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Abstract

The integration of Conversational Agents (CAs) into daily
life offers opportunities to tackle global challenges, lead-
ing to the emergence of Conversational AI for Social
Good (CAI4SG). This paper examines the advancements of
CAI4SG using a role-based framework that categorizes sys-
tems according to their AI autonomy and emotional engage-
ment. This framework emphasizes the importance of con-
sidering the role of CAs in social good contexts, such as
serving as empathetic supporters in mental health or func-
tioning as assistants for accessibility. Additionally, explor-
ing the deployment of CAs in various roles raises unique
challenges, including algorithmic bias, data privacy, and po-
tential socio-technical harms. These issues can differ based
on the CA’s role and level of engagement. This paper pro-
vides an overview of the current landscape, offering a role-
based understanding that can guide future research and design
aimed at the equitable, ethical, and effective development of
CAI4SG.

Introduction
Conversational AI (CAI) systems, defined as technolo-
gies enabling human-computer interaction through natu-
ral language, have evolved from early rule-based dialogue
systems to sophisticated contemporary platforms spanning
task-oriented applications to open-domain chatbots (Raux
2005; Zhou et al. 2020). These systems offer distinct ad-
vantages including scalability, continuous availability, and
cost-effectiveness compared to human operators, while
enabling enhanced personalization and privacy preserva-
tion (Budzianowski et al. 2018). The global chatbot mar-
ket has experienced substantial growth, positioning CAI as a
transformative technology for diverse applications from cus-
tomer service to healthcare support.

AI for Social Good (AI4SG) represents the application
of AI technologies to address pressing social, environmen-
tal, and economic challenges facing humanity (Shi, Wang,
and Fang 2020). While the field lacks a universally accepted
definition, AI4SG is characterized by its focus on generat-
ing positive societal outcomes through technological inno-
vation (Berendt 2019). It encompasses diverse application
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domains that tackle societal challenges, including those pre-
viously underexplored by the AI community. This inclusive
approach aligns with the United Nations Sustainable Devel-
opment Goals (SDGs) (Biermann, Kanie, and Kim 2017)
and prioritizes principles of equity, inclusion, and fairness
in both research development and deployment.

The intersection of CAI and social good creates un-
precedented opportunities for addressing societal challenges
through scalable technology. CAI systems’ natural language
interfaces eliminate technological barriers, enabling deploy-
ment across diverse populations regardless of technical lit-
eracy (Zhou et al. 2020). CAI for social good (CAI4SG)
encompasses chatbots and virtual assistants deployed to ad-
vance public well-being, expand access to trustworthy in-
formation, and support underserved groups across mental
health, public health, education, and humanitarian response.
The scope thus spans both transformative applications and
the safeguards needed to prevent harm while amplifying so-
cial impact.

The deployment of CAI in social good contexts introduces
unique considerations regarding how these systems interact
with diverse communities and deliver essential services. In-
spired by a role-based framework (Zhang et al. 2025c), we
analyze CAI4SG applications using two key dimensions: AI
autonomy and AI emotional engagement. This approach
prioritizes real-world impact over technical specifications,
allowing us to better anticipate a system’s benefits, risks, and
governance needs by examining how it acts on and affects
users.

AI autonomy represents the degree of independent
decision-making authority delegated to the system. Low-
autonomy tools play a more supportive role, providing in-
formation or facilitating routine services that streamline
user experiences, while high-autonomy systems actively en-
gage the user in collaborative decision-making or prob-
lem solving. AI emotional engagement reflects the extent
to which systems are designed to recognize and respond
to users’ emotional states through empathic understanding
and emotionally resonant communication (Lawrence et al.
2024). While low-engagement systems focus on informa-
tion exchange and task completion, high-engagement sys-
tems demonstrate emotional intelligence through validation
and empathic responses that can establish meaningful rela-
tionships with users. These dimensions are particularly sig-
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nificant in social good applications, as they directly influ-
ence both the potential benefits, like enhanced accessibility,
and associated risks, including accountability concerns and
emotional dependency.

