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2Institute for Future Studies, Stockholm, Sweden

pettter@cs.umu.se, rachele.carli@umu.se, jason.tucker@iffs.se, virginia@cs.umu.se

Abstract

Contemporary AI policy is dominated by hegemonic ne-
oliberal ideology, embedding assumptions of individualism,
rationality, and market fundamentalism into its regulatory
frameworks. This is evident in major policy efforts (e.g., the
EU AI Act or the OECD principles) which prioritize eco-
nomic growth and innovation over justice, equity, and col-
lective welfare, and in the current policy landscape that fa-
vors market incentives and private sector leadership while
sidelining democratic control and structural critique. This pa-
per questions these prevailing paradigms and exposes how
they reflect and reinforce capitalist power structures through
corporate lobbying, the pursuit of specific kinds of AI mod-
els motivated primarily by usefulness to capital, and the ex-
ternalization of social and environmental costs. We argue that
effective AI governance must confront, rather than accommo-
date, capitalist interests. Drawing on legal and political the-
ory, we propose an explicitly anti-capitalist approach to AI
policy, that centers on social well-being, redistributive justice,
and democratic control over technological infrastructures. In
doing so, we outline essential counter-balancing policy ap-
proaches to reclaim AI governance from capitalistic capture
and advance just and sustainable technology futures.

Introduction
AI governance today is shaped less by democratic delibera-
tion than by the imperatives of capital, embedding neoliberal
assumptions into the very fabric of regulatory frameworks.
These hegemonic world views pose serious challenges to
justice, equity, and democratic accountability. They simul-
taneously fail to recognize and exacerbate the reality that
capital (i.e. specific large corporations) have material inter-
ests and inherent dynamics that run counter to societal and
individual benefits. This is true even if one’s goal is the per-
petuation of capitalism as an underlying system. Within AI
this impact is particularly pernicious, being a result of the
targeted framing of the danger of AI governance, under the
mantra of ”regulation stifles innovation” (Schaake 2024) .

More specifically, despite a growing body of AI ethics
and governance initiatives (Klein and Patrick 2024), most
contemporary AI policy remains rooted in neoliberal ide-
ology, prioritizing market efficiency, shareholder profits,
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unchecked innovation, and self-regulation, often at the ex-
pense of structural justice, democratic control, and collective
well-being. This ideological foundation shapes how rights,
risks and responsibilities are implemented in AI systems, re-
inforcing the influence of capital and sidelining the public
interest (Schaake 2024). Moreover, current policy discourse
lacks a fundamental interrogation of these ideological as-
sumptions and rarely considers anti-capitalist, or even non-
neoliberal alternatives to technology governance. We argue
that taking a broader view is essential and a critical element
in the design of public policy. Its absence is highly prob-
lematic and speaks to the need to reassess the worldviews
shaping theses policies.

This paper interrogates these prevailing paradigms and
exposes how they reflect and reinforce capitalist power
structures through corporate lobbying, the pursuit of specific
kinds of AI models motivated primarily by usefulness to
capital, and the externalization of social and environmental
costs. We argue that effective AI governance must confront,
rather than accommodate, capitalist interests. As a means to
provide counter hegemonic narratives, we draw on legal and
political theory, to propose an explicitly anti-capitalist ap-
proach to AI policy. This approach takes social well-being,
redistributive justice, and democratic control over techno-
logical infrastructures as its ideological bedrock. In doing
so, we outline an essential counter balance to support regu-
lators and their academic advisors to reclaim AI governance
from capitalistic capture and advance just and sustainable
technology futures.

This forms the motivation to our research questions:

• How does neoliberal ideology manifest in current AI pol-
icy frameworks, and what assumptions about individuals,
rationality, and the role of the market underlying these
approaches?

• In what ways do existing AI policies reflect and reinforce
capitalist power structures, particularly through mecha-
nisms like corporate responsibility, private-sector leader-
ship, and technological design?

• What would an explicitly anti-capitalist approach to AI
policy look like?
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The State of Global AI Governance and the
Regulatory Turn

Unlike other historical phases in AI hype, the current one
has spurred what can be termed a “regulatory turn” in AI.
In the last decade we have seen a massive growth in high
level principles, guidelines, horizontal soft law, industry
self-regulation and standards in the AI governance ecosys-
tem (World Bank Group 2024; Walter 2024). At the same
time, we are witnessing the development of a more layered
and complex regulatory landscape, comprising both hori-
zontal laws (broad rules that apply across sectors) and verti-
cal laws (sector-specific regulations), being enacted at local,
national, and international levels. The EU AI Act, South Ko-
rea’s national AI legislation, China’s vertical AI governance,
and even local examples such as the state of Colorado in the
USA point to this trend (Shimpo 2025; Sheehan 2024; Sie-
gal and Garcia 2024; World Bank Group 2024). This is de-
spite recent efforts to stymie this development, e.g. through
a 10-year moratorium on further state-level AI regulations
proposed by the Trump administration in the USA or the
strong corporate resistance to the EU AI ACT and related
legislation (Politico 2025).

The development of this multi-layered web of AI gover-
nance may seem positive to those who see regulation as vi-
tal to innovation and to realizing the social good of AI. In-
deed, there is a growing body of work highlighting the dan-
gers and of unregulated AI development and deployment,
and how the costs of underregulated AI development and de-
ployments are often shouldered by already marginalized and
disenfranchised members of society (Noble 2018; Crawford
2021; Schaake 2024).

Yet, the dominant discourses guiding these governance ef-
forts are very narrow. They frame the purpose of AI gov-
ernance as being to facilitate the realization of the benefits
of AI adoption, while keeping the associated risks limited
to an acceptable level. Rarely are red lines around AI use
drawn, and for the cases where they are, exceptions are of-
ten made, e.g. for scientific research, or for national security.
This is even the case in very high risk areas, such as health-
care (Tucker 2023).

