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Abstract

As AI technologies grow more influential in shaping mod-
ern life, there is an urgent need to make AI literacy acces-
sible beyond academic and technical communities. This pa-
per presents the design, delivery, and evaluation of an on-
line AI course targeting the general public. The course com-
bined asynchronous lectures, interactive live sessions, and re-
flective assignments. Of the 343 people who registered, 169
completed the program. Using validated instruments admin-
istered before and after the course, we measured changes in
participants’ attitudes toward AI and their AI literacy. Our
findings revealed statistically significant changes in AI lit-
eracy, specifically in awareness, usage, and evaluation con-
structs, as well as a rise in positive attitudes toward AI. High
satisfaction scores and qualitative feedback further support
the course’s effectiveness. These findings reinforce the im-
portance of inclusive, scalable educational interventions for
empowering the public to navigate AI technologies.

Introduction and Related Work
Artificial Intelligence (AI) technologies now permeate ev-
eryday life, from personalized recommendations in news
feeds and streaming platforms, to chatbots like ChatGPT
that support writing and information-seeking. Yet many peo-
ple remain unaware of how often they interact with AI and
continue to hold misconceptions about its nature and capa-
bilities (Kelley et al. 2021). AI’s capabilities continue to ex-
pand rapidly and be integrated in many aspects of our lives,
leading to a pressing call for AI literacy across the popu-
lation to equip individuals with the knowledge needed to
recognize, use and evaluate AI considering ethical premises
(Long and Magerko 2020; Ng et al. 2021). Research com-
munity highlight the urgency of upskilling and reskilling the
public’s AI literacy, noting that people often face challenges
in acquiring AI-related competencies (Pham et al. 2024).

Research has consistently shown that educational inter-
ventions enhance understanding of AI (Lee et al. 2021a;
Laupichler et al. 2022) and can shape acceptance and uti-
lization of AI technologies (Schiavo, Businaro, and Zanca-
naro 2024; Hollands et al. 2024). Hence, organizations such
as the Association for the Advancement of Artificial Intelli-
gence (AAAI), OECD, and the European Commission, are

Copyright © 2026, Association for the Advancement of Artificial
Intelligence (www.aaai.org). All rights reserved.

working with educators and researchers on designing effec-
tive AI educational interventions (Touretzky et al. 2019; Al-
matrafi, Johri, and Lee 2024) and developing assessments on
their impact on participants’ perception of AI and AI literacy
(Masla et al. 2025; Ng et al. 2021). These initiatives primar-
ily target university students like computer science (CS) stu-
dents (Wollowski et al. 2016; Kasinidou et al. 2021; Stadel-
mann et al. 2021) as well as students from non-CS disci-
plines (Wunderlich, Higgins, and Lichtenstein 2021; Kong,
Cheung, and Zhang 2022, 2023; Kasinidou et al. 2024;
Southworth et al. 2023; Biswas et al. 2025).

Courses aimed at improving AI literacy among students
with no CS background show promising results, with par-
ticipants demonstrating increased understanding of AI and
greater awareness of related career paths (Lee et al. 2021b).
For example, non-CS learners enrolled in AI courses demon-
strated substantial improvements in their understanding of
AI (Kong, Cheung, and Zhang 2022, 2021) and a greater
awareness of AI’s ethical and socio-technical challenges
(Kong, Cheung, and Zhang 2023; Kasinidou et al. 2024).
These courses also boosted their confidence in using and
working with AI (Kong, Cheung, and Zhang 2021; Kupfer-
schmidt et al. 2025). Early AI education has also demon-
strated success in fostering nuanced and realistic perspec-
tives of AI (Druga and Ko 2021; Arn and Huang 2024) while
also enhancing learners’ understanding of AI’s ethical impli-
cations (Kong, Cheung, and Tsang 2023). Similarly, educa-
tional programs for professionals have been shown to help
participants understand how AI can be effectively incorpo-
rated into their workplace operations (Johnson et al. 2022).