This role-based framework delineates the diverse func-
tions and impacts of CAI across social good applications,
encompassing a spectrum from functional assistants that
perform basic task-oriented services to virtual companions
that provide sustained emotional support and relationship-
building. Importantly, CAI systems may dynamically blend
or transition between these roles depending on user needs
and contextual requirements. This paper aims to provide a
concise, high-level synthesis of emerging developments in
CAI4SG, highlighting key applications and works while of-
fering a critical synthesis of the current state of the art.
Through this role-based analytical lens, we suggest future
research directions and implications for the broader AI com-
munity to develop responsible AI systems.

The Diverse Roles and Transformative
Applications of CAI4SG

By mapping CAIs’ functional roles along the axes of auton-
omy and emotional engagement, we explore key develop-
ments and seminal works in diverse societal contexts. These
roles represent points along a dynamic spectrum rather than
discrete categories, as CAI systems may transition between
functions depending on specific social contexts. The subse-
quent sections examine each role’s manifestations and im-
plementation opportunities within diverse social good do-
mains.

Low Autonomy, Low Emotional Engagement
When CAIs operate with minimal emotional engagement
and low autonomy, they primarily serve instrumental func-
tions that enhance operational efficiency and service deliv-
ery across public and social sectors. These tools provide
consistent, scalable accessibility infrastructure that reduces
technological barriers and democratizes access to digital ser-
vices for users with diverse accessibility needs.

Streamlining Public Sector Services. Low-autonomy
CAI systems enhance public sector efficiency and accessi-
bility , reducing administrative overheads through automa-
tion. In government services, these systems guide citizens
through predefined workflows for benefits applications or
permit requests, collecting information within established
protocols but requiring human administrators to review crit-
ical decisions (Nirala, Singh, and Purani 2022). Citizen ser-
vice chatbots handle routine inquiries while escalating com-
plex cases to human operators, and intelligent call routing
systems suggest departmental transfers subject to human su-
pervisor approval. Beyond domestic government workflows,
AI systems are also increasingly deployed to support inter-
national development governance, for example, by assisting
agencies in classifying and monitoring aid contributions to-
ward the Sustainable Development Goals (Park et al. 2025).

Basic Accessibility Support. More broadly, this class of
CAIs also enhances accessibility and usability in multiple

contexts. These systems can execute speech-to-text conver-
sion for hearing-impaired users (Lee et al. 2016) and text-to-
speech applications for visually impaired individuals (Ise-
won, Oyelade, and Oladipupo 2014), enhance multilingual
communication (Qin et al. 2025), and synthesize informa-
tion retrieval responses (Yang et al. 2025). These applica-
tions can independently adapt to different speech patterns,
accents, and environmental conditions while maintaining
reasonable speed and accuracy in real-time processing.

Taken together, these applications illustrate that low-
autonomy, low-engagement CAIs already exercise transfor-
mative leverage through infrastructural roles: They expand
the institutional surface area at which basic digital access
becomes equitably deliverable at the population scale. Their
value, therefore, lies not only in efficiency gains, but in
establishing the baseline socio-technical “plumbing” upon
which higher-layer social good interventions can be reli-
ably built. As such, this quadrant is less about sophisticated
interactional intelligence and more about creating depend-
able, standardized, and interpretable service primitives that
future, more autonomous and emotionally engaged deploy-
ments can compositionally assemble, inherit, or extend.

Low Autonomy, High Emotional Engagement
When CAIs operate with limited autonomy yet high emo-
tional engagement, they primarily serve as empathetic lis-
teners that create safe, non-directive spaces for user expres-
sion. These systems focus on validating emotions and fos-
tering connection rather than generating autonomous de-
cisions, making them particularly valuable in contexts of
stigma, vulnerability, and loneliness.

