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Abstract
The European Union’s Artificial Intelligence Act (AI Act),
finalized in February 2024, mandates transparency and ex-
plainability requirements for AI systems to enable effec-
tive oversight and safeguard fundamental rights. Yet the
practical implementation of these requirements faces chal-
lenges due to tensions between the need for meaningful ex-
planations and their potential risks. This research proposes
the Transparency-Explainability Functionality and Tensions
(TEFT) framework to analyze the interplay of legal, tech-
nical, and socio-ethical factors shaping the realization of al-
gorithmic transparency and explainability in the EU context.
Through a two-pronged approach combining a focused lit-
erature review and an in-depth examination of the AI Act’s
provisions, we identify key friction points and challenges in
operationalizing the right to explanation. The TEFT frame-
work maps the interests and incentives of various stakehold-
ers, including AI providers & deployers, oversight bodies,
and affected individuals, while considering their goals, ex-
pected benefits, risks, possible negative impacts, and context
to algorithmic explainability.

1 Introduction
Artificial intelligence (AI) systems are being deployed to
automate decisions across crucial social domains. Yet their
current complexity, especially for Machine Learning (ML)
based Deep Learning models (DL), has elicited calls for
transparency to enable effective human oversight. Govern-
mental policies are now attempting to tackle such exigence,
yet it is unclear to what extent published communications,
regulations, and standards adopt an informed perspective
over AI explainability to support research, industry, and civil
interests (Nannini, Balayn, and Smith 2023).

Particularly for European Union (EU) policy, the Artifi-
cial Intelligence Act (AI Act) draft endorsed in February
2024 (European Parliament 2024a) contains provisions re-
quiring AI providers to ensure explanations of system op-
erations and individual outputs, especially for “high-risk”
applications with significant impacts on citizen rights. Nev-
ertheless, this policy foregrounds the tensions between sat-
isfying explainability obligations for human oversight and
providers’ concerns around disclosing commercially sensi-
tive intellectual property and competitive intelligence.
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Prior scholarly work has examined the “right to explana-
tion” (henceforth RTE) introduced in the EU General Data
Protection Regulation (GDPR) (European Parliament and
Council of the European Union 2016) and algorithmic trans-
parency from legal, technical and socio-ethical perspectives
among also interdisciplinary analyses. However, a critical
gap remains in synthesizing these diverse viewpoints and
identified tensions through the lens of the EU AI Act’s fi-
nal provisions on explainability ratified in April 2024 (Eu-
ropean Parliament 2024b). Providing a cohesive mapping of
the complex interplay of factors catalyzed by these new reg-
ulatory requirements demands novel conceptual grounding,
also investigating if and how debated tensions persist. To
tackle that, we define the following research questions:

RQ1 How has the RTE scholar discourse evolved from the
EU GDPR until the latest version of the AI Act?

RQ2 What are the key transparency and explainability re-
quirements in the EU AI Act, and what are the main chal-
lenges in implementing them for different stakeholders?

RQ3 How can we conceptualize and address the tensions
between transparency, explainability, and competing inter-
ests to effectively govern AI systems in the EU context?

Our research aims to synthetize and move forward
this discourse by proposing a holistic “Transparency-
Explainability Functionality and Tensions” (TEFT) frame-
work analyzing the interplay of legal, technical, and socio-
ethical factors shaping the practical implementation of the
EU AI Act’s transparency requirements. Specifically, our
contributions are twofold: first providing a comprehensive,
multidisciplinary literature review synthesizing legal anal-
yses, technical perspectives, and socio-ethical debates sur-
rounding the RTE underpinning algorithmic transparency,
with a focused examination of this concept’s evolution from
the GDPR to the definitive EU AI Act. From that, introduc-
ing a novel framework to consider key tensions and map
stakeholder motivations, constraints, and potential equilib-
ria to achieve transparency.

The paper is structured as follow. Section 2 details our
methodology, where its first phase informs Section 3 on lit-
erature review and the second Section 4 the analysis of the
final EU AI Act provisions. From these analyses, Section 5
presents the framework, while Section 6 considers current
limitations and Section 7 the future outlook.
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2 Methods and Scope
To respond to those RQs and clearly position our work, this
research conducts a two-phase analysis1.

I. Literature Selection and Coding – We began by iden-
tifying a relevant set of papers that discuss the legal, tech-
nical, and socio-ethical aspects of algorithmic transparency
and explainability, with a specific focus over the RTE on
the European Union’s regulatory landscape, including the
GDPR and the EU AI Act. The selection process was guided
by the following inclusion criteria: (a) papers published from
2016 onwards, coinciding with the enactment of the GDPR;
(b) papers that directly address the legal, technical, or socio-
ethical aspects of the RTE or algorithmic transparency/ex-
plainability in the EU context; and (c) papers published in
peer-reviewed journals or conference proceedings. As an ad-
ditional quality criteria, pre-screened papers were excluded
if resulted focusing on non-EU contexts or mentioning the
RTE without engaging with prior scholarly discourse, thus
not being substantially novel in the debate. We used Scopus
(April 2024), expanding the pool through citation chaining.

To extract and synthesize insights from the selected lit-
erature corpus, we developed a coding scheme tailored to
capture key perspectives and themes. The coding process
involved a comprehensive analysis of each paper, system-
atically identifying and categorizing relevant information
across several dimensions aligned with RQ1. Specifically,
we captured: (1.) the paper’s disciplinary lens (law, com-
puter science, social science, or interdisciplinary, etc); (2.) a
summary of its key arguments regarding the “right to expla-
nation” or algorithmic transparency/explainability; (3.) any
specific challenges or limitations highlighted in implement-
ing such transparency measures; (4.) proposed frameworks
or approaches to address those challenges; (5.) an assess-
ment of the paper’s relevance and potential contributions to
the TEFT framework; (6.) identified “friction points,” which
we define as areas of contention or ambiguity – i.e., potential
conflicts between stakeholder interests, technical feasibility,
and legal enforceability – that may hinder the implementa-
tion of the AI Act’s explainability requirements, informed
by seminal literature on the RTE (e.g., Selbst and Powles
(2017); Wachter, Mittelstadt, and Floridi (2017)).

II. Synthesis and Framework Development – For the
analysis of the EU AI Act (RQ2), we focused on the ex-
plainability provisions outlined in the February 2024 final-
ized amendments, while we consulted the Corrigendum text
released in April 2024 (European Parliament 2024b). We
systematically examined the relevant articles and recitals,
paying particular attention to the requirements for high-risk
AI systems, the obligations of providers and users, and the
rights of affected individuals. Building on the coded litera-
ture, we evaluated if the identified themes, arguments, and
friction points were persisting in the final version of the Act.
This comparison (RQ3) helped us to refine the TEFT frame-
work and its integration of multiple perspectives, including
stakeholder interests, technical feasibility, legal enforceabil-
ity, socio-ethical implications, and contextual factors.

