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Modern enterprises are moving from generative Al as
a productivity layer to autonomous large language model
(LLM) agents that execute multi-step workflows with
limited human oversight. This shift amplifies an under-
instrumented governance risk: organizational illegibility,
where artifact polish and apparent operational smoothness
decouple from understanding, accountability, and recover-
ability (LaPosta 2025b). When decisions cannot be recon-
structed, governance becomes performative, auditability be-
comes brittle, and incident response degrades into blame al-
location instead of safe reversal (NIST 2023, 2025; Sculley
et al. 2015).

We propose a runnable field protocol that treats recur-
ring conflict around mission-critical agent workflows as
early-warning telemetry for illegibility. Conflict here means
repeated escalations, reversals, exception requests, rework
loops, and blame cycles. The method couples five illegi-
bility fractures with six recurrent patterns under load. The
fractures are Decision Fog, where teams cannot reconstruct
the decision chain; Knowledge Drift, where operational ex-
pertise migrates into prompts, tools, or vendors; Synthetic
Competence, where throughput is mistaken for capabil-
ity; Ghost Apprenticeship, where learning becomes tool-
shaped rather than judgment-shaped; and Promotion Blind-
ness, where visible velocity outranks independent capability
(LaPosta 2025b). The recurrent patterns are Cynic, Ghost,
Hero-Martyr, Passive Burnout, Underminer, and False Com-
pliance (LaPosta 2025a). Teams score fracture-pattern pairs,
select the top two, then run the loop. The coupling is diag-
nostic rather than moralizing: conflict is treated as a signal
that decision rights, knowledge distribution, and risk own-
ership have drifted out of alignment under automation pres-
sure.

Field Procedure: Map-Probe-Trace-Teach (MPTT). In-
puts: active conflict, agent workflow, ownership map.
Steps: score fracture-pattern pairs and select the top two;
map the end-to-end decision chain across humans, tools, and
models; probe for gaps in explanation and ownership; trace
lineage to specific owners and artifacts; teach by updating
runbooks, tests, review gates, and escalation rules. Qutputs:
owner map, decision record, rollback test, gate update. Stop-
ship: if time-to-explain is unchanged after two cycles, re-
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scope the workflow.

The protocol is designed for workflows where agents can
trigger costly or irreversible actions, where ownership is
shared across teams, or where oversight must be demonstra-
ble to auditors, regulators, or customers. It is least effective
when conflict stems primarily from resource scarcity, inter-
personal dynamics unrelated to work structure, or external
constraints no governance change can address. These bound-
ary conditions make the approach falsifiable in practice. We
define four operational outcomes: shorter time-to-explain
and time-to-reverse during incidents, more complete deci-
sion records, lower recurrence of the same conflict around
the same workflow, and fewer unowned risk transfers be-
tween teams.

The contribution is not a new model or agent architecture.
It is a management instrument for intelligent transforma-
tion that raises reconstructability as agent autonomy scales.
The core claim is operational: if organizations cannot ex-
plain how agent-mediated decisions were made, who could
change them, and who carries the risk when they fail, then
conflict should be read as telemetry that the system has be-
come illegible.
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