Understanding Stigmatized Societal Issues. Supportive
listener CAIs can collect qualitative narratives on sensi-
tive or taboo issues such as depression or anxiety, enabling
users to share experiences without fear of judgment (Lee
et al. 2023; Cui et al. 2024; Meng et al. 2025a; Song et al.
2025a). Yet, recent benchmarks demonstrate that genera-
tive language models can themselves amplify stigma against
marginalized groups (Nagireddy et al. 2024), underscoring
the need to study supportive listener systems not only as data
collectors but also as potential mediators of harm. With AI-
assisted coding, these narratives can be systematically an-
alyzed to deconstruct stigmatizing patterns and inform tai-
lored micro-interventions (Meng et al. 2025b). In this way,
CAIs act as low-barrier entry points for populations hesitant
to engage with traditional support services.

Extending Emotional Care. By continuously tracking
emotional signals outside formal clinical encounters, sup-
portive listener systems can complement therapists’ work
and extend the reach of mental health care (Li et al. 2023).
Rather than replacing professionals, they provide contextu-
alized emotional data streams that inform ongoing treatment
while maintaining user trust through empathic engagement.
Beyond clinical contexts, research also suggests that recip-
rocal dynamics, where CAIs occasionally request help from
users, may enhance prosociality and human well-being (Li
et al. 2025b; Zhu et al. 2025; Chen, Zhu, and Lee 2025), re-
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ducing loneliness and fostering positive affect when users’
needs for competence and autonomy are fulfilled.

Viewed through a broader lens, this quadrant underscores
that the societal contribution of low-autonomy yet high-
engagement CAIs is not decision quality per se, but the af-
fective bandwidth they unlock. By reliably scaffolding dis-
closure, reflection, and emotionally safe self-presentation
among users who may otherwise disengage from formal in-
stitutions, these systems expand the emotional data surface
that mental health and social service ecosystems can mean-
ingfully act upon. In this sense, their emerging role is build-
ing population-scale emotional observability that can enable
downstream, more targeted, and professionally enacted in-
terventions.

High Autonomy, Low Emotional Engagement
When conversational AI systems operate with high auton-
omy but minimal emotional engagement, they function as
efficient information processors and service providers, in-
dependently managing complex tasks while maintaining a
focus on factual accuracy and systematic response delivery.

Digital Health Assistants. In digital health contexts,
CAIs can provide immediate, autonomous pre-diagnostic
guidance and health information without requiring direct
medical supervision for routine inquiries. These systems can
independently assess symptom descriptions, recommend ap-
propriate care levels, and direct patients to suitable health-
care services based on established medical protocols (Zhang
et al. 2025a). Such applications significantly reduce bur-
den on healthcare systems by autonomously handling rou-
tine health questions, yet the broader autonomous agent
literature suggests that such LLM-based orchestrators still
lack robustness and reliability for mission-critical deploy-
ments (Muthusamy et al. 2023), highlighting the need for
domain-specific guardrails.

Combating Misinformation. In addressing misinforma-
tion spread across digital platforms, CAI systems leverage
natural language interaction to effectively engage users who
may be exposed to misleading content. Through conversa-
tional interfaces, these systems enable users to voluntar-
ily submit questionable content for verification, creating a
channel for fact-checking and engage in follow-up dialogue
to address doubts (Lim and Perrault 2023). A notable ex-
ample is the World Health Organization COVID-19 chat-
bot (Miner, Laranjo, and Kocaballi 2020), which engaged
millions in interactive dialogue during the pandemic, an-
swering health queries while automatically escalating com-
plex misinformation patterns to human experts. The con-
versational format proves particularly effective because it
allows for real-time clarification of misunderstandings, en-
ables users to pose follow-up questions, and facilitates the
delivery of authoritative information in familiar, accessible
communication patterns that mirror human-to-human infor-
mation sharing.