This approach has been challenged for its perceived per-
petuation of uncritical techno-solutionism (Lindgren 2023),
i.e. the belief that technology alone can solve complex so-
cial, political, or environmental problems, without consider-
ing deeper issues or potential negative impacts. Building on
this work, we argue that we are at a critical juncture where
there is a pressing need to interrogate the underlying as-
sumptions of AI governance from an anti-capitalist perspec-
tive. Failure to do so will mean that the prevailing paradigms
in AI governance will continue to reflect and reinforce cap-
italist power structures to the detriment of society at large.
To critically engage with this tension we focus on how the
hegemonic neoliberal ideology embeds assumptions of indi-
vidualism, rationality, and market fundamentalism into its
regulatory frameworks. By doing so we are able to iden-
tify and propose counter-hegemonic policy tools, yielding
AI governance that is fit for purpose.

Hegemonic Neoliberal Models
The current regulatory landscape for AI is largely based on
legal traditions derived from a colonialist West, which im-
plies a very specific underlying world-view. Successive eco-
nomic and social movements have modified this tradition,
further entrenching certain parts of it in global treaties and
institutions. A neoliberal cultural paradigm is reflected in
certain principles and models that characterize legal archi-
tecture, making the ideology both descriptive and prescrip-
tive. In the following, we discuss a number of such underly-
ing concepts, which figure in particular in EU and US leg-
islation and regulatory frameworks on AI, though they are
also prevalent globally (OECD, UN, G7, WTO, South Ko-
rea, China, etc.).

It is crucial to underscore that the neoliberal economic tra-
dition, which advocates for the autonomy of the market from
external regulation, inherently incorporates a regulatory ap-
proach, that ends up favouring the already dominant actors.
States intending to adopt, support, or enhance such a model
are required to implement specific legislative policy. In fact,
at the policy-making level, even the decision not to regu-
late is a legal choice. Therefore, even more so is the choice
of how to regulate, and thus to prepare a set of norms, but
also of legal categories, that make it possible to realise the
socio-political end to be pursued. Indeed, law as well is both
descriptive and prescriptive (Braybrooke 1990). Descriptive
laws reflect the state of society in which they operate and
are produced, including the values and priorities perceived
or selected. Prescriptive laws use a set of rules to steer the
status quo in some desired direction. In particular, a cross-
sectional analysis of Western lawmaking highlights how its
central pillars are the concepts of individualism and ratio-
nality.

The Individual
Though later reinforced and expanded under neoliberalism,
with its prioritization of free markets, deregulation, and min-
imal state intervention, individualism has been central to
liberal thought since John Locke, who claimed that human
beings were endowed with innate rights by nature (Locke
1990). This conception was taken up and reinforced follow-
ing World War II with the drafting of the UN Declaration of
Human Rights, which reaffirms in Article 1 that all human
beings are born equal in dignity and rights (United Nations
General Assembly 1949). While the programmatic scope of
these norms is certainly of central importance, it is easy to
see that this is more a goal yet to be achieved than a real
ontological state of humanity. As the term implies, funda-
mental rights are defined in the legal scholarship as those
that should not be susceptible to renunciation even by their
possessor (Henkin 1989; Kaufmann 2009). In fact, the prin-
ciple that, with the consent of the holder, the right can be
waived or negotiated with another does not apply to them.
Nevertheless, it is easy to note that the very means of claim-
ing their respect or fighting against their abuse are often dif-
ficult to implement if one does not already possess the start-
ing conditions that facilitate access to justice, such as the
right to appear in court, or even just the cultural substratum
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sufficient to even conceive of the need for such access (Sen
2005). In other words, the real capacity to enjoy fundamen-
tal rights even today still too often depends on the specific
characteristics of the individual whose rights are being vio-
lated. This has led some legal scholars to point out that lib-
eral rights are in fact conceived, applied and protected much
more in their individual dimension than in the universal and
collective dimension in which they were theorised (Fineman
2013). Thus, we are faced with the rights of one enforced
potentially against all others, rather than universal rights en-
joyed by everyone.

This conception has undoubtedly nurtured the liberal-
capitalist culture that makes competition — both between
actors and in the market itself — the main drive towards self-
regulation of economic exchange and growth. Within this
scenario, therefore, reinforcing the idea of a subject who is
endowed by nature with all fundamental rights, who there-
fore only has to protect themselves from external threats,
also means outlining a model of a perfectly self-sufficient
person. The latter, relying on their autonomy and focusing
on their freedom of action as free from conditioning as pos-
sible, would be perfectly capable of promoting the maximi-
sation of their own utility and benefits (Constantin 2013) .

This view of the human being mirrors the liberal mar-
ket ideal: just as markets are seen to self-regulate through
the ’invisible hand,’ individuals, left to autonomous choice,
are presumed capable of fully realising their innate rights
(Michelman 1994). Such a vision ignores the profound im-
pact of historical, social, political, and economic contexts
on the actual enjoyment and enforcement of fundamental
rights, the legacy of colonialism being a poignant example
of this (Badawi 2024).

The Rational
A second foundational concept of hegemonic neoliberalism
is that of a knowable, quantifiable world, which is open to ra-
tional study by an objective and impartial observer through
empiricism, experiment, and modelling. Like individualism
and liberalism, this conception has deep roots in Enlight-
enment thought, and gained further definition as Modernity
developed further. The capacity for understanding and gain-
ing knowledge about the world in this way is assumed to
be available to all citizens. There is a tendency, however, to
further assume or impose reversals of these ideas. Taking
the basic position that the world is rationally knowable by
citizens, certain groups can be excluded from citizenship (or
even humanity) by assigning them an (assumed) incapability
to gain certain knowledge or a (real) disagreement about es-
tablished ’facts’ (’women are too emotional and irrational to
be given the vote’). In a similar reversal, the assigning of cat-
egories to natural or social phenomena has lead to attempts
at enforcing those categories on the world, e.g. through po-
litical attempts to enforce a binary and/or unchanging view
of sex or gender, or to a rationalising view of nature that
takes optimizing ’productivity’ according to some specific
metric to be the goal of stewardship, e.g. through monocul-
ture agriculture and clear-cut forestry (Scott 1998).