Beyond higher education, increasing efforts are being
made to design AI education for K-12 students (Sabun-
cuoglu 2020; Long and Magerko 2020; Lee et al. 2021b).
Although recent initiatives have made significant strides in
reaching K-12 (Yue, Jong, and Dai 2022; Kasinidou, Klean-
thous, and Otterbacher 2026b,a), and university students
(Laupichler et al. 2022; Ng et al. 2022), efforts to engage the
broader public remain limited. Yet, emerging studies show
that such outreach can lead to meaningful gains in AI lit-
eracy among non-experts (Kasinidou, Kleanthous, and Ot-
terbacher 2023; Stoyanovich et al. 2025). As AI becomes
increasingly embedded in everyday life, educational efforts
must extend to reach individuals from diverse backgrounds
(Maher and Tadimalla 2024). This shift calls for inclusive,
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accessible learning models that reflect the real-world needs
and perspectives of the public (Long, Teachey, and Magerko
2022). Moreover, embedding ethical and socio-technical di-
mensions into such programs is key to fostering responsi-
ble and informed engagement with AI (Tadimalla and Maher
2025). While various approaches have explored how to in-
troduce AI to K-12 and university students, questions remain
about how to best design educational experiences that are
both accessible and impactful for the general public. In this
paper, we share insights from the design, implementation,
and evaluation of a large-scale open course aimed at raising
AI literacy among adults with no technical background. We
focus in particular on how the course shaped participants’
attitudes toward AI and enhanced their AI literacy.

‘AI in Everyday Life’ Course
AI in Everyday Life was developed as part of the PINNA-
CLE project (Kasinidou et al. 2025) in the spirit of lifelong
learning (Knapper and Cropley 2000), featuring both syn-
chronous and asynchronous lectures to facilitate learning at
participants’ own pace. The course was open to up to 400
participants with no registration fees, as a service to the com-
munity, and it was offered in both English and Greek and
took place from April to June of 2025. Those who completed
all required assessments (i.e., quizzes and assignments) re-
ceived a certificate of completion (CoC). The objectives of
the course were to develop an understanding of the compo-
nents of contemporary, data-driven AI and its development
processes; to gain familiarity with foundational concepts of
AI; to articulate the principles of Machine Learning (ML)
and its relationship to Big Data; to critically analyze AI ap-
plications by identifying their core functionalities; to eval-
uate them concerning their potential social and ethical im-
plications; and to acquire a comprehensive understanding of
the role of personal data within the broader AI ecosystem.

Structure. The course comprised eight units and followed
a blended learning approach, combining pre-recorded video
lectures with weekly synchronous interactive sessions. Each
unit included one or two short video lectures (10–15 minutes
each), along with a self-assessment quiz and an assignment.
Learners were expected to watch the videos and complete
their assignments before the live sessions. The assignment
for Unit 1 was not mandatory; it served as a practice activity
to help learners become familiar with the assignment format.

The synchronous sessions were held once a week, lasted
approximately one hour, and were recorded and archived on
the course’s Moodle page. Each session began with a brief
10-minute recap of the week’s content, followed by a presen-
tation of selected data from participants’ assignments, offer-
ing preliminary insights into emerging trends and findings.
Following each lecture, a self-administered online quiz was
made available, assessing participants’ understanding of key
concepts and providing instant feedback. While the quizzes
were mandatory only for those seeking a CoC, all were en-
couraged to complete them for their own self-assessment.

Learning Units
Introduction. The objectives of the first unit are threefold
and were discussed during the live session of the course.
First, it aimed to familiarize learners with the fundamental
principles of online and hybrid learning. As the course was
delivered in a blended format, it was essential for learners to
understand how the asynchronous and synchronous compo-
nents would interact. Second, the unit introduced the overall
aims of the course and explained how pre-recorded video
lectures, quizzes, assignments, and live sessions would con-
tribute to those outcomes. Third, learners were introduced
to the Moodle platform and the assignments that would sup-
port their learning. This unit included only one pre-recorded
video, which provided an overview of how AI is increasingly
present in everyday life. Key topics covered were the democ-
ratization of AI (Gilman 2023) and the concept of Participa-
tory AI (Birhane et al. 2022), as well as how participatory AI
would be applied during the course through the assignments
and the evaluation of AI applications.

Fundamentals of AI Applications. The second unit fo-
cused on deepening the understanding of what makes AI ap-
plications “intelligent” and how the democratization of AI
has influenced its development. The unit had four learning
objectives: to explore the impact of democratization on AI
development processes, to identify the common character-
istics of intelligent AI applications, to describe and analyze
the basic components of such systems, and to critically ex-
amine everyday AI applications in terms of their functional-
ity, data sources, and their potential benefits and drawbacks
for end-users. The unit included two video lectures. The first
video introduced learners to a working definition of AI and
broke down its core capabilities. It further examined what
it means for a system to be rational and intelligent. In the
second video, learners were introduced to how AI applica-
tions are built to reason and learn from data, and how they
are applied to both well-defined and open-ended problems.