1An expanded version of the manuscript - with codebook de-
scription and additional material – is available as Nannini (2024).

3 Literature Review
The RTE for automated decisions has emerged as a focal
concept in broader discussions surrounding algorithmic ac-
countability, transparency, and ethical governance. Reported
in legal frameworks like the European Union’s GDPR, this
notion aims to empower individuals impacted by conse-
quential algorithmic decisions and foster trustworthy AI
that respects core human values. Scholarly discourse span-
ning disciplines such as law, computer science, philosophy,
ethics, and social science has revealed intricate tensions and
challenges in interpreting the scope of this right, assessing
its legal enforceability, navigating technical feasibility con-
straints, and aligning it with diverse stakeholder interests
and socio-ethical considerations.

3.1 Unpacking the GDPR’s “Right to
Explanation”

At the heart of this debate lies a fundamental disagreement
over whether the GDPR, through provisions like Articles 13-
15 and 22, indeed establishes a legally binding and enforce-
able right for automated decisions significantly impacting
individuals. On one side of this interpretive divide, scholars
such as Selbst and Powles (2017) and Goodman and Flax-
man (2017) contend that the regulation’s requirements to
provide “meaningful information about the logic involved”
in such decisions, coupled with mandated “suitable safe-
guards,” create an obligatory RTE. Conversely, Wachter,
Mittelstadt, and Floridi (2017) and Brkan and Bonnet (2020)
argue the GDPR lacks precise, enforceable language estab-
lishing such a right. They point to ambiguities surrounding
key terms like “solely automated decisions” and “legal or
similarly significant effects,” as well as the notable absence
of an explicit mention of a “right” in the regulation’s legally
binding articles, appearing only in non-binding recitals. This
group of scholars contends the GDPR merely creates a nar-
rower “right to be informed” about the general functionality
and existence of automated decision-making systems, rather
than a right to rationales behind specific decisions.

Attempts to resolve this interpretive rift have spawned di-
vergent proposals for operationalizing the principle of algo-
rithmic explainability under the GDPR. Malgieri and Co-
mandé (2017) advocate for a robust “right to algorithmic
legibility” combining transparency over system logic and ar-
chitecture with comprehensible, tailored explanations of in-
dividual decisions. This holistic “legibility” framework as-
pires to provide meaningful information enabling individu-
als to understand and potentially challenge algorithmic deci-
sions or outcomes. Kaminski (2019)’s analysis further elab-
orates on the concept of “qualified transparency,” arguing
that the GDPR establishes a system of layered transparency,
with individuals receiving meaningful information about au-
tomated decision-making, while regulators and expert third
parties gain deeper access for systemic oversight. In con-
trast, Wachter, Mittelstadt, and Floridi (2017)’s interpreta-
tion suggests the GDPR’s provisions point towards a lim-
ited approach to transparency, reserving in-depth informa-
tion (e.g., source code and technical details) for regulators
and auditors serving a systemic oversight role.
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3.2 Tensions in Realizing the Right to
Explanation

Despite the merits of these varied interpretive lenses, schol-
arly analysis has illuminated significant friction points and
obstacles complicating the realization of a legally cog-
nizable and technically feasible RTE departing from the
GDPR’s provisions2.

Stakeholder Conflicts and Socio-Ethical Implications
A recurring tension identified relates to the conflicting inter-
ests of individuals seeking meaningful transparency to un-
derstand and contest automated decisions impacting their
lives, versus the commercial priorities of companies de-
veloping AI/ML systems (Wachter, Mittelstadt, and Floridi
2017; Mylly 2023; Grochowski et al. 2021).

Data controllers have strong incentives to safeguard intel-
lectual property rights, trade secrets, and competitive advan-
tages by limiting disclosure requirements that could compro-
mise valuable algorithms and datasets (Hacker et al. 2020;
Busuioc, Curtin, and Almada 2023; de Laat 2022). This un-
derlying conflict must be carefully balanced against indi-
viduals’ rights and ability to exercise self-advocacy through
informed scrutiny of automated decisions, as scholars like
Vredenburgh (2021) compellingly argue is a moral imper-
ative for legitimizing non-voluntary governance systems.
Indeed Vredenburgh (2021); Munch, Bjerring, and Mainz
(2024) further ground the RTE in the fundamental interest
of “informed self-advocacy,” contending that explanations
are necessary for individuals to represent their interests, con-
form to rules, and hold decision-makers accountable in hier-
archical, non-voluntary governance systems.

On top of that, the quest for algorithmic explainability
intersects with broader socio-ethical considerations around
ensuring automated decision-making systems respect prin-
ciples of fairness and human autonomy. Goodman and Flax-
man (2017) point that simply removing sensitive variables
like race or gender from algorithmic models is insufficient
to prevent discriminatory outcomes, as other non-sensitive
variables can serve as proxies perpetuating demographic
biases present in historical training data. Addressing such
“uncertainty bias” (Goodman and Flaxman 2017) favouring
well-represented groups underscores the need for robust au-
diting and remediation mechanisms enabled by algorithmic
transparency.

From a philosophical perspective, scholars like Jongepier
and Keymolen (2022) have challenged the commonly as-

2The significance of this broad interpretation of “decision” un-
der Article 22(1) of the GDPR was recently underscored by the
Court of Justice of the European Union (CJEU) in the SCHUFA
case (Court of Justice of the European Union 2023a,b). The court
in December 2023 held that the automated establishment of a prob-
ability value concerning a person’s ability to meet payment com-
mitments constitutes a decision where a third party draws strongly
on that value to make decisions. This expansive reading reinforces
the effective protection intended by Article 22 and helps prevent
circumvention and gaps in legal protection. The court also clari-
fied that such automated decision-making is prohibited unless one
of the exceptions in Article 22(2) applies and the specific require-
ments in Article 22(3) and (4) are met.

sumed human-machine dichotomy underlying many con-
versations about “rights” to explanation. They argue for a
“symmetry thesis” focusing not on the source of decisions
(human or algorithmic), but rather on their justification and
alignment with core human deliberative agency. Under this
view, the same expectations for transparency and reason-
giving should apply universally – automated decisions war-
rant no special normative status over decisions made exclu-
sively by humans. Running contrary to this argument, other
scholars like Laux, Wachter, and Mittelstadt (2024) ground
the RTE as an essential mechanism for fostering public trust
and accountability in automated decision-making systems
increasingly governing aspects of human activities. Explain-
ability is thus framed as a prerequisite for safeguarding hu-
man autonomy and empowerment in the face of powerful,
opaque algorithmic systems. Munch, Bjerring, and Mainz
(2024) further underscore the importance of considering the
stakes associated with algorithmic decisions, arguing that
high-stakes decisions warrant a RTE, while low-stakes de-
cisions may not.