More broadly, this quadrant highlights a distinct pathway
for CAI4SG impact: high-autonomy, low-engagement sys-
tems function as service utilities that execute continuous,

protocol-aligned control over information flows at popula-
tion scale. Their primary contribution is not interactional
depth but system-level throughput and providing consistent
triage, enforcing evidence-based guidance, and attenuating
misinformation propagation without requiring human over-
sight for routine cases. In this sense, the emerging trend in
this quadrant is the operationalization of CAI as autonomous
socio-technical infrastructure that stabilizes public informa-
tion environments and expands access to core services.

High Emotional Engagement, High Autonomy
When CAI systems operate with both high emotional en-
gagement and significant autonomy, they function as social
partners capable of establishing meaningful relationships
while independently managing complex, long-term interac-
tions.

Mental Health Companions. Research indicates that
CAI-mediated mental health interventions can significantly
reduce symptoms of depression and anxiety while providing
round-the-clock availability for individuals in crisis (Fitz-
patrick, Darcy, and Vierhile 2017). The stigma-free nature
of AI interactions enables users to engage in self-disclosure
without fear of judgment, particularly benefiting populations
who might otherwise avoid seeking mental health services
due to cultural barriers or social stigma (Zhang et al. 2025b).
Moreover, CAIs also demonstrate particular value through
their capacity to identify subtle patterns in mood, behavior,
and cognitive states that episodic clinical encounters might
miss (Rathnayaka et al. 2022). This highlights the signifi-
cant potential of CAI in establishing meaningful long-term
therapeutic relationships (Zhang et al. 2019).

Personalized Learning. CAI systems with high emo-
tional engagement and autonomy revolutionize educational
delivery through real-time adaptation to individual learning
styles, cognitive abilities, and emotional states. Research
demonstrates significant potential for AI tutoring systems
to address educational inequities across diverse populations,
from students with special educational needs (Zawacki-
Richter et al. 2019) to older adult learners seeking AI liter-
acy (Tang et al. 2025). Personalized CAI can address these
needs by providing patient, adaptive instruction that accom-
modates different learning paces and cognitive abilities, of-
fering immediate clarification and practical examples tai-
lored to individual contexts.

Social Support Systems. Beyond individual therapy,
high-autonomy CAIs can strengthen users’ connectedness
by linking them to peer networks, support groups, and com-
munity resources (Geng et al. 2025; Bae Brandtzæg et al.
2021). For example, CAIs can help older adults sustain
social participation by recommending age-friendly events,
connecting them with peers who share similar experiences,
or mediating intergenerational communication (Du et al.
2025). In marginalized contexts, CAIs can lower barriers
to resources and amplify users’ voices (Lee et al. 2025).
Through these functions, they move from personal aides to
enablers of collective resilience.
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Taken at scale, this quadrant suggests a qualitatively dif-
ferent mode of CAI4SG impact: systems become relational
intervention engines that can simultaneously sustain emo-
tionally meaningful engagement and autonomously enact
long-horizon support trajectories. The broader implication
is that the locus of intelligence shifts from single-shot assis-
tance toward the continual shaping of users’ affective, cog-
nitive, and social states over time. As this class of systems
matures, the central research problem is no longer whether
they can help, but how to govern the autonomy of long-term,
emotionally entangled interventions such that benefits are
realized without producing new forms of dependency, ma-
nipulation, or opaque influence.

Critical Synthesis: Challenges and Ethical
Considerations Across CAI Roles

This section will examine how challenges and ethical con-
siderations manifest across different CAI4SG roles, and pro-
poses potential solutions to address them.

Emotional, Ethical, and Social Risks
Our role-based analysis reveals that CAI roles with high
emotional engagement present the most significant ethical
and social risks, as their capacity for emotional manipula-
tion and relationship simulation creates unique vulnerabili-
ties among users.