Trustworthy AI. The third unit introduced learners to the
ethical dimensions of AI, with a focus on the concept of
Trustworthy AI. The learning objectives of this unit were to
describe the characteristics of trustworthy AI applications;
explain the purpose and scope of the EU AI Act, particu-
larly the distinction between high- and low-risk applications;
identify key ethical and social issues that may arise from the
use of AI; and understand why addressing social bias in AI
applications presents persistent challenges. The unit also in-
cluded two pre-recorded video lectures. The first addressed
a range of ethical concerns surrounding AI, such as bias
and discrimination. Learners explored multiple strategies for
mitigating ethical risks, including technical safeguards, pub-
lic awareness, and policy interventions. The second focused
on the concept of Trustworthy AI, which outlines seven key
requirements for trustworthy AI 1. The video also introduced
practical tools and reflection questions that can be used to
evaluate AI applications for trustworthiness and alignment
with ethical and human rights principles.

Machine Learning and Big Data. The fourth unit intro-

1https://digital-strategy.ec.europa.eu/en/library/ethics-
guidelines-trustworthy-ai
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duced learners to ML and its relationship with Big Data, as
well as emerging developments in Generative AI (GenAI)
and Foundation Models. The learning objectives of the unit
were to enable learners to describe ML in their own words,
understand how big data supports ML processes, explain the
role of ML in contemporary AI applications, and develop a
basic understanding of Generative Models and Foundation
Models. The first video provided a historical overview of
ML and explored the defining features of Big Data, focus-
ing on how these two areas have evolved in tandem to drive
modern AI. It introduced learners to key ML algorithms,
their purposes, strengths, and limitations, and highlighted
how ML techniques are applied in various domains—from
business operations to everyday consumer technologies. The
second video delved deeper into ML architectures and tech-
niques such as supervised, unsupervised, and reinforcement
learning. In this context, the concept of Foundation Mod-
els was revisited, framing Transformers as versatile systems
trained on massive datasets for diverse tasks.

Vision Technologies. The fifth unit focused on Vision
Technologies, exploring how AI applications interpret and
analyze visual information. The learning objectives of the
unit were to introduce learners to computer vision, famil-
iarize them with its common tasks, and illustrate how these
technologies are integrated into everyday applications. In
addition, the unit aimed to help learners understand how ad-
vanced models, such as Convolutional Neural Networks and
Generative Adversarial Networks, have driven progress in
the field, along with newer architectures like Transformers.
The first video introduced the concept of Computer Vision,
explaining how machines are trained to process and inter-
pret images and video. The lecture also addressed the grow-
ing concerns around Facial Recognition Technologies, em-
phasizing the importance of considering ethical and societal
impacts when deploying such systems. The second video
shifted focus to the role of datasets in training Computer Vi-
sion models. Participants learned about the importance of
labeled datasets, how they support pattern recognition, and
how datasets can influence model performance. Prominent
public datasets were discussed, alongside the challenges of
data bias, the risks of human labeling errors, and how stereo-
types may be unintentionally perpetuated through AI appli-
cations trained on unrepresentative or flawed data.

Language Technologies. The sixth unit focused on the
field of Language Technologies, explaining how they pro-
cess, interpret, and generate human language. The learning
objectives of this unit were to understand the concept of
Natural Language Processing (NLP) and recognize its pres-
ence in everyday applications. Additionally, it aimed to raise
awareness about ethical concerns in Language Technolo-
gies. It also aimed to introduce how Large Language Models
(LLMs) are advancing the capabilities of modern NLP sys-
tems. A key focus was placed on understanding how trans-
formers, like encoder-based models and generative decoder
models, have reshaped the landscape of language-based AI.
The first video provided an overview of NLP, highlighting its
goals and key techniques for enabling machines to analyze,
understand, and generate human language. It explored a va-
riety of real-world applications, including machine transla-

tion, chatbots, and automated content moderation. The ben-
efits and drawbacks of NLP were also discussed. The second
video expanded on this by exploring the emergence and im-
pact of LLMs. It examined how models like BERT and GPT
are built using Transformer architectures. The video also ad-
dressed the limitations and challenges of NLP and LLMs.

Search Technologies. The seventh unit focused on AI-
enabled Search Technologies and the field of Information
Retrieval (IR). The learning objectives of the unit were to in-
troduce learners to the primary goals of IR, familiarize them
with key search-related tasks and their everyday applica-
tions, and encourage critical reflection on the advantages and
limitations of modern search systems. Learners were also in-
troduced to how GenAI is shaping the future of search by
enabling more contextual, conversational, and user-adaptive
experiences. This unit included a single video lecture that
provided an overview of the fundamental concepts and pro-
cesses involved in search technologies. Learners were intro-
duced to the traditional mechanics of search engines, such
as crawling, indexing, and ranking, as well as how ML and
NLP have improved search relevance and user satisfaction.
The lecture traced the evolution from keyword-based Re-
trieval Systems to more advanced, AI-powered models capa-
ble of understanding user intent. The video concluded with
a critical examination of the ethical implications of AI in
search, including concerns about algorithmic bias, misinfor-
mation, and filter bubbles in search systems.