Technical Feasibility Constraints Compounding these
socio-ethical tensions are well-documented technical hur-
dles impeding the provision of meaningful, intelligible, and
actionable explanations for the logic and rationale underly-
ing many contemporary AI systems, particularly those lever-
aging advanced ML techniques like deep neural networks.

A core issue, as reported by Sovrano, Vitali, and Palmi-
rani (2021); Brkan and Bonnet (2020); Gryz and Rojszczak
(2021) is the inscrutability and opacity of complex ML
models to human comprehension - the “black box” prob-
lem. These systems’ decision-making processes can involve
high-dimensional representations and non-linear transfor-
mations of data, defying straightforward translation into in-
tuitive concepts and logic flows understandable to lay indi-
viduals (Kim and Routledge 2022). Even if debated (Rudin
2019), inherent trade-offs could arise between the perfor-
mance and accuracy of ML models and their interpretabil-
ity, wherein constraints to enhance the latter can inadver-
tently undermine the former (Goodman and Flaxman 2017;
Sovrano, Vitali, and Palmirani 2021). Selbst and Powles
(2017) suggest that infeasible systems simply cannot be
legally deployed under the GDPR, reinforcing the idea that
technical limitations should not be used as an excuse to un-
dermine the RTE.

While the field of explainable AI (XAI) (Adadi and
Berrada 2018) has made strides in developing techniques
to improve the transparency of such opaque models, re-
searchers like Sovrano et al. (Sovrano, Vitali, and Palmi-
rani 2020; Sovrano et al. 2022) have noted challenges in
aligning available XAI methods with GDPR requirements.
Specifically, they argue existing XAI tools struggle to gener-
ate the types of explanations legally mandated, such as con-
trastive, counterfactual rationales and justifications convey-
ing the logic involved step-by-step. A parallel issue is the
sheer computational and cognitive complexity of attempting
to deliver customized, contextualized explanations for each
specific decision made by AI/ML systems operating at scale
across different domains (Edwards and Veale 2018; Bertrand
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et al. 2022). Doing so may rapidly become intractable, sug-
gesting the need for carefully curated frameworks that pro-
vide universal, ex ante explanations of general system func-
tionality complemented by tailored rationales for decisions
meeting defined risk thresholds. This “layered” or “quali-
fied” approach to transparency has been discussed by schol-
ars like Kaminski (2019); Nannini et al. (2024). Especially
for the EU AI Act, Panigutti et al. (2023) identify several
key limitations of current XAI methods, including the lack
of robustness and stability of explanations, absence of stan-
dard evaluation frameworks, and the potential to increase au-
tomation bias and over-reliance on AI suggestions.

Legal Enforceability Frictions Even assuming the socio-
ethical merits and technical feasibility of a RTE under the
GDPR, commentators have identified additional consider-
able obstacles to ensuring consistent interpretation and ro-
bust enforcement of such a right across the EU’s diverse na-
tional jurisdictions. A prominent issue highlighted by schol-
ars like Malgieri (2019) is the diverging implementations
and regulatory approaches taken by different EU Member
States in codifying the GDPR’s provisions around auto-
mated decision-making into national law. There exist dis-
crepancies in the types of exceptions permitted, safeguards
mandated, and crucially, the scope of decisions covered –
some nations have broadened regulatory oversight beyond
solely automated decisions with legal effects to include
those with potentially detrimental impacts. This fragmen-
tation generates legal uncertainty and raises concerns over
the EU’s goal of harmonizing data and algorithmic standards
across their member states (Novelli et al. 2024).

Furthermore, inconsistencies in regulatory resourcing and
technical capacity across Member States may impede uni-
form enforcement (Kaminski 2019). Edwards and Veale
(2018); Wachter, Mittelstadt, and Floridi (2017) caution that
even robust transparency rights may have limited practical
efficacy if regulators lack expertise to meaningfully scru-
tinize complex algorithmic systems. Obstacles around ac-
cess to justice and asserting individual rights could also hin-
der legal enforceability (De Gregorio and Demkova 2024).
De Gregorio and Demkova (2024) further highlights the
challenges posed by the intertwined remedies in the EU’s
digital regulations3, emphasizing the need for clarity in the
interplay between remedial designs and a focus on institu-
tional collaboration to ensure effective enforcement.

Additional frictions identified by Ebers (2021); de Laat
(2022) include the potential for conflicts between trans-
parency mandates and legitimate needs to protect sensi-
tive information around national security or classified sys-
tems. Concerns regard balancing GDPR obligations with
safeguarding intellectual property and commercial inter-
ests, with lack of regulatory guidance creating uncertainties
around permissible practices4. Custers and Vrabec (2024)

3i.e., GDPR, AI Act, but also the DSA’s provisions over al-
gorithmic transparency as illustrated by Helberger and Samuelson
(2024); Söderlund et al. (2024).

4The recent Uber/Ola case in the Netherlands illustrates the
challenges in enforcing data access rights in practice (Amsterdam
Court of Appeal 2023a,c,b). The appeals court found that the plat-

further highlight the challenges in applying GDPR data sub-
ject rights to inferred data and profiles generated by data
controllers, adding another layer of complexity to the legal
enforceability of the RTE.

3.3 Proposed Governance Solutions
Recognizing the multidimensional complexities implicated
in the RTE debate, scholars have advocated for holistic gov-
ernance frameworks synthesizing interdisciplinary perspec-
tives from law, computer science, and philosophy.

Systemic Accountability Models Moving beyond nar-
rowly defined individual explanation rights, scholars like
Casey, Farhangi, and Vogl (2019); Edwards and Veale
(2018); Gryz and Rojszczak (2021) argue for adopting com-
prehensive “algorithmic accountability by design” method-
ologies. Such approaches mandate cross-cutting processes
like algorithmic impact assessments, third-party auditing,
and systemic safeguards to be integrated throughout the en-
tire AI system lifecycle from early design to real-world de-
ployment. The proposed benefits of these approaches are
twofold: first proactively embeds transparency, testing, and
oversight mechanisms into the development process rather
than treating explanations as disconnected ex post obliga-
tions. Second, by shifting the governance burden from in-
dividuals towards empowered oversight bodies and expert
auditors, it circumvents challenges around the technical in-
feasibility of delivering customized explanations at scale.

Furthermore, as Casey, Farhangi, and Vogl (2019) argue,
the GDPR’s extraterritorial scope may lead to its algorithmic
accountability requirements, including its RTE, becoming a
global standard for companies deploying AI systems, even
beyond the EU’s borders. Embracing this paradigm, Mal-
gieri (2019) highlight novel practices emerging across EU
Member States to potentially inform standardized EU-wide
governance norms. These include France and Hungary’s “al-
gorithmic legibility” requirements mandating disclosure of
key system criteria and methods, the UK’s procedural trans-
parency approach based on individual contestation rights,
and Slovenia’s algorithmic impact assessment obligations
considering human rights implications.