This rationalist view of the world is also expressed in how
neoliberal regimes tend to seek objective metrics for gover-

nance purposes. Instead of directly referring to ’subjective’
judgments and moral arguments, politics is treated, at best,
like a multi-dimensional optimization problem, with every
value and constraint ultimately being expressed in money,
with any political goal ultimately being expressible by way
of redistribution of money, or by way of defining and pric-
ing commodities and externalities properly. In this way, the
market is further idealized as the ’most rational’ arena for
economic planning and distribution of resources. This has
further effects in wider public management, with paradigms
such as New Public Management (NPM) promising substan-
tial efficiency gains (Hood 1991). These are to be accom-
plished by on the one hand opening up previously public in-
dustries to private exploitation and ’free enterprise’ through
procurement and privatized public services, and on the other
through internal billing and budgetary constraints on the
parts of the public sector that still remain. This is driven by
both the ideology that efficiency is the preserve of the private
sectors, and a positive thing, and forced upon public actors
through reductions in funding and resource.

The Rational Individual
Together, the neoliberal and techno-solutionist assumptions,
outlined in the previous sections, produce an idealised sub-
ject: a rational, self-sufficient individual presumed capa-
ble of independently understanding, enjoying, and enforcing
their innate rights. Such a rational and autonomous individ-
ual also embodies the ideal model of what has been defined
as the liberal subject of law (Michelman 1994).

In fact, like any other science, law also makes use of
abstractions to represent reality through models and cate-
gories that allow for a regulation of society and its dynam-
ics in both descriptive and prescriptive terms. In this case,
the juridical category of the subject of law represents the
model of both the human being with rights and obligations
towards the community, and the human being whom the law
itself should protect. Such a model has been delineated on
the image of the liberal individual, strengthening the role
of decision-making and behavioural autonomy (Dagan and
Heller 2019). If a subject is endowed with rights due to the
mere fact of belonging to the human species, this means that
no special effort must be made from the outside to ascribe
them to such an individual. Furthermore, if this same sub-
ject is also perfectly rational, they have an objective view of
both their internal world – i.e. of their own interests, how to
prioritise them, and how to realise them in the most efficient
way – and of the external world – they are able to recog-
nise opportunities and to recognise and exploit the resources
necessary to maximise the satisfaction of their needs (Schlag
1998).

This can result in an inversion of the cause-effect order in
the act of abstracting the model from reality (Read 2009).
Instead of starting from the observation of actual human dy-
namics and constructing on the basis of it a category that
will work in defining and achieving the intended policy ob-
jectives, we start from the objective in order to shape from it
the type of agent that would have been able to operate in the
scenario that was intended to be realised through the policy.

Consequently, in scenarios where the objective is to maxi-
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mize the exchange of goods and services, it becomes imper-
ative for economic actors to articulate their consent to trans-
actions of various natures in a clear, definitive, and legally
binding manner (Schlag 1998). In order to achieve this ob-
jective, it is necessary to assert distinct positions, and estab-
lish one’s own individuality and rights as an individual in
contrast to those of other citizens.

Accordingly, the liberal subject of law that derives from
it was modelled with these characteristics, not because it re-
flects a real abstraction from the real human being, but be-
cause it possessed ideal characteristics that alone were con-
ducive to the development and success of a liberal market
and of a society guided by the principles of liberalism first
and neoliberalism later. Once the legal category was estab-
lished, it functioned as the reference prototype for the draft-
ing of rules and regulations, as well as for their interpretation
in application.

Rational Individuals and Posed Vulnerabilities
In a socio-economic reality that is crystallized through legal
categories, in which the default is the valorization of individ-
uality and the exaltation of choices made on the basis of ob-
jective reason, those who do not conform to this model must,
by necessity, represent an exception. The latter must neces-
sarily be also covered by the law, which thus makes them
a non-negligible subject of policy choices (Collins 2013).
The result is what has been defined as ‘posed vulnerabili-
ties’. The adjective ’posed’ is due to the fact that, in order
to be recognized as not perfectly rational and to be consid-
ered as bearers of interests and rights not only individual,
but shared with other subjects, these people must be offi-
cially recognized as vulnerable by law. Consequently, vul-
nerability emerges as a label that can be assigned by law,
contingent upon the possession of specific criteria, which are
meticulously delineated in established norms (Rossi et al.
2024). The result is of a dual nature. On the one hand, vul-
nerability confers entitlement to exceptional forms of pro-
tection, which are, however, subject to precise restrictions.
On the other hand, individuals who do not align with these
categories are held accountable for the consequences of de-
cisions that are presumed to be within their purview. This
even if, in practice, they often lack the specific competen-
cies necessary to execute these very decisions.

Hegemonic Neoliberalism in AI and AI Policy
Although AI policy sometimes refers to collective rights
such as inclusion or access, its dominant framing is indi-
vidualistic. The current policy frameworks, such as the EU
AI Act and various national data protection laws, reproduce
the idea of a liberal subject in both design and justification,
which significantly constrains the potential for addressing
collective harms or structural inequalities (Edwards 2022).

In AI policy, this liberal conception manifests most ex-
plicitly in mechanisms such as informed consent and data
subject rights. Under the GDPR and similar regimes, the bur-
den of protection is placed on the individual: once informed,
their consent legitimises data collection and usage (Breen,
Ouazzane, and Patel 2020). Yet these assumptions are un-

workable in practice. The complexity of AI systems, com-
bined with opaque data flows and power asymmetries, ren-
ders meaningful consent nearly impossible (Carli and Najjar
2023). Moreover, it neglects the broader implications of data
aggregation, where individual choices contribute to collec-
tive profiling and structural discrimination (Gillis and Spiess
2019).

This individualistic framing also informs the EU AI Act’s
risk-based approach, which primarily evaluates harms in
terms of their impact on specific users or data subjects.
The absence of a framework to assess communal, group-
based, or systemic risks reflects a continuation of the lib-
eral legal subject: rational, isolated, and self-sufficient. Even
when the policy acknowledges group harms—as in Article
5(1)(b), which references the exploitation of vulnerable pop-
ulations—these are treated as exceptions (European Parlia-
ment and the Council 2024). The law thus reinforces the idea
that only those who deviate from the rational subject require
special protection, relegating structural vulnerability to an
auxiliary consideration.