Personalization Technologies. The eighth unit explores
the role of personalization in AI applications, focusing on
how digital systems tailor content and services to individual
users. The learning objectives of the unit were to help learn-
ers understand the purpose of AI-driven personalization, rec-
ognize its presence in everyday applications, and critically
examine both the benefits and potential dangers of its use.
The first video introduced learners to personalization in AI
applications, explaining how user data, collected explicitly
and implicitly, is used to adapt interfaces and recommen-
dations. Examples from platforms such as Netflix, Spotify,
and YouTube were used to illustrate different types of per-
sonalization systems, including adaptable, adaptive, and hy-
brid approaches. Learners also explored the underlying AI
techniques that power these systems, such as ML and Deep
Learning. The second video delved deeper into the implica-
tions of AI-powered personalization. It examined how ad-
vanced algorithms process vast amounts of behavioral data
to generate customized search results. The video also ad-
dressed critical ethical challenges, including filter bubbles,
algorithmic bias, and privacy concerns.

Assignments
The assignments were designed to help participants reflect
on the technologies discussed each week by connecting
them to their own experiences with relevant applications in
their daily lives. There were two types of tasks:
• Bottom-up: Participants independently identified AI-

enabled applications they encountered in their everyday
lives, classified the type of underlying technology, and
recorded basic observations.

40619



• Top-down: Participants were guided to analyze a spe-
cific type of AI-enabled applications, with step-by-step
instructions tailored to the weekly topic.

We began the course using a bottom-up approach for the first
four assignments. Participants explored and reported on AI-
enabled applications they used. Starting from Assignment
5, we shifted to a top-down approach, where they were di-
rected to find and analyze applications that aligned with the
specific technology discussed each week. For example, in
Assignment 5, they were asked to focus on applications that
use Vision Technology. Each week, they completed a log in
which they identified the applications or systems they used
that were related to the unit’s topic. They were asked to re-
port which systems or applications they believed utilized the
technology discussed in that week’s unit. If they were un-
able to identify relevant applications, support was provided
by suggesting example activities and corresponding applica-
tions. After identifying the applications they used, they were
asked to select one application to evaluate in more detail.
They described their experience using the application and
assessed its trustworthiness. They were also asked to eval-
uate their trust in the application they selected. In the first
three units, before the trustworthiness principles were intro-
duced, they simply indicated whether they trusted the app
and believed it was worthy of users’ trust. Starting from the
fifth assignment, once the principles had been introduced,
they were asked to evaluate the chosen application using all
seven trustworthiness principles and to provide an overall
rating of whether they considered it trustworthy.

Methodology
For this study, we received ethical approval from the Cyprus
National Bioethics Committee. Participants were asked to
respond to the following scales before and after the course:
• General Attitude towards AI scale (GAAIS), which in-

cludes 20 items (adopted from (Schepman and Rodway
2020)). GAAIS has two subscales: 12 items assess posi-
tive attitudes and 8 items assess negative attitudes.

• AI Literacy scale (AILS) with 12 items (adopted from
(Wang, Rau, and Yuan 2023)). AILS assesses profi-
ciency in recognising, using, and evaluating AI under
the premise of ethical standards and consists of four con-
structs: awareness, use, evaluation, and ethics.

Both scales (Likert-scale, 1–5) were validated in English
and Greek (Kasinidou, Kleanthoys, and Otterbacher 2025).
A course evaluation form was sent to all registered partici-
pants, including those who did not complete the course.

Participants. The course announcement was distributed
on the social media and a total of 489 individuals expressed
interest, with 343 registering. Of those, 169 completed
the required assignments, quizzes, and the pre- and post-
assessments and received their CoC. Table 1 presents the
number of learners who attended the live sessions, watched
the video lectures and recordings asynchronously, and those
who submitted the assignments and quizzes for each unit.
Out of the 343 registered participants, 305 completed the

pre-course assessment, of which 169 completed the post-
course assessment. Additionally, 103 participants completed
the evaluation form. Of these, 90 had completed the course,
while 13 respondents had dropped out before completion but
still provided feedback. The demographics of the respon-
dents are presented in Table 2.

Course Evaluation and Performance
Attitudes Towards AI and AI Literacy
Wilcoxon signed-rank tests were employed to identify dif-
ferences in participants’ attitudes toward AI and their AI lit-
eracy between pre- and post-course responses.