Collaborative Governance and Policy Prototyping Rec-
ognizing the inevitable contextual variability in if and how
transparency obligations should apply across different do-
mains, scholars like Heymans, Gils, and Ooms (2024); Laux,
Wachter, and Mittelstadt (2023) recently discussed insti-
tutionalizing participatory governance approaches. These
frameworks would facilitate structured collaboration be-
tween policymakers, technical experts, impacted communi-
ties and interest groups to co-develop regulations, guide-

forms violated drivers’ rights in several instances, including when
algorithms were involved in terminating driver accounts. Impor-
tantly, the court ruled that the platforms cannot rely on trade secrets
exemptions to deny drivers access to their data, although challenges
remain for workers to use existing laws to get sufficient visibility
into platforms’ data processing. The case underscore the value of
collective actions and worker organizations like the Worker Info
Exchange (2023) (WIE) in supporting platform workers to exercise
their rights and hold platforms accountable.
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lines, and best practices tailored to the local cultural, eco-
nomic, and ethical nuances surrounding different use cases
for automated decision systems (Bibal et al. 2021; Casey,
Farhangi, and Vogl 2019; Olsen et al. 2024). Yet, adoption
of these approaches should also hinge on the forthcoming AI
standards over algorithmic explainability – cognizant of the
evolving nature and heterogeneity of such landscape (Nan-
nini, Balayn, and Smith 2023; CEN-CENELEC 2020).

Rather than attempting to codify rigid, one-size-fits-all
rules, policymakers would chart forward by testing innova-
tive transparency and accountability pilots, evaluating short-
comings, and refining through recursive feedback cycles in-
tegrating technical, legal, and sociological expertise. For in-
stance, Heymans, Gils, and Ooms (2024)’s policy prototyp-
ing experiments demonstrate the merits of stakeholder in-
volvement in testing legal compliance documents to surface
ambiguities, identify accessibility frictions, and refine trans-
parency implementations for “high-risk” AI systems under
the EU AI Act. Laux, Wachter, and Mittelstadt (2023) pro-
pose embedding similar participatory mechanisms into the
standardization processes of the AI Act, ensuring articulated
transparency norms reflect social consensus rather than tech-
nocratic imposition. Kim and Routledge (2022) further ar-
gue for a trust-based approach to informed consent, propos-
ing a “right to remedial explanation” when harms occur and
a “right to updating explanation” to allow users to reassess
over time, complementing the collaborative governance and
policy prototyping approaches.

4 EU AI Act and Current Ambiguities
To further complicate the debate over the GDPR’s RTE and
its continuity to AI policies, it shall be acknowledged that
the drafting of the EU’s AI Act sensibly changed its final
provisions regarding algorithmic explainability and trans-
parency5. While indeed the approved Act introduces sev-
eral provisions to enhance transparency and explainability,
particularly for high-risk AI systems, some ambiguities and
friction points persist. This section explores the key trans-
parency provisions in the EU AI Act, the remaining areas of
contention, and the potential spaces for further resolution.

5The draft originally proposed in April 2021 by the European
Commission (2021) did not comprehend any explicit article re-
garding a RTE. The first inclusion of this concept was proposed
as Article 69(c) through the amendments by the European Parlia-
ment Committee on Legal Affairs (2022) (JURI) in their Opinion
of September 2022. These amendments were not accepted in the
common position of November that year by the Council of the Eu-
ropean Union (2022) (COREPER). It was only in the negotiating
position advanced at the end of 2023 that the RTE was adopted as
Article 68(c) by the European Parliament (2023a). When the EU
AI Act agreement reached in December 2023 between the Euro-
pean Parliament (2023b) and the Council was endorsed by mem-
bers state in February 2024 (European Parliament 2024a), Article
68(c) was retained. Although, certain provisions were modified -
e.g., Article 13 to direct interpretability requirements towards AI
providers and not users anymore. Subsequently, in the Corrigen-
dum released in April 2024 (European Parliament 2024b), the num-
bering of the “right to explanation” article was changed from 68(c)
to Article 86 and Article 52 to 50.

4.1 Transparency and Explainability Clauses
The final version of the Act mandates certain transparency
provisions, notably targeting “high-risk” systems as legally
required to ensure embedded explainability capacities by de-
sign under Title III, Chapter 2 (European Parliament 2024b).
We comprehensively examine key articles as follows.

Article 13 – requires understandable AI outputs, capa-
bilities, and instructions enabling oversight. 13(1) mandates
sufficient transparency to interpret outputs for appropriate
use. This explains recommendations or decisions per Arti-
cle 86(1). Clause 13(2) requires clear, complete documenta-
tion aiding comprehension of characteristics. As per clause
13(3)(b)(ii), documentation must elucidate accuracy met-
rics and impacts - inaccurate/biased systems need greater
elucidation. For relevant systems, clause 13(3)(b)(iiia) also
needs transparency on explanatory abilities, while 13(3)(d)
requires explanations on oversight measures under Article
14 for deployment monitoring.

Article 14 – also targets effective human oversight over
AI systems via interpretability, accountability and con-
trol. Clause 14(1) requires high-risk AI systems allow for
such oversight facilitating user autonomy. More specifically,
clause 14(3)(c) necessitates transparency enabling accurate
interpretations of outputs produced while clause 14(4) stip-
ulates understanding capacities, constraints etc. Recital 48
supports this navigate appropriate, contextually sound AI
adoption preventing risks.

Article 50 – stresses disclosures for certain AI systems
directly interacting with individuals. Clause 50(1) requires
clear notifications when conversing with an AI system for
sound transparency norms that respect personal dignity. For
biometric categorization or emotion recognition applica-
tions, clause 50(3) asks for transparent processing explana-
tions respecting privacy rights. Beyond design phases, Arti-
cle 26(5) places transparency burdens upon AI system de-
ployers too for monitoring best practices adherence includ-
ing around accuracy metrics communicated (which clause
13(3)(b)(ii) requires providers detail initially).

Article 86 – indeed named “Right to explanation of
individual decision-making” allows individuals to contest
opaque determinations by demanding understandable ex-
planations over “the role of the AI system in the decision-
making procedure and the main elements of the decision
taken” if delegated decisions lack transparency, as recom-
mended by recitals 107 & 171. Yet, as detailed by Figure 1,
it is subject to certain limitations:

• It only applies to decisions made using high-risk AI sys-
tems listed in Annex III, with several carve-outs under
Article 6(3) for systems that do not pose significant risks
to health, safety, or fundamental rights.

• The RTE exists only if a decision produces legal effects
or similarly significantly affects a person in a way that
they consider to adversely impact their health, safety, and
fundamental rights.

• Article 86(3) specifies that the RTE applies only to the
extent that it is not otherwise provided for under Union
law, such as the GDPR’s RTE arising from Articles
15(1)(h) and 22(1).
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1. Is the AI system classified as high-risk 
according to the AI Act?

