easier if we did only rely on our personal networks, be-
cause the [organizations ] would be much more likely to par-
ticipate”, as they may already see the value in the project,
but “if you stay too close to home, then you're just talking to
the same people with the same interests. So often, it’s cold
calls” (P4).

One key challenge is that capacity limits interviewees’
ability to achieve ideals of representativeness. Even though
our interviewees aspired to include all relevant groups, this
was not practically possible. One interviewee regretted not
including one group of stakeholders, mentioning that even a
small, biased sample would be better than having none (P5).
The reasons cited by researchers for not including these spe-
cific stakeholder groups were a lack of capacity to navigate
the logistical (e.g., institutional review board) obstacles to
include these groups, noting that doing so would have added
potentially years to the research study (PS5).



Researchers also emphasized that representativeness is a
priority throughout project design and development; ques-
tions of how to make participation “successful and sustain-
able” are not “specific to recruitment” (P3). The way peo-
ple participate and to what degree they can influence the
system, for instance, are similarly important. Recruitment is
key for achieving this goal of representativeness throughout
a project.

5.3 Relationship Impacts on Outcomes

The challenges in finding participants underscore significant
trade-offs between pursuing and building relationships with
community groups, and ensuring participatory projects can
meet researchers’ career needs, such as milestones and pub-
lishing requirements. Given that these kinds of tensions are
largely structural, we found that the interviewees responded
by trying to build longer-term relationships that were mutu-
ally beneficial to community partners and researchers.

Long-term partnerships Long-term partnerships were
noted as having many benefits for interviewees and the part-
ners they were working with. Ideally, when recruiting part-
ners, researchers were looking for “long-term collabora-
tions” (P2). Long-term relationships were noted as valued
by community groups, who have made it clear to researchers
that parachuting into community to produce research and
leaving is not acceptable (P2). Other benefits included pro-
ducing several research papers over a stand-alone applica-
tion (P2) and establishing new governance relations between
designers, governors, and community organizations (P4).
Echoing concerns and critiques of exploitative projects, P4
described the frequently short-term nature of Participatory
Al as something “arguably broken about Participatory AL”

Interviewees in our study discussed several more success-
ful strategies for building longer-lasting, durable relation-
ships between researchers and their collaborators (P1-P3).
For example, P1 talked about a project in which the non-
profit center benefited, as the conducted research provided
important administrative tasks and helped provide benefits
to the community that the nonprofit served, despite the cen-
ter choosing not to use the algorithm the researcher cre-
ated in day-to-day usage. This relationship was mediated by
a senior researcher’s long-standing relationship with a col-
laborator in the domain who had years of experience col-
laborating with relevant nonprofits. In addition, P2 spoke
to a model of relationship-building that was more scalable
and accessible to junior researchers with fewer resources:
senior researchers maintaining long-standing relationships
with many partners and nonprofits to help scope projects
for more junior researchers, and relying on existing long-
term relationships between senior researchers and commu-
nity partners. Thus, long-term relationships can be the basis
of many separate projects, and provide continued impact for
community partners.

Relationship challenges and deployment Yet, long-term
partnerships are difficult to achieve. One interviewee re-
called a collaboration that broke down right before the de-
ployment of an algorithm, despite the CEO of the nonprofit
being very enthusiastic about the project in the initial stages.
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When reflecting on what could have been improved, the in-
terviewee suggested that the researchers and the nonprofit
needed an “explicit collaboration” from the beginning to
avoid failure: “Maybe just having them attend way more
meetings, even on the [technical] side, would help them feel
even more like part of this.” Unfortunately, in this case, the
algorithm did not get to be deployed. Three of our inter-
viewees (P1, P2, P5) reported that the algorithmic interven-
tions created for nonprofit partners were not still currently
deployed after the researchers “handed off” the project to
the organizations. This happened when the project would
end, and the researchers would no longer be involved in the
project, often moving to other universities (P1 P2, P5), or
when the nonprofit would fundamentally alter the way they
collect data, rendering the algorithm obsolete (P1, P2). The
challenges maintaining relationships between researchers
and community-based organizations during the development
of the algorithm may have contributed to limited algorithmic
impacts.

Outcomes beyond deployment Sometimes, benefits to
nonprofits or community partners existed beyond algorith-
mic impacts. Other benefits mentioned in our interviews in-
cluded receiving funding (P2, P4), gaining legitimacy in the
eyes of governments and other decision-makers (P3), es-
tablishing data collection practices initiated by researchers
(P1), or even developing Al literacy (P2). This indicates,
then, that truly impactful participation might not be mea-
sured in terms of algorithm deployment alone, but also holis-
tically with respect to other benefits.