These choices are not politically neutral. They legitimize
a regulatory model where corporations self-regulate and re-
sponsibility is individualized. Citizens are treated as isolated
users rather than members of a political community. This
normalizes the externalisation of social and environmental
harm, provided formal compliance mechanisms are in place
and individual consent has been obtained.

Furthermore, the insistence on rationality as a defining
trait of the legal subject aligns AI development with a
technocratic and optimization-driven ethos (OECD 2019).
AI systems are designed to emulate or augment ratio-
nal decision-making, reinforcing the ideal of objectivity
and calculability (Chien and Danks 2024; Pataranutaporn
et al. 2023). This dovetails with neoliberal governance
models that prioritize efficiency and measurability, where
values are translated into metrics and political problems
are treated as optimization challenges (Hintz, Dencik, and
Wahl-Jorgensen 2019). In this schema, the liberal subject
becomes both the model for AI design and the presumed
beneficiary of its deployment.

However, this alignment obscures the deeply situated, em-
bodied, and relational nature of human agency (Fineman
2020). Cognitive science, feminist theory, and postcolonial
critiques have long challenged the universality of the ra-
tional subject, emphasizing how decision-making is shaped
by emotion, context, and social embeddedness. By ignoring
these insights, AI policy continues to reproduce exclusion-
ary standards that marginalize those who do not conform to
the rational, self-determining norm.

Legal recognition of vulnerability offers a case in point.
To receive protection under existing AI policies, individu-
als must often be categorized as vulnerable—a label that is
both stigmatizing and contingent on narrowly defined cri-
teria. This reinforces a binary between the rational major-
ity and the irrational minority, where deviation from auton-
omy and self-sufficiency becomes the basis for exceptional
treatment. Such a model not only fails to recognize the uni-
versality of interdependence but also delegitimizes claims to
justice that are framed in collective or relational terms.
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It follows that AI, as a technology intended to allow indi-
viduals to use their reason to its fullest potential, by and large
seeks to reproduce very high levels of rationality. Thus, such
a technology can also serve as a tool to correct and overcome
the possible limitations of the average user.

AI as an Ultimate Expression of Rationality
The rational agent was for a long time a prime model of
intelligence in AI research. Indeed, Russell (1997) accounts
for four different definitions of ’intelligence’ of systems (ar-
tificial or not), none of which assume anything but an un-
derlying goal of achieving ’rational’ action. That is, the in-
telligence of a system is defined as its ability to take the
optimal actions to achieve some well-defined goal. This pre-
sumes a quantifiable and predictable world, one that can be
optimized. The COMPAS (Brackey 2019) risk assessment
system is emblematic: marketed as an objective tool to im-
prove justice outcomes, it in fact replicated and concealed
existing racial biases (Washington 2018). In today’s context
it is interesting to note that a central part of intelligence is
taken to be agency, i.e. the ability to take independent ac-
tion, something which is conspicuously absent in most of the
high-profile systems marketed as AI: Chatbots and classifi-
cation/prediction systems, both of which will only respond
to input. Recent development of so-called ’agentic’ AI ap-
pears to be a much closer analogue to the descriptions of
Russel, as is the long-standing research fields of multi-agent
systems and agent-based modelling, which both share an un-
derlying assumption of agents being, in some sense, ratio-
nal (Dignum 2017).

In addition to these basic assumptions in the field, the
integration and use of AI systems is often also motivated
with rationalist language. The COMPAS system, for exam-
ple, was marketed by its seller Northpointe as being able
to reduce bias and increase accuracy in the criminal justice
system. Similar claims of reducing bias and producing more
objective metrics, judgments, and outcomes, are legion both
in marketing materials, policy documents, and research on
AI.

Sanctions and Policy Pressures in AI Regulation
Current AI regulatory frameworks primarily rely on mon-
etary penalties to enforce compliance, grounded in the ne-
oliberal belief that market incentives can guide corporate
behavior. However, for large firms, such fines often rep-
resent minor operational costs and do little to shift insti-
tutional priorities or redress harm. This limitation is com-
pounded by how the neoliberal state recognizes corpora-
tions not as communities of people, but as abstract, au-
tonomous entities. Within this model, individual executives,
directors, and workers are often structurally distanced from
both decision-making power and responsibility, diluting ac-
countability across the organization. The global power rela-
tions in setting and enforcing sanction and policy pressure
also remain highly unequal. The core actors (USA, China
and the EU) very much set the agenda for peripheral and
semi-peripheral actors (Klein and Patrick 2024).

To move beyond this limited paradigm, and the impact of
global power asymmetries, regulatory regimes must adopt

non-monetary sanctions that emphasize public accountabil-
ity and structural change. In the section “Non-Monetary
Sanction Regimes”, we provide concrete examples and fur-
ther elaboration. These illustrate how a more democratic and
substantive form of oversight can be realized in practice.

From Liberal Autonomy to Collective
Responsibility in AI

As discussed in the previous sections, contemporary AI gov-
ernance is fundamentally shaped by a liberal tradition that
centers the autonomous, rational individual as the default
subject of law and policy. This conception, embedded in le-
gal, political, and economic theory, underpins how rights,
risks, and responsibilities are structured in AI regulation.
The current policy frameworks, such as the EU AI Act and
various national data protection laws, reproduce this liberal
subject in both design and justification, which significantly
constrains the potential for addressing collective harms or
structural inequalities.

The foundation of this model lies in the Enlightenment-
era notion that individuals are endowed with innate rights
and possess the rational capacity to understand and pursue
their own interests. This view was institutionalised through
legal constructs, notably in the aftermath of World War II
with instruments like the Universal Declaration of Human
Rights. While these documents assert universal dignity and
rights, their operationalisation in law tends to privilege indi-
vidual autonomy over collective well-being (Freeman 1995;
Jones 1999). As a result, the protection and exercise of rights
are often contingent on an individual’s capacity to access
legal remedies, understand procedural norms, and navigate
complex regulatory landscapes.

This legal architecture has profound implications. It legit-
imises a regulatory framework where responsibility is priva-
tised and diffused, with corporations tasked primarily with
self-regulation and risk mitigation through transparency and
documentation (e.g. as in the EU AI Act). The public is
constructed as a collection of individual users, rather than
a polity with shared interests and vulnerabilities. Conse-
quently, the externalisation of harm—whether environmen-
tal, social, or epistemic—is normalised, as long as individ-
ual consent has been secured and procedural safeguards are
in place.