●

●

●
●

●

●
●
●

If the AI system falls under any of these 
categories, proceed to question 2 →

2. Does the AI system fall under any of 
the carve-outs mentioned in Article 6(3) 
of the AI Act? 

●

●

●

●

If no to all of the above,
proceed to question 3 →

3. Does the decision taken by the 
deployer based on the output from the 
high-risk AI system produce legal effects 
or similarly significantly affect the person 
in a way that they consider to adversely 
impact their health, safety, or 
fundamental rights?

●

●

4. Is the right to explanation otherwise 
provided for under the GDPR?

●

5. Does the AI system involve 
the use or disclosure of trade 
secrets?

● A trade secret is information that is 
(a) generally not accessible and 
known, (b) has commercial value 
due to its secrecy, and (c) has been 
subject to reasonable steps to keep it 
secret.

● If the AI system uses or discloses 
trade secrets (e.g., confidential 
algorithms, proprietary data),  
comply with the directive by:

○ Maintaining confidentiality through 
access restrictions, agreements, and 
security measures

○ Being aware of exceptions (freedom 
of expression, whistleblowing, 
disclosure to worker 
representatives)

If yes, the data subject has the right to 
obtain meaningful information about the 
logic involved, as well as the significance 
and the envisaged consequences of such 
processing, as per Article 15(1)(h) GDPR.

If the AI system's processing does not fall 
under Article 22(1) GDPR, the right to 
explanation under the GDPR does not 
apply, but under Article 86 of the AI Act it 
may still apply.

If output can be considered of this kind, 
proceed to question 4 →

Figure 1: Prerequisites to ensure applicability of Article 86 under the EU AI Act for high-risk systems

In addition, Chapter V of the EU AI Act introduces spe-
cific transparency obligations for providers of general pur-
pose AI models. Article 53(1) requires providers of gen-
eral purpose AI models to maintain technical documenta-
tion (Annex XI), provide information and documentation to
downstream providers integrating the model (Annex XII),
establish policies to ensure compliance with EU copyright
law, and provide a summary of the content used for training
the model. In this line, Article 55 imposes additional obli-
gations on providers of general purpose AI models with sys-
temic risks, such as conducting model evaluations, assessing
and mitigating systemic risks, reporting serious incidents,
and ensuring cybersecurity protection.

4.2 Frictions and Residual Ambiguities
Despite the unprecedented regulatory provisions now legally
necessitating transparency and embedded explainability ca-
pacities in potentially high-risk AI systems, there are still
uncertainties regarding standards, roles, enforcement, and
participatory legitimacy that could allow for persistent opac-
ity despite nominal transparency requirements (Article 13).
To ensure the Act’s success, these tensions must be clarified,
balancing the need for confidentiality with the demand for
comprehension (Article 78). Also informed by the literature
review, four main categories of ambiguities are identified:

1. The specific content components that require techni-
cal explanations and the level of detail needed (Article
13(3)(b)(ii));

2. How explanatory procedures should be implemented in
practice, including measures taken by providers and obli-
gations of deployers (Article 14);

3. The lack of participatory diversity in oversight mecha-
nisms (Recital 171);

4. The appropriate calibration of transparency require-
ments based on the risk level of AI systems (Article 6).

Moreover, there is a lack of clear evaluation metrics and
methods for assessing the effectiveness of explanations (i.e.,
no mentions under Article 72 for post-market monitoring).

This ambiguity could lead to providers exploiting loopholes
by providing limited transparency while maintaining strate-
gic opacity, prioritizing their competitive advantage over the
public interest (Recital 168).

Gaps in Explainability Specifications Article 13 man-
dates that certain AI systems enable transparency, allowing
overseers to understand outputs and contest decisions. Yet
the Act does not provide clear technical standards for what
constitutes sufficient explanations (Recital 58). Beyond out-
put interpretations, there is a lack of specificity regarding
the documentation required to explain model construction,
workflows, and other processes, including customization
needs, security allowances, and transparency tools necessary
for legitimate inspection and redress (Article 11) (Malgieri
and Pasquale 2024).

A lack of procedural clarity regards the appropriate pro-
tocols for assessing the informativeness of explanations and
system documentation provided by providers to deployers
and consumers (Article 13(3)(b)(ii)). Metrics for evaluat-
ing explanations in terms of relevance, completeness, and
actionability are missing, thus potentially favoring token
transparency that preserves strategic opacity. Effective over-
sight, aided by expertise of regulators as advocated by Ed-
wards and Veale (2018), requires comprehensive explain-
ability specifications covering multiple aspects of system
elucidation, component disclosure, and evaluation rubrics,
which should contribute to fulfill the EU AI Act’s con-
stitutional promise of safeguarding rights (Recital 4). Yet
Panigutti et al. (2023) demonstrate through an AI-based
proctoring use case how transparency and human oversight
requirements can be met via comprehensive documentation,
instructions for use, and organizational measures, without
needing XAI techniques or transparent-by-design models.

Confidentiality and Participation Trade-offs Regarding
the content components that require technical explainability
while preserving the confidentiality of privileged intellec-
tual property (IP) (Ebers 2021; Hacker et al. 2020; Mylly
2023), a tension remains between the need for explanations
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to ensure due process rights (Article 86(1)) and the exten-
sive confidentiality exceptions that shield providers’ com-
mercial interests (Articles 53 and 55). Articles 7 and 11 par-
ticularly tolerate opacity to preserve trade secrecy for se-
curity or competitive innovation reasons (Article 78). This
denotes a lack of robust public participatory consensus on
the exact standards for reconciling transparency needs with
confidentiality concerns (Recital 171). The risk of excessive
IP protections could lead to token explanations that lack full
technical transparency on model construction specifics.

Proportionality and Evaluation Uncertainty Similar
coherency gaps exist in the procedures for implementing
transparency, with current provisions rarely stipulating mon-
itoring and evaluation methods for assessing the appropri-
ateness of explanations and documentation (Article 72). Ar-
ticle 26 discusses the obligations of deployers of high-risk
AI systems, including the need to monitor the operation of
the AI system and inform providers of any serious incidents
or malfunctioning. Yet, it does not provide clear guidance
on how deployers should fulfill these obligations in relation
to transparency and explainability, which may lead to vary-
ing interpretations and practices across different sectors and
jurisdictions. This risks lax compliance without a structured
approach addressing tensions between transparency require-
ments and oversight amidst constraints (Recital 168).

Likewise, again we denote how currently are deficien-
cies in participatory diversity within oversight mechanisms
(Recital 171). While several articles place transparency obli-
gations on AI providers directly, with partial duties on im-
mediate deployers, the involvement of broader oversight in-
stitutions like consumer protection bodies and the inclusion
of diverse public voices representing affected individuals
are absent. This threatens to reproduce existing socioeco-
nomic biases by limiting explainability interventions to a
provider-deployer-regulator triad lacking lived social partic-
ipation (Article 67). This could scale up to AI explainabil-
ity being weaponized for public-relations (PR) campaigns
rather than genuine public redress or participation unless af-
fected groups have sustained channels for consultation (e.g.,
the Worker Info Exchange (2023) in the Uber/Ola case and
their support to platform workers).