6 Discussion

Given the challenges we found to successfully recruiting for
Participatory Al, there is a clear need for improved recruit-
ment methodology. Design recommendations for Participa-
tory Al from previous work can and should apply to recruit-
ment methods, such as recommendations to examine and
challenge power (D’ignazio and Klein 2023), to prioritize
marginalized communities (Costanza-Chock 2020a), and to
ensure research meaningfully benefits the involved commu-
nities (Erete, Rankin, and Thomas 2021). The interviewees
(see Section 5) wanted to achieve these kinds of goals, but
the challenges they faced were significant. We now discuss
possible approaches to improving recruitment strategies.

6.1 Building Community

Our findings highlighted the highly relational aspect of re-
cruitment. From researchers’ reputations to building trust to
achieving representativeness, recruitment methodologies of-
ten succeeded or failed based on the relationships between
researchers and communities.

We encourage researchers to expand conceptions of what
is a legible recruitment strategy and who is able to use these
strategies. For instance, in addition to finding partners, re-
searchers can establish themselves within the networks of
communities that they aim to work with by helping organize
or attending workshops that focus on prominent issues in lo-
cal communities, or regularly volunteering with or organiz-
ing alongside community groups. This echoes findings from



studies for researchers to build personal relationships with
the communities they work with (Sum et al. 2025; Harring-
ton, Erete, and Piper 2019). Forefronting trust and building
strong relationships in recruitment also helps tackle a core
question — who is actually participating in Participatory Al
— by encouraging participation from marginalized groups.

There are existing mechanisms for researchers to join
community-building efforts. Interviewees mentioned build-
ing spaces for community groups and organizations to cre-
ate relationships with Al practitioners, such as at the FAccT
conference, where “if you make space for more and more
and more community-based organizations and advocacy
groups to present there, you do build real relationships”
(P4). Another interviewee (P2) mentioned creating aca-
demic spaces where a principal investigator can maintain
many relationships with community organizations to support
PhD projects, and summer programs where a senior aca-
demic matches undergraduate and masters students to com-
munity groups. P3 discussed creating a formal network of
community organizations and advocacy groups with simi-
lar concerns: “the project is more well known and global

. S0 sometimes people find us.” Maintaining such a net-
work included holding regular events for interested groups
and extending regular invitations to engage with the re-
searchers, such as relevant research colloquiums and sym-
posiums, resulting in long-term connections and collabora-
tions over time (P3, P4). Although labor-intensive, build-
ing spaces that can help connect expertise, potential fund-
ing, and need is a promising approach to growing personal
and professional networks without an individual researcher
or community needing to do it all themselves.

Once researchers are able to establish themselves within a
network, it is far more likely that community organizations
will approach a researcher with a proposal. One interviewee
said, after participating in a project with an organization that
was organizing similar community groups, “this relation-
ship unlocked all these relationships to local community-
based organizations” (P4). Describing how these relation-
ships eventually led to a collaboration, P4 described how “a
contact was looking for some help from us . . . [and] as that
conversation evolved . . . we realized there was a lot of over-
lap.” Once an interviewee had one successful collaboration,
they were able to focus on recruiting similar organizations
with similar structural needs that could be addressed by the
algorithmic intervention that they had created (P3), showing
a reputational benefit for similar communities.

Besides benefits to the researcher, earlier engagement
with communities can help all participants get involved at
earlier stages of projects and better engage with other stake-
holders, potentially building a sense of shared ownership
and algorithmic interventions with a clear and sustained so-
cial impact. Moreover, technical interventions made with en-
gagement from the relevant communities early on are key
to anticipating needed changes in the design phase, reflect-
ing recommendations to “go out in the field” (Perrault et al.
2020). Earlier engagement also makes it easier to clearly
agree on the potential benefits at the beginning of the project,
using the findings in this work and others including Lin et al.
(2024); Ismail et al. (2023); Erete et al. (2025) as guidance to
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frame such conversations. When researchers are in commu-
nity with the broader, local community, there are possibili-
ties for directly recruiting community members themselves
in a grassroots manner, rather than recruiting through formal
institutions that represent them.

While building community is promising to further Partic-
ipatory Al goals, we acknowledge that the challenges de-
tailed in Section 5 remain. Individually, a researcher may
need to adjust expectations and narratives to make the work
“legible as a research contribution to a specific commu-
nity” (P3). Without changes to the institutions that support
researchers and communities alike, fully overcoming many
of these challenges, from funding to coordination to sustain-
ing long-term relationships, will remain difficult. We believe
that sharing challenges and successes will help improve re-
cruitment methodology.