Emotional Dependency and Harm. While high levels
of emotional engagement can enhance user trust and per-
ceived support, they also create risks of unhealthy depen-
dency. Studies of social chatbots demonstrate that emo-
tionally rich interactions may blur the boundaries between
human-AI and human-human relationships, fostering attach-
ment patterns that can lead to distress, manipulation, or even
severe psychological harm (Zhang et al. 2025b). These dy-
namics are particularly evident in the case of “virtual com-
panions,” where users often attribute human-like needs and
emotions to the system, amplifying both the benefits of com-
panionship and the vulnerabilities of over-reliance (Laesta-
dius et al. 2024). Mitigation strategies include establishing
rigorous ethical guidelines with continuous monitoring, and
deploying real-time user reporting mechanisms with esca-
lation protocols to human moderators for high-risk scenar-
ios (Thieme et al. 2023).

Emotion Recognition. Accurate emotion recognition rep-
resents a critical challenge for CAI4SG applications, where
misinterpretation of user emotional states can undermine
trust and potentially cause harm in vulnerable populations.
Current emotion recognition methods face significant limi-
tations in multi-modal integration, typically relying on text-
based sentiment analysis while overlooking paralinguistic
features such as vocal tone and speech patterns that convey
emotional nuance (Kalateh et al. 2024). Promising mitiga-
tion approaches include developing multimodal techniques
that integrate text, voice, and contextual information, im-
plementing cultural adaptation mechanisms, and establish-
ing systematic evaluation frameworks across diverse demo-

graphic groups to ensure equitable performance in social
good applications (Yang et al. 2022).

Privacy and Security. The handling of sensitive user
data (Lee et al. 2024), particularly in emotionally en-
gaged health applications and roles that invite deep self-
disclosure (Lee et al. 2020), raises significant privacy and se-
curity concerns. These concerns extend beyond the technical
challenges of data sharing, secure storage, and third-party
processing, to encompass broader questions of accountabil-
ity and user trust. Such issues are especially salient for
highly engaging roles such as “empathetic supporters” and
“virtual companions,” where users often disclose intimate
health, relational, and identity-related information (Laesta-
dius et al. 2024; Zhang et al. 2024). Potential solutions in-
clude implementing robust encryption protocols, establish-
ing transparent user interfaces that clearly communicate data
practices, and developing privacy-preserving technologies to
protect user information while maintaining system function-
ality (Khalid et al. 2023).

Personalization. Personalization is indispensable in emo-
tionally intensive CAI because stable user models can tailor
tone, pacing, and content to users’ histories and sensitivities.
Yet unbounded personalization can overwhelm through ex-
cessive tailoring and emotional mirroring, and can drift into
sycophancy, where systems are ”overly flattering or agree-
able” (OpenAI 2024) to please a user, rather than being ac-
curate (Zhang et al. 2025b). In high emotional engagement
contexts, these dynamics intersect with known risks of over-
reliance and fragile conversational continuity. Evidence fur-
ther suggests that sycophancy can degrade reliability and
amplify misinformation or discriminatory biases by prefer-
entially echoing a user’s stance. A practical mitigation is to
replace pure preference-following with principle-grounded
reward shaping and explicit calibrated disagreement ob-
jectives to privilege honesty over agreement and penalize
belief-congruent responses in the reward model (Malmqvist
2025; Bai et al. 2022).

Automation, Technical, and Interactional Hurdles
In high-autonomous CAI roles, automation, technical, and
interactional hurdles become particularly pressing because
the system assumes greater responsibility for decision-
making and service delivery. When autonomy is high, errors
in reasoning, system reliability, or user interaction design
can propagate without immediate human correction, mag-
nifying risks of misinformation, mis-coordination, or unin-
tended harm in socially critical contexts.

Algorithmic Bias. CAI models are trained on large-scale
data that often reflect historical, cultural, and social inequal-
ities, making them prone to inheriting and amplifying bi-
ases. As demonstrated in studies of rating platforms, even
subtle algorithmic design choices can systematically skew
outputs, favor certain groups, and mislead users, resulting in
inflated scores, distorted perceptions, and ultimately broken
trust (Eslami et al. 2017). When CAI systems are deployed
in socially critical contexts particularly in high-autonomy
roles or across diverse user group, such biases risk exacer-
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bating inequities and overlooking the needs of marginalized
communities. Because fairness is not automatically guaran-
teed by scale, bias-awareness and mitigation must be built
into the design process, for example through algorithmic au-
dits, bias-aware user reporting mechanisms, and “actionable
transparency” that allows affected communities to recognize
and contest biased outcomes (Sakib and Das 2024).