Positive Attitude. We examined changes in participants’
positive attitudes toward AI before and after the course.
The analysis revealed a statistically significant difference in
overall positive attitudes (z=–2.155, p=.031), with the mean
score rising from 3.793 to 3.871. Further analysis of indi-
vidual statements showed statistically significant increases
in several items. Participants reported a greater interest in
using AI in their daily lives, as reflected in the item “I am
interested in using AI applications in my daily life” (P1)
(z=–2.918, p=.001). A significant increase was also found
in the statement “There are many beneficial applications
of AI” (P2) (z=–2.157, p=.016). Moreover, the statement
“AI is exciting” (P3) showed a statistically significant in-
crease in post-course responses (z=–3.060, p<.001), indicat-
ing heightened enthusiasm for the topic. Similarly, they ex-
pressed greater admiration for AI capabilities in the item “I
am impressed by what AI can do” (P7) (z=–2.130, p=.017).
While no other items showed statistically significant dif-
ferences, descriptive statistics indicated small increases in
mean scores across all twelve attitude statements from pre-
to post-assessment, suggesting a general trend toward more
positive attitudes following the course (see Table 3).

Negative Attitude. In contrast to the increase in positive
attitudes, negative attitudes toward AI did not change signifi-
cantly. Statistical analysis indicated no significant difference
in negative attitude scores (z=–0.792, p=.426), with a slight,
non-significant increase in the mean from 2.729 to 2.760.
However, analysis of individual items revealed one statisti-
cally significant change. Agreement with the statement “Or-
ganizations use AI unethically” (N2) increased significantly
after the course (z=–2.134, p=.019), suggesting increased
awareness regarding ethical implications. Although no other
items showed statistically significant changes, minor shifts
in response patterns were observed. In particular, small in-

Unit 1 2 3 4 5 6 7 8
Live # 167 121 106 77 75 62 62 56
Video 1 285 231 192 180 172 171 164 162
Video 2 – 217 187 178 171 169 – 162
Live Views 234 188 148 136 135 129 127 33
Assignments 219 209 195 185 181 180 175 175
Quizzes 243 213 190 181 177 178 173 173

Table 1: Learner Engagement in Course Activities.
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Pre Post Evaluation
Respondents 306 169 103
Gender

Male 39.87% 41.42% 45.63%
Female 60.13% 58.58% 54.37%

Age
18–24 0.65% 1.18 0.97%
25–34 7.52% 4.73% 2.91%
35–44 34.97% 30.77% 33.01%
45–54 38.89% 40.24% 40.78%
55–64 16.67% 21.89% 20.39%
Over 65 1.31% 1.18% 1.94%

Country
Cyprus 50.33% 50.89% 44.66%
Greece 44.12% 45.56% 48.54%
Other countries 5.56% 3.55% 6.80%

Education level
High School 2.29% 2.96% 2.91%
Bachelor degree 19.61% 17.75% 19.42%
Master degree 67.32% 71.60% 67.96%
Doctoral degree 9.80% 6.51% 8.74%
Other Diploma 0.98% 1.18% 0.97%

Occupation
Education 33.66% 32.54% 28.16%
Finance / accounting 9.80% 10.06% 11.65%
Medical 10.13% 10.06% 16.50%
Public administration 18.63% 20.71% 18.45%
Other (e.g., police) 24.51% 24.26% 21.36%
Not currently employed 3.27% 2.37% 3.88%

Table 2: Participants Demographics.

creases were noted in agreement with the statements “AI is
used to spy on people,” “I shiver with discomfort when I
think about future uses of AI,” and “I think artificially intel-
ligent systems make many errors.” These trends may reflect
a growing recognition among participants of the potential
risks and limitations associated with AI.

AI Literacy. AILS scores increased significantly
(z=–5.821, p<.001) from M=3.782 to M=4.060. Signifi-
cant differences were observed in Awareness (z=–5.626,
p<.001.), which increased from M=3.791 to M=4.174. All
three items showed significant improvements, including the
ability to distinguish between smart and non-smart devices
(AW1) (z=–2.798, p=.002), and the ability to identify
AI technologies used in everyday applications (AW3)
z=–4.515, p<.001). Additionally, there was a significant
decrease in the item “I do not know how AI can help me”
(AW2) (z=5.185, p<.001). Significant differences were also
observed in Usage (z=–4.376, p<.001), which increased
from M=3.856 to M=4.148. Two items showed significant
improvement, showing better ability to skillfully use AI
applications to assist with daily tasks (US1) (z=–4.312,
p<.001), and use of AI applications to improve their work
efficiency (US3) (z=–3.992, p<.001). The item “It is usually
hard for me to learn to use a new AI application” (US2)
showed a small decrease, suggesting a potential improve-