The abstraction of the liberal subject also distorts our un-
derstanding of rights. It constructs rights as static posses-
sions rather than dynamic relations shaped by context and
power. The subject is presumed to be equally positioned to
enjoy and assert these rights, yet in practice, access to jus-
tice, representation, and redress is profoundly unequal. The
framework fails to account for how socio-economic con-
ditions, cultural capital, and historical marginalization af-
fect one’s capacity to participate in AI-mediated systems on
equal footing.

A reorientation of AI governance demands a post-liberal
conception of subjectivity—one that acknowledges the in-
terdependence, situatedness, and material embeddedness of
human beings. Rather than treating autonomy as a default,
policy must recognize it as a function of social, economic,
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and infrastructural conditions. Rights should be understood
relationally, as entitlements that arise not just from individ-
ual status but from membership in communities and the col-
lective impacts of technological systems.

This shift would entail a rethinking of regulatory priori-
ties: moving beyond individual data rights to collective data
governance; expanding the notion of harm to include epis-
temic, ecological, and social damages; and centering demo-
cratic participation over procedural compliance. Only by
abandoning the fiction of the liberal subject can AI policy
begin to address the real and unequal ways in which tech-
nology mediates power, shapes subjectivity, and structures
society.

Failures of Neoliberal Models
There are multiple circumstances in which the limitations of
the neoliberal cultural and political paradigm in the devel-
opment of AI systems may be highlighted.

One of these is surely the claim to compartmentalise hu-
man existence and behaviour into a measurable and pre-
dictable order. The prevailing consensus in the scientific
community acknowledges the inherent presence of biases in
data, social and cultural structures (Olteanu et al. 2019), and
the manner in which individuals process information and be-
have in their daily lives (Lotto 2017). Consequently, algo-
rithms that are developed, trained, and programmed to act
on the basis of such data, or to interact in a social fabric or
with human beings who themselves possess biases, cannot
be immune to them, regardless of the technical mitigation
systems that may be implemented. It follows that there is a
substantial risk of projecting biases from the past onto the
future, as happened in the COMPAS case discussed above
(Mayson 2019).

Furthermore, in numerous instances, the advent of novel
technologies has been employed to reinforce pre-existing
power dynamics, obviating the necessity for an initial eval-
uation of their fairness and suitability. The AI Act is one
example of this phenomenon, as it established an exemption
to the established limit on the use of biometric identification
systems, in addition to substantial exceptions to the trans-
parency requirements for AI utilized by law enforcement,
migration control, and national security authorities in the
performance of their duties. This has the potential to con-
travene the fundamental tenets of egalitarianism and anti-
discrimination policies, particularly with regard to groups
that are already subject to marginalization, such as migrants.
Moreover, an imbalance in the distribution of power is per-
petuated, thereby exacerbating the evident lack of instru-
ments available to the individual to enforce the protection
of their fundamental rights.

This brief mention of concrete examples of the failure of
the neoliberal model in AI highlights the core of the analysis
carried out in this study. Designing and regulating new tech-
nologies on the basis of categories instrumental to neoliberal
criteria implies a misalignment from the reality of the actual
subjects who will use them and the actual society in which
they will be embedded. This results in inevitably inefficient
and misaligned solutions, which are incapable of guarantee-

ing effective protection for both individuals and for the com-
munity.

No, We Are Not All Individuals
By emphasizing the notion that fundamental rights are ex-
clusively individual rights, endowed to every individual by
virtue of their shared humanness, the collective value of hu-
mankind has become obscured. If it is indeed the case that
each individual is endowed with their own unique qualities,
which is also reflected in the ways in which they enjoy rights
and are called upon to respond to duties, it is also, however,
accurate to assert that ‘”no man is an island”, quoting John
Donne (1987).

Indeed, the notion of individualism itself is inherently re-
lational. From the moment children begin to develop a per-
ception of themselves and to identify themselves as sin-
gle individuals — with respect first to the mother’s body
and then to the family unit (Hatfield, Ferguson, and Alpert
1967)— they do so by differentiation. In essence, they initi-
ate the process by examining the perception of the Other,
seeking to identify both commonalities and divergences
(Dyk and Witkin 1965). Without another subject to act
as a mirror, it is problematic for people to develop self-
knowledge, a sense of right and wrong, and thus also a con-
ception of an organised society (Gammelgaard 2003; Lacan
1953; Ramaioli 2005; Cimino 2019).

Similarly, on a collective scale, each person is embedded
within a political-economic fabric that is influenced by how
the individual socio-economic actors operate within it, but
which in turn influences them. Therefore, human beings are
interdependent, requiring one another to satisfy fundamen-
tal needs, including a sense of belonging and emotional con-
nection, as well as more sophisticated economic and politi-
cal requirements (Maslow and Frager 1987). Moreover, the
population as a whole is dependent on the institutions that
organise the social fabric (Fineman 2010). These institutions
are also dependent on each other, as well as collectively on
the policy decisions made by the State to which they belong,
and on the international balances that States establish and
regulate among themselves (Fineman 2010).

This very brief excursus demonstrates that the presumed
autonomy and independence of individuals’ choices is, in
practice, significantly influenced by collective dynamics at
various levels much more than it is possible to realise in ev-
eryday activities.

For this reason, it is opportune to highlight the pivotal
role that policy choices play in shaping the distribution
of resources and privileges among citizens. These choices
also influence the manner in which rights are exercised
and enforced, both at the individual and collective level. In
this sense, exacerbating the value of individual choices and
rights signifies reinforcing the idea that those who hold more
privileges will have greater opportunities to collect more re-
sources and thus maximise their right to – even legal – pro-
tection. The result is the perpetuation of inequalities, po-
tentially hidden by the myth that everything depends solely
and exclusively on the individual’s decisions. Conversely, it
should be crucial to understand, analyse, and correct these
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inequalities at a collective level, taking into account the so-
cial and political factors that influence them.