6.2 Reflexive Documentation

During our analysis of the corpus, we saw significant dispar-
ities in the detail of documentation of recruitment strategies.
When we interviewed researchers, we learned many more
details about recruitment than from the researcher’s pub-
lished papers. These stories included the details and difficul-
ties of finding funding, navigating specific social networks,
engaging with specific actors to build relationships with
community partners, and working with a set of institutions,
such as universities and conferences, to help researchers
build the relationships to recruit. As such, we recommend
better documenting recruitment practices. Our recommen-
dation to document these “backstage” aspects (Bgdker and
Kyng 2018) draws from a tradition of researcher reflexiv-
ity to improve transparency and create better recruitment
methodologies in the field. Another benefit of introducing
this reflexivity is to make the invisible work of recruitment
and establishing relationships more visible to the research
community, which can initiate change in how this labor is
valued by institutions (Le Dantec and Fox 2015). Reflexiv-
ity is also a tool that can allow researchers to more clearly
understand the complexities of power dynamics that impact
their research projects, including the hierarchies, interests,
and worldviews driving the decisions in research (Miceli
et al. 2021). We now attend to three factors of reflexive doc-
umentation for participatory projects: social and personal
networks, institutional support, and learning from refusal.
These three factors are introduced as a starting point for re-
flexive documentation.

Personal networks In our corpus of Participatory Al
projects, how recruitment leveraged personal networks was
not always very clear, yet our interviewees emphasized
the importance of personal networks to their recruitment
methodologies. We suggest that researchers record which
relationships were key in building community partnerships,
how these relationships were initially formed (as raised by
P2), and how they resolved any conflicts in the relationships.
Detailed narratives of recruitment are given in Le Dantec
and Fox (2015); Delgado, Barocas, and Levy (2022), and
Tandon et al. (2022), but even brief descriptions would help
provide additional context for others recruiting.



Institutional support As researchers navigate their own
capacities for engaging in Participatory Al, guidance on
finding funding is key. One interviewee in our study strongly
suggested documenting how researchers recruited funding
in Participatory Al projects (P2). Beyond sharing strategies
for identifying such funding sources, it would be useful to
share details about the structures of institutions that support
Participatory Al development. As an example of this, one
of our interviewees spoke to how replicating successful in-
stitutions in other universities that enable Participatory Al
development could help their own university support similar
endeavors to improve recruitment outcomes (P1).

Refusal and non-response Researchers tended to docu-
ment the successful recruitment strategies, but often had sto-
ries of unsuccessful recruitment strategies that were not doc-
umented. Recruitment non-response and the failure of strate-
gies to produce successful partnerships are also part of the
recruitment process, and should be documented. Narratives
of these failures and how they were overcome can provide
starting points for other researchers designing recruitment
methodology. As P5 put it, “finding out what went wrong is
almost more useful than finding out what went right, because
there are certain things that...everyone would do differently
in each of the papers.”

Documenting the instances of refusal to participate can
provide light on which communities are underrepresented in
Participatory Al and why. Al designers have called for sup-
porting refusal in design (Barocas et al. 2020), and P4 noted
that “[academic and nonprofit spaces] can be... almost vio-
lent” for certain people, highlighting the importance of re-
fusal as a mode of participation. Using data collected about
refusal, Participatory Al can create methods to incorporate
refusal as an active mechanism of governance and account-
ability, potentially building on models of informed refusal in
bioethics (Benjamin 2016).

6.3 Towards Representativeness

Finally, representativeness and meaningful participation are
key goals in Participatory Al, yet our interviews highlighted
the difficulty achieving these goals due to logistical chal-
lenges and challenges with cold calling potential partners,
for instance. Right now, finding partners and communities is
done largely ad-hoc. Even when done well, it is hard to learn
what worked well, let alone to reproduce the methodology
in new projects and new domains. In part, this is a prob-
lem of documentation, but it is also because researchers may
not have the same access or context other researchers had.
We believe that there would be value in combining relation-
ship building with a more systematic recruitment methodol-
ogy. Ideally, a systematic recruitment methodology could be
utilized by many researchers to improve representativeness,
even in new contexts, and could allow repeated evaluation
of methodology across many projects. A focus on recruit-
ment methodology can highlight the key role that affected
communities should play in developing Al
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7 Limitations and Future Directions

The selection of the corpus and interviewees reflect our po-
sitionalities as researchers based in a research institution in
the Global North, as well as our personal networks and pub-
lication goals. In addition to interviewing Al researchers,
community groups that have partnered with Al researchers
could provide more insights on these challenges, particu-
larly from their perspectives and needs. Existing recruitment
practices of other kinds of practitioners of Participatory Al,
such as community groups that organize and gather data
about Al systems, are also under-represented and deserve
further study. Together, these directions can help advance the
goal of improving Participatory Al and Al for Social Impact
practice.
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