Lower-risks, thus lower explainability? Lastly, ques-
tions persist around the proportionality of transparency re-
quirements across high, medium, and low-risk AI cate-
gories, which are currently lacking in EU regulation (Ar-
ticle 6). While the EU AI Act now legally mandates ex-
plainability for “high-risk” AI systems that significantly im-
pact citizen rights and choices (Annex III), the precise scope
requires clarification regarding its applicability to lower-
risk AI systems beyond the identified high-risk categories,
where explainability appears essential for oversight based
on ethics and fundamental rights principles (Recital 48). For
AI systems legally designated as high-risk, where poten-
tial harms could outweigh benefits and necessitate external
oversight safeguards against corporate or engineering inter-
est risks, Articles 13 and 14 apply entirely, mandating trans-
parency procedures to ensure model processes and individ-
ual outputs remain contestable by demanding explanations

from providers. This upholds constitutional priorities around
rights-based governance (Recital 4).

Nonetheless lower-risk AI systems that likely escape such
categorization currently have greater opacity allowances,
with voluntary codes of conduct being the sole transparency
instrument rather than strict mandates (Article 95). While
basic disclosures on interactions with AI systems may per-
sist in certain conversational use cases directly interfacing
with individuals, such as chatbots under Article 50 for truth
preservation, data dignity, and consent ethics, intensive re-
quirements ensuring interpretable outputs or documentation
of engineering processes are waived for non-high-risk AI
currently exempt from close inspection. This proportional-
ity approach, which might easing market innovation by lim-
iting transparency burdens for lower-risk systems and small-
scale providers, still carries fundamental rights risks for EU
citizens, since algorithmic determinations lacking oversight
might produce unfairness due to unexamined biases against
minorities and other vulnerable communities (Recital 48).

Thus, while the EU AI Act introduces pioneering trans-
parency demands for potentially impactful algorithms man-
aging vital services, proportionality exemptions for numer-
ous lower-risk AI systems imply that explainability remains
legally non-compulsory based on current regulations that
calibrate confidentiality assurances for providers against
oversight desires for the public (Article 6).

5 Transparency in Practice: TEFT
Framework

The Transparency-Explainability Functionality and Ten-
sions (TEFT) framework detailed in Figure 2 provides a
comprehensive lens for understanding the complexities sur-
rounding algorithmic transparency and explainability in the
context of the EU AI Act. The framework builds upon the
challenges and proposed solutions identified in the literature,
such as systemic accountability models (Casey, Farhangi,
and Vogl 2019), collaborative governance (Heymans, Gils,
and Ooms 2024; Laux, Wachter, and Mittelstadt 2023), and
policy prototyping (Heymans, Gils, and Ooms 2024; Bibal
et al. 2021), while explicitly examining the interactions
between different components and addressing the friction
points and ambiguities identified in the latest version of the
Act. The TEFT framework is composed as follows: (I.) Ac-
tors and their Goals, (II.) Benefits, (III.) Costs/Risks, and
(IV.) Possible Negative Impacts, complemented by Context
Equilibria and additional considerations over mapping ex-
planation facets and different phases considerations.

5.1 Components
I. Actors & Goals In line with Nannini et al. (2024); Laux,
Wachter, and Mittelstadt (2024), we define three macro
classes of actors holding different goals over algorithmic
transparency in industrial, oversight, and social domains:

1. Providers/Deployers: Technology suppliers and vendors
who prioritize commercial competitiveness, favouring
opacity to protect their trade secrets and IP (Articles 53
and 55), embodying the concerns raised in the literature
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Fundamental 
Rights 

Actors
Goals 

(transparency 
desiderata)

Benefits behind goals Costs/risks to achieve 
and/or maintain goals

Possible negative impacts 
stemming from 
achieving such goals

Providers/
Deployers

Affected 
Individuals

Oversight 
Bodies

Increased
 Disclosure

● Better chances for R&D and 
commercial applications of 
loosely costrainted AI systems 

● Better protection for IP and  
trade secrets 

● Less burdens to establish and 
maintain explainable AI 
systems for affected 
individuals

● Less liability risks (burdens of 
proofs) without having to 
disclose information with 
explainable AI (i.e., litigations)

● Guarantee legislative 
compliance to protect 
fundamental rights of 
affected individuals

● Favour such protection while 
favouring AI R&D and 
commercial applications for 
providers/deployers

● Guarantee integrity of their 
fundamental rights 

● Acquire sufficient knowledge 
to understand the impact of 
AI system over their 
condition and eventually 
contest it

● Reputational risks in 
being considering not 
interested in legal 
compliance and 
fundamental rights of 
external affected 
individuals

● Resource costs to 
establish and maintain 
legislative/ technical 
bodies(auditors, AI 
experts, etc e.g. in AI 
Office) to guarantee 
legislative oversight

● Costs connected to 
access, understand 
explanations 

● Costs related to recourse 
the contested decision 

● Costs (secondary) related 
to negative impacts 
produced by the AI 
systems violating 
fundamental rights (e.g. 
lack of accessibility to 
services)

● Negative reputational 
impacts if noncompliance 
and harms to affected 
individuals occur 

● Negative financial 
impacts for 
noncompliance due to 
established fines

● Establish pervasive 
oversight practices, 
diminishing incentives for 
AI R&D and commercial 
applications for 
providers/deployers

● Information overload due 
to access to granular 
information, with 
consequential inability to 
discriminate relevant 
information to contest 

Possible negative impacts 
stemming from not 
achieving such goals

● Negative commercial/privacy 
impacts due to chance of 
disclosing IP and trade secrets 
via explanations (user gaming, 
privacy breaches)

● Legislative obligations to 
invest resources in providing 
more detailed/personalized 
explanations to affected 
individuals

● Enhanced liability burdens if 
inaccurate claims are provided 
during litigation

● Inability of 
legislative/technical 
bodies to evaluate 
accuracy/quality of 
explanations as well as 
underlying AI systems

● Lack of coordination 
among state members for 
law enforcement 

● Impossibility to receive an 
informative and relevant 
explanation

● Impossibility to exercise 
their fundamental rights

Commercial 
Competitiveness 

Opacity
(Algorithmic, 

Company Policies)

Internal Monitoring

Oversight Context

External User Interaction

Context Equilibria

○ No liability/burden of proofs
○ No IP/Trade Secrets Risks
○ No Reputational Risks

Explanations can appear as 
quite granular and specific yet 
not accurate as a liability 
prerequisite, since likely used 
by data science teams within 
providers/deployers to  deploy 
and monitor AI systems

○ Liability/burden of proofs for the 
provider

○ No IP/Trade Secrets Risks for the 
provider

○ No Reputational Risks for the 
provider
 
Explanations need to appear as 
quite granular and accurate as a 
liability prerequisite, since likely 
given by data science teams to 
auditors to check AI compliance 

○ Liability/burden of proofs for the 
provider

○ IP/Trade Secrets Risks for the 
provider

○ Reputational Risks for the provider
 
Explanations might appear not  
granular to not overwhelm non 
expert users; explanations need to 
be accurate as a liability 
prerequisite, since likely given by 
data science teams to auditors to 
control AI systems
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Figure 2: TEFT key actors, components, and context equilibria

about tensions between individual rights and commer-
cial interests (Busuioc, Curtin, and Almada 2023; Gro-
chowski et al. 2021; Hacker et al. 2020).