The development and governance of AI is not immune
to similar observations. Each instance of interaction with an
AI system is influenced by the cultural and social context in
which it is initiated, the political decisions that have enabled
its development and dissemination, and the market environ-
ment into which it has been placed prior to its acquisition by
the particular user. The manner in which the subject utilizes
the technology, the extent to which it exerts influence, and
the degree of trust placed in it are contingent not only on the
development and dissemination of the AI system but also on
the characteristics of the societal context in which the sub-
ject is situated. The alternatives offered to the user, along
with the resources made available for addressing or devel-
oping needs that are satisfied through interaction with the
technology, play a crucial role in shaping these outcomes.

No, We Are Not Fully Rational
In contrast to the prevailing prototype of the liberal sub-
ject and the liberal subject of law, human beings are not,
by nature, perfectly rational and objective. Scientific stud-
ies have demonstrated that individuals’ perceptions of real-
ity and its causal connections are shaped by neuro-cognitive
structures that are significantly influenced by prior expe-
riences, the psycho-emotional sphere, the cultural context,
and the socio-historical period in which the cognitive subject
is situated (Lakoff and Wehling 2016). These elements are
instrumental in the process of evaluating reality and making
decisions. Evidently, the cultivation of particular competen-
cies and the attainment of specialized knowledge in specific
disciplines and domains can empower individuals to make
more informed decisions. However, even in such instances,
it is implausible to assert the absence of pre-existing biases
and conditioning. Moreover, the idea of infinitely looking
for the maximisation of profit or benefit is a market ideal
rather than a real inclination of the human being. Rather,
the latter has a tendency to seek satisfaction, which means
accepting a good outcome while fearing the possibility of
losing it by seeking better (Dignum 2017).

Likewise, the best scientific models remain maps of an
impossibly complex territory, which will inevitably fail to
accurately represent reality, be it through lack of context,
too strict categories and boundaries, or simply through irre-
ducible errors in the initial conditions.

Alternatives to Neoliberalism
Against the dominant neoliberal framing of AI as a market-
driven tool for efficiency and innovation detached from so-
cial struggle, an alternative vision is needed, one grounded
in democratic engagement, contextual understanding, and
social justice. Rather than abandoning technology, this per-
spective calls for reclaiming it from capitalist imperatives
and technocratic control.

Alternative Techno-Optimisms
Technological solutionism, as critiqued by Morozov (2014),
rests on the assumption that social and political problems

are reducible to puzzles with optimal technical solutions.
It invites interventions before the problem is even fully
defined, framing efficiency and automation as inherently
desirable. This ideology underpins many AI policy agen-
das, which presume that more data, more automation, and
more optimization will inevitably lead to social improve-
ment (Narayanan and Kapoor 2024) . But such assump-
tions mask the reality that technological systems are al-
ways socially embedded and politically charged (Hare 2022;
Schaake 2024).

This techno-optimist and techno-centric mode of thinking
frames complex issues like inequality, climate breakdown,
or systemic discrimination as technical puzzles. AI becomes
the presumed remedy, its limitations addressed through
tweaks in accuracy, fairness metrics, or transparency fea-
tures. As in the critique offered in (Lindgren and Dignum
2023), such approaches obscure the political nature of these
problems and constrain how we imagine responses.

What is needed is not a wholesale rejection of technology
but a reorientation of its purpose. A socially grounded op-
timism begins with political questions: what should AI be
used for, who decides, and how are collective interests rep-
resented? This reframes technology not as an autonomous
force but as a tool embedded in power relations, shaped by
struggle and choice.

Technological change, particularly in the context of AI,
must be treated as conditional—not inevitable. Democratic
control, not elite expertise or corporate ethics guidelines, is
the basis of legitimate governance. Rather than assuming AI
will deliver justice, we must design institutions that make
justice possible, even if that means refusing or undoing tech-
nological systems that entrench harm.

A different kind of optimism is possible—one that places
solidarity, care, and redistribution at the centre of technolog-
ical futures. Not technology that solves injustice, but collec-
tive governance that reshapes what we build, and why.

Power-Distributive AI? As noted by Winner (1986),
while a deterministic view of technology as controlling so-
ciety is overly simplified, artifacts do have, and imply, pol-
itics and political structures. The vast majority of resources
currently being used for AI research is going towards what
could be described as ’centralising’ varieties, and arguments
have been made (e.g. by McQuillan (2022)) that AI as cur-
rently constituted is inherently hierarchical and even fascis-
tic in nature. We can imagine other types of AI technolo-
gies which acknowledge difference, specificity, and context,
however, and which instead of conserving and strengthen-
ing existing hierarchical structures, could act to weaken and
break them. We could use local and specific AI systems to
solve problems in a way that is specific to their context, in a
way that is significantly less wasteful in terms of resources,
and apply pattern-finding and -matching systems to identify
and counter instances of bias, rather than perpetuating them.

Worker and Citizen Empowerment
Empowering workers and citizens in AI governance means
moving beyond narrow consumer rights or transparency
checklists. It requires institutional mechanisms through
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which those affected by AI systems—workers surveilled by
algorithmic management, communities targeted by predic-
tive policing, or patients subject to automated triage—can
meaningfully influence how these systems are designed, im-
plemented, and challenged.

Such empowerment demands both collective voice and
structural leverage. This includes rights to contest and halt
harmful systems, but also participation in the design and
oversight of AI technologies. Models such as data cooper-
atives, algorithmic impact assessments with community in-
put, and union-driven AI bargaining provide promising path-
ways (Veale and Edwards 2018). Just as labour protections
were institutionalized to balance industrial power, AI gov-
ernance must embed democratic rights in technological sys-
tems.

Non-Monetary Sanction Regimes
Current AI regulation heavily relies on financial penalties
to enforce compliance—assuming, the underlying argument
being that, in the neoliberal tradition, market incentives can
realign behaviour. However, monetary fines alone are often
insufficient deterrents for large firms and do little to redress
harm or shift institutional priorities.

Non-monetary sanctions offer a complementary or alter-
native regulatory logic. These include mandatory system
suspension, public transparency obligations (e.g., registries
of high-risk systems), exclusion from public procurement,
and enforced algorithmic audits or redesign. They also help
politicize compliance by treating governance as a matter
of public responsibility rather than private cost manage-
ment (Yeung 2018). By shifting focus from liability to ac-
countability, such regimes can foster a more substantive and
democratic form of oversight.