Pre Post
Mean SD Mean SD

Positive 3.793 0.454 3.871 0.476
P1 4.189 0.587 4.349 0.647
P2 4.266 0.540 4.391 0.618
P3 4.243 0.622 4.414 0.593
P4 4.024 0.763 4.101 0.704
P5 4.243 0.659 4.284 0.692
P6 3.497 0.795 3.515 0.920
P7 4.219 0.612 4.337 0.596
P8 3.953 0.644 3.959 0.649
P9 3.030 0.855 3.160 0.889
P10 3.195 0.796 3.243 0.835
P11 3.604 0.758 3.568 0.878
P12 3.059 0.956 3.130 1.044

Negative 2.729 0.511 2.760 0.597
N1 2.775 0.769 2.763 0.895
N2 3.663 0.723 3.805 0.718
N3 1.793 0.731 1.787 0.733
N4 2.751 0.924 2.864 1.006
N5 2.840 0.915 2.852 0.943
N6 2.757 0.849 2.728 0.898
N7 3.018 0.760 3.089 0.815
N8 2.237 0.766 2.195 0.888

Table 3: Pre- and Post-Course Attitudes towards AI.

ment (see Table 4. Significant differences were also found in
Evaluation (z=–5.269, p<.001), with scores increasing from
M=3.493 to M=3.890. Significant improvement were ob-
served in the ability to evaluate capabilities and limitations
of AI applications (EV1) (z=–3.552, p<.001), to select the
most appropriate solution among several offered by a smart
agent (EV2) (z=–4.688, p<.001), and to choose the most
suitable AI application for a given task (EV3) (z=–4.919,
p<.001). In contrast, we found no significant differences in
Ethics construct (z=–0.728, p=.466) and items, with a slight
increase from M=3.986 to M=4.028.Small increases were
observed in the ability to comply with ethical principles
when using AI applications (EV1), to remain alert to the
potential abuse of AI (ET3), and a slight drop in the item
“I am never alert to privacy and information security issues
when using AI applications” (ET2).

Course Evaluation
Regarding participants’ engagement with the course content,
40% of respondents reported that they typically attended the
live sessions, while 34.4% indicated that they watched the
recorded live sessions asynchronously. 24.4% reported us-
ing a combination of both live and recorded sessions. One
participant indicated that he did not attend or watch the live
sessions at all. When asked whether they watched the pre-
recorded video lectures before attending/watching the live
sessions, 51.1% stated that they did so consistently, 32.2%
reported doing so occasionally, and 16.7% indicated that
they did not watch the pre-recorded material beforehand.

The majority expressed high levels of satisfaction with
various aspects of the course. Specifically, 94.4% of respon-
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Pre Post
Mean SD Mean SD

Awareness 3.791 0.585 4.174 0.484
AW1 4.036 0.672 4.243 0.583
AW2R 2.527 0.913 1.970 0.767
AW3 3.864 0.690 4.249 0.634

Usage 3.856 0.618 4.148 0.515
US1 3.893 0.707 4.240 0.575
US2R 2.148 0.784 1.988 0.794
US3 3.822 0.819 4.183 0.584

Evaluation 3.493 0.681 3.890 0.514
EV1 3.609 0.780 3.929 0.642
EV2 3.550 0.779 3.947 0.570
EV3 3.320 0.855 3.793 0.606

Ethics 3.986 0.536 4.028 0.567
ET1 4.112 0.727 4.172 0.794
ET2R 2.189 0.852 2.213 0.946
ET3 4.036 0.830 4.124 0.757

AI Literacy 3.782 0.431 4.060 0.368
R - reversed items

Table 4: Pre- and Post-Course AI Literacy.

Unit 1 2 3 4 5 6 7 8
# 243 213 190 181 177 178 173 173
score (µ) 7.76 7.81 6.97 8.72 8.74 7.47 9.20 8.95
median 8 8 7 9 10 8 10 9

Table 5: Learner performance (# responses to the quizzes
(Q), mean/median score (out of 10)).

dents selected the higher end of the Likert scale (4 or 5 on a
five-point scale) to indicate that the pre-recorded video lec-
tures were helpful, while 85.6% found the live sessions to
be helpful as well. 92.2% agreed that the instructional ap-
proach used by the teaching team was effective. Similarly,
92.2% reported that the structure of the course was clear and
effective, and 93.3% believed that the educational content
and accompanying materials were both understandable and
accessible. Additionally, 93.3% agreed that the course in-
cluded sufficient examples and explanations to support their
understanding of the material. With regard to assessments,
90% stated that the assignments helped them to better un-
derstand the course content, and the same proportion found
the assignments to be interesting. Furthermore, 84.4% indi-
cated that they found it engaging to see how the data from
the assignments was analyzed and discussed during the live
sessions. Overall, 85.6% reported that the course met their
expectations. Finally, 90% agreed with the statement that the
course is potentially “useful for everyone,” highlighting its
perceived value and broader applicability.