2. Oversight Bodies: Regulatory agencies, sector authori-
ties, and standards bodies in the need to balance citizens’
fundamental rights with provider-aligned interests given
their economic growth mandates and moderate enforce-
ment capacities (Article 74), reflecting the challenges in
regulatory capacity and expertise identified in the litera-
ture (Kaminski 2019; Edwards and Veale 2018; Wachter,
Mittelstadt, and Floridi 2017).

3. Affected Individuals & Civil Society: Vulnerable mi-
norities, general citizens, digital rights groups, and con-
sumer welfare associations who need to protect their fun-
damental rights by seeking personalized explanations for
unfair outcomes and inclusive participation in oversight
governance (Article 67, Recital 171), echoing the impor-
tance of explainability for informed self-advocacy dis-
cussed in the literature (Vredenburgh 2021).

II. Benefits Each actor may derive different benefits from
achieving their goals related to algorithmic transparency. For
AI system providers, key benefits include better chances for
research and development (R&D) and commercial applica-
tions of loosely constrained AI systems, stronger protection
for IP and trade secrets, fewer burdens to establish and main-
tain XAI systems for affected individuals, and reduced lia-
bility risks by limiting the disclosure of information through
explainability. Oversight bodies, on the other hand, benefit

from ensuring legislative compliance to protect the funda-
mental rights of affected individuals while also supporting
AI R&D and commercial applications for providers/deploy-
ers. For affected individuals, the main benefits are safeguard-
ing the integrity of their fundamental rights and acquiring
sufficient knowledge to understand the impact of AI systems
on their circumstances and potentially contest decisions.

III. Costs Each actor may face different costs and risks
in pursuing their goals related to algorithmic transparency.
AI Providers/Deployers may encounter reputational risks if
they are perceived as uninterested in legal compliance and
the fundamental rights of affected individuals. Oversight
bodies may incur significant resource costs to establish and
maintain legislative/technical bodies (e.g., auditors, AI ex-
perts, AI Office) to ensure effective oversight (Novelli et al.
2024; European Commission 2024a,b). Affected individuals
may face costs associated with accessing and understanding
explanations, contesting decisions, and dealing with the sec-
ondary impacts of AI systems violating their fundamental
rights (e.g., lack of access to services). These costs are not
distributed equally among actors and may have dispropor-
tionate impacts on certain groups. For example, individuals
from marginalized or disadvantaged backgrounds may face
higher barriers to accessing and understanding explanations
or contesting decisions due to linguistic, cultural, or socioe-
conomic factors. Similarly, smaller AI Providers/Deployers
may struggle to absorb compliance costs with transparency
requirements compared to larger, well-resourced firms.
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IV. Potential Negative Impacts Potential negative im-
pacts could arise both when actors’ goals are achieved and
when they are not.

If goals are achieved, AI Providers/Deployers may face
negative reputational impacts if non-compliance and harms
to affected individuals occur, as well as financial penalties
for non-compliance. Oversight Bodies may inadvertently es-
tablish pervasive oversight practices that diminish incentives
for AI R&D and commercial applications by providers/de-
ployers. Affected Individuals may experience information
overload due to unconstrained access to granular informa-
tion, leading to difficulty identifying relevant information
for contesting decisions.

On the other hand, if goals are not achieved, AI Provider-
s/Deployers may encounter negative commercial/privacy
impacts due to the risk of disclosing IP and trade secrets
via explanations, along with legislative obligations to invest
resources in providing more detailed/personalized explana-
tions to affected individuals and enhanced liability burdens
if inaccurate explanations are considered as burden of proof
during litigation. Oversight bodies may struggle with the in-
ability to evaluate the accuracy/quality of explanations and
the underlying AI systems, as well as a lack of coordination
among state members for law enforcement (Malgieri 2019).
Affected Individuals may be left without the ability to re-
ceive informative and relevant explanations or exercise their
fundamental rights.

5.2 Contextual Factors

While the TEFT framework provides a general structure for
analyzing the goals, benefits, costs, and potential negative
impacts of algorithmic transparency and explainability, it is
important to recognize that these factors may vary signifi-
cantly depending on the specific context and application do-
main. For example, the transparency requirements and ex-
pectations for AI systems used in high-stakes domains like
healthcare, criminal justice, or financial services (aligned
with Annex III categories) may be much higher than those
used in lower-stakes domains like entertainment or market-
ing. Aside of stakes, we define at least three possible con-
texts with different interactions, costs/risks, and negative im-
pacts for the actors:

Internal Monitoring (Providers and Deployers) AI
Providers/Deployers use internally explanations to debug,
monitor, and improve their systems. This context primar-
ily focuses on enhancing system performance and reliabil-
ity, with minimal risks related to their IP, trade secrets, or
liability.

Explanations can be highly specific – i.e., through spe-
cific XAI techniques – as they are intended for internal use
by data science teams. In this context the accuracy of these
explanations may not be a first priority, as they would not
be subject to legal or compliance purposes. One potential
drawback of this context is that Providers/Deployers may
have limited incentives to prioritize transparency of their AI
systems beyond what is necessary for internal development
and monitoring purposes.

Oversight (Providers/Deployers and Oversight Bodies)
involves AI providers and deployers providing explanations
to regulators and oversight bodies to demonstrate compli-
ance with legal requirements. This context aims to enhance
accountability by ensuring that AI systems adhere to estab-
lished requirements (i.e., for high-risks AI systems).

Explanations in this context need to be detailed and
accurate – not necessarily grounded in XAI approaches
(Panigutti et al. 2023) – as they may be used to assess com-
pliance and identify potential violations. However, these ex-
planations may be protected from wider disclosure by confi-
dentiality agreements, which can help mitigate risks related
to IP and trade secrets. Despite the benefits of enhanced
accountability, the oversight context also introduces poten-
tial costs and risks for providers and deployers, such as in-
creased liability exposure and compliance burdens.