Planning and State Interventions
Advocating for a reconceptualisation of the subject of law,
and for their rights to be guaranteed and protected in a less
individualistic way, does not mean denying or flattening the
inevitable peculiarities of individual subjective legal situa-
tions. Indeed, the characteristics inherent to each individual,
and the manner in which they influence an individual’s ca-
pacity to enjoy or enforce the rights bestowed upon them,
should not be disregarded. Nevertheless, in our paper we
stress the need to claim for the promotion of an augmented
and more clearly delineated state responsibility.

In fact, the state is the entity that possesses the capac-
ity to redistribute power and benefits, not only among cit-
izens but also through the institutions it establishes and
which act on its behalf in specific domains of citizens’ lives
(Fineman 2010; Fineman and Spitz 2023). Furthermore, the
state is able to exercise its authority through international
agreements or by providing support for certain supranational
political-economic currents (Fineman 2021).

In this sense, responsibility here does not necessarily im-
ply mere accountability for the damage or failure of a given
policy or product introduced into the market, as it is cur-
rently often conceived. In order to comprehend the signif-
icance of the state’s role in shaping the influence of AI on

various facets of society — including employment, socio-
economic and socio-political dynamics, as well as the psy-
chological profiles of groups and masses — it is necessary
to adopt a comprehensive, systemic perspective. It is imper-
ative to acknowledge the web of micro-decisions that are
concurrently executed by policymakers which lay the foun-
dations for the impact that AI will have on individuals and
the communities. This underscores the necessity for compre-
hensive planning of social policies, accompanied by meticu-
lous evaluation of the domains in which the responsible uti-
lization of artificial intelligence systems may be both perti-
nent and safe. For instance, if the primary strategy of State
A to address the shortage of healthcare personnel involved
the delegation of an escalating number of activities to intel-
ligent agents, this would result in an augmented exposure of
the population to the potential risks associated with the im-
plementation of AI in healthcare. Such an exposure would
be difficult to counterbalance by the personal resources of
citizens, and would obviously benefit those who have the
possibility of paying privately for a second or better consul-
tation, thus exacerbating social inequalities. This same ma-
noeuvre would also affect occupation, leading to a differ-
ent distribution of investments and political attention among
the different sectors that make up the state welfare. From
a technological standpoint, this would determine a reorien-
tation of market focus and corporate priorities, resulting in
the systematic promotion of specific technological solutions
over others. We are currently seeing this play out in states
with even the most established and entrenched norms around
public healthcare provision (Strange and Tucker 2024) .

In light of the prevailing neoliberal imprint on market dy-
namics and the approach to technological development, a
scenario analogous to the one depicted above could also oc-
cur through the simple lack of state intervention. To illus-
trate this point, consider the case of State B, which does
not directly incentivize the adoption of a specific technol-
ogy, yet neglects to address the lack of resources and ser-
vices to meet a specific need of the population. This could
be sufficient to prompt the production of a technology that
claims the ability to meet this need. This is due to the fact
that the neoliberal cultural paradigm also encompasses the
notion that, when unencumbered by external constraints, the
market can not only regulate itself, but also intervene in ar-
eas of greatest interest. Such an outcome can have a number
of consequences for the human beings potentially affected
which do not foster their protection. Firstly, it is important
to note that this ideology reinforces the techno-solutionist
paradigm, in which technology is regarded as the ultimate
solution to human needs, particularly those that are regarded
as imperfections or failings inherent to the human condition
– included lack of full rationality or emotion-driven decision
making. Secondly, it perpetuates the view that regulation and
policymaking have a reactionary role with respect to tech-
nological development. That is to say, it is believed that they
can only intervene ex post and only when technology alone
has not been sufficient or has caused damage. In this way,
justice acquires a mere reparatory function, which debases
its primary programmatic aim to provide a priori protection
and prevention from harms for citizens. Furthermore, it has
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been demonstrated how intervening when a given technol-
ogy has already been placed on the market and is widespread
among the population, makes intervention far less effective
and, at times, fallacious from the outset due to the speed of
innovation and its effects, as opposed to the predefined set
of procedures from which the law and governance cannot
escape.

These examples show how even collective choices not
strictly related to the governance of AI can actually influence
the technological sphere and have repercussions on society
as a whole and also on individual experiences. It follows that
advocating for state responsibility means raising awareness
among institutions and policymakers about the role that the
entirety of their decisions plays in shaping not only the form
but also the direction of technological development. There-
fore, a prescriptive intervention should be planned that con-
siders the interests and protection of the community and the
social fabric, along with but also beyond those of single in-
dividuals.

Government Investment Choices
While regulation shapes the boundaries of AI development,
past and current public investment decisions determine its
direction. Yet current AI policy debates often overlook how
government funding actively steers technological priorities,
by deciding what is worth researching, which sectors re-
ceive subsidies, and which values are embedded in state-
sponsored innovation (Jasanoff 2005).

Crucially, governments are not neutral actors merely re-
acting to market dynamics. Through public Research and
Development (R&D) funding, procurement policies, and in-
frastructure development, they co-create the AI landscape
(Mazzucato 2013). For example, investing in military AI,
predictive policing tools, or automated welfare screening
embeds authoritarian logics, even in ostensibly democratic
contexts. Conversely, funding AI for climate adaptation,
public health diagnostics, or multilingual education systems
could align technological progress with social needs, if gov-
erned carefully and conditionality established from the out-
set (Maggor and Tucker 2025).

Moreover, these choices are not merely about end-use
applications, they determine who gets to participate in
AI development. Investment in public universities, open-
source platforms, and cooperative tech models can redis-
tribute power and knowledge production, challenging cor-
porate concentration. Conversely, channeling public money
through public-private partnerships without accountability
mechanisms often results in socializing risk and privatizing
reward . To be consistent with a post-capitalist or justice-
oriented AI policy, governments should:
• Make investment decisions transparent, participatory,

and accountable to democratic oversight.
• Prioritize funding toward non-extractive, community-

driven technologies.
• Redirect incentives away from speculative AI ventures

and toward public infrastructure and resilience.
• Assess the long-term social impact of investments, not

just short-term returns or innovation metrics.