After completing the course, the vast majority reported
improvements in their understanding of key AI-related con-
cepts. Specifically, 96.7% indicated that they were able to
better understand the behavior of AI applications, and 94.4%
felt more confident in analyzing the functions of “everyday”
AI applications. Additionally, 94.4% stated that they were
able to explain the ethical and social issues that may arise

from the use of AI technologies. A large proportion (91.1%)
also reported being able to recognize that methods such as
ML are foundational to the development of AI applications.
Furthermore, most indicated that they were able to identify
the use of different AI technologies in real-world contexts,
including vision technologies (92.2%), language technolo-
gies (91.1%), search technologies (94.4%), and personaliza-
tion technologies (91.1%). They reported a high ability to
understand the potential risks associated with AI applica-
tions (93.3%). These self-reported learning gains were sup-
ported by the quiz results, which showed generally high av-
erage scores, indicating strong comprehension (Table 5).

When asked whether there were any topics they wished
had been covered in more depth, 55 participants provided
open-ended responses. Participants expressed a desire to
learn more about “the actual designing and functions of al-
gorithms and the development process of AI-powered apps.”
participant 5 – p5). Others suggested including more exam-
ples of real-world AI applications (p36), and placing greater
emphasis on practical training in the use of AI tools (p39,
p43, p65). For instance, one participant noted the value of in-
cluding “a topic on how to properly use the various AI tools
such as ChatGPT that [they] use daily.” (p38). Some high-
lighted the importance of exploring further “issues related to
ethics” (p83) and risks associated with AI. A few proposed
the development of a more advanced program that delves
deeper into technical implementation (p61, p81), including
topics such as “creating programs in Python utilizing AI to
solve problems as well as automate processes” (p62). In the
final open-ended question about general comments, some
emphasized the broader importance of AI education, stating
“that more people should be educated about AI in every-
day life.” (p75), while another suggested that “this particu-
lar course should be given regularly so that as many people
as possible can attend it because it is a topic that most peo-
ple come into contact with daily.” (p41).

Drop-out. We noticed that 176 out of the 343 registered
for the course dropped out, and we invited them to com-
plete the online evaluation, with 13 of them completing the
form. They were asked to answer five 5-point Likert-scale
items aimed at understanding the reasons they dropped out,
and one free-text question asking them to specify why they
did not complete the course. The majority (69%) indicated
that they did not complete the course because they were
very busy during the period it was offered and did not have
enough time. Most (62%) also stated that the lack of time
to complete the assignments was one of the main reasons
for not finishing the course. However, 62% did not consider
the course to be more time-consuming than expected. Addi-
tionally, most disagreed that dissatisfaction with the instruc-
tors (85%) or that the course did not meet their expectations
(77%) played a role in their decision not to complete the
course. Four participants further explained that the timing
and day of the course were not convenient for them (p14),
or that they had simply “just ran out of time” (p13).

Reflection & Concluding Remarks
Our first goal was to design and implement a large-scale
course on AI, and secondly, to understand its impact on
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participants’ attitudes toward AI and their AI literacy. Our
findings build on existing work (Long and Magerko 2020),
which underscores the need to equip individuals with the
skills to critically engage with AI, both by harnessing its
benefits effectively and by assessing its potential risks.

Attitudes Towards AI. The analysis of participants’ atti-
tudes toward AI yields important insights into the ways edu-
cational interventions can influence perceptions of AI. Sim-
ilar to (Zhang et al. 2022), our participants joined the course
with a positive attitude towards AI, which was not surpris-
ing given that the course was a self-selected program. No-
tably, the course fostered an increase in positive attitudes,
with participants expressing greater interest in integrating
AI in their daily lives and showing enhanced enthusiasm
for its potential. These findings are consistent with prior re-
search indicating that AI education can promote more in-
formed and favorable attitudes toward AI (Kwon et al. 2024;
Kasinidou, Kleanthous, and Otterbacher 2023; Kong, Che-
ung, and Zhang 2022). Interestingly, while negative attitude
did not shift significantly, the item, “Organizations use AI
unethically” showed a significant increase. This points to a
heightened awareness of ethical concerns, which was one
of the main objectives of our course. Like in (Bewersdorff
et al. 2023; Vandenberg and Mott 2023), this shift may sug-
gest that even when participants retain their enthusiasm for
AI, they can simultaneously develop a more critical under-
standing of its ethical implications.