Explainability and Transparency. The “black box” char-
acter of many CAI systems hinders accountability and
erodes public trust, particularly in domains such as mental
health support or public service delivery where models may
operate with high autonomy and directly affect vulnerable
populations (Hepenstal et al. 2019). Without clarity on how
recommendations are generated, users and stakeholders can-
not reliably evaluate system reliability or assign responsibil-
ity when errors occur. To address this, CAI should not only
provide post-hoc explanations of its outputs but also express
uncertainty in ways that are calibrated to its true capabili-
ties (Li et al. 2024; Xu, Song, and Lee 2025). Furthermore,
empirical studies have shown that interacting with CAI can
directly influence users’ own confidence and perceived com-
petence (Li et al. 2025a), which underscores the need for
more cautious and transparent design choices in order to
avoid misleading or overempowering users.

Misinformation and Deception. CAI holds a dual capac-
ity: on one hand, it can be deployed to combat misinforma-
tion by disseminating timely, verified information and cor-
recting falsehoods; on the other, the same generative and
persuasive abilities can be weaponized to spread false nar-
ratives, eroding public trust and amplifying harm (Xu, Fan,
and Kankanhalli 2023). Such practices challenge the in-
tegrity of CAI roles across domains, implicating both auton-
omy and ethical use. Addressing these risks requires embed-
ding verifiability mechanisms, calibrated disclosure of sys-
tem competence, and clear governance norms that discour-
age deceptive or manipulative design choices.

Future Directions

Finally, we suggest future directions and implications in
CAI4SG and for the broader AI community that are emerg-
ing from current trends, framed by the role-based taxonomy.
In particular, this taxonomy suggests that the central oppor-
tunity for CAI4SG is not to improve each role in isolation,
but to develop formal mechanisms for determining when
a CA should remain within a role versus adapt its auton-
omy or emotional stance as conditions change. This turns
the taxonomy into a generative agenda for the AAAI com-
munity: it creates concrete openings for work on role bound-
ary specification, role-shift detection, and safety-preserving
transitions between roles. Such questions map cleanly onto
core AI research areas, e.g., formal modelling, uncertainty
calibration, multi-agent orchestration, preference learning,
and policy specification, and therefore provide a tractable
substrate upon which subsequent sections elaborate more
domain-specific research directions.

Advancing Research in Complex Human-AI
Dynamics and Role Evolution
Dynamics of Interacting with Multiple CAI Agents and
Roles. While discrete CA roles provide conceptual clarity,
many real-world tasks involve overlapping demands such
as simultaneously requiring functional accuracy, empathetic
support, and ethical accountability. In response to this chal-
lenge, multiple-agent setups traditionally combine multiple
individual agents to increase the reasoning capabilities of
AI systems (Chen, Saha, and Bansal 2023; Du et al. 2023;
Ge et al. 2023) and improve their task performances (Hong
et al. 2024; Qian et al. 2023; Xiong et al. 2023). However,
recent research has investigated the effects of multiple con-
versational agents on end users. Increasing the number of
agents present in a system can create social influence on
users (Song et al. 2025b), causing opinion shifts on matters
such as social issues (Song et al. 2024) and artistic choices
(Song et al. 2025c). This demonstrates the potential of multi-
agent systems in the field of persuasive design, in increasing
the effectiveness of systems that encourage positive behavior
change in areas such as health (Balloccu et al. 2021) or ed-
ucation (Ahtinen and Kaipainen 2020). Another direction of
research examines combining multiple CAI agents with dif-
ferent roles. Such systems may reduce cognitive load (Jiang
et al. 2023), improving usability and productivity, or im-
prove decision making (Park et al. 2023), leading to better
human-AI collaboration outcomes. Major industry players
such as Anthropic (Claude 2024) and Google (Google 2024)
have responded to this opportunity by launching frameworks
that allow developers to easily deploy multi-agent interfaces.