External User Interaction (Affected Individuals and
Providers/Deployers) AI Providers/Deployers offer ex-
planations to affected individuals who request them, often
as part of a legal right or redress process. This context shall
prioritize user trust, empowerment, and access to justice by
enabling individuals to understand how AI systems impact
their lives and contest decisions they believe to be unfair or
inaccurate.

Explanations should be meaningful and understandable
to non-expert users, which may require a higher level of
granularity compared to explanations provided for internal
monitoring or oversight purposes. However, this context also
presents significant challenges for providers and deployers,
including increased liability risks, potential disclosure of IP
and trade secrets, and reputational damage if explanations
reveal flaws or biases in their systems.

5.3 Additional Considerations
Granularly mapping explanation facets and projecting
across phases, as suggested by Nannini, Balayn, and Smith
(2023), can help address the gaps in explainability specifica-
tions and proportionality concerns identified in Section 4.

Granularly Map Explanation Facets To implement bal-
anced transparency that reconciles oversight interests with
confidentiality assurances (Articles 53, 55), we clarify over
the need for granular mappings of specific explanation
facets. Rather than mandating total visibility across all as-
pects of AI systems, targeted transparency measures can be
considered:

• Selective Model Component Explanations: Explaining
specific logical elements, such as learned relationships
between variables, can enable contestability of particu-
lar determination bases without compromising the en-
tire model’s competitive advantage (Article 14). For ex-
ample, disclosing linking functions between variables in
credit approval systems allows contesting unfair or bi-
ased outcomes for specific cohorts.

• Validation Performance Metrics: Releasing perfor-
mance dashboards on accuracy, contestations, and revi-
sions logs can signal system reliability and responsive-
ness to public concerns without disclosing sensitive train-
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ing data or underlying IP (Article 15). This graded trans-
parency approach might balance accountability with data
protection concerns.

• Anonymized Data Case Summaries: Providing repre-
sentative case data summaries that preserve individual
privacy can demonstrate system limitations and support
contestability channels for specific determinations as-
sessed as unfair (Article 10).

Project Across Phases Implementing strategic trans-
parency that reconciles innovation aims with accountability
requires mapping oversight needs, confidentiality risks, and
value positioning across the AI lifecycle. We further outline
key considerations for different phases:

• Research and Model Building: Early research phases
warrant secrecy shields to protect ideation independence.
This should be also conduct cognizant that opacity dur-
ing exploratory stages also risks accumulating harms if
biased techniques propagate without participatory input
guardrails.

• Design and Development: As applications crystallize
with clearer revenue and legal risk implications, selec-
tive transparency protocols can signify intentions and
gather user feedback to shape iterations. This proactive
approach might help preventing entrenchment of issues
while aiding proactive design.

• Deployment and Maintenance: Post-deployment, inte-
grated transparency systems that are secure, contextually
compatible, and participative are essential for sustaining
algorithmic effectiveness, managing liability and reputa-
tional risks, and respecting privacy imperatives. Demon-
strating model integrity allows value positioning and jus-
tifies investments in continuous enhancements to meet
evolving public expectations.

By proactively scoping risks and possibilities across long-
term product and research cycles, the TEFT framework en-
courages an iterative approach that aligns with the regulatory
experimentation and interdisciplinarity strategies discussed
in the literature (Bibal et al. 2021; Casey, Farhangi, and Vogl
2019; Sovrano et al. 2022; Heymans, Gils, and Ooms 2024)
and addresses the need for ongoing monitoring and evalua-
tion of explanations identified as a friction point in the EU
AI Act analysis (Article 72).

6 Research Limitations & Directions
The TEFT framework should be seen as a foundation for on-
going dialogue and experimentation, rather than a definitive
solution over AI transparency in the EU digital ecosystem.
With this awareness, we acknowledge the following limita-
tions, also delimited by our research scope.

First, our focused literature review does not intend to be
exhaustive of how the RTE is encountered across the en-
tire spectrum of the AI literature, but rather is motivated
by the necessity to target scholarly work actively reflect-
ing over the EU RTE debate. Given the lively matter hereby
treated, we note that the EU AI Act was recently released
in Official Journal of the European Union (OJEU) on 12

July 2024 (European Parliament and Council of the Euro-
pean Union 2024). The full application of the Act will be
gradual in the next years (e.g., high-risk system require-
ments fully applicable in from August 2026): during that
time AI standards for explainability and transparency should
be completed and harmonized (CEN-CENELEC 2020). Ad-
ditionally, the European Commission’s AI Pact and the new
AI Office might help in conducting prototyping activities to
further explore explainability possibilities (European Com-
mission 2024a,b). The AI Act’s provisions on the AI regula-
tory sandboxes (Article 57) and codes of conduct (Articles
56 and 95) are likely to provide valuable insights and shape
the practical implementation of transparency requirements,
which future adapation of the TEFT framework will need
to incorporate as these developments unfold. Moreover, as
scholars suggest (Heymans, Gils, and Ooms 2024; Panigutti
et al. 2023), continued research to improve the robustness
and reliability of XAI methods will be crucial to address the
current limitations and support the effective implementation
of the AI Act’s transparency requirements.

Our TEFT framework is then intended to complement
and inform these ongoing developments rather than replace
them. Indeed, while it is grounded in a rigorous analysis of
the literature and the AI Act, it constitute a conceptual tool
that would benefit from further empirical refinement and op-
erationalization. As future research directions, we envision
to develop more specific metrics and thresholds for assessing
the costs, risks, and benefits of transparency in different con-
texts, while also exploring more targeted, in-depth reviews
of specific subdomains or minority views.

7 Conclusion
This research aimed to address the critical gap in synthesiz-
ing diverse viewpoints on algorithmic transparency and ex-
plainability through the lens of the EU AI Act’s provisions.

We contributed to this goal in two key ways. First, we pro-
vided a comprehensive literature review synthesizing legal,
technical, and socio-ethical perspectives on the RTE, from
the GDPR to the EU AI Act [RQ1 - Section 3]. This review
crystallized key friction points around the scope of explain-
ability rights, stakeholder conflicts, technical constraints,
and legal enforceability. We then compared current explain-
ability provisions [RQ2 - Section 4] and proposed a novel
framework [RQ3 - Section 5] to identify and discuss the in-
terplay of factors shaping algorithmic transparency’s real-
world implementation. The TEFT framework addresses key
gaps found in the literature, offering a structured approach to
tensions between stakeholder interests, technical feasibility,
legal enforceability, and socio-ethical implications.

While acknowledging the need for further empirical val-
idation and the evolving nature of the EU’s AI governance
landscape, the TEFT framework provides a conceptual foun-
dation for future research and policy initiatives aimed at en-
suring the effective implementation of the AI Act’s trans-
parency requirements. As the AI Act’s provisions on regula-
tory sandboxes and codes of conduct unfold, the framework
can adapt to incorporate these developments and continue
to inform the ongoing dialogue between policymakers, re-
searchers, and practitioners.
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