AI Literacy. Our participants’ AI literacy was also im-
proved, demonstrating increased progress across multiple
constructs of AI literacy, suggesting that non-technical
courses can have a meaningful impact on learners’ abili-
ties to engage with AI. Awareness and Usage constructs
increased significantly after the completion of the course,
with participants reporting enhanced ability to recognize AI
in everyday contexts and greater confidence in utilizing AI
applications to assist with daily tasks and improve produc-
tivity. This reflects a shift away from abstract notions of
AI toward a more practical, functional understanding, con-
sistent with findings from previous studies (Kong, Cheung,
and Zhang 2022, 2023). Similar to prior work, we found
that AI education enables learners to become more critical
consumers and fosters more realistic expectations of AI ap-
plications (Candon et al. 2025; Kong, Korte, and Cheung
2023). Participants also demonstrated a notable improve-
ment in Evaluation skills, showing stronger abilities to as-
sess the capabilities and limitations of AI, make informed
decisions between different tools, and choose technologies
that fit specific tasks. These results are based on previous
work that highlights that AI education not only improves
how participants use AI, but also strengthens critical think-
ing needed to evaluate it (Kasinidou et al. 2024, 2021; Lee
et al. 2021a). In contrast, the Ethics component did not
show significant changes, though slight improvements were
observed. This may suggest that ethical reflection requires
more time, depth, or targeted discussion than what a sin-
gle introductory course can provide. Still, even the small
changes in participants’ self-reported ethical concerns are
promising and align with findings from earlier studies show-

ing that even brief exposure to AI ethics can begin to stim-
ulate ethical awareness (Kasinidou, Kleanthous, and Otter-
bacher 2023; Gómez, Dabbah, and Benotti 2024).

Course Evaluation Most participants reported satisfac-
tion with both the structure and delivery of the course, in-
cluding the clarity of content, helpfulness of pre-recorded
videos and live sessions, and the effectiveness of the teach-
ing approach. This is in line with research highlighting the
importance of accessible, well-supported learning environ-
ments in fostering meaningful learning outcomes in AI edu-
cation (Lee et al. 2021a; Kasinidou et al. 2021). The flex-
ibility of engaging with content either synchronously or
asynchronously appears to have supported different learn-
ing needs, with many successfully using a mix of formats.
In addition, the integration of real-life examples, the presen-
tation of assignments’ data analysis during the live session,
and open-ended discussions helped participants not only ab-
sorb knowledge but also apply it practically (Kasinidou et al.
2024; Kong, Cheung, and Zhang 2023).

Overall, the course succeeded in fostering a more bal-
anced and informed understanding of AI. Participants
gained a clearer sense of both the opportunities and chal-
lenges posed by AI. Our findings reinforce that accessible,
and non-technical educational interventions can meaning-
fully enhance AI literacy in the general public (Kwon et al.
2024; Kasinidou et al. 2024). Participants not only became
more aware of how AI shows up in their everyday lives, but
also built the skills to engage with it more critically echoed
in earlier research on practical AI learning (Kong, Cheung,
and Zhang 2023; Candon et al. 2025). As AI continues to
permeate daily life, these results add to the growing recogni-
tion that AI literacy is not optional, but a foundational com-
petency for navigating the digital world (Bewersdorff et al.
2023; Kasinidou, Kleanthous, and Otterbacher 2023).

Limitations and Future Work. We note several limita-
tions that should be considered when interpreting this work.
While 343 participants registered to the course, only 169
completed the required assessments and received a CoC.
This indicates a notable dropout rate and partial engage-
ment, highlighting the need for future work to better under-
stand learners’ motivations and the barriers to sustained par-
ticipation. Furthermore, since participants self-selected the
course and were likely already motivated to learn about AI,
the findings may not be generalizable to the broader popula-
tion. Third, we relied on self-reported data, which may not
fully capture actual skill development or long-term impact.

We plan to continue offering this course through our uni-
versity’s platform on a semester-based schedule, keeping it
open to the general public. Given the observed dropout rates
and the self-selected nature of our current audience, our next
steps will focus on attracting a more diverse and represen-
tative group across different age ranges and social back-
grounds. This broader reach will help us identify barriers to
sustained participation and advance our goal of making AI
education accessible to all. It will also enable us to evaluate
the course at a larger scale, refine its structure, and develop
targeted strategies to improve engagement and retention.
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