Strategic public investment is not just economic policy, it
is governance. Without deliberate alignment with justice and
collective well-being, it risks reinforcing the same extractive
systems AI policy seeks to challenge.

Building Public AI Infrastructure
To move beyond critique and toward transformative alter-
natives, AI policy needs to focus on the creation of pub-
lic technological infrastructure which can support mission-
oriented innovation (Kattel and Mazzucato 2018). Just as
public roads, electricity, and libraries enabled broad-based
development in previous eras, democratizing access to data,
compute, and models is essential to counter corporate con-
centration and unlock collective innovation. Public AI in-
frastructure is a test case for this principle, demonstrating
how investment can align technological development with
democratic values and social goals. Examples of public AI
infrastructure include:

• Public data commons: Secure, transparent data pools
governed by communities, not harvested by corpora-
tions. Examples include Barcelona’s DECODE project
or France’s HAL repository, as well as Te Hiku Media’s
project to preserve and safeguard Te Reo Māori.

• Public compute infrastructure: Government-funded com-
pute clusters, like those supporting academic research,
could be expanded and made accessible to civil society
and cooperatives.

• Open models and public AI labs: Analogous to pub-
lic broadcasters, states could fund independent AI labs
tasked with developing socially beneficial systems out-
side commercial imperatives.

Without such infrastructure, even the best-intentioned
regulatory reforms risk failure, as private firms retain con-
trol over core AI capabilities. Public investment here is not
just a corrective but a constitutive act: it enables pluralism,
participation, and power redistribution in the AI ecosystem.

Toward Anti-Capitalist AI Policy
To meaningfully confront the harms perpetuated by current
AI governance, policy must explicitly challenge capitalist
imperatives rather than accommodate them. This requires
both a clear confrontation of how capitalist dynamics shape
AI policy and the articulation of concrete alternatives that
redistribute power and prioritize collective well-being.

Confronting Power Means Confronting Capital
One does not have to be a communist or socialist to recog-
nise the deleterious effects of unfettered capitalism, and to
argue for the responsibility of the state and other major or-
ganisations to act in a way that is explicitly counter to the
interests of capital. Mainstream economic theorists from
Adam Smith to John Maynard Keynes to Paul Krugman
have all called for the regulatory state to rein in the worst ex-
cesses of capitalism. However, when it comes to AI policy,
policy proposals seldom make this an explicit conflict, and
many ’AI Roadmaps’ and similar documents caution against
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the risk of stifling ’innovation’ and ’growth’ through heavy-
handed regulation.

With this in mind, we propose a number of different path-
ways and practices for regulators and their academic advi-
sors to properly consider how capitalist pressures and dy-
namics can be recognized, and how they can either be prop-
erly channeled or directly countered, depending on the sit-
uation. It should be stated that the policies proposed below
are common in public policy to limit the impacts of a range
of public and corporate actors and advance the social good.
Where there seem to be in significant tension with current
state of play in AI governance, this speaks more the over-
bearing role of certain neoliberal discourses than the policies
themselves.

Concrete Policies
Developing anti-capitalist AI policy requires more than cri-
tique—it demands actionable frameworks that counteract
corporate capture, democratize AI governance, and reori-
ent technological development toward collective, just, and
sustainable outcomes. In the following, we outline specific
measures to challenge corporate power, prioritize the public
interest, and enable democratic oversight:
• Center human wellbeing, labour, and societal sustainabil-

ity. Pragmatically, international human rights law pro-
vides a robust framework to guide this.

• Be explicitly and consciously sceptical, even antagonis-
tic, towards capital and capitalism

• Aim at material outcomes that tangibly improves the life
of people, rather than succumbing to the ideology of ’in-
novation at all costs’

• Be cognizant of the capitalist drive towards externaliza-
tion, misdirection, and overhype of technology

• Read and apply relevant research on legitimate and ille-
gitimate uses of AI technology, e.g. Wang et al. (2024)

• Openly and clearly question the inflated valuations of AI
and tech firms as a product of overfinancialization of the
economy rather than a reflection of actual material value
for society

• Adopt and or enforce policies to limit lobbying and en-
sure transparency for when it occurs

• Conflicts of interest (COI) should be made explicit for
all parties, and transparency in decision-making should
allow external actors to assess any undisclosed COI.

• Adopt and or enforce legislation to limit revolving-door
dynamics between public and private organizations.

Conclusion
In this paper, we have argued that dominant AI policy frame-
works are deeply shaped by neoliberal assumptions that
prioritize individualism, rationality, and market efficiency.
These paradigms often obscure structural inequalities and
power imbalances that AI technologies both reflect and
reinforce. The current regulatory emphasis on innovation
and risk management fails to address the broader political-
economic conditions under which AI is developed and de-
ployed.

To advance a more equitable and accountable approach to
AI governance, we propose a policy orientation grounded in
anti-capitalist principles. This is not in opposition to techno-
logical development, but a deliberate shift in governance fo-
cus: from economic growth and corporate interests to collec-
tive well-being, democratic participation and redistributive
justice. This reorientation calls for regulatory frameworks
that recognize collective rights and harms, not just individ-
ual entitlements. It demands mechanisms of consent and ac-
countability that acknowledge and address structural imbal-
ances in power and knowledge. Central to this approach is
the meaningful inclusion of marginalized communities in
shaping how AI systems are designed, deployed, and gov-
erned. Ultimately, governance must be reclaimed as a demo-
cratic and participatory endeavour, rather than a technocratic
process shaped by market logics.

Anti-capitalist AI policy does not reject technology; it re-
jects the commodification of technology under exploitative
systems. It asks: Who benefits, who decides, and on what
terms? A truly democratic AI future is one where these ques-
tions are answered collectively, not dictated by capital. Or,
as Ted Chiang was quoted in AI Snake Oil (p.278), “Fears
about technology are fears about capitalism” (Narayanan
and Kapoor 2024), and by properly regulating the latter, we
will have a better chance to make full use of the former.
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