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Extended Abstract
Workplace AI systems often fail in practice. For example, in
social services, AI-based decision support tools have been
introduced across high-stakes settings, only to be dropped
following backlash from workers or the public (Samant
et al. 2021). Similarly, in healthcare, researchers have spent
decades innovating on AI-based tools to support clinical
decision-making, only to find that clinicians ignore them in
practice (Yang, Steinfeld, and Zimmerman 2019).

Past research has described a range of challenges that help
explain these AI failures. For example, human-computer in-
teraction (HCI) and science and technology studies (STS)
literature has identified problems of poor contextual fit,
where an AI system’s design clashes with existing worker
practices (e.g., (Suchman 1987; Forsythe 1993; Kawakami
et al. 2022)). To address these challenges, prior work has
proposed a range of new resources to support more respon-
sible or participatory design. Yet, these resources are rarely
used in practice, and AI teams continue to design flawed AI
systems for the workplace (Delgado et al. 2023).

Existing efforts to improve the design and evaluation of
workplace AI tools has overlooked a critical factor: the role
of occupational devaluation. How might the devaluation of
worker expertise interplay with AI design, evaluation, and
deployment practices? In our paper, we examine this through
the case of feminized labor, a particularly extreme form of
occupational devaluation (Balka and Wagner 2021). In the
U.S., feminized labor often involves care-oriented work, like
teaching and nursing. Historically misnomered as “women’s
work,” feminized labor is still predominantly performed by
women and people of color. While impacts on and of femi-
nized labor have been studied by other disciplines, it remains
under-examined in responsible AI research.

Drawing together past scholarship on AI deployments in
feminized occupations, we argue that workers in societally
devalued occupations are particularly vulnerable to flawed
AI deployments, rooted in impoverished understandings of
workers’ tasks and expertise. Moreover, we argue that these
AI deployments further obscure the visibility of workers’ ex-
pertise, triggering a negative feedback loop that further en-
trenches workers’ devaluation.
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To understand this dynamic, we formalize the concept of
AI Failure Loops: a set of interwoven, socio-technical fail-
ures across the development lifecycle of workplace AI sys-
tems that can amplify the harms from existing occupational
devaluation. AI Failure Loops arise at the confluence of over-
claims about the capabilities of workplace AI systems and
under-recognition of the complexity of the work that work-
ers perform. We ground an understanding of the driving fac-
tors, properties, and impacts of AI Failure Loops through
three case studies of AI deployments in feminized labor con-
texts: AI-based risk assessment tools in social work, AI for
home healthcare, and AI tutoring systems in K-12 teaching.
We conclude with a discussion on future work towards pro-
worker AI practice, policy, and organizing.
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