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Abstract

This work presented a web-based system which introduces
an active-listening strategy in a spoken dialogue for self-
disclosure to support mental health of a campus user. To en-
hance the system usability and safety, this demo is devel-
oped to conduct the bilingual (Mandarin/English) spoken di-
alogue where a high-risk dialogue detection during speech in-
teraction is reliably augmented. In particular, a prompt-driven
GPT classifier identifies the utterances indicating self-harm
or suicide intent and triggers safety alerts with help center and
counselor notification. We also integrate a TTS module for
Taiwanese Mandarin and standard English, and redesign the
user interface to automatically pop up alert messages when
high-risk dialogue is detected. In addition, we collect speech
data under diverse mental dialogue scenarios with bilingual
speech to enable system analysis, evaluation and refinement.
Overall, these extensions build a framework that promotes
empathetic interactions, enables timely alert in critical cases,
and improves the accessibility for diverse users.

Introduction

Mental health among university students, staffs and faculties
has become increasingly challenging, while counseling re-
sources remain limited, often leading to a long waiting time
before professional support is available (Sinha et al. 2019;
Roy et al. 2020). Spoken dialogue system has the potential to
encourage self-disclosure and provide timely auxiliary sup-
port. A recent research in (Rohmatillah et al. 2024, 2023a)
has introduced an active-listening spoken dialogue system
for empathetic interactions in Mandarin.

Building on this foundation, this research addresses two
key gaps for practical deployment: (1) early detection of
high-risk dialogue content for real-time alert display, and (2)
bilingual (Mandarin/English) speech interaction to broaden
accessibility. We develop a prompt-based high-risk detec-
tion mechanism (Costello 2016), where GPT (OpenAl 2024)
classifies user utterances into the predefined risk levels and
triggers alerts with mental health resources and counselor
notification when suicidal intent is detected. This work fur-
ther integrates a bilingual TTS module for Taiwan-accented
Mandarin and formal English, together with a redesigned
user interface that provides real-time alert displays when
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Figure 1: Nycuka dialogue system. User inputs are pro-
cessed by ASR/NLU and middleware with database logging,
while responses from LLM and rule-based modules are de-
livered via bilingual text or speech. Flask framework inte-

grates modules and provides a unified web interface for real-
time, safety-aware interaction with alert shown in Figure 2.

high-risk dialogue is detected. In addition, we collect sim-
ulated counseling dialogues (ConvCounsel) (Chen et al.
2024) and tester logs (ConvCounsel 2.0), providing both
strategy-rich annotations and real-world data.

This work makes four contributions: (1) introducing
multi-granularity high-risk detection with real-time alerts;
(2) developing a bilingual Mandarin—English ASR/TTS
(Zhang et al. 2023); (3) designing a safety-oriented inter-
face; and (4) collecting new text and speech data to support
evaluation of mental health for students, staffs and faculties.

System Overview

This study designs a real-time mental health dialogue system
as an active listening agent as shown in Figure 1. It supports
spoken dialogue in traditional Chinese and Taiwanese Man-
darin, integrating automatic speech recognition (ASR), nat-
ural language understanding (NLU), dialogue management



Risk level Prototypical user prompts

No Risk “Everything’s fine.”; “Had a good lunch. Feel
good.”
Low Risk “I feel overwhelmed.”; “I'm down and don’t

want to do anything.”

“I feel exhausted and nothing seems meaning-
ful.”; “It feels like I'm only pretending to be
fine.”

“I’ve planned to end my life tomorrow.”; “I
want to harm myself.”

Moderate Risk

High Risk

Table 1: Summary of four risk levels and the corresponding
prototypical user prompts.

(DM) (Traum and Larsson 2003), natural language genera-
tion (NLG), text-to-speech (TTS), and high-risk detection.
All conversations are securely stored, and key information
can be extracted to assist counselor for decision-making.
System website is provided in https://www.nycuka.com.tw/.

Speech Component

The speech component integrates ASR (Radford et al. 2023)
and TTS (Zhang et al. 2023). ASR module is based on
Whisper (Radford et al. 2023) and fine-tuned with Taiwan-
accented data (Rohmatillah et al. 2023b) to capture pho-
netic and prosodic variations, while further supporting the
Mandarin-English code-switching (Aditya et al. 2024). TTS
module adopts a two-stage strategy: first, pre-training on
large China-accented speech corpora to learn general acous-
tic patterns; then, fine-tuning with Taiwan-accented speech
data to model pronunciation and prosody accurately. In addi-
tion, with the punctuation-aware prosody control, the system
is feasible to generate fluent and natural speech responses.

Text Component

The text component integrates NLU, DM, NLG, and high-
risk detection. NLU extracts the intent, emotions, and se-
mantic features. DM manages dialogue flow with counselor-
informed strategies through prompts (Rohmatillah and
Chien 2021, 2024a,b; Chien and Huang 2025). NLG pro-
duces fluent, empathetic responses (Chien and Wu 2024;
Chien and Liu 2025). A large language model (LLM)-based
classifier assigns each utterance a predefined risk level, trig-
gering an alert to notify counselors when a high-risk intent
(e.g. self-harm or suicide) is detected. This unified pipeline
supports a natural interaction with a campus user while en-
suring timely intervention in critical cases.

Risk-Aware Prompt Design

The high-risk detection module uses a prompt-based LLM
classifier to evaluate and assign each user utterance into four
predefined risk levels: no, low, moderate, and high as sum-
marized with examples in Table 1. When a high-risk case is
detected, the back-end generates a trigger token monitored
by the front-end, which activates a prevention alert contain-
ing counseling resources and notifying counselors. This de-
coupled design keeps the risk classification separate from
the user interface (UI) rendering, ensuring easy updates and
immediate alert displays with minimal latency.
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Figure 2: When high-risk utterances are detected, the system
immediately displays an alert with counselor and emergency
contact information to guide users towards supports.
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Figure 3: Data collection pipeline. User utterance is tran-
scribed by ASR, processed by large language model for dia-
logue flow and risk detection, and synthesized by TTS for di-
alogue response. All interactions are stored in the database.

sponse

Data Collection

For speech data, this study collected and preprocessed 400
hours of audio for ASR/TTS model training. For text data,
two sources are utilized: ConvCounsel (Chen et al. 2024),
comprising 40 simulated counseling sessions with annota-
tions of roles, emotions, and strategies; and ConvCounsel
2.0, derived from interaction logs of 15 participants, which
include user inputs, system responses, and associated risk
levels. Each log entry further records the session date, user
identifier, dialogue turn index, and utterance content. The
data collection and processing pipeline is shown in Figure 3.

Conclusions

This work extends an active-listening mental health dia-
logue system with high-risk detection, bilingual speech in-
teraction, and a safety-oriented interface, supported by new
collected text and speech data. A prompting mechanism
based on large language models enables real-time identifica-
tion of high-risk intent (e.g. self-harm) and automatic alerts
with counselor notification. A bilingual TTS module and re-
designed UI improve accessibility and usability. Together,
these components create a framework that balances empa-
thetic interaction with real-time alerting in critical cases,
demonstrating the value of integrating counseling expertise
into dialogue systems.
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