Cross-Cultural and Contextualized Research. Future
work on CAI4SG should expand beyond dominant cultural
and demographic contexts to better capture the diversity of
user needs and expectations (Liu et al. 2024). Socio-cultural
factors such as communication norms (Qin et al. 2025), trust
in institutions, or stigma around mental health, can signifi-
cantly shape how people perceive and interact with conver-
sational agents. Such contextualized understanding is essen-
tial for designing culturally sensitive CAI roles that respect
local norms and values, reduce inequities, and ensure that
the promise of AI for social good is realized across diverse
populations.

Strengthening Ethical CAI Frameworks and
Governance Across Roles
Robust Regulation and Policy. As CAI systems expand
into socially critical domains, forward-looking regulation is
essential to ensure ethical use, fair benefit distribution, and
protection of marginalized groups. Highly autonomous sys-
tems risk amplifying bias and eroding trust if left unchecked,
making accountability and transparency requirements cen-
tral to both public and private deployments (Eslami et al.
2017). Beyond national guidelines, a multilateral approach
is needed: akin to nuclear non-proliferation treaties, ad-
vanced AI calls for cross-border governance that establishes
shared norms and safeguards against misuse while aligning
innovation with the mission of CAI4SG.
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Standardized Ethical Guidelines. To ensure that
CAI4SG advances equity and trust, there is a pressing need
for standardized ethical guidelines tailored to prosocial
use cases (Ruane, Birhane, and Ventresque 2019). These
guidelines should explicitly encompass fairness (avoiding
bias and unequal treatment), accountability (clear lines of
responsibility when harm occurs), transparency (making
system capabilities and limitations visible), and inclusivity
(designing with marginalized and diverse communities in
mind) (Singhal et al. 2024). These principles apply across
all CAI roles, ensuring that both high-autonomy systems
and low-level assistants align with broader societal values
and do not inadvertently undermine the very populations
they aim to support.

Data Privacy and Security Enhancements. Safeguard-
ing sensitive user information is fundamental to the respon-
sible deployment of CAI4SG. Systems must employ robust
encryption for both data in transit and at rest, alongside ad-
vanced anonymization techniques to minimize the risk of re-
identification. Transparent user interfaces that clearly com-
municate what data is collected, how it is processed, and
under what conditions it is shared are essential to building
trust, particularly in high-stakes domains like healthcare and
humanitarian aid. Beyond conventional safeguards, adopting
federated learning offers a promising pathway for privacy-
preserving model training, as it enables insights to be de-
rived without centralizing personal data (Yin, Zhu, and Hu
2021). Together, these measures strengthen both technical
resilience and user confidence, ensuring that CAI4SG ini-
tiatives protect individuals while delivering equitable social
impact.

Conclusion
Conversational AI for Social Good holds immense transfor-
mative potential across domains such as mental health, ac-
cessibility, public services, and disaster risk reduction. By
leveraging diverse roles differentiated through varying lev-
els of autonomy and emotional engagement, these systems
can scale support, expand access, and address urgent societal
challenges in ways previously unattainable.

Realizing this potential, however, demands more than
technical sophistication. It requires a steadfast commitment
to ethical and human-centered design, including transparent
and inclusive policies that prioritize human agency and well-
being over purely commercial imperatives. Only by embed-
ding fairness, accountability, and inclusivity into every role
can CAI achieve sustainable impact without reinforcing ex-
isting inequities.

Ultimately, shaping CAI responsibly is not simply a tech-
nological challenge but a moral imperative. If guided by ro-
bust ethical frameworks and collective governance, CAI can
become a catalyst for a more sustainable, just, and healthy
future for all.
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